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ABSTRACT 

This dissertation was designed to investigate how state-owned news media outlets from 

China, Russia, and Saudi Arabia covered the 2016 U.S. presidential election. More specifically, 

this study includes analyses of Chinese, Russian, and Saudi Arabian news stories from four 

major events throughout the 2016 election campaign: 1) the national conventions for the 

Republican and Democratic parties, 2) the first presidential debate, 3) Election Day, and 4) 

Inauguration Day. Drawing from the global news flow theoretical framework, this study 

examined the extent to which media dependency was present among the international news 

coverage. Furthermore, drawing from the nation branding theoretical framework, this study 

assessed how these state-owned news outlets presented the U.S. nation brand to their audiences. 

Using a content analysis methodological approach, the researcher coded 365 news stories into 

various quantitative coding categories and qualitative themes. The overall results show that the 

Chinese and Saudi Arabian sources favored Hillary Clinton and the Democratic Party, while the 

Russian sources favored Donald Trump and the Republican Party. Additionally, the results show 

that these news outlets cited U.S. news sources more often than non-U.S. news sources. 

Moreover, the overall results indicate that these news outlets’ coverage of the 2016 U.S. 

presidential election presented the U.S. nation brand negatively, and indicate perceptions of 

“gray zones” between the U.S. and other nations. This study’s theoretical implications, practical 

implications, and avenues for future research are discussed at length. 
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CHAPTER ONE: INTRODUCTION 

 

One cannot understate the uniqueness of the 2016 U.S. presidential election. The two 

front-runners in the election, (Democratic presidential nominee, Hillary Clinton, and Republican 

presidential nominee, now president, Donald Trump) consistently held historically low 

favorability and trust ratings among the American public (Newport, 2016; Pager, 2016; Wright, 

2016). While there are numerous reasons for these low ratings, the most evident include Trump’s 

polarizing rhetoric and close relations with Vladimir Putin and Russia throughout his presidential 

campaign (Cohn, 2016; Eichenwald, 2016; Worstall, 2016), and the various political challenges 

and scandals (e.g., the 2012 Benghazi attack, questionable donations to the Clinton Foundation, 

and personal email issues) facing Clinton (Cave, 2016; Gass, 2015; Graham, 2015; Rubin, 2015; 

Shane & Schmidt, 2015). Regardless, this election involved the possibility of nominating the first 

female president of the United States or nominating an anti-establishment populist. 

 Given its history and continued prominence as a global superpower, the United States’ 

elections (especially presidential elections) are of major importance to virtually all nations (UPI, 

2012; Williams International, 2012). When acknowledging the unprecedented circumstances and 

political dynamics involved in the 2016 U.S. presidential election, one might argue that this 

election could have extraordinary impacts (e.g., economic policy, foreign policy, and public 

diplomacy) at the global level. As numerous studies and polls (see CNN, 2016a; Lucas, 2016; 

Poushter, 2016) indicated, the need to examine international perspectives’ of the 2016 U.S. 

presidential election is significant. Thus, this study analyzed how various state-owned and 
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identified pro-government news media sources from China, Russia, and Saudi Arabia covered 

the 2016 U.S. presidential election in order to better understand the global perceptions of the 

United States.  

The U.S. has rather contentious relationships, to one degree or another, with all three of 

these nations (Echevarria, 2016; Halper, 2013; MacNulty, 2016). Unlike Saudi Arabia, China 

and Russia are world superpowers and permanent members of the United Nations Security 

Council (U.N. Foundation, 2016). The United States’ relationship with China is unique because 

of the massive debt the U.S. owes China (Amadeo, 2016). But tension also exists between the 

two countries over their competing policies toward Taiwan (Carpenter, 2005; Garver, 2015). The 

United States’ relationship with Russia has remained contentious since the start of the Cold War, 

and the 2014 economic sanctions placed on Russia by the U.S. in response to developments in 

Crimea and Ukraine have only made matters worse between the two global superpowers 

(Ericson & Zeager, 2015; Kalotay, 2014).  

The United States and Saudi Arabia have maintained diplomatic relations since 1940, 

which is largely due to Saudi Arabia’s strategic location in the Middle East and the United 

States’ dependence on Saudi Arabia’s vast oil reserves (Blanchard, 2010; U.S. Department of 

State, 2017). Additionally, since the end of WWII, the U.S. has been heavily involved in the 

Middle East from a military and foreign policy perspective, and this involvement intensified 

significantly following the September 11, 2001 terrorist attacks (Little, 2008). Regarding Saudi 

ties to Hillary Clinton, since 2000, the Saudi government and a small number of wealthy Saudi 

businessmen have made generous financial donations (in the range of $10-$25 million) to the 

Clinton Foundation (Cave, 2016; Chozick & Ederaug, 2016; Greenberg, 2016). Furthermore, 
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Trump’s anti-Muslim rhetoric throughout his 2016 presidential campaign is reason enough to 

justify the use of Saudi Arabia’s news media coverage of the 2016 election (Ingraham, 2016).  

Another common characteristic of these three nations is the strict controls placed on the 

news media outlets by the Chinese, Russian, and Saudi government regimes (RSF, 2016). As 

shown by the Press Freedom Index (RSF, 2016), all three of these nations’ average PFI rankings 

from 2006-2016 were in the bottom 20% of the total 180 nations assessed (China = 171/180, 

Russia = 161/180, and Saudi Arabia = 160/180). Furthermore, 2016 Freedom House (2016a, 

2016b, 2016c) reports rank the press freedom status of China, Russia, and Saudi Arabia as “Not 

Free.” Thus, the contentious relationships between the U.S. and China, Russia, and Saudi Arabia, 

and the high press censorship from these three nations make the Chinese, Russian, and Saudi 

Arabian news media coverage of the 2016 U.S. presidential election appropriate for this analysis. 

Cross-national comparisons of news media coverage are prominent within the field of 

news media research. Numerous scholars have conducted content analyses of international news 

media content, both print and broadcast news, to determine the similarities and differences 

among nations’ news coverage (e.g., Jackson, 2011; Jebril, De Vreese, van Dalen, & Albæk, 

2013; Semetko & Valkenburg, 2000). However, these studies focused on many developed and 

Western European nations, and the literature on cross-national content analyses of online news 

media is rather sparse.  

Studies have been done on Chinese, Russian, and Saudi Arabian traditional news media 

(see Bruce, 2014; Luther & Zhou, 2005; Persson, 2015; Stockmann & Gallagher, 2011), and 

online news websites (see Deibert, Rohozinski, & Crete-Nishihata, 2012; Dimitrova & Connolly-

Ahern, 2007; Shirk, 2011) individually. Furthermore, while there are unquestionable socio-

cultural differences among the U.S. and these other countries (Hofstede, 1980, 1991, 2011; 
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Kraidy, 2012; Oates, 2008; Rohm, 2010; Vartanova, 2012; Zaharna, 1995; Zhao, 2012), 

scholarly research that specifically employs the content analysis method to compare media 

across these nations is very limited. Therefore, more research needs to be conducted that 

combines traditional and online news from state-owned and pro-government news media sources 

collectively among these nations at the cross-national level. 

The four primary purposes for this study were to examine: 1) how the Chinese, Russian, 

and Saudi news stories presented the 2016 U.S. presidential election, 2) how the Chinese, 

Russian, and Saudi news stories presented the U.S. nation-brand, 3) which news media outlets 

were most cited in the Chinese, Russian, and Saudi news stories, and 4) whether the Chinese, 

Russian, and Saudi news stories indicated a perceived gray zone between the U.S. and other 

nations. The first purpose of this study is to inductively analyze the similarities and differences in 

common themes and issues presented among the Chinese, Russian, and Saudi news stories on the 

2016 U.S. presidential election. Stemming from nation branding theory, the second purpose of 

this study is to examine how the Chinese, Russian, and Saudi news stories on the 2016 U.S. 

presidential election presented the U.S. nation-brand. Deriving from global news flow theory, the 

third purpose of this study is to determine the news media outlets (or sources) that were most 

frequently cited among the Chinese, Russian, and Saudi news stories on the 2016 U.S. 

presidential election. Lastly, stemming from various U.S. military and government intelligence 

reports, the fourth purpose of this study is to assess the presence or absence of a perceived gray 

zone with the U.S. among the Chinese, Russian, and Saudi news stories on the 2016 U.S. 

presidential election. 

 In addition to contributing to the large body of scholarly literature pertaining to the use of 

these theoretical frameworks in cross-national news media studies, this study can answer many 
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practical questions regarding global news media and U.S. foreign relations. First, the results from 

this study can be compared with previous studies to assess the similarities and differences in 

these nations’ news media environments. Second, the results from this study show how these 

nations perceived the U.S., the 2016 presidential candidates, and the two major U.S. political 

parties. Third, the results from this study can suggest future foreign relations between the U.S. 

and these countries. This cross-national news media study attempts to draw from, and build 

upon, the aforementioned theoretical frameworks and intelligence reports to better understand 

the current state, and project the future state, of global news media and U.S. international 

relations in the geopolitical realm. 
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CHAPTER TWO: LITERATURE REVIEW 

 

 Although there is a rather large body of research pertaining to global media and media 

systems at the cross-national level, it pales in comparison to the plethora of studies and research 

fields pertaining to the U.S. news media. Because there is such a heavy focus on Western news 

media, there is a sizeable gap in the literature on global and cross-national news media. Thus, 

this chapter reviews the literature regarding global news flow, nation branding, global news 

coverage of politics and elections, and cross-national studies on broadcast TV and online news 

media. This chapter concludes by setting out the research questions used in this study. However, 

before addressing these subjects, it is important to address brief historical overviews and discuss 

common elements comprising the structure and environment of Chinese, Russian, & Saudi 

Arabian news media systems in the 21st century. 

Chinese, Russian, & Saudi Arabian News Media 

Chinese News Media. The news media environment in China has experienced 

significant changes throughout the years, especially in the last two decades (Shirk, 2011; Sun, 

2010). Like the majority of developed and developing non-Western nations, many Chinese news 

media outlets have adopted some styles and features from Western news media outlets (Cao, 

Tian, & Chilton, 2014; Lagerkvist, 2010; Shirk, 2011; Sun, 2010). However, the Chinese news 

media environment remains quite dissimilar from Western news media environments (Zhao, 

2012). The Communist Party of China (CCP) has historically maintained strict control over news 

media outlets in China, allowing limited press freedoms and little-to-no room for mediated 
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dissent (King, Pan, & Roberts, 2013; Kluver, 2005; Link, 2000; Stockmann & Gallagher, 2011). 

In the 21st century, although there has been a struggle in the transition to the modernization of the 

Chinese new media, many factors (e.g., globalization, technological innovations, and Western 

influences) have pushed this process along (Cao et al., 2014; Lagerkvist, 2010; Shirk, 2011; 

Zhao, 2008, 2012).  

As Zhao (2008) notes, Chinese news media should be viewed “as a key dimension of 

Chinese politics” and also as “an increasingly important sector of the Chinese economy” (p. 11). 

Historically, the news media coverage in China largely derives from Chinese politics, but it also 

derives from various cultural, economic, geopolitical, and social factors (Cao et al., 2014; Hinck, 

Manly, Kluver, & Norris, 2016; Kluver, 2010; Sun, 2010; Zhao, 2008, 2012). Changes to the 

Chinese economy and various socio-cultural changes, results of increased globalization, have 

influenced news media style and coverage in the country (Lagerkvist, 2010; Shirk, 2011; Sun, 

2010). Additionally, the geopolitical pressures on China following the Tiananmen Square 

protests and violence of the late 1980s largely influenced both diplomatic relations and news 

coverage in China (Kluver, 2010). Much of the research finds many Chinese political leaders 

disseminating a new term or phrase (i.e., the “New Style of Great Power Relations”) throughout 

Chinese news media coverage to stress the importance of maintaining cooperative geopolitical 

relations with many nations, especially in the West (Hinck et al., 2016). Since the late 1980s, 

Chinese news media have often included stability discourse to legitimize the Chinese 

government when communicating to the Chinese public (Cao et al., 2014). This stability 

discourse is primarily developed by the CCP’s propaganda chief and projected by state-

controlled news media outlets (Sun, 2010). 
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The most popular broadcast television news network in China was established in 1958. 

The China Central Television (CCTV) network is largely regarded both within and outside of 

China as “China’s official television network” and remains the primary broadcast television 

news media outlet in China (Sun, 2010, p. 59). The CCTV is headquartered in Beijing, the 

Chinese capital (Sun, 2010; Zhu, 2013). Over the past five years, 13 of the 50 most circulated 

traditional and online news media sites in the world have been owned and operated in China 

(IFABC, 2010; WAN-IFRA, 2016). According to the U.S. Department of State, the “People’s 

Republic of China (PRC) is an authoritarian state in which the Chinese Communist Party (CCP) 

constitutionally is the paramount authority” (2013a, p. 1). Regardless of the news media outlet, 

the press in China primarily serves the Chinese government to maintain its authoritative power 

and to maintain social control and order (King, et al., 2013; Kluver, 2005; Link, 2000; 

MacKinnon, 2008; Stockmann & Gallagher, 2011). 

In regard to online, digital, and new media technologies, Chinese news media outlets 

follow the global trends for utilizing these platforms in the 21st century (Chan & Leung, 2005; 

Reese & Dai, 2009; Reuters Institute, 2017; Shirk, 2011; Zhou & Wang, 2014). As previously 

mentioned, the global influx of technological innovations has led China to adopt more 

modernized techniques in its news media environment (Chan & Leung, 2005; Shirk, 2011). 

However, despite this globalized trend, the Chinese government maintains strict control of the 

content displayed on these multimedia platforms (King et al., 2013; Kluver, 2005). Censorship is 

commonplace in China’s media environment, and this is especially the case for China’s online, 

digital, and new media platforms (Chan & Leung, 2005; King et al., 2013; Kluver, 2005; Shirk, 

2011). Due to this censorship, many globally popular social media sites (e.g., Facebook) are 

replaced by social media sites serving as the Chinese equivalent, and online dissent or criticism 
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of the government via existing Chinese social media sites is extremely rare (King et al., 2013; 

Reese & Dai, 2009; Zhou & Wang, 2014). 

Russian News Media. Akin to the Chinese news environment, the news media 

environment in Russia has also experienced many changes throughout the years (Oates, 2007, 

2008; Vartanova, 2012; Weaver & Willnat, 2012). The fall of the Soviet Union and the Soviet 

regime caused many systemic changes in Russia’s economic, political, and media institutions 

(Aslund, 2007; Oates, 2007, 2008; Pikulicka-Wilczewska & Sakwa, 2015; Vartanova, 2012; 

Weaver & Willnat, 2012). Although most of the changes in the modern Russian media are 

stylistic in the news media presentations and coverage (i.e., mirroring many elements in Western 

news media), the body of literature asserts that the contemporary model of Russia news media is 

“neo-Soviet” (Aslund, 2007; Oates, 2007, 2008; Vartanova, 2012). According to Sarah Oates, 

“The Russian political and media sphere has a democratic design, but authoritarian content that 

is best understood as a legacy of the Soviet regime” (2008, p. 357). This neo-Soviet media model 

has many features, including: self- and government-censorship, overt media biases, little 

journalistic professionalism, discrepancies in media law, and a punitive environment of violence 

against the media (Oates, 2007, 2008; Vartanova, 2012). 

Since WWII, and even after the fall of the Soviet Union, Russia has been an important 

and influential actor in geopolitics, public diplomacy, and international affairs (Markowitz, 2000; 

Öksüz, 2009). According to a U.S. Department of State report, the “Russian Federation has a 

highly centralized, weak multi-party political system dominated by President Vladimir Putin” 

(2013b, p. 1). Russian President Vladimir Putin structured the new Russian Federation around 

the notion of “managed democracy,” which is basically a state-controlled alternative to Western, 

liberal democratic systems (Fournier, 2015; Krastev & Holmes, 2012). Although the Russian 
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governmental system is technically a constitutional republic, it more closely resembles an 

electoral authoritarian regime (Diamond, 2002; Way, 2005). The Putin regime’s authoritative 

policies have resulted in an oppressed Russian public characterized by a weakening of human 

rights and an extremely low level of press freedom (HRC, 2015). This media control allows the 

Russian state to control the media narratives on all events, issues, and information presented to 

the Russian public (Becker, 2004; Damm & Cooley, 2017; Erzikova & Lowrey, 2010; Lowrey & 

Erzikova, 2010; Mickiewicz, 2008). Common elements and narratives in Russia’s modern news 

media coverage include: denying global news stories that project Russia negatively, refusing to 

cover stories that could result in social unrest, presenting traditional and ultra-conservative 

values in stories on social issues, and promoting nationalism and collective solidarity through 

anti-American and anti-Western sentiments (Damm & Cooley, 2017; Hutchings & Szosteck, 

2015; Levintova, 2010; Lilja, 2013; Persson, 2015; Schenk, 2012; Simmons, 2005). 

The majority of Russians get their news from broadcast television news media outlets 

(Schenk, 2012). The most popular broadcast TV news network in Russia includes Rossiya24. 

Headquartered in the Russian capital of Moscow, Rossiya24 is the dominant broadcast TV news 

network in the Russian television landscape and is available throughout roughly 90% of Russia 

(d’Haenens & Saeys, 2007). As with virtually all Russian news media outlets, Rossiya24 is state-

controlled and most often presents stories that support the Russian government and stories with 

anti-American and anti-Western sentiments (d’Haenens & Saeys, 2007; Enikolopov, Petrova, & 

Zhuravskaya, 2011; Mickiewicz, 2008). Thus, through propaganda and persuasive news media 

presentations, this network and other news media outlets, the Russian government is able to 

maintain its authoritative power and control over its citizens (Becker, 2004; d’Haenens & Saeys, 

2007; Enikolopov et al., 2011; Mickiewicz, 2008). 
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In regard to online, digital, and new media technologies, Russian news media outlets, like 

their Chinese counterparts, have also adopted global trends for utilizing these platforms in the 

21st century (Deibert et al., 2012; Kelly et al., 2012; Oates, 2007, 2008; Reuter & Szakonyi, 

2015). The globalizing effects of online, digital, and new media platforms is most evident in 

these platforms’ popularity among Russian youth (Kelly et al., 2012; Reuter & Szakonyi, 2015). 

This increased modernization and globalization in Russia, however, has not gone unnoticed by 

the Russian regime (Deibert, Palfrey, Rohozinski, Zittrain, & Haraszti, 2010; Deibert et al., 

2012; Reuter & Szakonyi, 2015). Thus, the Russian government closely monitors and censors 

online, digital, and new media content in order to maintain its authoritative rule (Damm & 

Cooley, 2017; Deibert et al., 2012; Kelly et al., 2012; Oates, 2007, 2008; Reuter & Szakonyi, 

2015; Simmons, 2005; Vartanova, 2012). 

Saudi Arabian News Media. Before discussing the news media environment in Saudi 

Arabia, it is important to briefly address the news media environments throughout the Middle 

East. Until the mid-1990s, nearly all Arab governments had strict control over the news media 

content in their nations, as they believed the purpose of the news media was to serve the 

government and to promote national and developmental goals (Johnson & Fahmy, 2010; Rugh, 

2004). Thus, prior to the rise of modern news media networks among Arab nations, the majority 

of Arab news media outlets had little press freedom, were state-controlled, and primarily covered 

national news events (Ayish, 2008; Gunter & Dickinson, 2013; Hanitzsch et al., 2011; Nisbet & 

Myers, 2011). Many scholars suggest that innovative developments in mass media technologies 

(e.g., the Internet, satellite news networks, social media, and smartphones) have Westernized 

many Arab news media outlets throughout the Middle East (Johnson & Fahmy, 2010; Rugh, 

2004; Seib, 2005). As a result, many Arab news media outlets have adopted broadcasting styles 
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that emulate Western news media outlets and programming (Fandy, 2007; Johnson & Fahmy, 

2010; Khamis, 2011; Lynch, 2006; Seib, 2005). Furthermore, in the 21st century, international 

Arab news concentrates on global politics, foreign policy, and the intersection between religious 

identity and nationalism (Fandy, 2007; Lynch, 2006; Media Tenor, 2006). However, despite 

adopting many Western news media elements and features, studies (e.g., Nisbet & Myers, 2011; 

Nisbet & Shanahan, 2008) find that many Arab news media presentations often display zealous 

anti-American and anti-Western sentiments. 

Much of this anti-American and anti-Western sentiments derive from the aftermath of the 

9/11 terrorist attacks and, subsequently, the U.S. invasion in the Middle East (Nisbet & Myers, 

2011; Nisbet & Shanahan, 2008). As various studies note, news media coverage of the Iraq war 

differed between the U.S., who accentuated rebuilding Iraqi infrastructure, and Arab news 

media, who emphasized war violence caused by the U.S. and the U.S. government’s 

responsibility for this violence (Dimitrova & Connolly-Ahern, 2007; Dimitrova et al., 2005). 

Arab news coverage of the Iraq war was much more negative than the news coverage of 

countries that supported the war (Dimitrova et al., 2005). Furthermore, El-Nawawy (2006) found 

that many Arab people who listened to, or watched, U.S.-sponsored news media had negative 

attitudes toward the U.S. and U.S. foreign policy. Another major factor that influences Arab 

news media coverage and these anti-American sentiments is religion (Cherribi, 2006; Douai, 

2007). In Douai’s (2007) study of Arab news media frames regarding controversial cartoons of 

the prophet Muhammad, the findings show that the most common frames used in the coverage 

were ones that legitimized and justified Islamic outrage over the cartoons. 

In Saudi Arabia, the Saudi government and, specifically, the Saudi king have supreme 

power and ultimate authority throughout the nation (Bruce, 2012; Gause, 2011; Kraidy, 2012; 
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Samin, 2012). According to reports from the U.S. Department of State (2013c, 2017), Saudi 

Arabia’s governmental structure is a constitutional monarchy, and the monarch (or Saudi king) in 

power has virtually complete authority without restraints. Since 2015, Salman bin Abdulaziz Al 

Saud has reigned as the king of Saudi Arabia and the head of the House of Saud, Saudi Arabia’s 

royal family (CNN, 2016b). The Saudi Arabian media environment continues to emulate the 

Arab news environments of the 1990s (Boyd, 2001; Gunter & Dickinson, 2013; Kraidy, 2009, 

2010, 2012). Although most of the Saudi news media outlets are privately owned, the Saudi 

Arabian government maintains control over these private news outlets through strict monitoring, 

news media subsidies, and news media regulations (BBC, 2015; Freedom House, 2016c). As a 

result of this government oversight and control of the news media, the press freedoms in Saudi 

Arabia remain limited (Freedom House, 2016c; RSF, 2016). 

Some of the most popular news media outlets in the Arab world include Al Jazeera and 

Al Arabiya. Al Jazeera is a Middle-Eastern broadcast news media network based out of Doha, 

Qatar, and is owned by the Qatari government (Nishapuri, 2011; Powers, 2009). The emergence 

of Al Jazeera, which has been called the “CNN of the Arab World,” led to the network’s 

dominance in promoting a forum for discourse in the Arab public sphere (Johnson & Fahmy, 

2010). While Al Jazeera is recognized for its commitments to accuracy, balance, and providing 

an Arab perspective on world events, it is also recognized as being controversial and has 

acquired some global antagonism (Lynch, 2006; Powers, 2009). As a result of this antagonism, 

other Arab news media outlets formed to challenge Al Jazeera’s Arab media supremacy. The 

most popular competing news media network to Al Jazeera is Al Arabiya, which is another 

Middle-Eastern broadcast media network based out of Dubai, United Arab Emirates, and is 

owned by Saudi Arabia’s Middle East Broadcasting Center (Nisbet & Myers, 2011). 
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In regard to some key differences between these Arab news media networks, Zayani 

(2008) found that Al Jazeera’s strategies for media and public relations most often emphasize 

changing temporary (and sometimes long-term) attitudes and opinions in the short term. Rather 

than developing dialogue that is open to differing opinions, Al Jazeera has been more adept in 

audience persuasion of opinions (Zayani, 2008). Furthermore, many organizational decisions 

made by the group (e.g., the removal of contentious caricature depictions from its news site) 

show prevalent external influences as the driving forces for the decisions instead of a derivation 

of strategic public relations (Zayani, 2008). According to Lynch (2006), Al Arabiya tries to 

provide less radicalized or polarized news coverage as an alternative to Al Jazeera. Regardless of 

the networks’ strengths and weaknesses, both remain the two most prominent news media 

sources in the Middle East. 

One final factor pertaining to the Arab (and, specifically, Saudi Arabian) media 

environments that is important to address is the role of online, digital, and new media 

technologies. Akin to many Arab nations, numerous Saudi news media outlets adapted to the 

changing media environments by establishing a digital and online presence (Etling, Kelly, Faris, 

& Palfrey, 2010; Gunter & Dickinson, 2013; Hamdy & Gomaa, 2012; Kraidy, 2012; Reuters 

Institute, 2017). While innovations in mass communications and new media technologies can 

affect virtually any society, numerous studies (see Bruns, Highfield, & Burgess, 2013; Etling et 

al., 2010; Hamdy & Gomaa, 2012; Howard et al., 2011; Reuters Institute, 2017) have assessed 

the impact of these technologies on the cultural, economic, social, and political structures 

throughout the Middle East. These digital and new media technologies enable dissent both online 

and in person (Bruns et al., 2013; Etling et al., 2010; Howard et al., 2011). In the past decade, the 

“Arab Spring,” or the overthrow of numerous Middle Eastern government regimes, was largely 
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driven by the public’s ability to communicate and organize through online, digital, and social 

media platforms (Bruns et al., 2013; Samin, 2012). Despite the impact of online and new media, 

Saudi Arabia and many other Arab nations maintain strict controls over their citizens’ public 

discourse and civil liberties (Ayish, 2008; Hanitzsch et al., 2011; Nisbet & Myers, 2011; Samin, 

2012), and presumably by extension, over the news media’s online presence. 

Having discussed common elements that characterize the modern Chinese, Russian, and 

Saudi Arabian news media environments, the following section and subsections address the 

theory of global news flow along with theories and concepts related to global news flow. 

Additionally, the below section and subsections note how the Chinese, Russian, and Saudi 

Arabian news media systems are categorized based on these theoretical concepts. 

Global News Flow 

 Although it has many qualities of a mass communication theoretical framework and 

many scholars consider it a mass communication theory, global (or international) news flow is 

most often considered a field or area of study within mass communication that focuses on how 

news travels from one country to another (Segev, 2015, 2016). This study uses global news flow 

as a theoretical framework in order to better understand the Chinese, Russian, and Saudi Arabian 

news coverage of the 2016 U.S. presidential election. The following section and subsections 

briefly address the main theoretical concepts (or variables) and influential factors of global news 

flow. Additionally, the following section and subsections compare global news flow to similar 

and/or complimentary mass communication theories and concepts including: 1) world systems 

theory, 2) theories of the press, 3) media systems theory, and 4) globalization and glocalization. 

 As a theoretical framework, global news flow ultimately attempts to understand why, in 

the international news media context, some countries are more newsworthy than other countries 
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(Kariel & Rosenvall, 1984; Kim & Barnett, 1996; Segev, 2015, 2016). Media dependency, or the 

extent to which a news media outlet depends on other news outlets for stories, is perhaps the 

most important concept pertaining to global news flow (Meyer, 1989; Sreberny, 2006). 

Furthermore, Cui and Wu (2017) argued that global news flow can even result in inter-media 

agenda setting across global media outlets. According to various media scholars (e.g., Segev, 

2015; Sheafer, Bloom, Shenhav, & Segev, 2013; Wu, 2000), three primary groups of variables 

are most important to a nation’s prominence in global news flow: 1) national traits, 2) 

relatedness, and 3) events (Segev, 2015; Sheafer et al., 2013; Wu, 2000). 

National traits are primarily characterized by the size and power of a nation and its 

geopolitical standing (Segev, 2015; Sheafer et al., 2013; Wu, 2000). Relatedness, the second of 

the three groups of variables, refers to the proximity (e.g., geographically and demographically) 

of a nation to the nation in which it receives coverage in the news media (Segev, 2015; Sheafer 

et al., 2013; Wu, 2000). Events, the third and final group of variables, includes a wide-range of 

socio-political events (e.g., conflicts, natural disasters, protests, and wars) that can occur within a 

nation (Segev, 2015; Sheafer et al., 2013; Wu, 2000). In addition to these three groups of 

variables, the body of literature on global news flow has shown that a plethora of factors can 

influence the flow of news internationally.  

Among the early scholars of global news flow, Einar Östgaard (1965) first classified 

factors that influence global news flow into two major categories: 1) political and economic 

factors (e.g., media ownership and media censorship), and 2) newsworthiness factors inherent in 

the news. Galtung and Ruge (1965) identified 12 newsworthiness factors: 1) clarity, 2) 

composition, 3) consonance, 4) continuity, 5) frequency, 6) meaningfulness, 7) media elites, 8) 

negative stories, 9) people, 10) relevance to elite nations, 11) threshold, and 12) unexpectedness. 
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Although numerous scholars have used these categories and factors to study global news flow, 

subsequent scholars have added factors influencing the international flow of news.  

Deriving from the field of international relations research, Hester (1973) suggested four 

factors that shaped global news flow: 1) conflicts in the spread of news and information, 2) 

cultural affinities, 3) economic power and alliances, and 4) global hierarchy of nations. Hester’s 

(1973) understanding of factors shaping global news flow sparked additional influential factors 

that are commonly used among global news flow scholars, including: culture or language 

(Chang, Shoemaker, & Brendlinger, 1987), deviance (Shoemaker, Chang, & Brendlinger, 1987), 

economic factors (Kariel & Rosenvall, 1984; Kumar, & Biernatzki, 1990; Segev & Blondheim, 

2013), geographical distance (Chang et al., 1987; Kariel & Rosenvall, 1984), international news 

elites (Baylis, Smith, & Owens, 2014; Wu, 1998, 2000, 2007), news editorial policies (Gerbner 

& Marvanyi, 1977; Sparkes & Robinson, 1976), population (Kariel & Rosenvall, 1984), 

potential for social change (Chang et al., 1987), and press freedom (Kim & Barnett, 1996). The 

plethora of potential factors that influence the international flow of news are important to note in 

order to better understand contextual, socio-historical, and socio-political backgrounds 

underlying the international news media coverage of the 2016 U.S. presidential election. 

Additionally, there are various concepts, theories, and approaches which are similar and/or 

complimentary to the global news flow theoretical framework. 

World Systems Theory & News Flow. World systems theory (WST) is a macro-level, 

multidisciplinary theoretical approach to understanding cultural, economic, political, and social 

histories of the world (Golan & Himelboim, 2016; Wallerstein, 1974a, 1974b, 1987, 2004, 

2011). Developed by Immanuel Wallerstein (1974a, 1974b), world systems theory focuses on the 

“world-system” (or systemic structure of geopolitics) rather than on individual or groups of 
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nations. The world-system divides the world into three types of nations: 1) core, 2) semi-

periphery, and 3) periphery (Wallerstein, 1974a, 1974b, 1987, 2004). Core nations are the most 

powerful in the world-system and are characterized by strong governments and militaries, skilled 

labor forces, and capitalistic production (Golan & Himelboim, 2016; Wallerstein, 1974a, 1974b, 

1987, 2004). Semi-periphery nations are not as powerful as core nations but are most often 

moving toward becoming as powerful as core nations (Golan & Himelboim, 2016; Wallerstein, 

1974a, 1974b, 1987, 2004). Lastly, periphery nations are the least powerful in the world-system 

and are characterized by relatively weak governments and militaries, stagnant economies, and a 

vast number of social problems and inequalities (Golan & Himelboim, 2016; Wallerstein, 1974a, 

1974b, 1987, 2004). 

In relating world systems theory to global news flow, Golan and Himelboim (2016) 

explain that the news media are a major actor within the world-system. A nation’s news media 

outlets are often a direct reflection of that nation’s cultural, economic, political, and social 

systems and institutions (Chang, Lau, & Xiaoming, 2000; Golan & Himelboim, 2016; Halsall, 

1997). Various studies have found that news stories originating from, and transmitted by, core 

nations’ news organizations are significant predictors of global news flow (Chang, 1998; Chang 

et al., 2000; Golan & Himelboim, 2016; Halsall, 1997). Furthermore, periphery (or developing or 

underdeveloped) nations are rarely covered when compared to the core (or developed) nations’ 

dominance in international news media coverage (Chang, 1998; Chang et al., 2000; 

Ekeanyanwu, Kalyango, & Peters, 2012; Golan, 2008; Golan & Himelboim, 2016; Kim & 

Barnett, 1996; Van Belle, 2000; Weber, 2010). Transitioning from viewing the news media as a 

major actor within the world-system, a similar theoretical model focuses almost exclusively on 

the news media within individual nations. 
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Press Types & News Flow. Prior to the development of world systems theory, numerous 

press types (or media forms) addressed the differences among media systems at the international 

level. Perhaps the most significant of these media forms was Siebert et al.’s (1956) work 

describing four primary media forms. The first two media forms (authoritarian and libertarian) 

are the foundations from which the latter two media forms (communist and social responsibility) 

developed (Hanson, 2014). Under the authoritarian press, which is the earliest of the media 

forms, the press’s role is to serve the government, not its citizens (Hanson, 2014; Siebert et al., 

1956). Essentially, the media are a propaganda arm of the government. Stemming from the 

authoritarian press, the communist press explains a press that is owned by the government in 

order to serve the government’s own interests (Hanson, 2014; Siebert et al., 1956). The 

libertarian press, on the other hand, the media are a separate institution belonging to a nation’s 

citizens (not the government), and the press’s role is as an objective observer of the government 

(Hanson, 2014; Siebert et al., 1956). Under the social responsibility press, which stems from the 

libertarian press, the media’s objective is to further social change and betterment [or some such 

thing] (Hanson, 2014; Siebert et al., 1956). 

Over the decades since Siebert et al.’s (1956) development of these four press types, 

several scholars have made contributions to this conceptual framework (Nordenstreng, 1997). In 

particular, numerous scholars (see Altschull, 1984; Hachten, 1981; Hachten & Scotten, 2002, 

2007; McQuail, 1983) have extended the framework by adding a fifth press type (i.e., the 

development press). Primarily focused on underdeveloped and developing nations, the 

development press suggests that developing nations will enforce press controls and limit press 

freedoms in order to stimulate their economy, forge foreign relations, and build a national 

identity and support (Hachten & Scotten, 2002, 2007; Hanson, 2014). Despite its merits, the 



20 
 

connection between these press types and the global news flow is rather limited. Furthermore, 

media scholars Daniel C. Hallin and Paolo Mancini have been especially critical of the press 

types’ relevance and applications to the media system landscape in the 21st century. However, 

there are numerous characteristics from these five press types that are evident in the modern 

Chinese, Russian, and Saudi Arabian media systems.  

Media Systems & News Flow. Given the issues with the four theories in the 21st century, 

Hallin and Mancini (2004) developed their own framework for comparing media systems. In 

their extensive work regarding global news media and political systems, Hallin and Mancini 

(2004) studied 18 Western democratic nations and developed a three-part model of media 

systems: 1) the Polarized Pluralist (or Mediterranean) Model, 2) the Democratic Corporatist (or 

North/Central Europe) Model, and 3) the Liberal (or North Atlantic) Model. Hallin and Mancini 

(2004) measure each of these three models on four dimensions: 1) media market structure (i.e., 

circulation rates, audience readership/viewership, and news quality), 2) political parallelism (i.e., 

political orientations of the news media), 3) professionalization of journalism (i.e., the degree of 

autonomy in, and the norms and values of, the news media), and 4) the role of the state (i.e., 

press freedoms, censorship, and regulations). Regarding the characteristics of the three models, 

the polarized pluralist model comprises countries, such as France, Greece, and Italy, with low 

reach of the daily press, high political parallelism, weak professionalization, and strong state 

intervention (Hallin & Mancini, 2004, 2012). The democratic corporatist model comprises 

countries, such as Belgium, the Nordic countries, and the Netherlands, with high reach of the 

press market, relatively high political parallelism, strong professionalization, and strong state 

intervention (Hallin & Mancini, 2004, 2012). Lastly, the liberal model applies to countries with 

high reach of the press market, low political parallelism, strong professionalization, and weak 
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state intervention (Hallin & Mancini, 2004, 2012). Countries such as Canada, the United 

Kingdom and the United States are examples of the liberal model. 

In relating Hallin and Mancini’s (2004) three-part model of media systems to world 

systems theory (and global news flow), various noteworthy similarities among the three 

theoretical models exist. When comparing the media systems model to world systems theory, 

both have three models (or types) to categorize media systems or nations (Hallin & Mancini, 

2004, 2012; Wallerstein, 2004, 2011). Additionally, both theoretical models focus on a nation’s 

news media, and how internal and external factors shape the news media (Golan & Himelboim, 

2016; Hallin & Mancini, 2004, 2012; Meilán & Wu, 2017). However, the theoretical models 

differ because the media systems model is relatively limited to individual and developed (i.e., 

core) nations, whereas world systems theory and the development theory of the press include a 

broader scope of nations (e.g., developing and underdeveloped). Although there are other 

differences between the theoretical models, one can draw from these models to compliment a 

study focused on global news flow. Therefore, these theoretical models provide a basis to better 

understand the global news flow of the 2016 U.S. presidential election among the Chinese, 

Russian, and Saudi Arabian news media. 

Media Model Comparisons. Having provided these overviews of the Chinese, Russian, 

and Saudi Arabian news media systems, it is important to connect these media systems to the 

aforementioned theories and concepts including: world systems theory, the five press types, and 

the media systems model. In order to compare and contrast these models’ differences and 

similarities, Table 2.1 (on the following page) compiles the major features and characteristics 

from each of these theoretical media models. The following table is also used to categorize the 

Chinese, Russian, and Saudi Arabian news media systems into these theoretical models. 
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Table 2.1: Comparisons of Media System Theoretical Models 

Theoretical Models Key Characteristics & Features Nations 
World Systems Theory: 

Core Nations - High economic diversity & 

industrialization 

- Strong government, military, 

education, & tax systems 

- Leader in new technologies 

& new industries 

- Strong influences on non-

core nations 
 

- Australia 

- France 

- Great Britain 

- United States 
 

Semi-Periphery  

Nations 

- Moderate economic 

diversity & industrialization 

- Moderate government, 

military, education, & tax 

systems 

- High imports from core & 

high exports to peripheral 

nations 

- Liaison between core and 

peripheral nations 
 

- Brazil 

- India 

- China 

- Russia 

-  Saudi Arabia 

Periphery Nations - Low economic diversity & 

industrialization 

- Weak government, military, 

education, & tax systems 

- High levels of poor & 

unskilled labor force 

- Highly influenced by core 

nations 

- India 

- Kenya 

- Pakistan 

- Sudan 
 

Press Types: 

Authoritarian - Totalitarian government 

with monarch 

- Promotes government 
 

- State-controlled press 

- High press censorship 

- Iran 

- North Korea 

- Saudi Arabia 
 

Communist - Communist government 

- Promotes Communist Party 
 

- Self-regulatory press 

- Low press censorship 

- China 

- Soviet Union 

Libertarian - Democratic government 

with balances of power 

- Independent press 

institutions 
 

- Low press censorship 

- Press serves as a “fourth 

estate” 

- Great Britain 

- Hungary 

- Netherlands 

Social Responsibility - Democratic government 

with balances of power 

- Independent press 

institutions 
 

- Low press censorship 

- High levels of corporate 

interests in the press 

- France 

- Germany 

- Japan 

- United States 

Development - Government structures vary 

- Promotes government and 

national interests 
 

- Press censorship varies 

- Ultimate goal is national 

developmental growth 

- Argentina 

- Uganda 

- Venezuela 

Media Systems Models: 

Polarized Pluralist 

Model 

- Low press circulation 

- High political parallelism & 

polarized pluralism 

- Weak professionalization 
 

- Strong state intervention in 

the press 

- Some authoritarianism 

- Strong welfare state 

- China 

- Italy 

- Russia 

- Saudi Arabia 

Democratic Corporatist 

Model 

- High press circulation 

- External press pluralism & 

partisanship 

- Strong professionalization 
 

- Strong state intervention to 

protect press freedom 

- Democratic corporatism 

- Strong welfare state 

- Belgium 

- Germany 

- Netherlands 

- Sweden 
 

Liberal Model - Moderate press circulation 

- Internal press pluralism & 

commercialism 

- Strong professionalization 

 

- Low state intervention in 

the press 

- Liberalism 

- Moderate welfare state 

- Canada 

- Great Britain 

- Ireland 

- United States 

Sources: (Hachten & Scotten, 2007; Hallin & Mancini, 2004, 2012; Siebert et al., 1956; Wallerstein, 2004)  
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Although the Chinese, Russian, and Saudi Arabian news media systems contain 

numerous elements that do not exactly align with these three theoretical models, there are 

enough elements or characteristics of each to categorize them into the models. From Table 2.1, in 

regard to the world systems theoretical model, all three of the news media environments used in 

this study have similar and overlapping categorizations. According to world systems theory, 

Saudi Arabia, along with many other Arab nations, is classified as between semi-periphery and 

periphery nations (Barnett, 2012; Hinnebusch, 2011; Wallerstein, 2004), and both China and 

Russia are classified as between core or semi-periphery nations (Downes, 2009; Golan & 

Himelboim, 2016; Simon, 2009; Wallerstein, 2004, 2011). 

In regard to the five press types, the Saudi Arabian media system primarily falls under the 

category of the authoritarian press system, but also contains some characteristics of the 

development press system (Amin, 2001; Rugh, 1979, 2004). The Chinese news media fall under 

the category of the communist press system, but they also hold many elements of the 

authoritarian press system (Hallin & Mancini, 2012; Zhao, 2012). Lastly, the Russian “neo-

Soviet” news media, which was historically categorized under the category of the communist 

theory, primarily falls under the category of the authoritarian press system (Becker, 2004; Oates, 

2007, 2008; Vartanova, 2012). The Chinese, Russian, and Saudi Arabian press systems share 

many similar features due to the fact that all three systems contain many elements and features of 

the authoritarian press system.   

In regard to the media systems theoretical model, the Saudi Arabian media system largely 

falls under the category of the polarized pluralist model (Hallin & Mancini, 2012; Kraidy; 2012). 

China’s media system falls under the category of the polarized pluralist model, the democratic 

corporatist model, or a hybrid of these two models (Hallin & Mancini, 2012; Sparks, 2008; Zhao; 
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2012). Lastly, Russia’s media system primarily falls under the category of the polarized pluralist 

model (Hallin & Mancini, 2012; Sparks, 2008; Vartanova; 2012). Thus, the Chinese, Russian, 

and Saudi Arabian news media systems share many similar features due to the fact that all three 

systems are categorized (or at least partly categorized) into the polarized pluralist media systems 

model. In addition to the above discussion regarding the Chinese, Russian, and Saudi Arabian 

news media systems, the following subsection relates news flow to two supplementary concepts: 

globalization and glocalization. 

Globalization, Glocalization, & News Flow. At its core, globalization is defined as the 

process of global integration arising from the exchange of commodities, ideas, worldviews, and 

other aspects of culture (Albrow & King, 1990; Giddens, 1990; Robertson, 1992, 2012). In other 

words, globalization mainly refers to the ways in which various institutions (e.g., political and 

economic) and networks (e.g., computer and technological networks) interact throughout the 

world (Kluver, 2004). Globalization relates to the media when one considers the globalizing 

effects on the media industry’s ways of developing media content (Jan, 2009). Thus, media 

globalization is evident in a variety of areas including: 1) media forms (i.e., the mass production 

and distribution of electronic media and telecommunications technologies), 2) media firms (i.e., 

the creation and growth of powerful global media firms), 3) global media flows (i.e., the flow of 

information at the international level), and 4) global media effects (i.e., the potential to increase 

worldwide cultural homogenization) (Jan, 2009; Lyons, 2014; Sreberny, 2006; Thurman, Pascal, 

& Bradshaw, 2012). 

Developed by sociologist Roland Robertson (1992), the concept of glocalization is 

defined as a “market-induced process by which changes take place in capital flows, production 

systems, markets, and trade of goods and services” (Hong & Song, 2010, p. 656). In other words, 



25 
 

glocalization refers to the process of integrating local markets into established, world markets 

and the world economy (Hong & Song, 2010; Robertson, 1992, 1995, 2012; Roudometof, 2016; 

Wasserman & Rao, 2008). Glocalization relates to the media when one considers primarily the 

processes of blending various cultural elements, diverse micro communities, and organizational 

practices into media production and distribution (Deuze, 2006; Vizureanu, 2013; Wasserman & 

Rao, 2008). Thus, glocalization (and even media glocalization) is “a way of accounting for both 

global and local, not as opposites but rather as ‘mutually formative, complementary competitors, 

feeding off each other as they struggle for influence” (Kraidy, 2003, p. 38). 

In relating the concepts of globalization and glocalization to global news flow, Mirza Jan 

explains that these terms are “often portrayed as a positive force which is unifying widely 

different societies, integrating them into a ‘global village’, and enriching all in the process” 

(2009, p. 66). Jan’s mentioning of a “global village” refers to Marshall McLuhan’s (1962, 1964) 

phrase that predicted the world would become more closely connected as a result of modern 

electronic, telecommunications, & mass media technological innovations. Although these 

technological innovations can pose challenges to the reality of the global village (Ekeanyanwu et 

al., 2012; Golan & Himelboim, 2016), it is apparent that globalization and glocalization have 

significantly impacted the mass communications and media landscapes. Furthermore, there is 

much overlap between globalization, glocalization, world systems theory, press theories, and the 

media systems model in relation to global news flow (Ekeanyanwu et al., 2012; Golan & 

Himelboim, 2016; Sánchez-Tabernero, 2006, Thussu, 2006). Having addressed the various 

concepts and tenets of global news flow, as well as similar and/or complimentary mass 

communication theories and concepts, the next section discusses the role of the modern news 
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media and its impact on the United States’ foreign policy agendas, initiatives, and international 

relations. 

U.S. International Relations & News Media 

 Since the terrorist attacks on September 11, 2001, maintaining sound diplomatic relations 

abroad has been especially challenging for the United States (Schneider, 2015). There are 

numerous factors (e.g., economic interests, globalization, global alliances, national security, and 

public opinion) that affect U.S. foreign policy, international relations, and public diplomacy 

(Baylis et al., 2014; Gilpin, 1987; Golan, Yang, & Kinsey, 2015; Kaid, 2004). One factor that is 

particularly influential to U.S. foreign relations and public policy is the news media (Perloff, 

2014; Scheufele & Tewksbury, 2007). News media agendas can influence public opinion, and 

both can influence policy agendas and decision-making (Perloff, 2014; Rogers & Dearing, 1988; 

Scheufele & Tewksbury, 2007). While there are numerous concepts and terms that could be 

examined, this study mainly focuses on one concept (the gray zone) and its sub-concept (the 

media gray zone) because of the concepts’ geopolitical relevance and because it is the basis for 

analyzing the Chinese, Russian, and Saudi Arabian news stories in this study. This concept and 

sub-concept are examined to reiterate the importance of this study and to address the effects that 

news media and mass communication can have on foreign policy and diplomatic relations in the 

21st century geopolitical domain. 

 The Gray Zone. Like the concepts and theories used in this study, there are numerous 

definitions and interpretations of the Gray Zone (GZ). According to a U.S. Army War College 

report, “Security analysts, military and policy practitioners, and defense scholars alike have 

struggled to come to terms with such uses, assigning labels such as ‘hybrid’ wars, ‘gray zone’ 

conflicts, ‘unrestricted warfare,’ or ‘new generation’ wars, among others, to distinguish 
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contemporary practices from those associated with so-called traditional or conventional wars” 

(Echevarria, 2016, p. 1). This study uses the military intelligence community’s rather widely 

accepted definition of the gray zone, which is “characterized by intense political, economic, 

informational, and military competition more fervent in nature than normal steady-state 

diplomacy, yet short of conventional war” (Votel, Cleveland, Connett, & Irwin, 2016, p. 102). In 

essence, a gray zone occurs when there is ambiguity in: 1) the nature of a conflict between 

nations, 2) the nations involved in the conflict, and 3) the legal and political ramifications at risk 

(Votel, 2015; Votel et al., 2016). Simply put, a country is considered in a gray zone (or gray 

area) with other countries when it is uncertain whether the country is an ally or enemy (or at war 

or peace) with the other countries (Echevarria, 2016; Elkus, 2015; MacNulty, 2016; Mazarr, 

2015; Votel, 2015; Votel et al., 2016). 

As numerous military and government intelligence experts have found, a plethora of 

factors contribute to a gray zone. From the literature, this study identifies five primary factors 

contributing to the United States’ 21st century gray zone predicaments: 1) aggressive state and 

non-state actors (Maxwell, 2015; Mazarr, 2015; Work, 2015), 2) globalization and modernity 

(Barno & Benashel, 2015; Echevarria, 2016; Maxwell, 2015), 3) differences in culture and 

values (MacNulty, 2016; Maxwell, 2015), 4) asymmetric reactions to foreign policies (Barno & 

Benashel, 2015), and 5) mass communication technologies and innovations (Barno & Benashel, 

2015; Echevarria, 2016; Mazarr, 2015).  

Aggressive state and non-state actors. Aggressive state actors most often implement 

common strategies of force (both governmental and military) against other nations. Some of 

these forceful strategies include: 1) driving out global dictators and regimes, 2) maintaining 

threats of nuclear warfare, 3) infiltrating nations with on-the-ground troops, and 4) ordering 
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cyber-attacks of other nations (Maxwell, 2015; Mazarr, 2015; Work, 2015). Furthermore, state 

actors often employ non-state actors (e.g., non-military groups and private industries) to carry 

out many of these tactics (Mazarr, 2015). This factor is relevant to this study because of the 

United States’ ongoing (and often contentious) relationships abroad. An important thematic 

element to note in analyzing these news stories is whether the U.S. is (or if other nations are) 

portrayed as the main aggressor on the geopolitical stage.  

Globalization and modernity. In an increasingly borderless world, the impact of 

globalization among nations on international relations is continually evident (Barno & Benashel, 

2015; Maxwell, 2015). This is perhaps most apparent in military interventions and global 

alliances (Barno & Benashel, 2015; Maxwell, 2015). Additionally, numerous economic aspects 

related to globalization (e.g., global trade policies and trade unions, economic sanctions, and 

enhanced economic competition) also contribute to the development of a gray zone (Echevarria, 

2016; Mazarr, 2015). Furthermore, the modernization of many underdeveloped and developing 

nations significantly contributes to the development of a gray zone. This factor is pertinent to this 

study especially when considering the United States’ foreign policies (e.g., economic, military, 

and in public diplomacy) and their effects abroad. 

Differences in culture and values. Especially when considering, for example, many ultra-

conservative Islamic nations, this factor is very similar to the aforementioned factor of modernity 

(Maxwell, 2015). Many theocratic nations in which religious fundamentalism dominates nearly 

all aspects of life are the most hesitant to embrace or collaborate with the norms and values of 

modernized, secular cultures (MacNulty, 2016; Maxwell, 2015). This factor, parallel to the 

aforementioned factors, is relevant to this study when considering the United States’ 
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international relations and public diplomacy efforts in order to strengthen alliances and maintain 

order at the global level.  

Asymmetric reactions to foreign policies. This factor, in large part, stems from various 

elements in the first three factors. This factor is perhaps most apparent when considering the U.S. 

and its foreign policies and international relations (Barno & Benashel, 2015). For decades, U.S. 

foreign policy decisions (e.g., military interventions in the Middle East, placements of economic 

sanctions, and Western alliances) have caused much international resentment and hostility 

(Barno & Benashel, 2015). Once again, akin to the above factors, this factor is relevant to this 

study especially when considering the manner in which other nations perceive U.S. foreign 

policy and international relations and their global effects.  

Mass communication technologies and innovations. The 21st century is perhaps most 

characterized by the unending, and overabundance of, mediated (or mass media) technological 

innovations at the global level (Echevarria, 2016). The majority of developed, industrialized 

nations have the technological and intelligence abilities to stay informed and engaged in the 

modern geopolitical context (Barno & Benashel, 2015). Through various technological uses both 

internally (through propaganda campaigns and news media to maintain public opinion and order) 

and externally (through cyber-attacks and government hacks of other nations), numerous nations 

have maintained their seat at the geopolitical table (Mazarr, 2015). This final factor is pertinent 

to this study for numerous reasons including: 1) the current state of global news media, 2) the 

constant nature of mass media technological innovations, and 3) the various government and 

political party hacks that occurred during the 2016 U.S. presidential campaign. 

The Media Gray Zone. Additionally, the above factor creates a subset of the gray zone 

that Hinck and colleagues (2017) refer to as the media gray zone (MGZ). The media gray zone 
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derives from a media-centric understanding of the gray zone, where the mediated “perception” of 

reality becomes more important than reality itself and, subsequently, constructs reality for a 

nation’s citizens (Hinck, Kluver, & Cooley, 2017; SMA, 2016). In other words, a media gray 

zone involves state-controlled news media’s construction of its media presentations with the 

primary purpose of shaping long-term public opinion, perceptions, and attitudes about another 

nation (Hinck et al., 2017; SMA, 2016). The media gray zone is similar to the concept of media 

warfare (or public opinion warfare), which “aims to: preserve friendly morale; generate public 

support at home and abroad; weaken an enemy’s will to fight and alter an enemy’s situational 

assessment” (Halper, 2013, p. 13). Ultimately, media gray zones and media warfare attempt to 

gain nationalistic support for foreign policy and global diplomatic relations (Cheng, 2012; 

Halper, 2013; SMA, 2016). Propaganda is perhaps the most pertinent mediated tool used in 

instances of media warfare and media gray zones (Cheng, 2012; Nye, 2004; SMA, 2016). 

Dating back to Walter Lippmann’s (1922, 1927), Harold Lasswell’s (1927, 1936, 1939), 

and Edward Bernays’ (1928) classic works on propaganda, many media scholars have examined 

the relationship among political and media institutions and how these institutions affect societal 

culture, public opinion, and social control (Demers & Viswanath, 1999; Herman & Chomsky, 

1988; L’Etang, 2008). Additionally, numerous studies in the government and military 

intelligence community also focus on this area of research (see Bērziņš, 2014; Corman & 

Dooley, 2008; Corman, Trethewey, & Goodall, 2007; Halper, 2013; Legatum Institute, 2015). 

These studies’ findings indicate governments in many core nations often use the news media to 

spread propagandized messages that fit their agenda in order to maintain public support and to 

establish “us v. them” dynamics against other nations (Bērziņš, 2014; Corman & Dooley, 2008; 

Corman et al., 2007; Czuperski, Herbst, Higgins, Polyakova, & Wilson, 2015; Halper, 2013; 
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Legatum Institute, 2015; Rácz, 2016). News media outlets are used in these situations to 

establish media (or public opinion) warfare, which further suggests that a media gray zone is 

very likely to increase tensions between two or more nations’ diplomatic relations (Cheng, 2012; 

Halper, 2013; Hinck et al., 2017; Nye, 2004; SMA, 2016). As illustrated below in Figure 2.1, 

Entman’s (2004) Cascading Network Activation Model provides a better understanding of media 

gray zones dynamics. 

Figure 2.1: Entman’s Cascading Network Activation Model 
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subsequently, influence the State’s news media outlets. From there, the state-controlled news 

media outlets construct news frames to shape their audiences’ (or consumers’) attitudes and, 

subsequently, public opinion (Cherribi, 2006; Entman, 2004). This downward influence 

inevitably takes the form of a cyclical pattern as the news media frames and the public are 

constantly influenced by ideas passed down from the most elite governmental leaders of a nation 

(Cherribi, 2006; Entman, 2004). Taking this view into account is beneficial to better understand 

the various ways in which authoritative government regimes use state-controlled news media 

outlets to influence public opinion in order to maintain support for their regime and to further 

preserve media gray zones (Cherribi, 2006; Entman, 2004; Nye, 2004). 

Nation Branding 

 Much like global news flow, nation branding (also referred to as city, country, or place 

branding) is primarily considered a developing field of research, but is also used as a theoretical 

framework by many scholars (Anholt, 2002; Dinnie, 2016; Kavaratzis, 2005; Lucarelli, 2015; 

Teslik, 2007). As a theory, nation branding is used across multiple academic disciplines (Dinnie, 

2016; Kaneva, 2011; Widler, 2007). Dinnie (2016) traced the origins of nation branding to show 

that it ultimately resulted from the convergence of the national identity and country-of-origin 

academic fields “within the context of economic globalization” (p. 8). Though various works 

addressed nation branding sporadically throughout the years, the theoretical framework first 

gained prominence in a 2002 special issue publication of the Journal of Brand Management 

(Dinnie, 2016). Nation branding enables scholars to examine how various government 

consultants and practitioners measure, build, and manage a nation’s reputation (Dinnie, 2016; 

Teslik, 2007). This section and subsections address the various approaches, concepts, and tenets 
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of nation branding. Additionally, this section and subsections discuss nation branding in public 

relations research, and nation branding in the U.S. and from the U.S. perspective. 

 Although nation branding is defined and conceptualized across many academic 

disciplines, it is generally defined as the “application of corporate marketing concepts and 

techniques to countries, in the interests of enhancing their reputation in international relations” 

(Kerr & Wiseman, 2013, p. 354). There are five academic disciplines/fields in which nation 

branding is most commonly used: 1) marketing (Page & Parnell, 2016; Papadopoulos, 2004; 

Smith & French, 2009), 2) media studies (Aronczyk, 2008; Fullerton & Kendrick, 2016; Volcic 

& Andrejevic, 2011), 3) international relations (Anholt, 2011; Kaneva, 2011; Papadopoulos, 

2004), 4) public diplomacy (Fan, 2010; Labarca, 2016; Wang, 2006), and 5) public relations or 

international public relations (Dolea, 2015; Fitzpatrick, Fullerton, & Kendrick, 2013; 

Rasmussen & Merkelsen, 2012; Szondi, 2005, 2007, 2008, 2009, 2010). This study uses nation 

branding from the viewpoints of the public relations and media studies disciplines. 

Before discussing nation branding from the public relations and media studies 

perspectives, it is important to define and explain the major theoretical concepts and tenets of, as 

well as the brand management strategies and research approaches to, branding and nation 

branding. There are four prominent concepts of branding: 1) a brand, 2) brand equity, 3) brand 

identity, and 4) brand image. Deriving from branding theory, a brand is conceptualized in two 

ways: 1) with a focus on a brand’s visual indicators and 2) with a focus on a brand’s intrinsic 

nature (or essence) (Dinnie, 2016). Definitions of a brand range from the aesthetically pleasing 

features that promote a product’s sustainability to the combination of a design, name, sound, and 

symbols that identify a product and differentiate it from its competitors (Dinnie, 2016). The 
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success of a brand often depends on a plethora of factors such as: cultural, ecological, economic, 

geographic, historical, social, and political influences (Olins, 2002; Pike, 2011). 

 A key component to strategic brand management is the assessment of brand equity, 

which is defined as the financial value of the brand (Dinnie, 2016). A brand equity can be 

assessed from a consumer perspective or from a financial perspective (Dinnie, 2016). From the 

consumer perspective, the customer-based brand equity (CBBE) measures the effects of brand 

knowledge and response to brand marketing (Keller, 2012). From the financial perspective, 

various accounting and valuation methods are used to assess brand equity (Kapferer, 2012).  

The next two concepts (brand identity and brand image) are often used interchangeably, 

but these concepts are not synonymous (Dinnie, 2016). According to Dinnie’s (2016) 

conceptualizations, brand identity “refers to what something truly is, its essence,” and brand 

image “refers to how something is perceived” (p. 34). Roll (2006) identified five factors in brand 

identity development: 1) brand vision (goals, plans, and future direction), 2) brand scope (market 

or product segments), 3) brand positioning (how it resonates among consumers), 4) brand 

personality (connects the brand with consumers), and 5) brand essence (uniqueness and meaning 

of the brand). The above concepts and factors play crucial roles in the strategic processes of 

brand management for all organizations and institutions (Dinnie, 2016).  

Shifting to nation branding, it is important to address the primary theoretical tenets (or 

premises) of nation branding: 1) nations as a social construct, 2) nations as a state or a people, 

3) cohesion of nation, brand, and voice, and 4) the power of nation branding (Widler, 2007). A 

nation is a primary example of a social construct (or a society’s categorization and perception of 

an idea, individual, or group) because societies establish common cultural norms, national 

anthems, borders, and nationalistic pride that are reinforced through various social institutions 
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(Anderson, 2006; Dinnie, 2016; Widler, 2007). The second premise questions whether a “nation” 

should be viewed as a nation, confined by its geographic boundaries, or as the citizens living in 

the nation (Billig, 1995; Widler, 2007). The third premise operates from the assumption that 

globalization results in the reinforcement (not dispersion) of national boundaries, and all nations 

have various characteristics that make each nation unique or different from one another (Widler, 

2007). Lastly, the fourth premise of nation branding derives from numerous works (see 

Bourdieu, 1991; Chomsky, 2004; Damm & Cooley, 2017; Habermas, 1975, 1996) by 

acknowledging the power of communication and its role in maintaining political power, 

legitimacy, and social order (Lucarelli, 2015; Widler, 2007).  

A nation-brand, where the brand is the country of interest, is defined as the “unique, 

multi-dimensional blend of elements that provide the nation with culturally grounded 

differentiation and relevance for all of its target audiences” (Dinnie, 2016, p. 5). In regard to 

conceptual distinctions, it is important to address the differences between a nation-brand identity, 

national identity, competitive identity, and nation-brand image. Nation-brand identity is a 

complex, multi-layered concept that is constructed from the concept of national identity, which 

is defined as the cultural context(s) comprised of a nation’s cultural diversity and heritage, 

economic structure, modernization, moral values, national interests, and even its pop culture 

(Aronczyk, 2008; Yang & Vanden Bergh, 2016). Furthermore, nation-brand identity is 

synonymous with the conceptual approach of competitive identity because both concepts focus 

on the economic and political competition in nation branding strategies and their impact on a 

nation’s global reputation (Dinnie, 2016; Volos & Martin, 2016). Like the above definition of 

brand image, a nation-brand image focuses on how individuals and societies perceive a nation 

(Dinnie, 2016; Volos & Martin, 2016). A nation-brand image is constructed from various factors 
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(e.g., personal experiences with the nation, word-of-mouth, mass media portrayals of the nation, 

pre-existing stereotypes of the nation, and the nation’s brand quality of its products, its citizens’ 

behavior(s), political environment, and even its sports teams) that influence one’s mental 

representations of a nation (Anholt, 2006; Dinnie, 2008, 2016; Fan, 2006, 2010). 

The final item to address is in regard to common approaches to studying nation branding. 

In Gudjonsson’s (2005) comprehensive overview of nation branding research, the author 

identified three nation branding groups (or positions): 1) absolutists, 2) moderates, and 3) 

royalists. The absolutist position views a nation “as a product that can be branded,” and shares 

the same characteristics and criteria as any other branded commodity or corporation 

(Gudjonsson, 2005, p. 283). The moderate position views a nation as incapable of branding, but 

is “willing to use the power of branding to alter the image of a nation in the pursuit of added 

value for the nation’s brands” (Gudjonsson, 2005, p. 283). The royalist position views a nation in 

a holistic (even divine) nature, where a government is not structured like a corporation, and, 

subsequently, it cannot be branded like a “commercial or a consumer product” (Gudjonsson, 

2005, p. 284). Although each of these groups or positions are well grounded in the nation 

branding literature, the absolutist position appears to be the most popular position among modern 

nation branding scholars.   

Following Gudjonsson’s (2005) overview, Kaneva (2011) also conducted a holistic 

overview of nation branding research and identified three major categories of (or approaches to) 

nation branding: 1) technical-economic, 2) political, and 3) cultural. The technical-economic 

category primarily exists in the field of marketing, and most often derives from a functionalist 

perspective “that sees nation branding as a strategic tool for enhancing a nation’s competitive 

advantage in a global marketplace” (Kaneva, 2011, p. 120). From the technical-economic 
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viewpoint, many scholars argue that nation-branding is nearly identical to strategic corporate or 

product branding (Kaneva, 2011; Olins, 2002). The political category exists across the fields of 

international relations, media studies, public relations, and among non-academic, government 

research institutes and political think-tanks (Kaneva, 2011). From the political approach, public 

diplomacy is almost exclusively the point of focus (Kaneva, 2011; Wang, 2006). Lastly, the 

cultural category exists across the fields of anthropology, cultural studies, and media studies 

(Kaneva, 2011; Widler, 2007). Studies from the cultural approach are grounded in “critical 

theories of culture, communication, and society,” and are focused on “elaborating a critique of 

nation branding’s discourses and practices as they relate to national identity, culture, and 

governance” (Kaneva, 2011, p. 127). 

 Nation Branding & the Model of Country Concept. While numerous scholars (see 

Bayraktar & Uslay, 2017; Buhmann, 2016a; Fall & Lubbers, 2004, 2017; Fitzpatrick et al., 2013; 

Hew & Cheung, 2014) have drawn comparisons between nation branding and other theoretical 

models, perhaps the most influential and complementary model to nation branding is Jami 

Fullerton’s (2014) Model of Country Concept (MCC). As shown in Figure 2.2 on the following 

page, Fullerton’s model of country concept acknowledges the connections in the relationship 

between global news media presentations and a plethora of systemic, socio-cultural, socio-

economic, and socio-political factors that shape a nation’s image, reputation, and overall nation-

brand as it is perceived by another nation (Fullerton, 2014; Fullerton, Hamilton, & Kendrick, 

2007; Fullerton, Kendrick, & Broyles, 2017; Fullerton, Kendrick, Chan, Hamilton, & Kerr, 

2007). As shown in Figure 2.2, there are numerous components (or “integrants”) included in 

Fullerton’s model (Fullerton et al., 2017, p. 4). 
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Figure 2.2: Fullerton’s Model of Country Concept (MCC) 
 

 
 

Sources: (Fullerton, 2014; Fullerton, Kendrick, & Broyles, 2017) 

 

In addition to the impact global news media can have on a nation’s perceived brand, 

Figure 2.2 also illustrates that multiplatform news media (both national and global news media) 

and multimedia technologies (e.g., social media platforms) often play a major role in a nation’s 

agendas regarding matters of public diplomacy and international relations (Fullerton et al., 2017; 

Groshek, Guo, Cutino, & Elasmar, 2016; Labarca, 2016; Page & Parnell, 2016). Many studies 

(see Abusharif, 2016; Elasmar & Groshek, 2016; Fullerton, 2005, 2014; Fullerton, Hamilton, & 

Kendrick, 2007; Fullerton & Kendrick, 2016; Fullerton, Kendrick, & Broyles, 2017; Fullerton, 

Kendrick, Chan, Hamilton, & Kerr, 2007; Kiambi, 2016) have particularly used this model of 

country concept to examine the complexities that comprise the U.S. nation-brand, both 

geopolitically and economically (e.g., American brand products), at the international level. This 

study uses Fullerton’s (2014) model to better understand the factors comprising the Chinese, 

Russian, and Saudi Arabian news media presentations of the U.S. nation-brand within their 

coverage of the 2016 U.S. presidential election.   



39 
 

Public Relations & Nation Branding. Having discussed the various concepts, tenets, 

approaches, and models to nation branding research, it is important to address nation branding 

from the public relations (PR) perspective. Thus, the following paragraphs first define PR and 

political PR. Secondly, the below paragraphs discuss the similarities and differences between 

PR, political PR, and similar concepts and fields of study. Lastly, the below paragraphs also 

discuss nation branding research in the academic field of PR. 

The origins of public relations (PR) as a profession (at least in the U.S.) date back to 17th 

century Colonial America (Cutlip, 1995; Hanson, 2014; Vos, 2011). In the 20th century, PR 

practitioners such as Ivy Lee, Arthur W. Page, and Edward Bernays were among those who 

pioneered the profession to national prominence (Cutlip, 1995; Hanson, 2014; Lamme & 

Russell, 2010; Vos, 2011). Although there are many definitions and conceptualizations of PR, 

this study draws from various PR scholars (see Edwards, 2012; L’Etang, McKie, Snow, & Xifra, 

2015; Pieczka, 2011; Pieczka & Escobar, 2010; Szondi, 2005, 2008, 2009, 2010; Verčič, Van 

Ruler, Bütschi, & Flodin, 2001) and defines PR as an ongoing flow of purposive communication 

that serves to maintain mutually beneficial relationships between an organization (or institution) 

and the public (or its publics). In an ever-changing mass media environment, governments often 

hire PR agencies and practitioners to oversee their media relations in attempts to manage its 

reputation both within and outside its borders (Dinnie, 2016; Fitch & Holt, 2012). Strömbäck & 

Kiousis (2011) define political public relations as:  

The “management process by which an organization or individual actor for political 

purposes, through purposeful communication and action, seeks to influence and to 

establish, build, and maintain beneficial relationships and reputations with its key publics 

to help support its mission and achieve its goals” (p. 8). 

 

In other words, political PR narrows the scope of PR to the confines of politics (Lieber & Golan, 

2011). While political PR is a more specified focus, it is important to differentiate political PR 



40 
 

from related concepts and fields of study, such as political communication, political marketing, 

international PR, and public affairs and public diplomacy.  

  While there are some similarities between the fields of political PR and political 

communication, there are many differences as well. Political communication is commonly 

defined as “the exchange of symbols and messages between political actors and institutions, the 

general public, and news media that are the products of or have consequences for the political 

system. The outcomes of these processes involve the stabilization or alteration of power” 

(McLeod, Kosicki, & McLeod, 1994, pp. 125-126). The parameters of both political PR and 

political communication are confined to the intersection of political systems, mass media, and 

the public. However, political PR is primarily focused on how various political entities (e.g., 

political campaigns, governing officials, and public policies) are presented to the public 

(Strömbäck & Kiousis, 2011). Alternatively, political communication is primarily focused on the 

media’s impact on systemic power relations and the balance of power within political structures 

(Kaid, 2004; McLeod et al., 1994; Sanders, 2009). 

 Another important distinction to make are the differences between political PR and 

political marketing. Simply put, political marketing is the application of marketing principles and 

strategies to political campaigns in order to shape public opinion (Kaid, 2004; Sanders, 2009; 

Strömbäck & Kiousis, 2011). While this concept shares many characteristics with political PR 

(and is almost identical to nation branding), it is distinct from political PR because it is limited to 

marketing principles (Strömbäck & Kiousis, 2011). The third important distinction to make are 

the differences between political PR and international PR. Stemming from the field of 

international relations, international PR is simply the cross-national practice of public relations 

(Golan, Yang, & Kinsey, 2015). Political PR often focuses on matters within a nation’s borders, 
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while international PR almost exclusively focuses on global matters and matters between two or 

more nations (Golan et al., 2015; Strömbäck & Kiousis, 2011). 

 Similar to international PR, the final distinctions to make are the differences among 

political PR, public affairs, and public diplomacy. Public affairs is generally defined as the 

entirety of government relations with corporate and public stakeholders (Harris & Fleischer, 

2005). On the surface, the only difference between political PR and public affairs is the use of 

the term “publics” versus “stakeholders,” but public affairs primarily derives from public 

diplomacy research (Strömbäck & Kiousis, 2011). Although the definition and meaning of public 

diplomacy is rather ambiguous among scholars, this study operates from Golan and Yang’s 

(2015) definition of public diplomacy as focusing on “the management of communication among 

diplomatic actors, including nations and non-state actors, which have specific informational or 

motivational objectives toward reaching the foreign publics through various channels of 

communication to promote national interest” (p. 2). Additionally, Golan and Yang (2015) 

identified various public diplomacy types or perspectives: 1) integrated public diplomacy 

(combines short- and long-term views on public diplomacy), 2) mediated public diplomacy 

(promotes a nation’s agenda through strategically selecting news media), and 3) relational public 

diplomacy (focuses on managing diplomatic relationships).  

As various scholars (see Golan & Yang, 2015; Signitzer & Wamser, 2006) have 

explained, PR, political PR, and public diplomacy (PD) are interrelated, with public diplomacy 

often serving as a key governmental function of PR and political PR. Many studies have 

researched nation branding within the contexts of public diplomacy (see Anholt, 2006, 2015; 

Fan, 2010; Pamment, 2015; Wang, 2006), PR (see Fall & Lubbers, 2004; Morgan, Pritchard, & 

Pride, 2011; Rasmussen & Merkelsen, 2012; Szondi, 2008, 2010), and public diplomacy and PR 
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combined (see Buhmann, 2016b; Golan et al., 2015; Jiang, 2015; Pamment, 2014; Signitzer & 

Wamser, 2006; Snow, 2015). While this study is primarily focused on nation branding from the 

PR and political PR perspectives, a sound understanding of the connection among PR, political 

PR, and public diplomacy is beneficial to this study’s analyses and interpretation of findings. 

Global Nation Branding. In order to accurately assess nation branding in this study, it is 

imperative to comprehensively review the body of scholarly research on nation branding. Thus, 

the following paragraphs examine nation branding studies on both the U.S. and other nations. 

This subsection concludes by examining how non-U.S. nations view the U.S. nation-brand, and 

how the U.S. views its own nation-brand. However, before addressing these matters, it is 

important to examine the criteria commonly used to measure nation branding. Although there are 

other criteria and measurements for examining nation branding (see Dinnie, 2008, 2016; 

Fetscherin, 2010), nation branding is primarily measured by two major research institutes, 

Anholt-GfK and Brand Finance.  

For years, more than 13,000 expert market researchers have measured the nation-brands 

for more than 100 nations using the standard criteria established in the Anholt-GfK Nation 

Brands Index (NBI) (Anholt-GfK, 2016). According to the Anholt-GfK website, the NBI “helps 

governments, organizations and businesses understand, measure and ultimately build a strong 

national image and reputation” (Anholt-GfK, 2016). The NBI is designed to measure the power 

and quality of a nation’s brand image by using six dimensions: 1) culture and heritage, 2) 

exports, 3) governance, 4) investment and immigration, 5) people, and 6) tourism (Anholt-GfK, 

2016). The culture and heritage dimension measures global “perceptions of each nation’s 

heritage and appreciation for its contemporary culture,” and the exports dimension measures the 

“public’s image of products and services from each country” (Anholt-GfK, 2016). The 
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governance dimension measures “public opinion about national government competency and 

fairness, as well as its perceived commitment to global issues,” and the investment and 

immigration dimension measures the “power to attract people to live, work or study in each 

country and how people perceive a country’s quality of life and business environment” (Anholt-

GfK, 2016). Lastly, the people dimension measures the “population’s reputation for competence, 

openness and friendliness and other qualities such as tolerance,” and the tourism dimension 

measures the “level of interest in visiting a country and the draw of natural and man-made tourist 

attractions” (Anholt-GfK, 2016).  

The Brand Finance consultancy group, headquartered in London, is the second major 

research institute that measures nation-brands of approximately 100 nations using finance and 

economic criteria (Brand Finance, 2016). Brand Finance’s nation-brand index is calculated based 

on three valuation metrics: 1) enterprise value, 2) branded business value, and 3) brand value 

(Brand Finance, 2016). The enterprise value metric measures the value of a nation as an 

enterprise, composed of multiple branded businesses within the nation (Brand Finance, 2016). 

The branded business value metric measures the value of individual business operating under its 

nation’s brand (Brand Finance, 2016). Lastly, the brand value metric measures the value of 

trademarks across a nation’s financial industries (Brand Finance, 2016). Perhaps as a result of the 

differing criteria between the two aforementioned research groups, the top 10 NBI rankings over 

the past three years, as shown in Table 2.2, are relatively dissimilar between the two. 
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Table 2.2: NBI Comparisons – Top 10 Nations (2014-2016) 

 

Rank # 

Brand Finance NBI Anholt-GfK NBI 

2014 2015 2016 2014 2015 2016 

#1 U.S. U.S. U.S. Germany U.S. U.S. 

#2 China China China U.S. Germany Germany 

#3 Germany Germany Germany U.K. U.K. U.K. 

#4 U.K. U.K. Japan France France Canada 

#5 Japan Japan U.K. Canada Canada France 

#6 Canada France France Japan Japan Italy 

#7 France India India Italy Italy Japan 

#8 India Canada Canada Switzerland Switzerland Switzerland 

#9 Australia Italy Italy Australia Australia Australia 

#10 Brazil Australia Australia Sweden Sweden Sweden 

Sources: (Anholt-GfK, 2016; Brand Finance, 2016)  

 

As indicated in the above table, NBI research is essentially worldwide, spanning across 

six continents (Anholt-GfK, 2016; Brand Finance, 2016; Dinnie, 2008, 2016). In addition to the 

annual Anholt-GfK NBI reports and rankings, many scholars have studied nation branding 

across various nations and regions: Africa (Dinnie, 2008, 2016; Volos & Martin, 2016), Asia-

Pacific (Anholt, 2011; Barr, 2012; Dinnie, 2008, 2016; Hung, 2015; Volos & Martin, 2016), 

Central/Eastern Europe (Dinnie, 2008, 2016; Volos & Martin, 2016), Latin America (Dinnie, 

2008, 2016; Volos & Martin, 2016), Middle East (Dinnie, 2008, 2016; Volos & Martin, 2016), 

North America (Dinnie, 2008, 2016; Hung, 2015; Morgan et al., 2011; O’Shaughnessy & 

O’Shaughnessy, 2000; Volos & Martin, 2016), and Western Europe (Del Percio, 2016; Dinnie, 

2008, 2016; Graan, 2016; Gudjonsson, 2005; Hung, 2015; Jansen, 2008; Kaneva, 2011; Morgan 

et al., 2011; O’Shaughnessy & O’Shaughnessy, 2000; Volos & Martin, 2016). However, akin to 

trends in global news flow research, the more developed nations are more likely to receive 

greater attention from nation branding scholars and research groups than developing and 

underdeveloped nations (Morgan et al., 2011; Volos & Martin, 2016). As a result of this heavy 

focus on nations that are more developed, the United States has long been a major nation of 



45 
 

focus for the NBI and nation branding scholars (Anholt, 2005; Anholt-GfK, 2016; Dinnie, 2008, 

2016; Hung, 2015; Rawson, 2007; Volos & Martin, 2016). 

According to Dinnie (2016), “The United States of America is the original nation of 

branding itself to the world from the time of the Declaration of Independence to the Statue of 

Liberty, two icons that have inspired freedom movements around the world” (p. 24). While the 

U.S. often brands itself through public diplomacy with other nations, mass media channels are 

the most effective tools for disseminating the U.S. nation-brand abroad (Anholt, 2006; Dinnie, 

2008, 2016; Fan, 2006, 2010; Fullerton, Kendrick, & Rodak, 2016; Snow, 2010; Snow & Taylor, 

2006). Specifically, global perceptions of the U.S. most often derive from the global popularity 

of U.S. entertainment media portrayals of American culture (Morgan et al., 2011; Snow, 2010; 

Yang & Vanden Bergh, 2016). Additionally, U.S. news networks’ coverage of American politics 

also plays a major role in shaping the U.S. nation-brand around the world (Anholt & Hildreth, 

2005; Del Percio, 2016; Johansson, 2005; Snow & Taylor, 2006). Especially in the 21st century, 

the majority of U.S. citizens continually view the U.S. nation-brand favorably, even to the point 

of American exceptionalism of its nation-brand (Johansson, 2005; Rawson, 2007; Volos & 

Martin, 2016; Zatepilina-Monacell, Yang, & Wang, 2016). However, this favorable perception 

of the U.S. brand is not universal. 

Despite the above NBI rankings in Table 2.2 and U.S. citizens’ views, many studies have 

shown that people from numerous nations throughout the world have differing views on the U.S. 

nation-brand. Especially following the aftermath of the 9/11 attacks, much of the world’s 

perceptions of the U.S. became increasingly negative (Anholt, 2005; Hung, 2015; Rawson, 2007; 

Snow & Taylor, 2006). For example, Anholt (2005) found that global perceptions of U.S. 

economic matters were positive, but global perceptions of American culture, heritage, and U.S. 
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politics were extremely low. In Rawson’s (2007) study, the author found that the most common 

terms global survey respondents’ used to describe the U.S. were overwhelmingly negative (e.g., 

“aggressive,” “bad,” “domineering,” and “imperialistic”). This study attempts to examine these 

global perceptions of the U.S. nation-brand and how they are perpetuated through the Chinese, 

Russian, and Saudi Arabian news stories on the 2016 U.S. presidential election. 

Global News Coverage of Politics & Elections 

Following the above discussion of nation branding, it is important to address various 

studies pertaining to international news media coverage of politics and political elections. As 

Sanders (2009) claims, “The media in all its forms and formats provide the resources from which 

we fashion our understanding of the political world not least during election campaigns” (p. 

196). Thus, one cannot underestimate the role of the news media and its impact on the political 

and electoral landscapes within a given nation. Given the purposes, and units of analyses, of this 

study, it is important to review some of the literature pertaining to cross-national news media 

coverage of political issues, events, and elections. Below, the first subsection reviews studies 

focused on global news coverage of politics and political elections in nations outside of the U.S., 

and the second subsection reviews studies focused on global news coverage of U.S. politics and 

political elections.  

Coverage of International Politics & Elections. Although there is a relatively large 

body of scholarly literature on global news coverage of international, non-U.S. politics and 

elections, the vast majority of these studies are primarily focused on Western, developed (or 

core) nations (Golan & Himelboim, 2016; Hallin & Mancini, 2012; Kaid & Strömbäck, 2008; 

Segev, 2016; Strömbäck & Kaid, 2008). Many global news flow studies have shown that the 

U.S. and U.S. news media were the most prominent news media coverage in the world (Garcia & 
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Golan, 2008; O’Reilly, 2016; ROI Agency, 2015, 2016; Wu, 1998, 2000, 2003, 2007). However, 

the September 11, 2001 terrorist attacks and the Iraq war marked major changes in the global 

news media landscape as new outlets arose and brought new perspectives that challenged 

American and Western media coverage (Seib, 2005). Political news stories that are most often 

covered internationally tend to focus on conflict and contentious issues pertaining to 

governmental, military, and other socio-political contexts (Griffin, 2010; Perloff, 2014). In 

referencing global news flow, globalization, and glocalization, Ruigrok & Van Atteveldt (2007) 

compared American, British, and Dutch news coverage of Islamic terrorist attacks and found that 

the news frames were more influenced by the 9/11 terrorist attacks (i.e., global events) than by 

local influences. Thus, the most common political news stories covered cross-nationally most 

often focus on political leaders, issues, and events in developed nations, and contentious socio-

political issues or events that will likely increase audience viewership or readership (Golan & 

Himelboim, 2016; Kaid & Strömbäck, 2008). 

In regard to global news coverage of international (or non-U.S.) political elections, 

numerous studies have addressed this matter both within and between nations. As shown in 

Table 2.3 from Strömbäck and Kaid’s (2008) comprehensive study of 22 nations’ news coverage 

of political elections, it is evident that there are a wide range of distinct characteristics regarding 

election news coverage across many nations. Perhaps the most notable characteristic is 

prominence of the “game frame” (i.e., framing politics as a game or contest) across the nations’ 

election news coverage. This trend in game frame aligns with the findings of numerous studies 

(see Aalberg, Strömbäck, & De Vreese, 2012; Brewer & Sigelman, 2002; Lawrence, 2000; 

Strömbäck & Dimitrova, 2006; Strömbäck & Van Aelst, 2010). 
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Table 2.3: Characteristics of Election Coverage 
Country Dominant  

medium 

Regulation of election 

news coverage  

Restrict Polls Type of coverage* 

United States TV No No Horserace 

Australia TV Yes No Horserace 

Brazil TV Yes No Horserace/strategy 

Britain TV Requires accuracy and 

balance 

None on election day Strategy 

Bulgaria TV Requires equal treatment 

of cands. and parties 

No Mixture of issue and 

game frame 

Canada TV Must be fair and equitable Prohibited on election 

day; publish method 

Horserace 

France TV Extreme balance 

requirements monitored 

Yes Strategy 

Germany TV No appearance in 

entertainment shows 

No but must specify 

representativeness 

High percentage of 

strategy/game/horserace 

Greece TV Yes; time allocated among 

parties 

Banned one week 

before election 

Candidate image more 

than issues 

Hungary TV Carry on equal footing in 

the news 

Polls forbidden 8 days 

before election 

Not available 

India TV Yes No Not available 

Israel TV Prohibit election 

propaganda during last 60 

days, except for time given 

party spots 

No Balance issue and game 

frames; game frame 

usually dominant 

Italy TV Must have balanced 

coverage 

No polls 15 days before 

election 

Not available 

Japan TV Directives call for 

impartiality; no side taking 

No Issues in newspapers; 

game frame and 

negativity in TV 

Mexico TV No Polls not published one 

week before election 

Candidates; not game 

frame or issues 

Netherlands TV No No Substantive issues 

Poland TV No Election silence–no 

polls day before the 

election  

Horse race (polls) 

Russia TV Yes Yes Not available 

Serbia TV Requires objective, fair, 

equal 

Poll reports must give 

methods 

Not available 

South Africa Radio Yes; required to give equal 

treatment to parties 

Polls cannot be 

published during last 6 

weeks 

Emphasis on polls and 

horserace 

Spain TV Neutral coverage and 

reporting; proportional acc. 

To previous vote totals 

Prohibited 5 days 

before election; provide 

methodological details 

Mixed 

Sweden TV Should be impartial on TV, 

but no detailed regulations 

No Issues more than game 

frame in newspapers 

and public tv but game 

frame more in 

commercial tv and 

tabloids 

*Interpret with caution; definitions and approaches vary. 

Source: Kaid & Strömbäck (2008, p. 424) 
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As Kaid and Strömbäck (2008) note, “No modern system of government can function 

without continuing and comprehensive means for transferring information to its publics. In 

modern democracies, mass media provide the mechanism for this transfer” (p. 421). Moreover, 

Kaid and Strömbäck (2008) determined there is little-to-no evidence suggesting there is a 

relationship between a nation’s political system structure, electoral system structure, and its level 

of press freedom. Indeed, Strömbäck and Kaid’s (2008) work is admirable and has made 

significant contributions to this field of research. However, despite their comprehensive study, 

Russia is the only nation in this study that was included in Strömbäck and Kaid’s (2008) work, 

and the type of coverage is unavailable. Furthermore, Strömbäck and Kaid’s (2008) study 

examines each nation’s news coverage of its own political elections, not its coverage of other 

nations’ political elections. Therefore, this study can expand upon this literature by adding 

China, Russia, and Saudi Arabia’s type(s) of news coverage when reporting on a foreign nation’s 

(i.e., the U.S.) political election campaign. 

Coverage of U.S. Politics & Elections. Although the aforementioned study focused 

exclusively on how nations abroad cover their own political elections, a few studies have 

examined cross-national news coverage of U.S. political elections. One particular study that 

examined cross-national news coverage of U.S. political elections, and corresponds to this study, 

is Kluver, Hinck, & Cooley’s (2016) preliminary analysis of Arab, Chinese, and Russian news 

coverage of the 2016 U.S. presidential election. Unlike this study, Kluver et al.’s (2016) study 

analyzed Arab news sources across multiple nations and primarily focused on the news 

presentations of American democracy from news stories on the 2016 political party conventions. 

From their preliminary analyses, Kluver and colleagues (2016) found that the Arab news media 

strongly favored Hillary Clinton over Donald Trump as a candidate and on practically all socio-
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political issues, especially in regard to Trump’s controversial rhetoric about Muslims and Islam. 

The Chinese news media frequently criticized U.S. political leaders as being arrogant, focused on 

the weaknesses of both presidential candidates, and were particularly interested in the 

candidates’ positions on trade relations with China (Kluver et al., 2016). Lastly, the Russian 

news media criticized both candidates, but it was evident that the Russian news media were “pro-

Trump” and held much hostility toward Hillary Clinton (Kluver et al., 2016). 

Notwithstanding Kluver and colleagues’ (2016) findings, most of this area of research 

primarily examines common elements and characteristics of U.S. political news coverage and 

how they have globally transcended to become common elements and characteristics in other 

nations’ political news coverage. As Segev (2016) states, the U.S. and, subsequently, U.S. 

political matters (followed by China, Western European nations, and Middle Eastern nations) 

hold the highest frequencies of news mentions in global news media coverage around the world. 

Many studies (see Farnsworth & Lichter, 2008, 2010; Patterson, 1980; Perloff, 2014; Sanders, 

2009) note various trends that have come about in news coverage of U.S. politics and elections 

both within U.S. news media outlets and among global news media outlets. Many recurring 

elements, concepts, and common influences in modern U.S. political news coverage include: 1) 

the influx of news media outlets, 2) horse-race news coverage, 3) issue-oriented news coverage, 

4) partisan biases in the news media, and 5) media logic in political campaigns.  

The influx (or overabundance) of U.S. news media outlets is evident in various ways 

from the growth in televised, print, and online news media outlets to the development of, and 

growing popularity in, political TV satire, citizen journalism, and social media platforms 

(Ekeanyanwu et al., 2012; Gray, Jones, & Thompson, 2009; Kluver, Jankowski, Foot, & 

Schneider, 2007; Perloff, 2014; Sanders, 2009). The horse-race news coverage element, which is 
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strategic news media coverage emphasizing election polls and who is ahead in a classic “horse 

race” manner, has become commonplace political news coverage both in the U.S. and abroad 

(Farnsworth & Lichter, 2008; Kaid & Strömbäck, 2008; Perloff, 2014). Horse-race news 

coverage often creates the “bandwagon effect,” which occurs when voters shift their allegiances 

to candidates who are reportedly leading in the polls (Patterson, 1980).  

The issue-oriented coverage element of political news coverage has been around for 

decades, but more modern trends show political news coverage placing greater emphases on 

contentious (or eccentric) issues and events (Farnsworth & Lichter, 2010; Segev, 2015; Sotirovic 

& McLeod, 2008). The partisan news media biases element is perhaps most applicable in U.S. 

political news coverage (Entman, 2010; Prior, 2013; Sotirovic & McLeod, 2008), but partisan 

news media biases have been found in other nations as well (Kaid & Strömbäck, 2008; 

Strömbäck & Kaid, 2008). Lastly, the media logic in political campaigns element, which asserts 

that the mass media defines the dominant cultural forms of society, has become a common tenet 

in political campaign strategies and approaches in the U.S. and abroad (Kaid & Strömbäck, 

2008; Strömbäck & Kaid, 2008). The following section of this literature review addresses 

various cross-national studies focused on the intersection of politics and news media coverage 

among broadcast television and online news media platforms.  

Cross-National News Media Studies 

 A plethora of studies examine political news coverage through broadcast television 

and/or online news media platforms. However, like many mass communication and media 

studies, the overwhelming majority of these studies are heavily focused on the West and Western 

news media (Cawley, 2012, Garcia & Golan, 2008; Hallin & Mancini, 2012; Harrison, 2013; 

Segev, 2016; Wu, 2003). Despite this unequal focus within the global media scholarship, many 
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global media studies pertain to politics and political news coverage among broadcast television 

and online news media from a cross-national news media perspective. 

Research pertaining to cross-national comparisons of traditional (e.g., broadcast 

television and print news) and online news media coverage has long been a subject of interest for 

many scholars (see Bruce, 2014; Jackson, 2011; Jebril et al., 2013; Mitchelstein & Boczkowski, 

2009; Semetko & Valkenburg, 2000; Wu, 2000, 2007). In regard to cross-national comparisons 

of traditional news media coverage, the most commonly studied medium is the newspaper (see 

De Vreese, Peter, & Semetko, 2001; Fahmy, 2007b; Fahmy & Wanta, 2005; Hanitzsch et al., 

2011; Zhang & Fahmy, 2009). However, cross-national comparisons of broadcast television 

news have become a popular area of study as well (see Bruce, 2014; Golan, 2008; Fahmy & 

Wanta, 2005; Jackson, 2011; Wanta, Golan, & Lee, 2004). Furthermore, numerous studies (see 

De Vreese, Banducci, Semetko, & Boomgaarden, 2006; Semetko & Valkenburg, 2000) have 

combined print and television news media to study both mediums at the cross-national level. 

While these traditional media platforms remain popular in cross-national news media studies, 

online news media are perhaps the fastest-growing area of cross-national news media research. 

As a result of the development and widespread popularity of the Internet, news media 

industries across virtually all nations were compelled to adapt to changing technologies in order 

to establish an online presence (Hanson, 2014; Salwen, Garrison, & Driscoll, 2005; Siapera & 

Veglis, 2012). In the 21st century, news media outlets and many other institutions utilize various 

digital and new media platforms (e.g., online websites, social media platforms, and smartphone 

apps) to communicate with audiences (Hanson, 2014; Kluver et al., 2007; Salwen et al., 2005; 

Siapera & Veglis, 2012). As previously mentioned, numerous cross-national news media studies 

(see Fahmy & Al-Emad, 2011; Mitchelstein & Boczkowski, 2009; Reese, Rutigliano, Hyun, & 
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Jeong, 2007; Zhang & Hellmueller, 2016) have examined how global news media outlets use 

these digital and new media platforms to circulate the news. Some popular areas of focus among 

cross-national studies of digital and new media include: user-generated news media (Reese et al., 

2007; Thurman, 2008), online news in developing nations (Paterson & Nothias, 2016), and how 

political campaigns capitalize on these new media platforms (Kluver et al., 2007).  

Various cross-national news media studies have analyzed news coverage from traditional 

news media (Bruce, 2014; Fahmy, 2007a, 2010; Hanitzsch et al., 2011; Ruigrok & Van 

Atteveldt, 2007) and online news media (Dimitrova & Connolly-Ahern, 2007; Dimitrova, Kaid, 

Williams, & Trammell, 2005; Reese et al., 2007; Zhang & Hellmueller, 2016) separately. 

However, relatively little research has been conducted that combines traditional and online news 

media for analyses (Jebril et al., 2013; Livingstone, 2003). Therefore, this study attempts to 

bridge this gap in cross-national news media research by analyzing news media content from 

Chinese, Russian, and Saudi Arabian broadcast television and online news media platforms in 

order to examine how these nations’ news media outlets covered the 2016 U.S. presidential 

election. Thus, various research questions were developed for this study in order to bridge this 

gap in the scholarly literature on cross-national media studies. 

Research Questions 

 As previously mentioned, the four primary purposes for this study were to examine: 1) 

how the Chinese, Russian, and Saudi news stories presented the 2016 U.S. presidential election, 

2) how the Chinese, Russian, and Saudi news stories presented the U.S. nation-brand, 3) which 

news media outlets were most cited in the Chinese, Russian, and Saudi news stories, and 4) 

whether the Chinese, Russian, and Saudi news stories indicated a perceived gray zone between 

the U.S. and other nations. Additionally, this study uses the nation branding and global news 
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flow theories, and the gray zone and media gray zone concepts, to guide this research. Therefore, 

the following research questions were developed to correspond with the aforementioned 

theoretical frameworks, conceptual frameworks, and purposes of this study. 

RQ1: How is Donald Trump presented in the Chinese, Russian, and Saudi news coverage of the 

 2016 U.S. presidential election? 

 

RQ2: How is Hillary Clinton presented in the Chinese, Russian, and Saudi news coverage of 

 the 2016 U.S. presidential election? 

 

RQ3: How is the Republican Party presented in the Chinese, Russian, and Saudi news coverage 

 of the 2016 U.S. presidential election? 

 

RQ4: How is the Democratic Party presented in the Chinese, Russian, and Saudi news coverage 

 of the 2016 U.S. presidential election? 

 

RQ5: What are the most salient issues mentioned among the Chinese, Russian, and Saudi news 

 coverage of the 2016 U.S. presidential election? 

 

RQ6: Which political leaders (both U.S. and global) are most frequently mentioned among the 

 Chinese, Russian, and Saudi news coverage of the 2016 U.S. presidential election? 

 

RQ7: Which news media outlets are most frequently cited among the Chinese, Russian, and 

 Saudi news coverage of the 2016 U.S. presidential election? 

 

Collectively, RQs 1-6 align with the three of the four purposes of this study (i.e., the 

election presentation, the presentation of the U.S. nation-brand, and the presence or absence of a 

perceived gray zone) and with nation branding theory. As Fullerton’s (2014) Model of Country 

Concept suggests, numerous factors shape the U.S. nation-brand. The first four research 

questions are designed to determine how the two major presidential candidates and two major 

political parties were presented among the three nations’ news coverage of the 2016 election. 

Numerous studies (see Anholt, 2005; DeFleur & DeFleur, 2003; Fullerton, 2005; Fullerton, 

Hamilton, & Kendrick, 2007; Snow & Taylor, 2006) have found that global attitudes toward the 

U.S. are consistently negative, and these negative attitudes are largely geared toward the U.S. 

government and U.S. political leaders (Anholt, 2006, 2015; Fitzpatrick et al., 2013; Fullerton et 
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al., 2007; Rawson, 2007). As Hew and Cheung (2014) note, a politician’s perceived credibility, 

rhetorical style, message repetition, and behaviors can significantly affect a nation’s brand. Thus, 

RQ1-RQ4 were developed to assess whether the news media presentations of Trump, Clinton, 

and their respective political parties indicate the U.S. nation-brand as perceived by China, 

Russia, and Saudi Arabia.  

Similarly, RQ5 and RQ6 were designed to assess the most frequently mentioned issues, 

events, and political leaders (both from the U.S. and globally) among the three nations’ news 

coverage of the 2016 election. In addition to Hew and Cheung’s (2014) study, these research 

questions are consistent with other studies (see Anholt, 2011; Cui & Wu, 2017; Fall & Lubbers, 

2004; 2017) to account for various factors (e.g., media influences and political leadership) that 

could possibly shape global perceptions of the U.S. nation-brand. Thus, these research questions 

could potentially determine the extent to which the most salient issues, events, and political 

leaders among the Chinese, Russian, and Saudi Arabian news coverage affects these nations’, 

and its audiences’ or consumers’, perceptions of the U.S. nation-brand. 

Lastly, RQ7 measures the most frequently cited news sources (both from the U.S. and 

globally) among the three nations’ news coverage of the 2016 election. This research question 

aligns with global news flow theory and the third purpose of this study regarding the most 

frequently cited news media outlets. As various studies on global news flow have shown (see 

Chang et al., 2000; Ekeanyanwu et al., 2012; Golan, 2008; Golan & Himelboim, 2016; Kim & 

Barnett, 1996; Weber, 2010), periphery and semi-periphery nations (e.g., China, Russia, and 

Saudi Arabia) often provide news media coverage of, and stories from, core nations (e.g., the 

U.S.). The coding scheme and the data gathered to answer RQ7 should shed light on global news 

flow among these types of nations. Given that Russia and China can be classified as semi-
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periphery nations (Downes, 2009; Golan & Himelboim, 2016; Simon, 2009; Wallerstein, 2004, 

2011), and Saudi Arabia can be classified as between a periphery and semi-periphery nation 

(Barnett, 2012; Hinnebusch, 2011; Wallerstein, 2004), RQ7 provides the opportunity to 

determine if this relationship among these nations’ news media is evident. 

This chapter examined the key elements and features of the two theoretical frameworks 

used in this study: 1) global news flow and 2) nation branding. This chapter also examined the 

bodies of scholarly literature surrounding the Chinese, Russian, and Saudi Arabian news media 

environments, U.S. international relations and the news, global news coverage of politics and 

elections, cross-national studies on broadcast television and online news media, and the research 

questions for this study. Having provided this comprehensive literature review, the next chapter 

describes the methodology for this study. 
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CHAPTER THREE: METHODS 

 

  As previously mentioned, the four primary purposes for this study were to examine: 1) 

how the Chinese, Russian, and Saudi news stories presented the 2016 U.S. presidential election, 

2) how the Chinese, Russian, and Saudi news stories presented the U.S. nation-brand, 3) which 

news media outlets were most cited in the Chinese, Russian, and Saudi news stories, and 4) 

whether the Chinese, Russian, and Saudi news stories indicated a perceived gray zone between 

the U.S. and other nations. To answer the aforementioned research questions and hypotheses, 

this study used the content analysis method. Taking a comprehensive approach, this content 

analysis employed both qualitative and quantitative measurements to analyze the collected news 

stories. This chapter begins by discussing the content analysis methodological approach. From 

there, this chapter provides details regarding the: 1) database used in this study, 2) data collection 

and data collection procedures, 3) data pulls and data sampling for the four political events, 4) 

common approaches to analyzing multimedia content, 5) coding scheme, and 6) strategies 

employed in the qualitative and quantitative content analyses.  

Content Analysis 

 A very popular methodological approach in the fields of communication and mass 

communication research, content analysis is a research technique used to replicate and to make 

valid interpretations by examining and coding textual materials (Krippendorff, 2012; Lune, 

Pumar, & Koppel, 2010; Wimmer & Dominick, 2013). Simply put, a content analysis enables 

researchers to study the form and substance of recorded human communication such as print and 
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online media, speeches, and laws (Babbie, 1999, 2013; Hodder, 1994). As Earl Babbie notes, 

content analyses are “well suited to the study of communications and to answering the classic 

question of communications research: ‘Who says what, to whom, why, how, and with what 

effect?” (2013, p. 296). More precisely, a content analysis is a systematic format/technique of 

text analysis in which the data can be organized and prepared for a more analytical, quantifiable 

assessment (Babbie, 1999, 2013; Krippendorff, 2012; Neuendorf, 2016; Riffe, Lacy, & Fico, 

2014; Stroud & Joyce, 2015). Through this method’s systematization of texts, one can analyze 

patterns and trends in the content and discover underlying ideas and meanings across multiple 

media platforms (Jacobson, 2010; Miller & Yang, 2008; Neuendorf, 2016; Riffe et al., 2014; 

Stroud & Joyce, 2015). 

Although the content analysis method shares many elements and characteristics with 

similar research methods, such as discourse analysis and narrative analysis, it is important to note 

a few major distinctions among the methodological approaches. A discourse analysis is a 

deconstructive method that seeks to contextualize, or reveal the motives behind, the analyzed 

communication content (Burck, 2005; Tonkiss, 2004). On the other hand, a narrative analysis 

almost exclusively focuses on verbal (e.g., personal experiences and stories) communication 

content to better understand the ways in which people develop meaning and present accounts of 

themselves (Burck, 2005; Damm & Cooley, 2017; Fisher, 1984, 1987, 1989). All three of these 

research methods are forms of unobtrusive research, or methods of studying social behaviors 

without affecting the behaviors (Babbie, 1999, 2013). However, the content analysis method 

mainly differs from the discourse and narrative analysis methods in three ways: 1) quantification, 

2) lack of contextualization and interpretation, and 3) scope of analyzed content (Burck, 2005; 

Krippendorff, 2012; Lilja, 2013; Smith, 2000; Tonkiss, 2004). First, while narrative analyses can 
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be quantifiable, scholars mainly utilize the method qualitatively whereas content analyses are 

often used both qualitatively and quantitatively (Krippendorff, 2012; Smith, 2000). Second, 

unlike discourse and narrative analyses, content analyses rarely attempt to contextualize or 

interpret underlying meanings but instead focus on identifying trends (whether qualitative or 

quantitative) in the data (Krippendorff, 2012; Lilja, 2013; Smith, 2000; Tonkiss, 2004). Lastly, 

compared to discourse and narrative analyses, content analyses have a much broader scope in 

regard to potential units of analysis (Krippendorff, 2012; Smith, 2000; Tonkiss, 2004). 

In the content analysis method, texts are coded empirically based on the researcher’s 

created coding system in order to make observations about the messages (Babbie, 1999, 2013). 

Additionally, this method’s systematic evaluation of texts allows researchers to convert 

qualitative data into quantitative data (Babbie, 1999, 2013; Krippendorff, 2012). Content 

analyses have relatively well-established, agreed-upon procedural steps to follow. According to 

White and Marsh (2006), the procedure for conducting a quantitative (and even a qualitative) 

content analysis involves 10 steps, which include: 1) establishing the research hypotheses, 2) 

selecting the appropriate data, 3) defining the sampling method and sampling unit, 4) collecting 

the sample data, 5) developing the data collection and unit(s) of analysis, 6) establishing the 

coding scheme, 7) coding the data, 8) checking for inter-coder reliability, 9) analyzing the coded 

data, and 10) reporting the results. 

The established criteria, and procedures taken, when coding the communication content 

is vital to a content analysis because any discrepancies or flaws in coding the data could discredit 

the findings (Krippendorff, 2012). According to Babbie, coding in a content analysis refers to 

“the process of transforming raw data into a standardized form suitable for machine processing 

and analysis” (2013, p. 300). In this method, there are primarily two types of content: 1) manifest 



60 
 

content and 2) latent content (Babbie, 2013; White & Marsh, 2006). Babbie (2013) explains that 

manifest content is the visible, surface (or overt) content of the communication, whereas latent 

content is the underlying (or covert) meaning of the communication. This study analyzed the 

manifest content in the Chinese, Russian, and Saudi Arabian news stories. 

Database  

The database used in this study is the Multi-Media Monitoring System (M3S) software 

program (M3S, 2016). It was created by Raytheon BBN Technologies and is hosted at Texas 

A&M University. The M3S serves as a research platform for open source intelligence (OSINT), 

which is aggregated information collected from publicly available sources (CIA, 2013). In the 

most basic sense, the M3S is a translation and archival program that enables researchers to 

analyze translated- and original-language text from global news media stories. These stories 

include both broadcast television news coverage and online news articles in eight languages: 1) 

Arabic, 2) Chinese, 3) Farsi, 4) Hebrew, 5) Hindi, 6) Russian, 7) Spanish, and 8) Urdu (M3S, 

2016). One of the primary criticisms of content analyses of media is the tendency toward 

subjectivity through impressionistic interpretations of data and the relative inability to allow 

scholars to check researchers’ data (Van Gorp, 2010). However, the data storing features in the 

M3S enables researchers to check other researchers’ data sets to increase the validity of their 

findings (CAMMI, 2016).  

The M3S has been funded by and/or used for numerous reports and briefings for various 

intelligence agencies, such as: the U.S. Department of Defense – DOD, the U.S. European 

Command – EUCOM, the U.S. Pacific Command – PACOM, and the Combatting Terrorism 

Technical Support Office – CTTSO (CAMMI, 2016). As Kluver and colleagues note, after the 

“perceived intelligence failures that led to the September11, 2001 attack on the United States, the 
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U.S. government began to invest heavily in programs and technologies that would enhance the 

foreign language capacity of government agencies, as well as personnel” (Kluver, Campbell, & 

Balfour, 2013, p. 10). To close this language and intelligence gap, numerous intelligence 

agencies (e.g., the Defense Advanced Research and Projects Agency, Raytheon BBN 

Technologies, and the U.S. Department of Defense) developed various multimedia translation 

systems including the Global Autonomous Language Exploitation (GALE), the Global 

Networked Media Archive (GNMA), and the Technology Support Working Group (or TSWG) 

projects (Kluver et al., 2013; Olive, Christianson, & McCary, 2011). In addition to the ability of 

these systems to collect and store media content from multiple languages, they contain many 

essential features, such as: generating machine translations of spoken texts, identifying speakers 

based on voice quality, setting the parameters for the beginning and the end of a text, and 

identifying common names and recurring subjects in a text (Kluver et al., 2013).  

Data Collection  

Using four search terms (“Donald Trump,” “Hillary Clinton,” “Republican Party,” and 

“Democratic Party”), the researcher pulled stories from the Chinese, Russian, and Saudi Arabian 

state-owned and identified pro-government news sources available in the M3S system. The 

researcher used numerous studies’ criteria for identifying the state-owned and pro-government 

news sources (see Damm & Cooley, 2017; Enikolopov et al., 2011; Kluver et al., 2016; Nisbet & 

Myers, 2011; W3N, 2016a, 2016b, 2016c; WAN-IFRA, 2016).  

In total, there are 14 state-owned and identified pro-government broadcast TV and online 

news sources analyzed in this study: Chinese (6 sources), Russian (5 sources), and Saudi Arabian 

(3 sources). The six Chinese sources include one broadcast TV outlet (CCTV) and five online 

newspapers (China Mil, Enlightenment Daily, Global Times, Ministry Foreign Affairs, and 
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Remin Ribao). The five Russian sources include one broadcast TV outlet (Rossiya24) and four 

online newspapers (Arguments and Facts, Izvestia, Komsomolskaya Pravda, and Moskovskij 

Komsomolets). Lastly, the three Saudi sources include one broadcast TV outlet (Al Arabiya) and 

two online newspapers (Al-Hayat and Al Riyadh). As noted by numerous polls and news media 

ratings surveys (see Fredheim, 2015; IPSOS, 2014; W3N, 2016a, 2016b, 2016c), nearly all of 

these news media sources used in this study have been, and remain, well-circulated within their 

respective nation states. 

The data collection and analyses for this study were conducted around four separate 

events surrounding the 2016 U.S. presidential election campaign: 1) Democratic and Republican 

National Conventions, 2) First Presidential Debate, 3) Election Day, and 4) Inauguration Day. 

The first event includes stories from one week before, the week of, and one week after the 

Republican National Convention (RNC) and the Democratic National Convention (DNC). The 

RNC was held from July 18, 2016 – July 21, 2016, and the DNC was held from July 25, 2016 – 

July 28, 2016. Thus, news stories from the political party conventions were collected from July 

11, 2016 – August 4, 2016.  

The second event includes stories from one week before, the week of, and one week after 

the first presidential debate. Since the first presidential debate was held on September 26, 2016, 

the news stories surrounding the debate were collected from September 19, 2016 – October 3, 

2016. The third event includes stories from one week before, the week of, and one week after the 

day of the 2016 U.S. presidential election. Since the Election Day occurred on Tuesday, 

November 8, 2016, the news stories were collected from November 1, 2016 – November 15, 

2016 for the Election Day data pull. Lastly, the fourth event includes stories from one week 

before, the week of, and one week after the day of the presidential inauguration. Inauguration 
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Day occurred on Friday, January 20, 2017. Therefore, news stories from this timeframe were 

collected from January 13, 2017 – January 27, 2017.  

Data Collection Procedures. The M3S search engine allows the researcher to define the 

search parameters (e.g., search term, language translation, search dates, and news source). After 

entering the search parameters, the researcher selects the search key and all news stories appear 

in reverse chronological order on the web page, according to the set search parameters. When a 

researcher selects a news story from this list, the M3S opens the transcribed story, which 

includes two side-by-side columns, one with the English translated text, and the other with the 

native language text. The researcher can scroll through the transcribed columns to find the search 

term, which is highlighted. The M3S software pulls roughly two to three paragraphs before and 

after each paragraph in which the search term is located to allow for a contextual understanding 

of the news stories in which the search term is located. The M3S system then exports the native 

language transcripts (but not the transcribed English translations) into an excel spreadsheet. 

Data Translations. In addition to the most apparent limitation (i.e., translation accuracy), 

the other major limitation when analyzing translated media content is the semantics and 

contextual constraints (Baker, 2010; Gambier & Gottlieb, 2001; Kluver et al., 2013). This 

limitation involves the potential to misunderstand or overlook the colloquial terms and the actual 

meaning of the translated media content (Baker, 2010; Gambier & Gottlieb, 2001; Kluver et al., 

2013). Although one cannot avoid the aforementioned limitations, the news sources and 

languages available in the M3S system are, at least in part, justified by the translation accuracies 

among the eight languages.  

The Translation Quality Index (TQI) measures the accuracy of language translations 

based on the number and type of errors detected in a given sample of translated content 
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(Schiaffino & Zearo, 2005). According to TQI’s standards, any sample of translated content in 

which the translations average over 80% in accuracy are considered satisfactory translations 

(Schiaffino & Zearo, 2005). From Kluver and colleagues’ (2013) measurements, the average 

M3S language translation accuracies for all three nations in this study are above the 80% line of 

demarcation (i.e., Chinese = 88%, Russian = 84%, and Saudi Arabian = 91%). Although these 

are not perfect translations of the native language texts, these translation accuracies are high 

enough to justify the use of the Chinese, Russian, and Saudi Arabian news sources in this study. 

To further ensure transcription accuracy, the translated texts were run through a second language 

translation software program known as Babylon 10 (Babylon 10, 2016). 

Data Pulls & Sampling 

 As previously mentioned, 14 news sources were examined across the three nations. 

Initially, the total (N) news story count from the RNC/DNC (n = 2,003), First Presidential 

Debate (n = 1,371), Election Day (n = 2,214), and Inauguration Day (n = 1,396) data pulls 

combined was 6,984 stories. However, given the overwhelming volume of news stories across 

the four data pulls, this study reduced the number of news stories to analyze by using the Raosoft 

(2017) online sample size calculation software to sample the data. Using the total population size 

(N = 6,984) and Raosoft’s recommended 5% margin of error, 95% confidence level, and 50% 

response distribution, the Raosoft software calculated the sample sizes for each of the three 

nations. As shown on the following page in Table 3.1, the total sample size is 365 news stories, 

and the proportionate stratified sample sizes among the three nations include: China (n = 102), 

Russia (n = 166), and Saudi Arabia (n = 97). From there, the researcher used this sampling 

procedure to further sample the frequencies by the four data pulls according to their percent 

distributions in the original frequencies from each nation. 
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Table 3.1: Frequencies & Sampled Frequencies by Data Pull* 
Nation RNC/DNC 1st Debate Election Day Inauguration Day Total (N): 

China    288 (15)    537 (28)    608 (32)    516 (27) 1,949 (102) 

Russia 1,010 (52)    471 (26) 1,058 (55)    642 (33) 3,181 (166) 

Saudi Arabia    705 (37)    363 (19)    548 (28)    238 (13) 1,854 (97) 

Total (N):    2,003 (104) 1,371 (73)   2,214 (115) 1,396 (73) 6,984 (365) 

*Parentheses indicate sampled news story frequencies. 

 

In addition to the sampled news story frequencies listed above in Table 3.1, it is 

important to address various longitudinal trends in the news story frequencies across the four 

data pulls collectively. First, the Election Day pulls have highest frequency of news stories, 

which is not surprising given the relevance and newsworthiness of the actual Election Day 

occurring within this data pull. Secondly, regarding keyword search term trends across the three 

nations (see Appendix A for more details on the sampling procedure and the story frequencies 

from the four data pulls), the “Donald Trump” keyword had the most stories in the RNC/DNC, 

Election Day, and Inauguration Day data pulls while “Democratic Party” keyword had the most 

stories in the First Presidential Debate data pull. Furthermore, the “Hillary Clinton” keyword had 

the least stories in the RNC/DNC and Inauguration Day data pulls, and the “Republican Party” 

keyword had the least stories in the First Presidential Debate and Election Day data pulls. 

 Another noteworthy longitudinal data trend pertains to the frequency patterns in keyword 

searches within each of the three nations’ news sources across the four pulls (see Appendix A). 

For the Chinese sources, the “Republican Party” keyword had the most stories in the RNC/DNC 

data pull, the “Democratic Party” keyword had the most stories in the First Presidential Debate 

data pull, and the “Donald Trump” keyword had the most stories in the Election Day and 

Inauguration Day data pulls. For the Russian sources, the “Donald Trump” keyword had the 

most stories in all four data pulls. For the Saudi Arabian sources, the “Democratic Party” 

keyword had the most stories in the RNC/DNC data pull, the “Hillary Clinton” keyword had the 
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most stories in the First Presidential Debate data pull, and the “Donald Trump” keyword had the 

most stories in the Election Day and Inauguration Day data pulls.  

As one final note, the broadcast TV stories comprise approximately 42% and the online 

news sites comprise roughly 58% of the total news stories. Among the Chinese news sources, the 

broadcast TV stories comprise approximately 39% and the online news comprise approximately 

61% of the total Chinese news stories. Among the Russian news sources, the broadcast TV 

stories also comprise approximately 39% and the online news comprise approximately 61% of 

the total Russian news stories. Lastly, among the Saudi Arabian news sources, the broadcast TV 

stories comprise approximately 50% and the online news comprise roughly 50% of the total 

Saudi Arabian news stories. The researcher used these proportions for the final step in sampling 

the news stories by each of the 14 news media outlets used in this study. The frequencies for 

each news outlet across the four data pulls are shown below in Table 3.2. 

Table 3.2: News Media Outlet Stories by Data Pull* 
Chinese Sources RNC/DNC 1st Debate Election Day Inauguration Day Total (N): 

CCTV 143 (6) 263 (11)   132 (13)   225 (11)  763 (41) 

China Mil     5 (1)   1 (0)     3 (1)     4 (2)  13 (4) 

Enlightenment Daily 134 (5) 33 (3)   63 (8)   51 (3)  281 (19) 

Global Times     1 (1)   172 (6) 295 (5)           169 (5)  637 (17) 

Min. Foreign Affairs     3 (1)   5 (2)   10 (2)   13 (3)  31 (8) 

Remin Ribao     2 (1) 63 (6) 105 (3)   54 (3)  224 (13) 

Total (N):   288 (15) 537 (28)   608 (32)   516 (27) 1,949 (102) 
 

Russian Sources RNC/DNC 1st Debate Election Day Inauguration Day Total (N): 

Arguments & Facts 204 (8) 73 (4)    196 (10)  70 (4)  543 (26) 

Izvestia     183 (8)   141 (6)       259 (11)           161 (7)    744 (32) 

Komsomolskaya Prav.   16 (1)   2 (0)    14 (4)    4 (4)  36 (9) 

Moskovskij Koms.   222 (15)     85 (5)    229 (10)             83 (6)  619 (36) 

Rossiya24     385 (20)   170 (10)    360 (20)   324 (13) 1,239 (63) 

Total (N):  1,010 (52) 471 (25)    1,058 (55)   642 (34) 3,181 (166) 
 

Saudi Sources RNC/DNC 1st Debate Election Day Inauguration Day Total (N): 

Al Arabiya   243 (15) 201 (10)    355 (14) 120 (6) 919 (45) 

Al-Hayat   250 (12)   116 (5)    27 (5)   79 (4)    472 (26) 

Al Riyadh   212 (10) 46 (4)       166 (9)   39 (3)    463 (26) 

Total (N):   705 (37) 363 (19)    548 (28)   238 (13) 1,854 (97) 

*Parentheses indicate sampled news story frequencies. 
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Approaches to Multimedia Analysis 

As Matthes and Kohring (2008) explain, there are primarily five methodological 

approaches for examining and measuring multimedia content: 1) hermeneutic, 2) linguistic, 3) 

manual holistic, 4) computer-assisted, and 5) deductive. The hermeneutic approach to studying 

multimedia content is a qualitative approach that attempts to identify themes and media frames 

“by providing an interpretative account of media texts linking up frames with broader cultural 

elements” (Matthes & Kohring, 2008, p. 259). This approach rarely quantifies these themes 

and/or media frames, rather it examines (in great detail) smaller samples of discourse pertaining 

to a given issue or event to determine how the media characterize the issue or event (Matthes & 

Kohring, 2008). The main criticisms of the hermeneutic approach are its tendency toward 

subjective interpretations of media content and, subsequently, issues with validity and reliability 

(Downs, 2002; Matthes & Kohring, 2008). As Downs (2002) notes, researchers using the 

hermeneutic approach “bear the burden of supporting personally observed claims, and support is 

more experiential and contextually contingent than empirical” (p. 47). 

 The linguistic approach to studying multimedia content is based on the premise that 

specific words and phrases are the building blocks of the media content (Entman, 1993; Matthes 

& Kohring, 2008). This approach is characterized by its analysis of “the selection, placement, 

and structure of specific words and sentences in a text” (Matthes & Kohring, 2008, p. 260). 

Thus, the linguistic approach most often focuses on portions of an article (e.g., specific 

paragraphs) rather than the full article itself (Matthes & Kohring, 2008). The main difference 

between the linguistic approach and the hermeneutic approach is the linguistic approach’s 

emphasis on specific language elements (e.g., rhetoric, scripts, syntax, and themes) that indicate 

a theme or media frame (Matthes & Kohring, 2008; Pan & Kosicki, 1993). The benefits of the 
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linguistic approach are its extensive and systematic analyses of texts, but the drawbacks of this 

approach are its methodological complexities and lack of clarity in determining how the 

linguistic elements signify a theme or media frame (Matthes & Kohring, 2008). 

 The manual holistic approach to studying multimedia content differs from the 

hermeneutic and linguistic approaches primarily in how the themes and/or media frames are 

collected and coded (Matthes & Kohring, 2008). In this approach, themes and media frames are 

“first generated by a qualitative analysis of some news texts and then are coded as holistic 

variables in a manual content analysis” (Matthes & Kohring, 2008, p. 260). Researchers using 

the manual holistic approach typically conduct in-depth, qualitative analyses of the media 

content, generate media frames based on the most common themes, define those frames in a 

codebook, and then conduct quantitative content analyses using the defined media frames 

(Matthes & Kohring, 2008; Segvic, 2005). The benefits of the manual holistic approach are its 

systematic analyses and ability to quantify the data, but the drawbacks of this approach are its 

subjectivity, lack of clarity, and lack of replication in determining the coding categories for the 

themes and media frames (Matthes & Kohring, 2008). 

 The computer-assisted approach to studying multimedia content is characterized by its 

ability to use technology to increase the objectivity, validity, and reliability in multimedia 

analyses (Matthes & Kohring, 2008). The most important procedure in this approach is known as 

“frame mapping,” which is the method for identifying certain words that are clustered together in 

some texts and are not clustered together in other texts (Matthes & Kohring, 2008; Miller, 1997). 

Researchers using the computer-assisted approach can identify these clustered words through 

computer programs and cluster algorithms (Matthes & Kohring, 2008). The main benefit in using 

this approach is its “objectivity in frame extraction. Frames are not ‘found’ by the researcher but 
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‘computed’ by the computer program” (Matthes & Kohring, 2008, p. 261). However, the 

drawbacks of this approach are its inability to contextually interpret symbolic meaning, its lack 

of clarity in describing how the themes and/or media frames are determined, and that it is limited 

to electronic texts (Matthes & Kohring, 2008). 

 Lastly, the deductive approach to studying multimedia content differs from all the 

aforementioned inductive approaches (Matthes & Kohring, 2008). The deductive approach 

develops themes and media frames from established theoretical models and concepts, and codes 

the themes and media frames in a content analysis (Dimitrova et al., 2005; Matthes & Kohring, 

2008; Semetko & Valkenburg, 2000). The main benefit in using this approach is that it is rooted 

in theory, but the main drawback to this approach is that it “demands a clear idea of the frames 

likely to be encountered. Hence, deductive studies are limited to already established frames” 

(Matthes & Kohring, 2008, p. 262). Although each of these five methodological approaches have 

distinct merits, this study primarily uses the manual holistic approach to analyze the common 

themes and issues presented among the Chinese, Russian, and Saudi Arabian news stories. 

Furthermore, this study uses the manual holistic approach by inductively analyzing news stories 

from preliminary analyses of the four data pulls to develop the coding categories used in the 

codebook. 

Coding Procedures & Measures 

The following subsections describe the procedural details and measures for developing 

the codebook (or coding scheme) used in this study. Clarity in describing how the coding 

categories are developed and measured in this study is important to the study’s validity, 

reliability, and replicability in future research (Babbie, 1999, 2013; Krippendorff, 2012). Thus, 

the following subsections specifically discuss the inductive steps the researcher used to develop 
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the codebook, the quantitative categories and strategies, the statistical analyses, and the 

qualitative categories and strategies used in this study. 

 Manual Holistic Approach to Coding. As previously mentioned, the total sampled 

news story count across the four data pulls was 365. The units of analysis in this study were the 

translated texts/paragraphs from the collected news stories. In order to develop the codebook 

inductively, the primary researcher recruited another researcher to help develop coding 

categories from approximately 20% (i.e., 72) of the total news stories. More specifically, these 

preliminary analyses came from randomly selected news stories from the four data pulls: 

RNC/DNC (n = 18), First Presidential Debate (n = 18), Election Day (n = 18), and Inauguration 

Day (n = 18). Furthermore, the preliminary pull frequencies for each of the four data pulls were 

divided as follows: Chinese (n = 6), Russian (n = 6), and Saudi Arabian (n = 6). 

 Because this is a content analysis of the Chinese, Russian, and Saudi Arabian news 

coverage of the 2016 U.S. presidential election, this study reports both the quantitative and 

qualitative findings of this data. As Bryman (2006) notes, numerous studies in the social sciences 

and humanities use a combination of quantitative and qualitative research methodologies to 

analyze any given social phenomena. Especially for the content analysis method, researchers 

commonly use both quantitative and qualitative approaches to analyze any given unit of analysis 

or content of interest (Babbie, 1999, 2013; Krippendorff, 2012; White & Marsh, 2006). After 

comparing the preliminary results with the recruited researcher, the most common events, issues, 

nations, people, and themes were categorized into two types of coding categories (i.e., 

quantitative codes and qualitative codes) and added to the codebook (see Appendix B). 

Quantitative Coding Categories & Strategies. Each news story was coded according to 

three quantitative categories: 1) Presentation of Key Search Terms, 2) Global Impact, and 3) 
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National Impact. The first quantitative category, Presentation of Key Search Terms, comprises 

the four search terms (or variables): 1) Donald Trump, 2) Hillary Clinton, 3) Republican Party, 

and 4) Democratic Party. This first category was used to answer the first four research questions 

pertaining to the presentations of Trump (RQ1), Clinton (RQ2), the Republican Party (RQ3), and 

the Democratic Party (RQ4). Drawing from various measures and criteria used in previous 

studies (see An & Gower, 2009; De Vreese, 2005; De Vreese et al., 2001, 2006; Lengauer, Esser, 

& Berganza, 2011; Patterson, 2000; Semetko & Valkenburg, 2000; Wayne & Murray, 2009), 

these four variables were rated based on four response choices for each of the news story’s 

overall presentation of the presidential candidates and/or their political parties: “Negative 

Presentation” (-1), “Neutral Presentation” (0), “Positive Presentation” (1), or “N/A” (9). 

In regard to operationalizing these response choices, Negative Presentation stories are 

stories that criticize and/or negatively discuss a political candidate and/or the candidate’s 

political party (e.g., presenting them as dishonest, ignorant, incompetent, and untrustworthy). For 

example, “In the Republican Convention, another embarrassing moment occurred when Donald 

Trump’s wife drew negative attention with her speech. Melania’s speech, was exactly identical 

to Michelle Obama’s 2008 speech… The Republican Convention featured unprecedented 

divisions, chaos, and is clearly broken” (Al Arabiya, 7/24/2016). Neutral Presentation stories are 

stories that do not have an apparent slant or bias toward a political candidate or their political 

party, such as “Canada and Mexico have close trade relations with the United States, and their 

markets tend to view Clinton as a person who is likely to maintain the status quo, but they do not 

know what a Trump presidency would mean for US foreign policy, world trade agreements, or 

their local economies” (Al-Hayat, 9/27/2016).  
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Positive Presentation stories are stories that commend and/or positively discuss a 

political candidate and/or the candidate’s political party as (e.g., presenting them as competent, 

honest, knowledgeable, and trustworthy). For example, “The US election results were 

unexpected to Moscow… Trump’s victory is promising for future US-Russian relations and will 

be a chance to solve the problem of the anti-Russian sanctions” (Izvestia, 11/11/2016). If a news 

story contained both positive and negative presentations of a political candidate and/or the 

candidate’s political party, the researcher coded the story as both positive and negative. Lastly, 

Not Applicable (N/A) stories are stories that do not mention the particular political candidate(s) 

and/or their political party (or parties). For example, “Racial discrimination has long been a 

major problem in the United States. These moments of violence always create mass protests and 

social unrest. But these issues will continually occur in the US, because there is not a solution to 

the problem” (Rossiya24, 7/18/2016). 

Following the aforementioned coding category, the second quantitative coding category, 

Global Impact, comprised two variables: 1) Trump/Republican Party’s Global Impact and 2) 

Clinton/Democratic Party’s Global Impact. The third quantitative coding category, National 

Impact, is also composed of two variables: 1) Trump/Republican Party’s National Impact and 2) 

Clinton/Democratic Party’s National Impact. Like the first quantitative coding category, these 

categories help answer the research questions pertaining to the presentations of Trump (RQ1), 

Clinton (RQ2), the Republican Party (RQ3), and the Democratic Party (RQ4). Both the global 

impact and national impact codes include the same four response choices: “Negative Impact” (-

1); “Neutral/No Impact” (0); “Positive Impact” (1); or “N/A” (9). 

In regard to operationalizing these response choices, Negative Impact stories are stories 

that portray a political candidate or political party as having, or potentially having, a negative 
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effect on geopolitics or a specific nation. For example, “Now the question is how Russia will 

deal with the threats of Mrs. Clinton. As a result of the hacking and cyber-attacks, there is no 

doubt that Russia’s relationship with the United States will not thrive if Clinton is elected” 

(Rossiya24, 9/27/2016). Neutral/No Impact stories are stories that portray a political candidate or 

political party as having, or potentially having, little-to-no effect on geopolitics or a specific 

nation. For example, “Change is not expected within the Arab world… The minds of most Arabs 

are full of exclamation marks, questions, and doubts for the future” (Al Riyadh, 9/30/2016). 

Positive Impact stories are stories that portray a political candidate or political party as 

having, or potentially having, a positive effect on geopolitics or a specific nation. For example, 

“If anyone has demonstrated that they cannot be trusted, it is Barack Obama. For many people in 

Russia, Trump would be a much greater alternative than the current US president” (Arguments 

and Facts, 11/7/2016). Lastly, Not Applicable (N/A) stories are stories that do not mention the 

impact a particular political candidate and/or their political party have on global politics or other 

nations. For example, “After swearing in, Trump said in his speech that he was committed to his 

campaign promise to ‘restore America’s greatness’ and that he would work to end divisions in 

the country” (Al-Hayat, 1/20/2017). 

Before addressing the specific statistical analyses used in this study, it is important to 

mention that the coded data files were uploaded into the Statistical Package for the Social 

Sciences (SPSS) software (IBM-SPSS, 2017) to conduct the statistical tests. Additionally, it is 

important to mention that the “N/A” values for the aforementioned quantitative coding categories 

have a value of (9) because this is the standard value used in SPSS to denote missing data. The 

following subsection addresses the specific statistical tests (or techniques) used in this study.  



74 
 

Statistical Analyses. The two most common statistical elements of quantitative content 

analyses are the measuring of inter-coder reliability and the quantifying, and reporting, of the 

coding frequencies in recurring text content (Franzosi, 2008; Hayes, 2005; Riffe et al., 2014; 

White & Marsh, 2006). The statistical techniques one uses in a quantitative content analysis are 

largely determined by the manner in which one quantifies the coding scheme (Franzosi, 2008; 

Riffe et al., 2014). Although there are various statistical techniques that can be used in 

quantitative content analyses, this study primarily used four statistical tests: 1) t-tests, 2) chi-

square (or cross-tabulations), 3) analysis of variance (or ANOVA), and 4) Spearman’s rank 

correlation coefficient (or Spearman’s Rho). 

First, the t-test statistical technique is frequently used in quantitative research (Daniel & 

Cross, 2013, Franzosi, 2008). The t-test is the most basic statistical method for determining 

whether there is a statistical difference between the arithmetic means of two groups (Babbie, 

2013; Daniel & Cross, 2013; Hayes, 2005; Wimmer & Dominick, 2013). Although the 

quantitative coding categories in this study exclusively contain categorical variables, the 

variables are designed in intervals with equivalent differences between the variables’ values (i.e., 

-1, 0, and 1). Thus, t-tests (specifically, independent samples t-tests) are appropriate for 

analyzing the coded data results in this study. As indicated by its title, the independent samples t-

test determines if the arithmetic means of groups (or variables) between two independent 

samples are statistically different from each other (Daniel & Cross, 2013). This study used 

independent samples t-tests to measure the differences between the means of the quantitative 

coding categories among the Chinese, Russian, and Saudi Arabian data results. 

Second, chi-square tests (also referred to as “cross-tabulations”) are, perhaps, the most 

common statistical technique used in the quantitative content analysis method (Franzosi, 2008; 
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Riffe et al., 2014; Watson & Potter, 2015). One of the most commonly used tests and 

distributions, chi-square is used to determine whether the frequency distributions of two (or 

more) categorical variables (or independent groups) differ from each other (Daniel & Cross, 

2013; Kiliç, 2016). According to Daniel and Cross, “The chi-square distribution is the most 

frequently employed statistical technique for the analysis of count or frequency data” (2013, p. 

601). Furthermore, chi-square tests compare observed data with expected data according to the 

specified null hypothesis or hypotheses (Kiliç, 2016). This study used chi-square tests to measure 

the differences between the frequencies of the quantitative coding categories among the Chinese, 

Russian, and Saudi Arabian data results. 

Third, analysis of variance (ANOVA) tests are another commonly used statistical 

technique in quantitative content analyses (Hayes, 2005; Riffe et al., 2014; Watson & Potter, 

2015). The ANOVA test is defined as a “technique whereby the total variation present in a set of 

data is partitioned into two or more components. Associated with each of these components is a 

specific source of variation, so that in the analysis it is possible to ascertain the magnitude of the 

contributions of each of these sources to the total variation” (Daniel & Cross, 2013, p. 306). As 

Daniel and Cross (2013) note, ANOVA tests are composed of an F test and an F distribution 

(i.e., the ratio of two chi-square distributions). Like the chi-square test, the ANOVA test can test 

two or more groups, but its focus is on group differences rather than differences in observed and 

expected frequencies (Daniel & Cross, 2013). Similar to the above statistical tests, this study 

used ANOVA tests to further measure the differences between the means of the quantitative 

coding categories among the Chinese, Russian, and Saudi Arabian data results.  

Lastly, Spearman’s rank correlation coefficient (also known as “Spearman’s rho”) is 

another common statistical technique used in quantitative content analyses (Franzosi, 2008; 



76 
 

Hayes, 2005; Wimmer & Dominick, 2014). Spearman’s rho is a nonparametric correlation 

measure that determines whether two variables’ frequency rankings are statistically dependent 

(or correlated) to each other (Daniel & Cross, 2013; Hayes, 2005; Schmid & Schmidt, 2007; 

Wimmer & Dominick, 2014). This study uses the Spearman’s rho test to determine if there is a 

rank correlation (either directly or inversely) between the frequencies of the qualitative coding 

categories among the Chinese, Russian, and Saudi Arabian data results. Having discussed the 

quantitative coding categories and the appropriate statistical tests for this study, the following 

subsection addresses the coding categories and strategies for the qualitative content analysis used 

in the study. 

Qualitative Coding Categories & Strategies. The five qualitative categories that the 

researcher coded for are: 1) Other Political Figures, 2) Cited News Media Outlets, 3) U.S. 

Domestic Policies, 4) U.S. Foreign Policies, and 5) Specific Issues/Themes Mentioned. Unlike 

the quantitative categories, the qualitative categories do not include response options, but instead 

were left open-ended for the researcher (or coders) to fill-in and to keep track of the frequency of 

mentions. The first qualitative coding category, Other Political Figures, was developed to 

answer the sixth research question pertaining to frequently mentioned political leaders (both U.S. 

and global). The second qualitative coding category, Cited News Media Outlets, was developed 

to answer the seventh research question pertaining to the most cited news sources. The final three 

qualitative coding categories (U.S. Domestic Policies, U.S. Foreign Policies, and Specific 

Issues/Themes Mentioned) were all developed to answer the fifth research question pertaining to 

issue/topic salience among the news stories. 

As Hsieh and Shannon (2005) note, the three distinct approaches to conducting a 

qualitative content analysis are: 1) conventional, 2) directed, and 3) summative. The 
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conventional approach to conducting a qualitative content analysis is “generally used with a 

study design whose aim is to describe phenomenon,” and is most helpful when there is limited 

existing scholarly literature about the phenomenon (Hsieh & Shannon, 2005, p. 1279). In this 

approach, instead of using coding categories from previous research studies, the content analysis 

categories are developed inductively (Hsieh & Shannon, 2005). 

Unlike the conventional approach, the directed approach to conducting a qualitative 

content analysis is “guided by a more structured process” because the directed approach works 

deductively to draw from previous research and established theories about the phenomenon or 

focus of the study (Hsieh & Shannon, 2005, p. 1281). Lastly, the summative approach to 

conducting a qualitative content analysis most often “starts with identifying and quantifying 

certain words or content in text with the purpose of understanding the contextual use of the 

words or content” (Hsieh & Shannon, 2005, p. 1283). As indicated previously, this study’s 

approach to conducting the qualitative content analysis uses some features and characteristics 

from each of these three approaches because the codebook contains inductive coding categories 

that are quantifiable. 

Inter-Coder Reliability. Before coding the proportionate stratified data sample, the 

coders (i.e., the primary researcher and recruited researcher) individually analyzed and coded the 

preliminary data (n = 72 stories). Next, the researchers compared their findings and tested for 

inter-coder reliability using the Cohen’s (1960) kappa method, which is a reliability index for 

measuring the inter-rater agreement between two raters’ assessments of qualitative data (e.g., 

categorical variables and nominal scales). Kappa scores range from -1.00 to +1.00 (Cohen, 

1960). Although many scholars (see Gisev, Bell, & Chen, 2013; Krippendorff, 2004; McHugh, 

2012; Sim & Wright, 2005; Sinha, Yimprayoon, & Tiensuwan, 2006; Yimprayoon, 2013) 
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continue to debate about which kappa scores constitute high, moderate, and low levels of 

agreement, this study used Landis and Koch’s (1977) measurement that includes six agreement 

ratings: 1) Very Good (0.81-1.00), 2) Good (0.61-0.80), 3) Moderate (0.41-0.60), 4) Fair (0.21-

0.40), 5) Poor (0.0-0.20), and 6) No Agreement (< 0.0). The following inter-coder reliability 

results are separated by the three quantitative coding categories (and corresponding variables) 

and the five qualitative coding categories. 

When comparing the coders’ findings of the three quantitative coding categories, all three 

categories scored higher than .80 on the kappa levels of agreement index: Presentation of Key 

Search Terms (K = .87), Global Impact (K = .89), and National Impact (K = .83). The four 

variables under the Presentation of Key Search Terms coding category all scored higher than .80: 

“Donald Trump” (K = .84), “Hillary Clinton” (K = .89), “Republican Party” (K = .90), and 

“Democratic Party” (K = .86). The two variables under the Global Impact coding category both 

scored higher than .85: “Global Impact – Trump/Republican Party” (K = .91) and “Global Impact 

– Clinton/Democratic Party” (K = .88). Lastly, the two variables under the National Impact 

coding category both scored higher than .80: “National Impact – Trump/Republican Party” (K = 

.85) and “National Impact – Clinton/Democratic Party” (K = .82). Thus, the overall kappa score 

for the quantitative coding categories is .86. 

When comparing the coders’ findings of the five qualitative coding categories, all five 

categories also scored higher than .80: Other Political Figures (K = .81), Cited News Media 

Outlets (K = .84), U.S. Domestic Policies (K = .82), U.S. Foreign Policies (K = .83), and Specific 

Issues/Themes Mentioned (K = .81). Thus, the overall kappa score for the qualitative coding 

categories is .82. Furthermore, the overall inter-coder reliability for the combined quantitative 

and qualitative coding categories between the two coders using Cohen’s kappa is .84 (or 84%). 
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When comparing this overall kappa score to Landis and Koch’s (1977) agreement ratings 

measurements, the overall inter-coder reliability for the preliminary data falls under the “Very 

Good” (i.e., 0.81-1.00) rating. 

This chapter examined the key elements and features of the content analysis method used 

in this study. This chapter also detailed the database, data collection procedures, data pulls and 

data sampling procedures, various approaches to analyzing multi-media content, and the coding 

procedures and measures for this study. Having addressed this study’s methodological details, 

the next chapter sets out this study’s quantitative and qualitative results. 
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CHAPTER FOUR: RESULTS 

 

 For this chapter, the results are separated by the four data pulls and the overall, combined 

results. The results are also divided into three sections: 1) Quantitative Results, 2) Qualitative 

Results, and 3) Sample News Content. 

RNC/DNC Results 

RNC/DNC Quantitative Results 

 The quantitative coding frequencies from the RNC/DNC data pull are shown in Table 

4.1. From Table 4.1, the overall RNC/DNC results show that all four search terms averaged 

negative news coverage, with the “Democratic Party” (μ = -.20) as the most negative followed 

by: “Hillary Clinton” (μ = -.13), “Donald Trump” (μ = -.10), “Republican Party” (μ = -.04). 

Despite the unanimous negative presentations across the search terms, the presentations differed 

among the three nations. The Chinese sources presented Trump (μ = -.78) and the Republican 

Party (μ = -.56) negatively, and Clinton (μ = .21) and the Democratic Party (μ = .09) positively. 

The Saudi sources also presented Trump (μ = -.65) and the Republican Party (μ = -.34) 

negatively, and Clinton (μ = .36) and the Democratic Party (μ = .26) positively. By comparison, 

however, the Russian sources presented Trump (μ = .43) and the Republican Party (μ = .33) 

positively, and Clinton (μ = -.59) and the Democratic Party (μ = -.61) negatively. 

This negative trend is also apparent in the overall RNC/DNC results for the global and 

national impact coding categories, with “Trump/Republican Party” as slightly more negative 

than “Clinton/Democratic Party” for global impact (μ = -.12) and (μ = -.10), and for national 
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impact (μ = -.13) and (μ = -.10). The Chinese sources presented “Trump/Rep.” with negative 

global (μ = -.78) and national (μ = -1.00) impacts, and “Clinton/Dem.” with positive global (μ = 

.33) and national (μ = .50) impacts. The Saudi sources also presented “Trump/Rep.” with 

negative global (μ = -.64) and national (μ = -.60) impacts, and “Clinton/Dem.” with positive 

global (μ = .35) and national (μ = .21) impacts. Lastly, the Russian sources presented 

“Trump/Rep.” with positive global (μ = .35) and national (μ = .32) impacts, and “Clinton/Dem.” 

with negative global (μ = -.48) and national (μ = -.67) impacts. 
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Table 4.1: RNC/DNC Quantitative Coding Frequencies 
 Key Search Terms 
 

Overall Sources 

“Donald Trump” 
(μ = -.10) (n = 90) 

“Hillary Clinton” 
(μ = -.13) (n = 76) 

“Rep. Party” 
(μ = -.04) (n = 80)  

“Dem. Party” 
(μ = -.20) (n = 76) 

Negative Pres. 44.4% 47.4% 30.0% 43.4% 

Neutral Pres. 21.1% 18.4% 43.8% 32.9% 

Positive Pres. 34.4% 34.2% 26.2% 23.7% 
 

 

Chinese Sources 

“Donald Trump” 
(μ = -.78) (n = 9) 

“Hillary Clinton” 
(μ = .21) (n = 14) 

“Rep. Party” 
(μ = -.56) (n = 9)  

“Dem. Party” 
(μ = .09) (n = 11) 

Negative Pres. 77.8% 28.6% 55.6% 27.3% 

Neutral Pres. 22.2% 21.4% 44.4% 36.4% 

Positive Pres.   0.0% 50.0%   0.0% 36.4% 
 

 

Russian Sources 

“Donald Trump” 
(μ = .43) (n = 47) 

“Hillary Clinton” 
(μ = -.59) (n = 37) 

“Rep. Party” 
(μ = .33) (n = 39)  

“Dem. Party” 
(μ = -.61) (n = 38) 

Negative Pres. 17.0% 70.3% 10.3% 63.2% 

Neutral Pres. 23.4% 18.9% 46.2% 34.2% 

Positive Pres. 59.6% 10.8% 43.6%   2.6% 
 

 

Saudi Sources 

“Donald Trump” 
(μ = -.65) (n = 34) 

“Hillary Clinton” 
(μ = .36) (n = 25) 

“Rep. Party” 
(μ = -.34) (n = 32)  

“Dem. Party” 
(μ = .26) (n = 27) 

Negative Pres. 73.5% 24.0% 46.9% 22.2% 

Neutral Pres. 17.6% 16.0% 40.6% 29.6% 

Positive Pres.   8.8% 60.0% 12.5% 48.1% 
 

 Global Impact National Impact 
 

Overall Sources 

“Trump/Rep.” 
(μ = -.12) (n = 68) 

“Clinton/Dem.” 
(μ = -.10) (n = 62) 

“Trump/Rep.” 
(μ = -.13) (n = 45)  

“Clinton/Dem.” 
(μ = -.10) (n = 42) 

Negative Impact 48.5% 45.2% 44.4% 45.2% 

Neutral/No Impact 14.7% 19.4% 24.4% 19.0% 

Positive Impact 36.8% 35.5% 31.1% 35.7% 
 

 

Chinese Sources 

“Trump/Rep.” 
(μ = -.78) (n = 9) 

“Clinton/Dem.” 
(μ = .33) (n = 12) 

“Trump/Rep.” 
(μ = -1.00) (n = 5)  

“Clinton/Dem.” 
(μ = .50) (n = 10) 

Negative Impact 77.8% 25.0%         100.0% 10.0% 

Neutral/No Impact 22.2% 16.7%   0.0% 30.0% 

Positive Impact   0.0% 58.3%   0.0% 60.0% 
 

 

Russian Sources 

“Trump/Rep.” 
(μ = .35) (n = 37) 

“Clinton/Dem.” 
(μ = -.48) (n = 33) 

“Trump/Rep.” 
(μ = .32) (n = 25)  

“Clinton/Dem.” 
(μ = -.67) (n = 18) 

Negative Impact 24.3% 60.6% 12.0% 72.2% 

Neutral/No Impact 16.2% 27.3% 44.0% 22.2% 

Positive Impact 59.5% 12.1% 44.0%   5.6% 
 

 

Saudi Sources 

“Trump/Rep.” 
(μ = -.64) (n = 22) 

“Clinton/Dem.” 
(μ = .35) (n = 17) 

“Trump/Rep.” 
(μ = -.60) (n = 15)  

“Clinton/Dem.” 
(μ = .21) (n = 14) 

Negative Impact 77.3% 29.4% 80.0% 35.7% 

Neutral/No Impact   9.1%   5.9%   0.0%   7.1% 

Positive Impact 13.6% 64.7% 20.0% 57.1% 
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The two-tailed, independent samples t-test statistical method was chosen because the 

research questions posed made no directional predictions for each item’s mean scores. This 

statistical procedure is necessary because this study is exploratory in nature since no prior 

research of such comparisons (i.e., Chinese, Russian, and Saudi news coverage of U.S. 

presidential elections) exists. The t-scores are a result from the F-statistic and the significance 

value in Levene’s test for equality of variances, and were determined based on a standardized 

alpha coefficient (α = .05). 

The independent samples t-test results from the RNC/DNC data pull are shown in Table 

4.2 and Table 4.3. As seen in Table 4.2, all four search terms were statistically significant 

between the Russian and Chinese sources, as well as the Russian and Saudi sources. Specifically, 

two of the means comparisons were significant at the .01 level, and six of the means comparisons 

were significant at the .001 level.   

From Table 4.3, and parallel to the results in Table 4.2, all four global and national 

impact coding categories were statistically significant between the Russian and Chinese sources, 

as well as the Russian and Saudi sources. Specifically, the statistically significant means 

comparisons were equally split with four comparisons occurring at the .01 level and four 

comparisons occurring at the .001 level.  
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Table 4.2: RNC/DNC T-Test Results for Key Terms 

Donald Trump 

Nation   N Mean  SD           t 

Chinese Sources     9  -.78 .441 -6.495*** 

Russian Sources   47   .43 .773  
 

Chinese Sources     9  -.78 .441 -.570 

Saudi Sources   34  -.65 .646  
 

Russian Sources   47   .43 .773 6.786*** 

Saudi Sources   34  -.65 .646  
 

Hillary Clinton 

Nation   N Mean  SD           t 

Chinese Sources   14   .21 .893    3.455** 

Russian Sources   37  -.59 .686  
 

Chinese Sources   14   .21 .893 -.501 

Saudi Sources   25   .36 .860  
 

Russian Sources   37  -.59 .686 -4.641*** 

Saudi Sources   25   .36 .860  
 

Republican Party 

Nation   N Mean  SD           t 

Chinese Sources     9  -.56 .527 -3.751*** 

Russian Sources   39   .33 .662  
 

Chinese Sources     9  -.56 .527 -.839 

Saudi Sources   32  -.34 .701  
 

Russian Sources   39   .33 .662 4.176*** 

Saudi Sources   32  -.34 .701  
 

Democratic Party 

Nation   N Mean  SD           t 

Chinese Sources   11   .09 .831   3.287** 

Russian Sources   38  -.61 .547  
 

Chinese Sources   11   .09 .831 -.575 

Saudi Sources   27   .26 .813  
 

Russian Sources   38  -.61 .547 -4.806*** 

Saudi Sources   27   .26 .813  

*p<0.05, **p<0.01, ***p<0.001 
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Table 4.3: RNC/DNC T-Test Results for Global & National Impact 
Global Impact – Trump/Republican Party 

Nation   N Mean  SD           t 

Chinese Sources     9  -.78 .441  -5.546*** 

Russian Sources   37   .35 .857  
 

Chinese Sources     9  -.78 .441     -.541 

Saudi Sources   22  -.64 .727  
 

Russian Sources   37   .35 .857 4.522*** 

Saudi Sources   22  -.64 .727  
 

Global Impact – Clinton/Democratic Party 

Nation   N Mean  SD           t 

Chinese Sources   12   .33 .888    3.189** 

Russian Sources   33  -.48 .712  
 

Chinese Sources   12   .33 .888     -.057 

Saudi Sources   17   .35 .931  
 

Russian Sources   33  -.48 .712   -3.251** 

Saudi Sources   17   .35 .931  
 

National Impact – Trump/Republican Party 

Nation   N Mean  SD           t 

Chinese Sources     5 -1.00 .000   -9.560*** 

Russian Sources   25    .32 .690  
 

Chinese Sources     5 -1.00 .000    -1.871    

Saudi Sources   15   -.60 .828  
 

Russian Sources   25    .32 .690   3.786** 

Saudi Sources   15   -.60 .828  
 

National Impact – Clinton/Democratic Party 

Nation   N Mean  SD           t 

Chinese Sources   10   .50 .707      4.655*** 

Russian Sources   18  -.67 .594  
 

Chinese Sources   10   .50 .707   .832    

Saudi Sources   14   .21 .975  
 

Russian Sources   18  -.67 .594     -2.978** 

Saudi Sources   14   .21 .975  

*p<0.05, **p<0.01, ***p<0.001 
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The RNC/DNC chi-square results for the presentation of key search terms are shown in 

Table 4.4 on the following page. The table shows that the chi-square results among the three 

nations were statistically significant for all four search terms: “Donald Trump” (X2 = 35.186, p = 

.000), “Hillary Clinton” (X2 = 19.979, p = .001), “Republican Party” (X2 = 19.323, p = .001), and 

“Democratic Party” (X2 = 21.692, p = .000). For the “Donald Trump” and “Republican Party” 

presentations, the Russian sources comprise the most positive and neutral presentations, while 

the Saudi sources comprise the most negative presentations. Additionally, for the “Hillary 

Clinton” and “Democratic Party” presentations, the Russian sources comprise the most negative 

and neutral presentations, while the Saudi sources comprise the most positive presentations. 

When comparing the expected and observed frequencies for the RNC/DNC presentation 

of key search terms, the Chinese and Saudi sources had higher negative frequencies and lower 

positive frequencies for both the “Donald Trump” and “Republican Party” presentations. The 

Chinese and Saudi sources also had lower negative frequencies and higher positive frequencies 

for both the “Hillary Clinton” and “Democratic Party” presentations. Alternatively, the Russian 

sources had lower negative frequencies and higher positive frequencies for the “Donald Trump” 

and “Republican Party” presentations. The Russian sources also had higher negative frequencies 

and lower positive frequencies for the “Hillary Clinton” and “Democratic Party” presentations. 

 

 

 

 

 

 

 

 

 

 

 

 



87 
 

Table 4.4: RNC/DNC Chi-Square Results for Key Terms 

Donald Trump 
 

Presentation 

Chinese Sources Russian Sources Saudi Sources  

X2 Exp. n Obs. n (%) Exp. n Obs. n (%) Exp. n Obs. n (%) 

Negative Pres. 4.0   7 (77.8%) 20.9   8 (17.0%) 15.1 25 (73.5%) 35.186*** 

Neutral Pres. 1.9   2 (22.2%) 9.9 11 (23.4%) 7.2   6 (17.6%)  

Positive Pres. 3.1   0 (0.0%) 16.2 28 (59.6%) 11.7   3 (8.8%)  

Total: 9.0   9 47.0 47 34.0 34  
 

Hillary Clinton 
 

Presentation 

Chinese Sources Russian Sources Saudi Sources  

X2 Exp. n Obs. n (%) Exp. n Obs. n (%) Exp. n Obs. n (%) 

Negative Pres. 6.6   4 (28.6%) 17.5 26 (70.3%) 11.8   6 (24.0%) 19.979** 

Neutral Pres. 2.6   3 (21.4%) 6.8   7 (18.9%) 4.6   4 (16.0%)  

Positive Pres. 4.8   7 (50.0%) 12.7   4 (10.8%) 8.6 15 (60.0%)  

Total: 14.0 14 37.0 37 25.0 25  
 

Republican Party 
 

Presentation 

Chinese Sources Russian Sources Saudi Sources  

X2 Exp. n Obs. n (%) Exp. n Obs. n (%) Exp. n Obs. n (%) 

Negative Pres. 2.7   5 (55.6%) 11.7   4 (10.3%) 9.6 15 (46.9%) 19.323** 

Neutral Pres. 3.9   4 (44.4%) 17.1 18 (46.2%) 14.0 13 (40.6%)  

Positive Pres. 2.4   0 (0.0%) 10.2 17 (43.6%) 8.4   4 (12.5%)  

Total: 9.0   9 39.0 39 32.0 32  
 

Democratic Party 
 

Presentation 

Chinese Sources Russian Sources Saudi Sources  

X2 Exp. n Obs. n (%) Exp. n Obs. n (%) Exp. n Obs. n (%) 

Negative Pres. 4.8   3 (27.3%) 16.5 24 (63.2%) 11.7   6 (22.2%) 21.692*** 

Neutral Pres. 3.6   4 (36.4%) 12.5 13 (34.2%) 8.9   8 (29.6%)  

Positive Pres. 2.6   4 (36.4%) 9.0   1 (2.6%) 6.4 13 (48.1%)  

Total: 11.0 11 38.0 38 27.0 27  

*p<0.05, **p<0.01, ***p<0.001 
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As shown on the following page in Table 4.5, the RNC/DNC chi-square results among 

the three nations were also statistically significant for both the global impact and national impact 

codes: “Global Impact – Trump/Republican Party” (X2 = 22.367, p = .000), “Global Impact – 

Clinton/Democratic Party” (X2 = 17.398, p = .002), “National Impact – Trump/Republican 

Party” (X2 = 25.946, p = .000), and “National Impact – Clinton/Democratic Party” (X2 = 15.725, 

p = .003). For the “Trump/Republican Party” global and national impact, the Russian sources 

comprise the most positive and neutral/no impact stories, while the Saudi sources comprise the 

most negative impact stories. Furthermore, for the “Clinton/Democratic Party” global and 

national impact, the Russian sources comprise the most negative and neutral/no impact stories, 

while the Saudi sources comprise the most positive impact stories. 

When comparing the expected and observed frequencies for the RNC/DNC global impact 

and national impact codes, the Chinese and Saudi sources had higher negative impact 

frequencies and lower positive impact frequencies in both global and national impact for the 

“Trump/Republican Party” coding category. The Chinese and Saudi sources also had lower 

negative impact frequencies and higher positive impact frequencies in both global and national 

impact for the “Clinton/Democratic Party” coding category. Alternatively, the Russian sources 

had lower negative impact frequencies and higher positive impact frequencies in both global and 

national impact for the “Trump/Republican Party” coding category. The Russian sources also 

had higher negative impact frequencies and lower positive impact frequencies in both global and 

national impact for the “Clinton/Democratic Party” coding category. 

 

 

 

 

 

 



89 
 

Table 4.5: RNC/DNC Chi-Square Results for Global & National Impact 

Global Impact – Trump/Republican Party 
 

Presentation 

Chinese Sources Russian Sources Saudi Sources  

X2 Exp. n Obs. n (%) Exp. n Obs. n (%) Exp. n Obs. n (%) 

Negative Impact 4.4   7 (77.8%) 18.0   9 (24.3%) 10.7 17 (77.3%) 22.367*** 

Neutral/No Impact 1.3   2 (22.2%) 5.4   6 (16.2%) 3.2   2 (9.1%)  

Positive Impact 3.3   0 (0.0%) 13.6 22 (59.5%)  8.1   3 (13.6%)  

Total: 9.0   9 37.0 37 22.0 22  
 

Global Impact – Clinton/Democratic Party 
 

Presentation 

Chinese Sources Russian Sources Saudi Sources  

X2 Exp. n Obs. n (%) Exp. n Obs. n (%) Exp. n Obs. n (%) 

Negative Impact 5.4   3 (25.0%) 14.9 20 (60.6%) 7.7   5 (29.4%) 17.398** 

Neutral/No Impact 2.3   2 (16.7%) 6.4   9 (27.3%) 3.3   1 (5.9%)  

Positive Impact 4.3   7 (58.3%) 11.7   4 (12.1%)  6.0 11 (64.7%)  

Total: 12.0 12 33.0 33 17.0 17  
 

National Impact – Trump/Republican Party 
 

Presentation 

Chinese Sources Russian Sources Saudi Sources  

X2 Exp. n Obs. n (%) Exp. n Obs. n (%) Exp. n Obs. n (%) 

Negative Impact 2.2   5 (100.0%) 11.1   3 (12.0%) 6.7 12 (80.0%) 25.946*** 

Neutral/No Impact 1.2   0 (0.0%) 6.1 11 (44.0%) 3.7   0 (0.0%)  

Positive Impact 1.6   0 (0.0%) 7.8 11 (44.0%) 4.7   3 (20.0%)  

Total: 5.0   5 25.0 25 15.0 15  
 

National Impact – Clinton/Democratic Party 
 

Presentation 

Chinese Sources Russian Sources Saudi Sources  

X2 Exp. n Obs. n (%) Exp. n Obs. n (%) Exp. n Obs. n (%) 

Negative Impact 4.5   1 (10.0%) 8.1 13 (72.2%) 6.3   5 (35.7%) 15.725** 

Neutral/No Impact 1.9   3 (30.0%) 3.4   4 (22.2%) 2.7   1 (7.1%)  

Positive Impact 3.6   6 (60.0%) 6.4   1 (5.6%)  5.0   8 (57.1%)  

Total: 10.0 10 18.0 18 14.0 14  

*p<0.05, **p<0.01, ***p<0.001 
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The RNC/DNC ANOVA results for the key search terms presentations are shown in 

Table 4.6. The differences for all four of the key search term presentations were statistically 

significant among the three nations’ news sources: “Donald Trump” (F = 27.730, p = .000), 

“Hillary Clinton” (F = 12.682, p = .000), “Republican Party” (F = 12.168, p = .000), and 

“Democratic Party” (F = 13.352, p = .000). In testing for the homogeneity of variances, there is 

equal variance between the groups for the “Hillary Clinton” and “Republican Party” categories, 

but unequal variance between the groups for the “Donald Trump” and “Democratic Party” 

categories. Additionally, the explained variance among the data are as follows: “Donald Trump” 

(38.93%), “Hillary Clinton” (25.77%), “Republican Party” (24.02%), and “Democratic Party” 

(26.78%). 

As seen in Table 4.7, all four of the global and national impact coding categories also 

varied significantly among the three nations’ news sources: “Global Impact – Trump/Republican 

Party” (F = 14.953, p = .000), “Global Impact – Clinton/Democratic Party” (F = 8.082, p = .001), 

“National Impact – Trump/Republican Party” (F = 12.137, p = .000), and “National Impact – 

Clinton/Democratic Party” (F = 9.181, p = .001). For the homogeneity of variances, only the 

“Global Impact – Clinton/Democratic Party” shows equal variance. The explained variance for 

the data are as follows: “Global Impact – Trump/Republican Party” (31.51%), “Global Impact – 

Clinton/Democratic Party” (21.51%), “National Impact – Trump/Republican Party” (36.63%), 

and “National Impact – Clinton/Democratic Party” (32.01%).  
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Table 4.6: RNC/DNC ANOVA Results for Key Terms 

Donald Trump 
Nation N Mean SD Sum of Squares df Mean Square F 

Chinese Sources 9 -.78 .441     

Russian Sources 47 .43 .773     

Saudi Sources 34 -.65 .646     

Total: 90 -.10 .887     

     Between Groups      27.290 2 13.645 27.730*** 

     Within Groups      42.810 87     .492  

     Total:      70.100 89   
 

Hillary Clinton 
Nation N Mean SD Sum of Squares df Mean Square F 

Chinese Sources 14 .21 .893     

Russian Sources 37 -.59 .686     

Saudi Sources 25 .36 .860     

Total: 76 -.13 .900     

     Between Groups      15.648 2   7.824 12.682*** 

     Within Groups      45.036 73     .617  

     Total:      60.684 75   
 

Republican Party 
Nation N Mean SD Sum of Squares df Mean Square F 

Chinese Sources 9 -.56 .527     

Russian Sources 39 .33 .662     

Saudi Sources 32 -.34 .701     

Total: 80 -.04 .754     

     Between Groups      10.780 2   5.390 12.168*** 

     Within Groups      34.108 77     .443  

     Total:      44.888 79   
 

Democratic Party 
Nation N Mean SD Sum of Squares df Mean Square F 

Chinese Sources 11 .09 .831     

Russian Sources 38 -.61 .547     

Saudi Sources 27 .26 .813     

Total: 76 -.20 .800     

     Between Groups      12.866 2   6.433 13.352*** 

     Within Groups      35.173 73     .482  

     Total:      48.039 75   

*p<0.05, **p<0.01, ***p<0.001 

 

 

 

 

 

 

 

 

 



92 
 

Table 4.7: RNC/DNC ANOVA Results for Global & National Impact 

Global Impact – Trump/Republican Party 
Nation N Mean SD Sum of Squares df Mean Square F 

Chinese Sources 9 -.78 .441     

Russian Sources 37 .35 .857     

Saudi Sources 22 -.64 .727     

Total: 68 -.12 .923     

     Between Groups      17.980 2   8.990 14.953*** 

     Within Groups      39.079 65     .601  

     Total:      70.100 67   
 

Global Impact – Clinton/Democratic Party 
Nation N Mean SD Sum of Squares df Mean Square F 

Chinese Sources 12 .33 .888     

Russian Sources 33 -.48 .712     

Saudi Sources 17 .35 .931     

Total: 62 -.10 .900     

     Between Groups      10.628 2   5.314        8.082** 

     Within Groups      38.791 59     .657  

     Total:      49.419 61   
 

National Impact – Trump/Republican Party 
Nation N Mean SD Sum of Squares df Mean Square F 

Chinese Sources 5 -1.00 .000     

Russian Sources 25 .32 .690     

Saudi Sources 15 -.60 .828     

Total: 45 -.13 .869     

     Between Groups      12.160 2   6.080       12.137*** 

     Within Groups      21.040 42     .501  

     Total:      33.200 44   
 

National Impact – Clinton/Democratic Party 
Nation N Mean SD Sum of Squares df Mean Square F 

Chinese Sources 10 .50 .707     

Russian Sources 18 -.67 .594     

Saudi Sources 14 .21 .975     

Total: 42 -.10 .906     

     Between Groups      10.762 2   5.381         9.181** 

     Within Groups      22.857 39     .586  

     Total:      33.619 41   

*p<0.05, **p<0.01, ***p<0.001 
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RNC/DNC Qualitative Results 

The top-five frequencies for the first two qualitative coding categories (Other Political 

Figures and Cited News Media Outlets) from the RNC/DNC data pull are shown in Table 4.8. 

For the political figures coding category, former U.S. President Barack Obama (n = 49) was the 

most mentioned overall, followed by: 2016 U.S. Democratic presidential candidate Bernie 

Sanders (n = 44), former DNC Chairperson Debbie Wasserman Schultz (n = 44), former U.S. 

First Lady Michelle Obama (n = 27), and Khizr Khan, the father of a U.S. veteran who was 

killed in 2004 (n = 23). For the cited news media outlets coding category, CNN (n = 21) was the 

most cited overall, followed by: Reuters, an international news agency headquartered in London, 

England1 (n = 17), RIA Novosti, a state-owned Russian news agency2 (n = 17), NBC News (n = 

12), and the New York Times (n = 12). Overall, U.S. news media outlets (51%) were cited 

slightly more than non-U.S. news media outlets (49%). Both the Chinese and Russian sources 

cited non-U.S. news slightly (51%) more than U.S. news (49%), but the Saudi sources cited U.S. 

news (59%) much more than non-U.S. news (41%). 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

                                                           
1 (See Allen, 2007; Thomson Reuters, 2017). 
2 (See Avgerinos, 2009; RIA Novosti, 2013). 
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Table 4.8: RNC/DNC Political Figures & Cited News Outlets 

Overall Sources: 
Other Political Figures (n) Cited News Media Outlets (n) 

  1. Barack Obama (49)   1. CNN (21) 

  2. Bernie Sanders (44)   2. Reuters (17) 

  3. Debbie Wasserman Schultz (44)   3. RIA Novosti (17) 

  4. Michelle Obama (27)   4. NBC News (12) 

  5. Khizr Khan (23)   5. New York Times (12) 
 

Chinese Sources: 
Other Political Figures (n) Cited News Media Outlets (n) 

  1. Barack Obama (17)   1. CNN   (9) 

  2. Bernie Sanders (12)   2. China Daily   (7) 

  3. Debbie Wasserman Schultz (11)   3. RIA Novosti   (6) 

  4. Michelle Obama (11)   4. Guangming Daily   (5) 

  5. Ted Cruz (10)   5. NBC News   (5) 
 

Russian Sources: 
Other Political Figures (n) Cited News Media Outlets (n) 

  1. Debbie Wasserman Schultz (23)   1. RIA Novosti (11) 

  2. Bernie Sanders (21)   2. Reuters   (9) 

  3. Barack Obama (18)   3. WikiLeaks   (8) 

  4. Julian Assange (13)   4. CNN   (7) 

  5. Mike Pence (11)   5. Fox News   (7) 
 

Saudi Sources: 

Other Political Figures (n) Cited News Media Outlets (n) 

  1. Michelle Obama (16)   1. New York Times   (8) 

  2. Barack Obama (14)   2. Reuters   (8) 

  3. Khizr Khan (13)   3. Agence France-Presse (AFP)   (7) 

  4. Bernie Sanders (11)   4. NBC News   (7) 

  5. Humayun Khan (11)   5. ABC News   (6) 

 

The top-five frequencies for the remaining qualitative coding categories (Domestic 

Policies, Foreign Policies, and Specific Issues/Themes Mentioned) from the RNC/DNC data pull 

are shown in Table 4.9. Overall, U.S. Race Relations (n = 33) was the most frequently discussed 

policy, followed by policies on: Trump’s Muslim Ban (n = 28), the U.S. Economy (n = 27), 

Trump’s Mexican Border Wall (n = 25), and Immigration (n = 18). The most discussed foreign 

policy was U.S./Russia Relations (n = 40), followed by policies on: Cyber-Security (n = 31), the 

Global Economy (n = 29), the U.S. intervention in Syria (n = 23), and the Trans-Pacific 

Partnership (n = 16). Lastly, the most common issue/theme discussed was the Democratic 

National Convention (n = 55), followed by: the Republican National Convention (n = 48), the 
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DNC Email Hack/Scandal (n = 37), Ted Cruz’s speech at the RNC (n = 29), and Debbie 

Wasserman Schultz’s resignation as the DNC Chairperson (n = 22). 

Table 4.9: RNC/DNC Domestic/Foreign Policies & Issues/Themes 

Overall Sources: 
Domestic Policies (n) Foreign Policies (n) Issues/Themes (n) 

1. U.S. Race Relations (33) 1. U.S./Russia Relations (40) 1. Dem. Convention (55) 

2. Trump’s Muslim Ban (28) 2. Cyber-Security (31) 2. Rep. Convention (48) 

3. U.S. Economy (27) 3. Global Economy (29) 3. DNC Email Hack (37) 

4. Trump’s Border Wall (25) 4. Syria (23) 4. Cruz’s RNC Speech (29) 

5. Immigration (18) 5. TPP (16) 5. DNC Chair Resigns (22) 
 

Chinese Sources: 
Domestic Policies (n) Foreign Policies (n) Issues/Themes (n) 

1. U.S. Economy (11) 1. Global Economy (15) 1. Dem. Convention (14) 

2. Immigration (8) 2. U.S./Russia Relations (10) 2. Rep. Convention (12) 

3. Trump’s Border Wall (8) 3. TPP (9) 3. Cruz’s RNC Speech (8) 

4. U.S. Race Relations (6) 4. U.S./China Relations (7) 4. First Lady’s DNC Speech (7) 

5. Trump’s Muslim Ban (3) 5. Cyber-Security (5) 5. DNC Email Hack (4) 
 

Russian Sources: 
Domestic Policies (n) Foreign Policies (n) Issues/Themes (n) 

1. U.S. Race Relations (14) 1. U.S./Russia Relations (19) 1. DNC Email Hack (27) 

2. U.S. Economy (10) 2. Syria (16) 2. DNC Chair Resigns (22) 

3. Trump’s Muslim Ban (9) 3. Terrorism (15) 3. Dem. Convention (20) 

4. Trump’s Border Wall (8) 4. Cyber-Security (14) 4. Rep. Convention (17) 

5. Drugs (5) 5. NATO (9) 5. Cruz’s RNC Speech (8) 
 

Saudi Sources: 
Domestic Policies (n) Foreign Policies (n) Issues/Themes (n) 

1. Trump’s Muslim Ban (16) 1. Global Economy (14) 1. Dem. Convention (21) 

2. U.S. Race Relations (13) 2. Cyber-Security (12) 2. Rep. Convention (19) 

3. Immigration (10) 3. U.S./Russia Relations (11) 3. Cruz’s RNC Speech (13) 

4. Trump’s Border Wall (9) 4. Syria (7) 4. Khan Family (11) 

5. U.S. Economy (6) 5. TPP (7) 5. DNC Email Hack (6) 

 

RNC/DNC Sample News Content  

Presentation of Key Search Terms. In regard to the qualitative findings from the 

RNC/DNC data pull, negative coverage of both presidential nominees and their corresponding 

political parties dominated the news stories. However, on July 28, 2016, Chinese news outlet 

CCTV presented Hillary Clinton positively by claiming that “she is like her husband, former 

President Bill Clinton, a champion for human rights.” On July 11, 2016, when discussing 

political polling results in the US, Saudi Arabian news outlet Al Arabiya stated:  
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Numerous polls show that many American voters believe Hillary Clinton can provide 

progressive leadership in the United States. Clinton polls particularly well with Hispanic 

and Asian voters… Ultimately, many Clinton supporters say the reason they support 

Hillary is because they want to ensure Trump does not win the US presidency. Another 

poll found that 61% of Americans said they were concerned with both candidates. 

 

Despite the mostly positive coverage of Trump among the Russian news coverage, Russian news 

outlet Moskovskij Komsomolets reported on August 3, 2016, “Obama questioned Trump’s ability 

to perform the duties of the president and suggested that Trump is unable to perform the duties of 

the head of state. Obama also said that Republicans should refuse to support Trump.” 

On August 3, 2016, Saudi Arabian news outlet Al Riyadh reported, “Meg Whitman, the 

CEO of the Hewlett-Packard enterprise, described Trump as ‘not qualified’ for the position of 

president, and compared Trump to two fascist leaders – Adolf Hitler and Benito Mussolini… 

The billionaire Whitman works diligently to prevent Trump’s candidacy.” The negative 

presentations of Trump continued on August 3, 2016, when Saudi Arabian news outlet Al-Hayat 

claimed, “According to reports, Donald Trump’s campaign does not have enough resources to 

contest in the US election. Trump also faces another obstacle because the wealthy Koch brothers 

refused to meet with him about donating to his campaign.” The news article continued by 

claiming, “During a meeting with Hillary Clinton, investor Warren Buffett challenged Trump to 

provide his tax returns. Trump has also been criticized by many influential Republicans like Paul 

Ryan and John McCain for his remarks during the campaign.” When covering the RNC, on July 

24, 2016, Al Arabiya claimed, “In the Republican Convention, another embarrassing moment 

occurred when Donald Trump’s wife drew negative attention with her speech. Melania’s speech, 

was exactly identical to Michelle Obama’s 2008 speech… The Republican Convention featured 

unprecedented divisions, chaos, and is clearly broken.” 
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On August 4, 2016, Chinese news outlet Global Times asserted that “the nominations of 

Trump and Clinton means the election has officially become a ‘crazy’ and a ‘liar’ showdown.” 

On July 31, 2016, Chinese news outlet CCTV claimed, “Regardless of which party is in power in 

the United States, it appears that the Soviet Union seems to be in control. Another constant 

problem is that both parties are lacking continuity… Many Chinese people now believe the 

United States is not legitimate.”  

DNC Email Hack/Scandal. One of the most frequently discussed issues was the DNC 

email hack/scandal. According to Chinese news outlet China Mil, on August 3, 2016, the “US 

Republican and Democratic Party Conferences have turned into a farce. The Democratic Party e-

mail blast has turned the US election into chaos, but it is clear that more money determines the 

President.” On July 30, 2016, Chinese news outlet Enlightenment Daily reported, “The US 

Republican presidential candidate Donald Trump ‘invited’ Russia to find Hillary Clinton’s 

emails from the FBI investigation. After many accusations from his critics, Trump said that it 

was ‘ridiculous’ to associate him with the email scandal between the Russians and Democratic 

National Committee.” 

Russian news outlet Rossiya24 stated, on August 2, 2016, that “WikiLeaks published the 

record, and it is clear that the e-mails from the US Democratic Party committee correspondence 

showed that the Democrats have long decided to choose its presidential candidate Hillary 

Clinton.” The news coverage continued by stating, “This is just another example of how the US 

has become a fraudulent system, and how the Clinton camp is so out of tune with the American 

people… Trump’s opponents say that he does not exhibit stiffness in relation to Russia, but it 

would be useful if the US were to establish relations with Russia.” On July 26, 2016, Moskovskij 

Komsomolets noted, “Russian Foreign Minister Sergey Lavrov joked about the burglary of the 
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Democratic Party e-mail and Russian hackers. Lavrov said that he could not comment on the 

accusations of Russian involvement in the e-mail hacking of the US Democratic Party without 

using swear words.” 

Khan Family’s DNC Speech. Another frequently discussed issue, especially among 

Saudi sources, from the Democratic National Convention was Khizr and Ghazala Khan’s 

convention speech. On August 2, 2016, in covering the Khan family’s (i.e., the parents of 

Humayun Khan, a U.S. veteran who was killed in Iraq in 2004) speech at the DNC, Al Riyadh 

reported, “Khan said ‘The Republican presidential candidate Donald Trump is ignorant of 

everything about Islam and does not know the meaning of sacrifice.’ Trump responded to what 

Khan said in an interview with ABC television channel, ‘If you look at his wife, she did not say 

anything, he probably did not allow her to speak, I do not know.” The negative news media 

presentations regarding Trump’s views about Islam continued when, on August 2, 2016, Al-

Hayat reported, “In a March 9th interview with CNN, Trump said, ‘I think Islam hates us. 

There’s a tremendous hatred there. There’s a tremendous hatred, and we have to get to the 

bottom of it. There’s an unbelievable hatred of us.’ It is clear that Trump is rather ignorant about 

Islam. His ideas derive from the terrorists, not from the Quran.” Furthermore, on July 19, 2016, 

Al Riyadh discussed Trump’s proposed ban against Muslim immigrants by stating, “Trump’s 

shameful and dangerous remarks provoke hatred and stimulate racists to cause harm against 

Muslims in America.” 

Ted Cruz’s RNC Speech. From the Republican National Convention, a frequently 

discussed issue was Senator Ted Cruz’s convention speech. On July 21, 2016, Al-Hayat reported, 

“Cruz challenged Trump ... and Republicans were divided at the Republican convention in 

Cleveland yesterday. Senator Ted Cruz’s speech demonstrated a large rift between traditional 
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conservatives and the populist supporters of the wealthy businessman Donald Trump. His refusal 

to support Trump led to booing from the Trump supporters.” Furthermore, on August 1, 2016, 

Russian news outlet Arguments and Facts stated, “Trump wins the Republican nomination 

despite the scandal that broke out when Ted Cruz refused to support Donald Trump as the 

official candidate of the Republican Party.” The news article continued, “Cruz enjoyed the 

support of the ‘Tea Party’ – Conservative movement, acting, in particular, against the old elites – 

when he criticized the Republican establishment. But Cruz overlooked Trump – who he also 

always called a ‘black sheep’ – and could not beat him in the Republican primary race.” 

U.S. Race Relations. Lastly, it is important to mention one final issue that was frequently 

mentioned among all three nations’ news sources from the RNC/DNC pull, race relations in the 

United States. In particular, the news stories discussed police brutality against, and shootings of, 

African Americans (e.g., Alton Sterling in Louisiana, Michael Brown in Missouri, Philando 

Castile in Minnesota, and Trayvon Martin in Florida). On July 18, 2016, having mentioned these 

incidents specifically, Rossiya24 asserted, “Racial discrimination has long been a major problem 

in the United States. These moments of violence always create mass protests and social unrest. 

But these issues will continually occur in the US, because there is not a solution to the problem.” 

Alternatively, the Saudi Arabian coverage mostly focused on racism toward Muslims in the 

United States. On July 19, 2016, Al Riyadh stated, “Trump’s remarks provoke hatred and 

stimulate racists to harm the Muslims of America. Most recently, his calls to fully prevent the 

entry of Muslims into the United States are believed result in crimes motivated by hate.” The 

article continued by noting, “In the last month, there have been a wave of abuses, vandalism and 

acts of discrimination against American Muslims… ‘We are suffering, and we are afraid of 

people like him. If Trump was present on the scene at the time of the September 11 attacks and 
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made similar remarks, many of us were definitely harmed,’ said one Muslim American.” Having 

addressed the quantitative and qualitative results from the RNC/DNC data pull, the next 

subsection includes the results from the first presidential debate data pull. 
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1st Debate Results 

1st Debate Quantitative Results  

 The frequencies for the quantitative codes from the first presidential debate data pull are 

shown in Table 4.10. The overall first debate results show that “Donald Trump” (μ = -.28) and 

“Republican Party” (μ = -.19) were presented negatively, and “Hillary Clinton” (μ = .17) and 

“Democratic Party” (μ = .07) search were presented positively. The Chinese sources presented 

Trump (μ = -.71) and the Republican Party (μ = -.29) negatively, and Clinton (μ = .73) and the 

Democratic Party (μ = .23) positively. The Saudi sources also presented Trump (μ = -.67) and the 

Republican Party (μ = -.47) negatively, and Clinton (μ = .53) and the Democratic Party (μ = .47) 

positively. By comparison, however, the Russian sources presented Trump (μ = .24) and the 

Republican Party (μ = .16) positively, and Clinton (μ = -.50) and the Democratic Party (μ = -.50) 

negatively. 

The overall first debate results for the global and national impact coding categories all 

show negative presentations, with “Trump/Republican Party” (μ = -.45) being much more 

negative than “Clinton/Democratic Party” (μ = -.06) for global impact, but “Clinton/Democratic 

Party” (μ = -.35) being much more negative than “Trump/Republican Party” (μ = -.18) for 

national impact. The Chinese sources presented “Trump/Rep.” with negative global (μ = -.92) 

and national (μ = -.50) impacts, and “Clinton/Dem.” with positive global (μ = .43) and national 

(μ = .40) impacts. Similarly, the Saudi sources also presented “Trump/Rep.” with negative global 

(μ = -.77) and national (μ = -.50) impacts, and “Clinton/Dem.” with positive global (μ = .44) and 

national (μ = .43) impacts. Alternatively, the Russian sources presented “Trump/Rep.” with 

positive global (μ = .12) and national (μ = .14) impacts, and “Clinton/Dem.” with negative global 

(μ = -.45) and national (μ = -.84) impacts.  
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Table 4.10: 1st Debate Quantitative Coding Frequencies 
 Key Search Terms 
 

Overall Sources 

“Donald Trump” 
(μ = -.28) (n = 57) 

“Hillary Clinton” 
(μ = .17) (n = 54) 

“Rep. Party” 
(μ = -.19) (n = 53)  

“Dem. Party” 
(μ = .07) (n = 46) 

Negative Pres. 52.6% 31.5% 34.0% 26.1% 

Neutral Pres. 22.8% 20.4% 50.9% 41.3% 

Positive Pres. 24.6% 48.1% 15.1% 32.6% 
 

 

Chinese Sources 

“Donald Trump” 
(μ = -.71) (n = 14) 

“Hillary Clinton” 
(μ = .73) (n = 15) 

“Rep. Party” 
(μ = -.29) (n = 17)  

“Dem. Party” 
(μ = .23) (n = 13) 

Negative Pres. 71.4%   0.0% 29.4%   7.7% 

Neutral Pres. 28.6% 26.7% 70.6% 61.5% 

Positive Pres.   0.0% 73.3%   0.0% 30.8% 
 

 

Russian Sources 

“Donald Trump” 
(μ = .24) (n = 25) 

“Hillary Clinton” 
(μ = -.50) (n = 22) 

“Rep. Party” 
(μ = .16) (n = 19)  

“Dem. Party” 
(μ = -.50) (n = 16) 

Negative Pres. 28.0% 63.6% 21.1% 56.3% 

Neutral Pres. 20.0% 22.7% 42.1% 37.5% 

Positive Pres. 52.0% 13.6% 36.8%   6.3% 
 

 

Saudi Sources 

“Donald Trump” 
(μ = -.67) (n = 18) 

“Hillary Clinton” 
(μ = .53) (n = 17) 

“Rep. Party” 
(μ = -.47) (n = 17)  

“Dem. Party” 
(μ = .47) (n = 17) 

Negative Pres. 72.2% 17.6% 52.9% 11.8% 

Neutral Pres. 22.2% 11.8% 41.2% 29.4% 

Positive Pres.   5.6% 70.6%   5.9% 58.8% 
 

 Global Impact National Impact 
 

Overall Sources 

“Trump/Rep.” 
(μ = -.45) (n = 42) 

“Clinton/Dem.” 
(μ = -.06) (n = 36) 

“Trump/Rep.” 
(μ = -.18) (n = 28)  

“Clinton/Dem.” 
(μ = -.35) (n = 31) 

Negative Impact 61.9% 41.7% 42.9% 54.8% 

Neutral/No Impact 21.4% 22.2% 32.1% 25.8% 

Positive Impact 16.7% 36.1% 25.0% 19.4% 
 

 

Chinese Sources 

“Trump/Rep.” 
(μ = -.92) (n = 12) 

“Clinton/Dem.” 
(μ = .43) (n = 7) 

“Trump/Rep.” 
(μ = -.50) (n = 8)  

“Clinton/Dem.” 
(μ = .40) (n = 5) 

Negative Impact 91.7% 14.3%           50.0%   0.0% 

Neutral/No Impact   8.3% 28.6% 50.0% 60.0% 

Positive Impact   0.0% 57.1%   0.0% 40.0% 
 

 

Russian Sources 

“Trump/Rep.” 
(μ = .12) (n = 17) 

“Clinton/Dem.” 
(μ = -.45) (n = 20) 

“Trump/Rep.” 
(μ = .14) (n = 14)  

“Clinton/Dem.” 
(μ = -.84) (n = 19) 

Negative Impact 29.4% 60.0% 28.6% 84.2% 

Neutral/No Impact 29.4% 25.0% 28.6% 15.8% 

Positive Impact 41.2% 15.0% 42.9%   0.0% 
 

 

Saudi Sources 

“Trump/Rep.” 
(μ = -.77) (n = 13) 

“Clinton/Dem.” 
(μ = .44) (n = 9) 

“Trump/Rep.” 
(μ = -.50) (n = 6)  

“Clinton/Dem.” 
(μ = .43) (n = 7) 

Negative Impact 76.9% 22.2% 66.7% 14.3% 

Neutral/No Impact 23.1% 11.1% 16.7% 28.6% 

Positive Impact   0.0% 66.7% 16.7% 57.1% 
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The 1st debate independent samples t-test results for the presentation of key search terms 

coding categories are shown below in Table 4.11. Once again, all four search terms were 

statistically significant between the Russian and Chinese sources, as well as the Russian and 

Saudi sources. Specifically, five of the means comparisons were significant at the .001 level, one 

was significant at the .01 level, and two were significant at the .05 level. 

Table 4.11: 1st Debate T-Test Results for Key Terms 
Donald Trump 

Nation   N Mean  SD           t 

Chinese Sources   14  -.71 .469  -4.419*** 

Russian Sources   25   .24 .879  
 

Chinese Sources   14  -.71 .469    -.246       

Saudi Sources   18  -.67 .594  
 

Russian Sources   25    .24 .879    4.033*** 

Saudi Sources   18  -.67 .594  
 

Hillary Clinton 

Nation   N Mean  SD           t 

Chinese Sources   15   .73 .458 6.256*** 

Russian Sources   22  -.50 .740  
 

Chinese Sources   15   .73 .458      .869 

Saudi Sources   17   .53 .800  
 

Russian Sources   22  -.50 .740 -4.159*** 

Saudi Sources   17   .53 .800  
 

Republican Party 

Nation   N Mean  SD           t 

Chinese Sources   17  -.29 .470    -2.106* 

Russian Sources   19   .16 .765  
 

Chinese Sources   17  -.29 .470        .931 

Saudi Sources   17  -.47 .624  
 

Russian Sources   19   .16 .765      2.681* 

Saudi Sources   17  -.47 .624  
 

Democratic Party 

Nation   N Mean  SD           t 

Chinese Sources   13   .23 .599    3.167** 

Russian Sources   16  -.50 .632  
 

Chinese Sources   13   .23 .599 -.973 

Saudi Sources   17   .47 .717  
 

Russian Sources   16  -.50 .632     -4.112*** 

Saudi Sources   17   .47 .717  

*p<0.05, **p<0.01, ***p<0.001 
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The 1st debate independent samples t-test results for the global and national impact 

coding categories are shown in Table 4.12. Three of the four categories were statistically 

significant between the Russian and Chinese sources, as well as the Russian and Saudi sources. 

The only statistically insignificant coding category was the Trump/Republican Party national 

impact coding category. 

Table 4.12: 1st Debate T-Test Results for Global & National Impact 
Global Impact – Trump/Republican Party 

Nation   N Mean  SD           t 

Chinese Sources   12  -.92 .289  -4.617*** 

Russian Sources   17   .12 .857  
 

Chinese Sources   12  -.92 .289  -1.000 

Saudi Sources   13  -.77 .439  
 

Russian Sources   17   .12 .857    3.681** 

Saudi Sources   13  -.77 .439  
 

Global Impact – Clinton/Democratic Party 

Nation   N Mean  SD           t 

Chinese Sources     7   .43 .787     2.612* 

Russian Sources   20  -.45 .759  
 

Chinese Sources     7   .43 .787      -.037 

Saudi Sources     9   .44 .882  
 

Russian Sources   20  -.45 .759    -2.794** 

Saudi Sources     9   .44 .882  
 

National Impact – Trump/Republican Party 

Nation   N Mean  SD           t 

Chinese Sources     8  -.50 .535     -1.895    

Russian Sources   14   .14 .864  
 

Chinese Sources     8  -.50 .535        .000 

Saudi Sources     6  -.50 .837  
 

Russian Sources   14   .14 .864      1.538 

Saudi Sources     6  -.50 .837  
 

National Impact – Clinton/Democratic Party 

Nation   N Mean  SD           t 

Chinese Sources     5   .40 .548    6.005*** 

Russian Sources   19  -.84 .375  
 

Chinese Sources     5   .40 .548        -.070 

Saudi Sources     7   .43 .787  
 

Russian Sources   19   -.84 .375      -4.105** 

Saudi Sources     7   .43 .787  

*p<0.05, **p<0.01, ***p<0.001 
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The 1st debate chi-square results for the presentation of key search terms are shown in 

Table 4.13 on the following page. The chi-square results among the three nations were 

statistically significant for all four search terms: “Donald Trump” (X2 = 19.176, p = .001), 

“Hillary Clinton” (X2 = 23.147, p = .000), “Republican Party” (X2 = 14.212, p = .007), and 

“Democratic Party” (X2 = 17.535, p = .002). For the “Donald Trump” and “Republican Party” 

presentations, the Russian sources comprise the most positive presentations, while the Saudi 

sources comprise the most negative presentations. Additionally, for the “Hillary Clinton” and 

“Democratic Party” presentations, the Russian sources comprise the most negative presentations, 

while the Saudi sources comprise the most positive presentations. 

When comparing the expected and observed frequencies for the 1st debate presentation of 

key search terms, the Chinese sources had higher negative frequencies for the “Donald Trump” 

presentations, slightly lower negative frequencies for the “Republican Party” presentations, and 

lower positive frequencies for both the “Donald Trump” and “Republican Party” presentations. 

The Saudi sources had higher negative frequencies and lower positive frequencies for both the 

“Donald Trump” and “Republican Party” presentations. The Chinese and Saudi sources also had 

lower negative frequencies and higher positive frequencies for both the “Hillary Clinton” and 

“Democratic Party” presentations. Alternatively, the Russian sources had lower negative 

frequencies and higher positive frequencies for the “Donald Trump” and “Republican Party” 

presentations. The Russian sources also had higher negative frequencies and lower positive 

frequencies for the “Hillary Clinton” and “Democratic Party” presentations. 
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Table 4.13: 1st Debate Chi-Square Results for Key Terms 

Donald Trump 
 

Presentation 

Chinese Sources Russian Sources Saudi Sources  

X2 Exp. n Obs. n (%) Exp. n Obs. n (%) Exp. n Obs. n (%) 

Negative Pres. 7.4 10 (71.4%) 13.2   7 (28.0%) 9.5 13 (72.2%) 19.176** 

Neutral Pres. 3.2   4 (28.6%) 5.7   5 (20.0%) 4.1   4 (22.2%)  

Positive Pres. 3.4   0 (0.0%) 6.1 13 (52.0%) 4.4   1 (5.6%)  

Total: 14.0 14 25.0 25 18.0 18  
 

Hillary Clinton 
 

Presentation 

Chinese Sources Russian Sources Saudi Sources  

X2 Exp. n Obs. n (%) Exp. n Obs. n (%) Exp. n Obs. n (%) 

Negative Pres. 4.7   0 (0.0%) 6.9 14 (63.6%) 5.4   3 (17.6%) 23.147*** 

Neutral Pres. 3.1   4 (26.7%) 4.5   5 (22.7%) 3.5   2 (11.8%)  

Positive Pres. 7.2 11 (73.3%) 10.6   3 (13.6%) 8.2 12 (70.6%)  

Total: 15.0 15 22.0 22 17.0 17  
 

Republican Party 
 

Presentation 

Chinese Sources Russian Sources Saudi Sources  

X2 Exp. n Obs. n (%) Exp. n Obs. n (%) Exp. n Obs. n (%) 

Negative Pres. 5.8   5 (29.4%) 6.5   4 (21.1%) 5.8   9 (52.9%) 14.212** 

Neutral Pres. 8.7 12 (70.6%) 9.7   8 (42.1%) 8.7   7 (41.2%)  

Positive Pres. 2.6   0 (0.0%) 2.9   7 (36.8%) 2.6   1 (5.9%)  

Total: 17.0 17 19.0 19 17.0 17  
 

Democratic Party 
 

Presentation 

Chinese Sources Russian Sources Saudi Sources  

X2 Exp. n Obs. n (%) Exp. n Obs. n (%) Exp. n Obs. n (%) 

Negative Pres. 3.4   1 (7.7%) 4.2   9 (56.3%) 4.4   2 (11.8%) 17.535*** 

Neutral Pres. 5.4   8 (61.5%) 6.6   6 (37.5%) 7.0   5 (29.4%)  

Positive Pres. 4.2   4 (30.8%) 5.2   1 (6.3%) 5.5 10 (58.8%)  

Total: 13.0 13 16.0 16 17.0 17  

*p<0.05, **p<0.01, ***p<0.001 
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As shown on the following page in Table 4.14, the 1st debate chi-square results among 

the three nations’ news sources were also statistically significant for three of the four global 

impact and national impact codes: “Global Impact – Trump/Republican Party” (X2 = 16.867, p = 

.002), “Global Impact – Clinton/Democratic Party” (X2 = 10.039, p = .040), and “National 

Impact – Clinton/Democratic Party” (X2 = 20.798, p = .000). For both the “Trump/Republican 

Party” global and national impact, the Russian sources comprise the most positive and neutral/no 

impact stories, while the impact negative stories were relatively equal among the three nations’ 

news sources. Furthermore, for both the “Clinton/Democratic Party” global and national impact, 

the Russian sources comprise the most negative and neutral/no impact stories, while the Saudi 

sources comprise the most positive impact stories.  

When comparing the expected and observed frequencies for the 1st debate global impact 

and national impact codes, the Chinese and Saudi sources had higher negative impact 

frequencies and lower positive impact frequencies in both global and national impact for the 

“Trump/Republican Party” coding category. The Chinese and Saudi sources also had lower 

negative impact frequencies and higher positive impact frequencies in both global and national 

impact for the “Clinton/Democratic Party” coding category. Alternatively, the Russian sources 

had lower negative impact frequencies and higher positive impact frequencies in both global and 

national impact for the “Trump/Republican Party” coding category. The Russian sources also 

had higher negative impact frequencies and lower positive impact frequencies in both global and 

national impact for the “Clinton/Democratic Party” coding category. 
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Table 4.14: 1st Debate Chi-Square Results for Global & National Impact 

Global Impact – Trump/Republican Party 
 

Presentation 

Chinese Sources Russian Sources Saudi Sources  

X2 Exp. n Obs. n (%) Exp. n Obs. n (%) Exp. n Obs. n (%) 

Negative Impact 7.4 11 (91.7%) 10.5   5 (29.4%) 8.0 10 (76.9%) 16.867** 

Neutral/No Impact 2.6   1 (8.3%) 3.6   5 (29.4%) 2.8   3 (23.1%)  

Positive Impact 2.0   0 (0.0%) 2.8   7 (41.2%) 2.2   0 (0.0%)  

Total: 12.0 12 17.0 17 13.0 13  
 

Global Impact – Clinton/Democratic Party 
 

Presentation 

Chinese Sources Russian Sources Saudi Sources  

X2 Exp. n Obs. n (%) Exp. n Obs. n (%) Exp. n Obs. n (%) 

Negative Impact 2.9   1 (14.3%) 8.3 12 (60.0%) 3.8   2 (22.2%) 10.039* 

Neutral/No Impact 1.6   2 (28.6%) 4.4   5 (25.0%) 2.0   1 (11.1%)  

Positive Impact 2.5   4 (57.1%) 7.2   3 (15.0%) 3.3   6 (66.7%)  

Total: 7.0   7 20.0 20 9.0   9  
 

National Impact – Trump/Republican Party 
 

Presentation 

Chinese Sources Russian Sources Saudi Sources  

X2 Exp. n Obs. n (%) Exp. n Obs. n (%) Exp. n Obs. n (%) 

Negative Impact 3.4   4 (50.0%) 6.0   4 (28.6%) 2.6   4 (66.7%)   6.804 

Neutral/No Impact 2.6   4 (50.0%) 4.5   4 (28.6%) 1.9   1 (16.7%)  

Positive Impact 2.0   0 (0.0%) 3.5   6 (42.9%) 1.5   1 (16.7%)  

Total: 8.0   8 14.0 14 6.0   6  
 

National Impact – Clinton/Democratic Party 
 

Presentation 

Chinese Sources Russian Sources Saudi Sources  

X2 Exp. n Obs. n (%) Exp. n Obs. n (%) Exp. n Obs. n (%) 

Negative Impact 2.7   0 (0.0%) 10.4 16 (84.2%) 3.8   1 (14.3%) 20.798*** 

Neutral/No Impact 1.3   3 (60.0%) 4.9   3 (15.8%) 1.8   2 (28.6%)  

Positive Impact 1.0   2 (40.0%) 3.7   0 (0.0%) 1.4   4 (57.1%)  

Total: 5.0   5 19.0 19 7.0   7  

*p<0.05, **p<0.01, ***p<0.001 
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The 1st Debate ANOVA results for the key search terms presentations are shown in Table 

4.15. Once again, the differences for all four of the search term presentations were statistically 

significant among the three nations’ news sources: “Donald Trump” (F = 11.908, p = .000), 

“Hillary Clinton” (F = 17.399, p = .000), “Republican Party” (F = 4.709, p = .013), and 

“Democratic Party” (F = 9.579, p = .000). In testing for the homogeneity of variances, there is 

equal variance between the groups for all coding categories except for the “Donald Trump” 

category. Additionally, the explained variance among the data are as follows: “Donald Trump” 

(30.61%), “Hillary Clinton” (40.56%), “Republican Party” (15.85%), and “Democratic Party” 

(30.82%). 

As seen in Table 4.16, three of the four global and national impact coding categories also 

varied significantly among the three nations’ news sources: “Global Impact – Trump/Republican 

Party” (F = 12.249, p = .000), “Global Impact – Clinton/Democratic Party” (F = 5.532, p = .008), 

and “National Impact – Clinton/Democratic Party” (F = 21.932, p = .000). For the homogeneity 

of variances, the “Global Impact – Clinton/Democratic Party” and “National Impact – 

Trump/Republican Party” show equal variance, while the “Global Impact – Trump/Republican 

Party” and “National Impact – Clinton/Democratic Party” show unequal variance. The explained 

variance for the data are as follows: “Global Impact – Trump/Republican Party” (38.58%), 

“Global Impact – Clinton/Democratic Party” (25.11%), “National Impact – Trump/Republican 

Party” (15.98%), and “National Impact – Clinton/Democratic Party” (61.04%).  
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Table 4.15: 1st Debate ANOVA Results for Key Terms 

Donald Trump 
Nation N Mean SD Sum of Squares df Mean Square F 

Chinese Sources 14 -.71 .469     

Russian Sources 25 .24 .879     

Saudi Sources 18 -.67 .594     

Total: 57 -.28 .840     

     Between Groups      12.092 2   6.046 11.908*** 

     Within Groups      27.417 54     .508  

     Total:      39.509 56   
 

Hillary Clinton 
Nation N Mean SD Sum of Squares df Mean Square F 

Chinese Sources 15 .73 .458     

Russian Sources 22 -.50 .740     

Saudi Sources 17 .53 .800     

Total: 54 .17 .885     

     Between Groups      16.831 2   8.416 17.399*** 

     Within Groups      24.669 51     .484  

     Total:      41.500 53   
 

Republican Party 
Nation N Mean SD Sum of Squares df Mean Square F 

Chinese Sources 17 -.29 .470     

Russian Sources 19 .16 .765     

Saudi Sources 17 -.47 .624     

Total: 53 -.19 .681     

     Between Groups        3.822 2   1.911     4.709* 

     Within Groups      20.291 50     .406  

     Total:      24.113 52   
 

Democratic Party 
Nation N Mean SD Sum of Squares df Mean Square F 

Chinese Sources 13 .23 .599     

Russian Sources 16 -.50 .632     

Saudi Sources 17 .47 .717     

Total: 46 .07 .772     

     Between Groups        8.261 2   4.131 9.579*** 

     Within Groups      18.543 43     .431  

     Total:      26.804 45   

*p<0.05, **p<0.01, ***p<0.001 
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Table 4.16: 1st Debate ANOVA Results for Global & National Impact 

Global Impact – Trump/Republican Party 
Nation N Mean SD Sum of Squares df Mean Square F 

Chinese Sources 12 -.92 .289     

Russian Sources 17 .12 .857     

Saudi Sources 13 -.77 .439     

Total: 42 -.45 .772     

     Between Groups        9.416 2   4.708 12.249*** 

     Within Groups      14.989 39     .384  

     Total:      24.405 41   
 

Global Impact – Clinton/Democratic Party 
Nation N Mean SD Sum of Squares df Mean Square F 

Chinese Sources 7 .43 .787     

Russian Sources 20 -.45 .759     

Saudi Sources 9 .44 .882     

Total: 36 -.06 .893     

     Between Groups        7.002 2   3.501        5.532** 

     Within Groups      20.887 33     .633  

     Total:      27.889 35   
 

National Impact – Trump/Republican Party 
Nation N Mean SD Sum of Squares df Mean Square F 

Chinese Sources 8 -.50 .535     

Russian Sources 14 .14 .864     

Saudi Sources 6 -.50 .837     

Total: 28 -.18 .819     

     Between Groups        2.893 2   1.446          2.377 

     Within Groups      15.214 25     .609  

     Total:      18.107 27   
 

National Impact – Clinton/Democratic Party 
Nation N Mean SD Sum of Squares df Mean Square F 

Chinese Sources 5 .40 .548     

Russian Sources 19 -.84 .375     

Saudi Sources 7 .43 .787     

Total: 31 -.35 .798     

     Between Groups      11.656 2   5.828 21.932*** 

     Within Groups        7.441 28     .266  

     Total:      19.097 30   

*p<0.05, **p<0.01, ***p<0.001 
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1st Debate Qualitative Results  

The top-five frequencies for the first two qualitative coding categories from the first 

debate data pull are shown below in Table 4.17. For the political figures coding category, former 

U.S. President Barack Obama (n = 23) was the most mentioned overall, followed by: former FBI 

Director James Comey (n = 16), Russian President Vladimir Putin (n = 15), 1996 Miss Universe 

Alicia Machado (n = 14), and White House intern for former U.S. President Bill Clinton, Monica 

Lewinsky (n = 14). For the cited news media outlets coding category, CNN (n = 16) was the 

most cited overall, followed by: NBC News (n = 13), Fox News (n = 12), RIA Novosti (n = 10), 

and Agence France-Presse, a French international news agency3 (n = 8). Overall, U.S. news 

media outlets (55%) were cited more than non-U.S. news media outlets (45%). Both the Chinese 

and Saudi sources cited U.S. news more frequently than non-U.S. news (Chinese = 58% to 42% 

and Saudi = 72% to 28%). The Russian sources cited non-U.S. news (54%) more than U.S. news 

(46%). 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

                                                           
3 (See Agence France-Presse, 2017; Broderick & Miller, 2007). 
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Table 4.17: 1st Debate Political Figures & Cited News Outlets 

Overall Sources: 
Other Political Figures (n) Cited News Media Outlets (n) 

  1. Barack Obama (23)   1. CNN (16) 

  2. James Comey (16)   2. NBC News (13) 

  3. Vladimir Putin (15)   3. Fox News (12) 

  4. Alicia Machado (14)   4. RIA Novosti (10) 

  5. Monica Lewinsky (14)   5. Agence France-Presse (AFP)   (8) 
 

Chinese Sources: 
Other Political Figures (n) Cited News Media Outlets (n) 

  1. Alicia Machado   (9)   1. CNN   (6) 

  2. Barack Obama   (8)   2. NBC News   (5) 

  3. James Comey   (7)   3. Agence France-Presse (AFP)   (4) 

  4. Monica Lewinsky   (6)   4. Xinhua News Agency   (4) 

  5. Mike Pence   (5)   5. Fox News   (3) 
 

Russian Sources: 
Other Political Figures (n) Cited News Media Outlets (n) 

  1. Vladimir Putin (11)   1. RIA Novosti (10) 

  2. James Comey   (9)   2. Russia Today (RT)   (8) 

  3. Monica Lewinsky   (8)   3. Fox News   (6) 

  4. Petro Poroshenko   (7)   4. CNN   (5) 

  5. Barack Obama   (6)   5. TASS News Agency   (5) 
 

Saudi Sources: 

Other Political Figures (n) Cited News Media Outlets (n) 

  1. Barack Obama   (9)   1. New York Times   (8) 

  2. Benjamin Netanyahu   (7)   2. CNN   (5) 

  3. Alicia Machado   (5)   3. Reuters   (5) 

  4. Bill Clinton   (5)   4. Agence France-Presse (AFP)   (4) 

  5. Petro Poroshenko   (4)   5. NBC News   (4) 

 

The remaining top-five frequencies for the qualitative coding categories from the first 

debate data pull are shown in below Table 4.18. Overall, the U.S. Economy (n = 21) was the 

most frequently discussed domestic policy, followed by: U.S. Race Relations (n = 15), 

Immigration (n = 12), Health Care (n = 11), and National Security (n = 7). For the overall foreign 

policies category, U.S./Russia Relations (n = 20) was the most frequently discussed policy, 

followed by: the Global Economy (n = 11), the U.S. intervention in Syria (n = 10), the 

Israeli/Palestinian Conflicts (n = 9), and the Trans-Pacific Partnership (n = 9). Lastly, the overall 

most common issue/theme was claims that Clinton won the First Debate (n = 25), followed by: 
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the Clinton’s Health (n = 21), Trump’s Tax Returns (n = 18), Trump’s Debate Flaws (n = 17), 

and claims that Trump won the First Debate (n = 15). 

Table 4.18: 1st Debate Domestic/Foreign Policies & Issues/Themes 

Overall Sources: 
Domestic Policies (n) Foreign Policies (n) Issues/Themes (n) 

1. U.S. Economy (21) 1. U.S./Russia Relations (20) 1. Clinton Wins Debate (25) 

2. U.S. Race Relations (15) 2. Global Economy (11) 2. Clinton’s Health (21) 

3. Immigration (12) 3. Syria (10) 3. Trump’s Tax Returns (18) 

4. Health Care (11) 4. Israel/Palestine (9) 4. Trump’s Debate Flaws (17) 

5. National Security (7) 5. TPP (9) 5. Trump Wins Debate (15) 
 

Chinese Sources: 
Domestic Policies (n) Foreign Policies (n) Issues/Themes (n) 

1. U.S. Economy (5) 1. U.S./China Relations (9) 1. Clinton Wins Debate (14) 

2. Health Care (4) 2. U.S./Russia Relations (5) 2. Trump’s Tax Returns (10) 

3. Immigration (4) 3. U.S./Taiwan Relations (5) 3. Trump’s Debate Flaws (8) 

4. National Security (3) 4. TPP (4) 4. Clinton’s Health (7) 

5. U.S. Race Relations (3) 5. Global Economy (3) 5. Racial Minorities’ Votes (6) 
 

Russian Sources: 
Domestic Policies (n) Foreign Policies (n) Issues/Themes (n) 

1. U.S. Economy (7) 1. U.S./Russia Relations (8) 1. U.S. Failing Democracy (13) 

2. U.S. Race Relations (6) 2. U.S. Sanctions on Russia (7) 2. Trump Wins Debate (12) 

3. National Security (4) 3. Terrorism (5) 3. Clinton’s Health (9) 

4. Health Care (3) 4. Israel/Palestine (4) 4. Mocking the Debate (7) 

5. U.S. National Debt (3) 5. Global Economy (4) 5. Bill Clinton’s Affairs (5) 
 

Saudi Sources: 
Domestic Policies (n) Foreign Policies (n) Issues/Themes (n) 

1. U.S. Economy (9) 1. Syria (10) 1. Clinton Wins Debate (11) 

2. Immigration (8) 2. U.S./Russia Relations (7) 2. Trump’s Debate Flaws (9) 

3. U.S. Race Relations (6) 3. Israel/Palestine (5) 3. Trump’s Tax Returns (8) 

4. Press Freedom (5) 4. TPP (5) 4. Clinton’s Health (5) 

5. Health Care (4) 5. Global Economy (4) 5. Trump Wins Debate (3) 

 

1st Debate Sample News Content 

Pre-Debate News Coverage. Regarding the qualitative findings from the first 

presidential debate data pull, the most recurring narrative pertained to the candidates’ debate 

performances and the winner of the debate. However, prior to the debate, various news outlets 

(e.g., Enlightenment Daily and Rossiya24) anticipated record-breaking viewer numbers in the 

U.S. rivaling the “American Football Super Bowl.” Three days before the debate, Chinese news 

outlet Enlightenment Daily noted, “Foreign media pointed out that Trump in the past Republican 

debates abandoned ‘political correctness,’ and challenged the debate moderators. But this will 
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probably not be the case when Trump faces Hillary in the general election debate, as we expect 

he will no longer use the same means.” Also prior to the debate, Saudi Arabian news outlet Al-

Hayat consistently referred to the first presidential debate as a “psychological war” and 

“psychological warfare” between Trump and Clinton. 

Debate Performances & Debate Winner. Following the debate, the results show that 

the Chinese and Saudi news outlets primarily claimed that Clinton won the debate and criticized 

Trump’s debate performance. The day after the debate, on September 27, 2016, like many of its 

fellow Chinese news outlets, Remin Ribao cited numerous poll results, “CNN real-time poll: 

62% that Hillary won the US debate… Additionally, Trump repeatedly interrupted the debate 

host, Lester Holt, and his debate opponent, Hillary Clinton. According to foreign media statistics, 

Trump to interrupted Holt 27 times and Clinton 28 times in the US first presidential debate.” On 

September 28, 2016, Saudi Arabian news outlet Al Riyadh claimed, “Clinton accused her 

Republican challenger Donald Trump of racism, sexism, and tax evasion, putting him on the 

defensive throughout the debate… Also, Clinton accused Trump of promoting a ‘racist lie’ when 

he said that Obama was not born in the United States even after he published a detailed copy of 

his birth certificate to put an end to the controversy.” The article concluded by asserting, “After 

witnessing the debate, it is evident that Donald Trump is ignorant, unfit, and unqualified to serve 

as the president and commander in chief, and his ignorance and inferiority complex challenges 

the US. Any sensible American should vote for Democratic candidate Hillary Clinton.” 

Another major narrative within the criticisms of Trump pertained to his feud with the 

former Miss Universe winner, Alicia Machado. On October 1, 2016, Chinese news outlet Global 

Times proclaimed: 

Trump’s attack on former Miss Universe to discredit her because she did not sleep with 

him is disgusting! Alicia Machado said she believes Trump is a ‘sick person,’ and he 
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wanted to film a Playboy sex video with her. She also said that because of her weight 

gain after winning the 1996 Miss Universe contest, Trump called her ‘Miss Piggy’ and 

‘Miss Housekeeping.’ Trump denied these accusations and also implied that Hillary 

helped the Venezuelan-born Machado to obtain US citizenship. Hillary Clinton 

responded by saying Trump was ‘insane.’ [sic] 

 

Lastly, another common narrative surrounding the first debate performances among the Saudi 

news outlets pertained to various global financial markets’ reactions to the debate. The day after 

the debate, Al-Hayat reported, “Following Clinton’s debate performance, there was a significant 

rise in the currencies of Mexico and Canada. Hillary Clinton was better than her rival Donald 

Trump in the televised debate. As a result, the Mexican peso is on the way to achieving its 

biggest daily gain in three weeks, which is pushing the Canadian dollar to climb as well.” The 

article concluded by stating, “Canada and Mexico have close trade relations with the United 

States, and their markets tend to view Clinton as a person who is likely to maintain the status 

quo, but they do not know what a Trump presidency would mean for US foreign policy, world 

trade agreements, or their local economies.” 

Mocking the Debate. By comparison, the Russian news outlets were very critical of the 

entire debate process itself and both political candidates. The day before the debate, on 

September 25, 2016, Russian news outlet Moskovskij Komsomolets noted, “This US election is 

the election of two evils, as Trump and Clinton equal record unpopularity.” However, the article 

concluded by asserting, “Donald Trump has great popularity in Russia, and he wants to establish 

normal relations. But now, with schmuck Obama, the Democrats have the floor, and if ‘Billary’ 

Clinton occupies the White House, Russia’s relations with the US will drop even lower and 

lower until they are gone.” The day after the debate, on September 27, 2016, Russian news outlet 

Komsomolskaya Pravda stated, “The failing American democracy is a nation torn between two 

candidates, one unqualified and one corrupt.” The article continued by claiming, “The first 
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presidential debate was a highly watched American entertainment spectacle of unending 

arguments and ‘mudslinging’ fighting. To the world outside of the US, this embarrassing debate 

proved the US democratic system is fractured and it continues to collapse from within.” 

Despite the above news quote, many Russian news outlets were far more favorable to 

Trump than Clinton regarding their debate performances. The day after the debate, Moskovskij 

Komsomolets stated, “In the first debate, Trump chided Clinton with her low endurance. US 

public opinion polls were unpredictable, but the most of the poll results have shown a draw for 

the debate winner.” The article continued by claiming, “The debate moderator Lester Holt 

determined he had to tip the scales in one direction or another. Clearly, he was on Hillary 

Clinton’s side because he kept asking awkward questions to try to show Trump’s ignorance and 

inexperience… In response, Trump said that Hillary did not have the ‘appearance’ or 

‘endurance’ to be the president.” On October 2, 2016, Russian news outlet Izvestia asserted, 

“Donald Trump outperformed Hillary Clinton in the debate… Trump also said that Clinton 

‘should be in jail’ because she was involved in many scandals, but several US media outlets 

completely covered up the scandals. Trump is not only right about Clinton, but he should also 

call for many in the US news media to be thrown in prison too.” The latter part of this quote 

leads into the next major narrative frequently discussed in the 1st debate data pull, U.S. media 

biases toward (or against) Trump and Clinton. 

U.S. Media Biases. On September 30, 2016, Russian news outlet Arguments and Facts 

noted, “Despite her involvement in so many scandals and fraud, CNN and many other American 

news networks remain completely in support of Hillary Clinton.” Alternatively, on October 2, 

2016, Saudi Arabian news outlet Al Arabiya reported:  

American media turn on Trump: Enough lying! The American media will no longer 

bother to indulge the Republican candidate Donald Trump in their coverage. The New 
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York Times recently emerged from its moderate line to denounce the wealthy 

businessman’s lies, arguing that Donald Trump is ‘unable’ to lead the country. And as 

usual, the billionaire chose to respond to a USA Today editorial on Twitter when he 

wrote, ‘The people are really smart in cancelling subscriptions to the Dallas & Arizona 

papers & now USA Today will lose readers! The people get it!’ [sic] 

 

Furthermore, on September 22, 2016, Al-Hayat claimed, “Fox News should be renamed ‘The 

Trump Network’ because it has not ever said anything negative about the Republican 

presidential candidate.” 

 Geopolitical Impacts. In relating the first debate to potential geopolitical (or global) 

impacts, on September 23, 2016, Chinese news outlet Ministry Foreign Affairs noted, “China has 

probably been the most critical of Donald Trump. Mr. Trump’s ‘Make America Great Again’ 

campaign slogan is viewed by many as if to defeat China. However, President Xi Jinping 

expressed his hopes for the two economies of China and the United States to further build 

common interests no matter who wins the election… For China, it is important to maintain 

bilateral Sino-US relations.” On September 30, 2016, Al Riyadh explained, “Change is not 

expected within the Arab world. Looking for the possibility of a positive American intervention 

cast all the crises on the American arrogance. Arab viewers watched the debate, linking the 

reality and the status quo of despair and frustration in America. The minds of most Arabs are full 

of exclamation marks, questions, and doubts for the future.” 

The Russian news outlets’ discussions relating the first debate to potential global impacts 

were both cautionary and optimistic. On September 27, 2016, Russian news outlet Rossiya24 

stated, “Now the question is how Russia will deal with the threats of Mrs. Clinton. As a result of 

the hacking and cyber-attacks, there is no doubt that Russia’s relationship with the United States 

will not thrive if Clinton is elected… But Donald Trump praised the system of Vladimir Putin, 

and he has taken interest in improving the relations between the United States and Russia.” The 
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day of the first debate, while reporting on Ukrainian President Petro Poroshenko’s skepticism 

regarding Trump, Crimea, Ukraine, and the U.S. sanctions on Russia, Izvestia maintained an 

optimistic view by stating, “Donald Trump has declared his readiness to consider the possible 

recognition of Crimea as part of Russia, and the removal of anti-Russian sanctions if he is 

elected president. Trump also repeatedly called Russian President Vladimir Putin, a strong 

leader, earning a lot of criticism from his opponents.” 
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Election Day Results 

Election Day Quantitative Results  

 The frequencies for the quantitative codes from the Election Day data pull are shown in 

Table 4.19. The overall Election Day results show that “Donald Trump” (μ = -.19) and 

“Republican Party” (μ = -.01) were presented negatively, and “Hillary Clinton” (μ = .01) and 

“Democratic Party” (μ = .06) were presented somewhat positively. The Chinese sources 

presented Trump (μ = -.52) and the Republican Party (μ = -.23) negatively, and Clinton (μ = .35) 

and the Democratic Party (μ = .47) positively. The Saudi sources also presented Trump (μ = -.63) 

and the Republican Party (μ = -.36) negatively, and Clinton (μ = .35) and the Democratic Party 

(μ = .32) positively. Lastly, the Russian sources presented Trump (μ = .22) and the Republican 

Party (μ = .28) positively, and Clinton (μ = -.32) and the Democratic Party (μ = -.26) negatively. 

The overall Election Day results for the global and national impact coding categories 

show a majority of negative presentations, with “Trump/Republican Party” (μ = -.32) being more 

negatively covered than “Clinton/Democratic Party” (μ = -.08) for global impact, and 

“Trump/Republican Party” (μ = -.02) being negatively covered compared to the precisely neutral 

coverage of “Clinton/Democratic Party” (μ = .00) for national impact. The Chinese sources 

presented “Trump/Rep.” with negative global (μ = -.81) and national (μ = -.12) impacts, and 

“Clinton/Dem.” with positive global (μ = .36) and national (μ = .38) impacts. The Saudi sources 

also presented “Trump/Rep.” with negative global (μ = -.59) and national (μ = -.41) impacts, and 

“Clinton/Dem.” with positive global (μ = .31) and national (μ = .23) impacts. Lastly, the Russian 

sources presented “Trump/Rep.” with positive global (μ = .09) and national (μ = .28) impacts, 

and “Clinton/Dem.” with negative global (μ = -.54) and national (μ = -.35) impacts. 
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Table 4.19: Election Day Quantitative Coding Frequencies 
 Key Search Terms 

 

Overall Sources 

“Donald Trump” 
(μ = -.19) (n = 113) 

“Hillary Clinton” 
(μ = .01) (n = 81) 

“Rep. Party” 
(μ = -.01) (n = 87)  

“Dem. Party” 
(μ = .06) (n = 83) 

Negative Pres. 47.8% 35.8% 32.2% 31.3% 

Neutral Pres. 23.0% 27.2% 36.8% 31.3% 

Positive Pres. 29.2% 37.0% 31.0% 37.3% 
 

 

Chinese Sources 

“Donald Trump” 
(μ = -.52) (n = 31) 

“Hillary Clinton” 
(μ = .35) (n = 20) 

“Rep. Party” 
(μ = -.23) (n = 22)  

“Dem. Party” 
(μ = .47) (n = 19) 

Negative Pres. 64.5% 25.0% 45.5% 15.8% 

Neutral Pres. 22.6% 15.0% 31.8% 21.1% 

Positive Pres. 12.9% 60.0% 22.7% 63.2% 
 

 

Russian Sources 

“Donald Trump” 
(μ = .22) (n = 55) 

“Hillary Clinton” 
(μ = -.32) (n = 41) 

“Rep. Party” 
(μ = .28) (n = 43)  

“Dem. Party” 
(μ = -.26) (n = 42) 

Negative Pres. 27.3% 51.2% 16.3% 45.2% 

Neutral Pres. 23.6% 29.3% 39.5% 35.7% 

Positive Pres. 49.1% 19.5% 44.2% 19.0% 
 

 

Saudi Sources 

“Donald Trump” 
(μ = -.63) (n = 27) 

“Hillary Clinton” 
(μ = .35) (n = 20) 

“Rep. Party” 
(μ = -.36) (n = 22)  

“Dem. Party” 
(μ = .32) (n = 22) 

Negative Pres. 70.4% 15.0% 50.0% 18.2% 

Neutral Pres. 22.2% 35.0% 36.4% 31.8% 

Positive Pres.   7.4% 50.0% 13.6% 50.0% 
 

 Global Impact National Impact 

 

Overall Sources 

“Trump/Rep.” 
(μ = -.32) (n = 73) 

“Clinton/Dem.” 
(μ = -.08) (n = 51) 

“Trump/Rep.” 
(μ = -.02) (n = 63)  

“Clinton/Dem.” 
(μ = .00) (n = 49) 

Negative Impact 58.9% 45.1% 36.5% 36.7% 

Neutral/No Impact 13.7% 17.6% 28.6% 26.5% 

Positive Impact 27.4% 37.3% 34.9% 36.7% 
 

 

Chinese Sources 

“Trump/Rep.” 
(μ = -.81) (n = 16) 

“Clinton/Dem.” 
(μ = .36) (n = 11) 

“Trump/Rep.” 
(μ = -.12) (n = 17)  

“Clinton/Dem.” 
(μ = .38) (n = 13) 

Negative Impact 87.5% 27.3%           41.2%   7.7% 

Neutral/No Impact   6.3%   9.1% 29.4% 46.2% 

Positive Impact   6.3% 63.6% 29.4% 46.2% 
 

 

Russian Sources 

“Trump/Rep.” 
(μ = .09) (n = 35) 

“Clinton/Dem.” 
(μ = -.54) (n = 24) 

“Trump/Rep.” 
(μ = .28) (n = 29)  

“Clinton/Dem.” 
(μ = -.35) (n = 23) 

Negative Impact 40.0% 70.8% 24.1% 56.5% 

Neutral/No Impact 11.4% 12.5% 24.1% 21.7% 

Positive Impact 48.6% 16.7% 51.7% 21.7% 
 

 

Saudi Sources 

“Trump/Rep.” 
(μ = -.59) (n = 22) 

“Clinton/Dem.” 
(μ = .31) (n = 16) 

“Trump/Rep.” 
(μ = -.41) (n = 17)  

“Clinton/Dem.” 
(μ = .23) (n = 13) 

Negative Impact 68.2% 18.8% 52.9% 30.8% 

Neutral/No Impact 22.7% 31.3% 35.3% 15.4% 

Positive Impact   9.1% 50.0% 11.8% 53.8% 
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The Election Day independent samples t-test results for the presentation of key search 

terms coding categories are shown below in Table 4.20. All four search terms were statistically 

significant between the Russian and Chinese sources, as well as the Russian and Saudi sources. 

Specifically, two of the means comparisons were significant at the .001 level, five were 

significant at the .01 level, and one was significant at the .05 level. 

Table 4.20: Election Day T-Test Results for Key Terms 

Donald Trump 

Nation   N Mean  SD           t 

Chinese Sources   31  -.52 .724    -4.036*** 

Russian Sources   55   .22 .854  
 

Chinese Sources   31  -.52 .724   .632 

Saudi Sources   27  -.63 .629  
 

Russian Sources   55   .22 .854    5.073*** 

Saudi Sources   27  -.63 .629  
 

Hillary Clinton 

Nation   N Mean  SD           t 

Chinese Sources   20   .35 .875      2.992** 

Russian Sources   41  -.32 .789  
 

Chinese Sources   20   .35 .875     .000 

Saudi Sources   20   .35 .745  
 

Russian Sources   41  -.32 .789     -3.156** 

Saudi Sources   20   .35 .745  
 

Republican Party 

Nation   N Mean  SD           t 

Chinese Sources   22  -.23 .813   -2.537* 

Russian Sources   43   .28 .734  
 

Chinese Sources   22  -.23 .813     .587 

Saudi Sources   22  -.36 .727  
 

Russian Sources   43   .28 .734       3.350** 

Saudi Sources   22  -.36 .727  
 

Democratic Party 

Nation   N Mean  SD           t 

Chinese Sources   19   .47 .772        3.461** 

Russian Sources   42  -.26 .767  
 

Chinese Sources   19   .47 .772       .640 

Saudi Sources   22   .32 .780  
 

Russian Sources   42  -.26 .767      -2.857** 

Saudi Sources   22   .32 .780  

*p<0.05, **p<0.01, ***p<0.001 
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The Election Day independent samples t-test results for the global and national impact 

coding categories are shown below in Table 4.21. Three of the four coding categories were 

statistically significant between the Russian and Chinese sources, as well as the Russian and 

Saudi sources. Four of the means comparisons were significant at the .01 level, one was 

significant at the .05 level, and one was significant at the .001 level. 

Table 4.21: Election Day T-Test Results for Global & National Impact 

Global Impact – Trump/Republican Party 

Nation   N Mean  SD           t 

Chinese Sources   16  -.81 .544  -4.266*** 

Russian Sources   35   .09 .951  
 

Chinese Sources   16  -.81 .544      -1.091    

Saudi Sources   22  -.59 .666  
 

Russian Sources   35    .09 .951      3.155** 

Saudi Sources   22  -.59 .666  
 

Global Impact – Clinton/Democratic Party 

Nation   N Mean  SD           t 

Chinese Sources   11   .36 .924       3.011** 

Russian Sources   24  -.54 .779  
 

Chinese Sources   11   .36 .924      .154 

Saudi Sources   16   .31 .793  
 

Russian Sources   24  -.54 .779       -3.373** 

Saudi Sources   16   .31 .793  
 

National Impact – Trump/Republican Party 

Nation   N Mean  SD           t 

Chinese Sources   17  -.12 .857    -1.521      

Russian Sources   29   .28 .841  
 

Chinese Sources   17  -.12 .857     1.088 

Saudi Sources   17  -.41 .712  
 

Russian Sources   29    .28 .841    2.826** 

Saudi Sources   17  -.41 .712  
 

National Impact – Clinton/Democratic Party 

Nation   N Mean  SD           t 

Chinese Sources   13   .38 .650       2.732* 

Russian Sources   23  -.35 .832  
 

Chinese Sources   13   .38 .650           .490 

Saudi Sources   13   .23 .927  
 

Russian Sources   23  -.35 .832     -1.924 

Saudi Sources   13   .23 .927  

*p<0.05, **p<0.01, ***p<0.001 
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The Election Day chi-square results for the presentation of key search terms are shown in 

Table 4.22 on the following page. The chi-square results among the three nations were 

statistically significant for all four search terms: “Donald Trump” (X2 = 24.221, p = .000), 

“Hillary Clinton” (X2 = 14.554, p = .006), “Republican Party” (X2 = 12.022, p = .017), and 

“Democratic Party” (X2 = 14.270, p = .006). For the “Donald Trump” and “Republican Party” 

presentations, the Russian sources comprise the most positive and neutral presentations, while 

the Chinese and Saudi sources held the most negative presentations. For the “Hillary Clinton” 

and “Democratic Party” presentations, the Russian sources comprise the most negative and 

neutral presentations, while the Chinese sources include the most positive presentations.  

When comparing the expected and observed frequencies for the Election Day key search 

term presentations, the Chinese and Saudi sources had higher negative frequencies and lower 

positive frequencies for both the “Donald Trump” and “Republican Party” presentations. The 

Chinese and Saudi sources also had lower negative frequencies and higher positive frequencies 

for both the “Hillary Clinton” and “Democratic Party” presentations. Alternatively, the Russian 

sources had lower negative frequencies and higher positive frequencies for the “Donald Trump” 

and “Republican Party” presentations. The Russian sources also had higher negative frequencies 

and lower positive frequencies for the “Hillary Clinton” and “Democratic Party” presentations. 
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Table 4.22: Election Day Chi-Square Results for Key Terms 

Donald Trump 
 

Presentation 

Chinese Sources Russian Sources Saudi Sources  

X2 Exp. n Obs. n (%) Exp. n Obs. n (%) Exp. n Obs. n (%) 

Negative Pres. 14.8 20 (64.5%) 26.3 15 (27.3%) 12.9 19 (70.4%) 24.221*** 

Neutral Pres. 7.1   7 (22.6%) 12.7 13 (23.6%) 6.2   6 (22.2%)  

Positive Pres. 9.1   4 (12.9%) 16.1 27 (49.1%) 7.9   2 (7.4%)  

Total: 31.0 31 55.0 55 27.0 27  
 

Hillary Clinton 
 

Presentation 

Chinese Sources Russian Sources Saudi Sources  

X2 Exp. n Obs. n (%) Exp. n Obs. n (%) Exp. n Obs. n (%) 

Negative Pres. 7.2   5 (25.0%) 14.7 21 (51.2%) 7.2   3 (15.0%) 14.554** 

Neutral Pres. 5.4   3 (15.0%) 11.1 12 (29.3%) 5.4   7 (35.0%)  

Positive Pres. 7.4 12 (60.0%) 15.2   8 (19.5%) 7.4 10 (50.0%)  

Total: 20.0 20 41.0 41 20.0 20  
 

Republican Party 
 

Presentation 

Chinese Sources Russian Sources Saudi Sources  

X2 Exp. n Obs. n (%) Exp. n Obs. n (%) Exp. n Obs. n (%) 

Negative Pres. 7.1 10 (45.5%) 13.8   7 (16.3%) 7.1 11 (50.0%) 12.022* 

Neutral Pres. 8.1   7 (31.8%) 15.8 17 (39.5%) 8.1   8 (36.4%)  

Positive Pres. 6.8   5 (22.7%) 13.3 19 (44.2%) 6.8   3 (13.6%)  

Total: 22.0 22 43.0 43 22.0 22  
 

Democratic Party 
 

Presentation 

Chinese Sources Russian Sources Saudi Sources  

X2 Exp. n Obs. n (%) Exp. n Obs. n (%) Exp. n Obs. n (%) 

Negative Pres. 6.0   3 (15.8%) 13.2 19 (45.2%) 6.9   4 (18.2%) 14.270** 

Neutral Pres. 6.0   4 (21.1%) 13.2 15 (35.7%) 6.9   7 (31.8%)  

Positive Pres. 7.1 12 (63.2%) 15.7   8 (19.0%) 8.2 11 (50.0%)  

Total: 19.0 19 42.0 42 22.0 22  

*p<0.05, **p<0.01, ***p<0.001 
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As shown on the following page in Table 4.23, the Election Day chi-square results among 

the three nations were also statistically significant for three of the four global impact and national 

impact codes: “Global Impact – Trump/Republican Party” (X2 = 17.785, p = .001), “Global 

Impact – Clinton/Democratic Party” (X2 = 14.740, p = .005), and “National Impact – 

Clinton/Democratic Party” (X2 = 11.015, p = .026). For both the “Trump/Republican Party” 

global and national impact, the Russian sources held the most positive impact stories, while the 

negative impact stories were relatively similar for all three nations. For both the 

“Clinton/Democratic Party” global and national impact, the Russian sources comprise the most 

negative and neutral/no impact stories, while the Chinese and Saudi sources held the most 

positive impact stories.  

When comparing the expected and observed frequencies for the Election Day global 

impact and national impact codes, the Chinese and Saudi sources had higher negative impact 

frequencies and lower positive impact frequencies in both global and national impact for the 

“Trump/Republican Party” coding category. The Chinese and Saudi sources also had lower 

negative impact frequencies and higher positive impact frequencies in both global and national 

impact for the “Clinton/Democratic Party” coding category. Alternatively, the Russian sources 

had lower negative impact frequencies and higher positive impact frequencies in both global and 

national impact for the “Trump/Republican Party” coding category. The Russian sources also 

had higher negative impact frequencies and lower positive impact frequencies in both global and 

national impact for the “Clinton/Democratic Party” coding category. 
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Table 4.23: Election Day Chi-Square Results for Global & National Impact 

Global Impact – Trump/Republican Party 
 

Presentation 

Chinese Sources Russian Sources Saudi Sources  

X2 Exp. n Obs. n (%) Exp. n Obs. n (%) Exp. n Obs. n (%) 

Negative Impact 9.4 14 (87.5%) 20.6 14 (40.0%) 13.0 15 (68.2%) 17.785** 

Neutral/No Impact 2.2   1 (6.3%) 4.8   4 (11.4%) 3.0   5 (22.7%)  

Positive Impact 4.4   1 (6.3%) 9.6 17 (48.6%) 6.0   2 (9.1%)  

Total: 16.0 16 35.0 35 22.0 22  
 

Global Impact – Clinton/Democratic Party 
 

Presentation 

Chinese Sources Russian Sources Saudi Sources  

X2 Exp. n Obs. n (%) Exp. n Obs. n (%) Exp. n Obs. n (%) 

Negative Impact 5.0   3 (27.3%) 10.8 17 (70.8%) 7.2   3 (18.8%) 14.740** 

Neutral/No Impact 1.9   1 (9.1%) 4.2   3 (12.5%) 2.8   5 (31.3%)  

Positive Impact 4.1   7 (63.6%) 8.9   4 (16.7%) 6.0   8 (50.0%)  

Total: 11.0 11 24.0 24 16.0 16  
 

National Impact – Trump/Republican Party 
 

Presentation 

Chinese Sources Russian Sources Saudi Sources  

X2 Exp. n Obs. n (%) Exp. n Obs. n (%) Exp. n Obs. n (%) 

Negative Impact 6.2   7 (41.2%) 10.6   7 (24.1%) 6.2   9 (52.9%)   8.150 

Neutral/No Impact 4.9   5 (29.4%) 8.3   7 (24.1%) 4.9   6 (35.3%)  

Positive Impact 5.9   5 (29.4%) 10.1 15 (51.7%) 5.9   2 (11.8%)  

Total: 17.0 17 29.0 29 17.0 17  
 

National Impact – Clinton/Democratic Party 
 

Presentation 

Chinese Sources Russian Sources Saudi Sources  

X2 Exp. n Obs. n (%) Exp. n Obs. n (%) Exp. n Obs. n (%) 

Negative Impact 4.8   1 (7.7%) 8.4 13 (56.5%) 4.8   4 (30.8%) 11.015* 

Neutral/No Impact 3.4   6 (46.2%) 6.1   5 (21.7%) 3.4   2 (15.4%)  

Positive Impact 4.8   6 (46.2%) 8.4   5 (21.7%) 4.8   7 (53.8%)  

Total: 13.0 13 23.0 23 13.0 13  

*p<0.05, **p<0.01, ***p<0.001 
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The Election Day ANOVA results for the key search terms presentations are shown in 

Table 4.24. As seen in the table, the differences for all four of the key search term presentations 

were statistically significant among the three nations’ news sources: “Donald Trump” (F = 

14.862, p = .000), “Hillary Clinton” (F = 7.031, p = .002), “Republican Party” (F = 6.513, p = 

.002), and “Democratic Party” (F = 7.617, p = .001). In testing for the homogeneity of variances, 

only the “Donald Trump” coding category showed unequal variance. Additionally, the explained 

variance among the data are as follows: “Donald Trump” (21.27%), “Hillary Clinton” (15.27%), 

“Republican Party” (13.43%), and “Democratic Party” (15.99%). 

From Table 4.25, all four of the global and national impact coding categories also varied 

significantly among the three nations’ news sources: “Global Impact – Trump/Republican Party” 

(F = 8.852, p = .000), “Global Impact – Clinton/Democratic Party” (F = 7.322, p = .002), 

“National Impact – Trump/Republican Party” (F = 4.014, p = .023), and “National Impact – 

Clinton/Democratic Party” (F = 4.057, p = .024). For the homogeneity of variances, only the 

“Global Impact – Trump/Republican Party” coding category showed unequal variance. The 

explained variance for the data are: “Global Impact – Trump/Republican Party” (20.19%), 

“Global Impact – Clinton/Democratic Party” (23.38%), “National Impact – Trump/Republican 

Party” (11.80%), and “National Impact – Clinton/Democratic Party” (14.99%).  
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Table 4.24: Election Day ANOVA Results for Key Terms 

Donald Trump 
Nation N Mean SD Sum of 

Squares 

df Mean Square F 

Chinese Sources 31 -.52 .724     

Russian Sources 55 .22 .854     

Saudi Sources 27 -.63 .629     

Total: 113 -.19 .861     

     Between Groups      17.677 2   8.839 14.862*** 

     Within Groups      65.420 110     .595  

     Total:      83.097 112   
 

Hillary Clinton 

Nation N Mean SD Sum of 

Squares 

df Mean Square F 

Chinese Sources 20 .35 .875     

Russian Sources 41 -.32 .789     

Saudi Sources 20 .35 .745     

Total: 81 .01 .859     

     Between Groups        9.010 2   4.505          7.031** 

     Within Groups      49.978 78     .641  

     Total:      58.988 80   
 

Republican Party 
Nation N Mean SD Sum of 

Squares 

df Mean Square F 

Chinese Sources 22 -.23 .813     

Russian Sources 43 .28 .734     

Saudi Sources 22 -.36 .727     

Total: 87 -.01 .800     

     Between Groups        7.383 2   3.691          6.513** 

     Within Groups      47.606 84     .567  

     Total:      54.989 86   
 

Democratic Party 
Nation N Mean SD Sum of 

Squares 

df Mean Square F 

Chinese Sources 19 .47 .772     

Russian Sources 42 -.26 .767     

Saudi Sources 22 .32 .780     

Total: 83 .06 .832     

     Between Groups        9.070 2   4.535          7.617** 

     Within Groups      47.629 80     .595  

     Total:      56.699 82   

*p<0.05, **p<0.01, ***p<0.001 
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Table 4.25: Election Day ANOVA Results for Global & National Impact 

Global Impact – Trump/Republican Party 
Nation N Mean SD Sum of Squares df Mean Square F 

Chinese Sources 16 -.81 .544     

Russian Sources 35 .09 .951     

Saudi Sources 22 -.59 .666     

Total: 73 -.32 .880     

     Between Groups      11.255 2   5.627 8.852*** 

     Within Groups      44.499 70     .636  

     Total:      55.753 72   
 

Global Impact – Clinton/Democratic Party 
Nation N Mean SD Sum of Squares df Mean Square F 

Chinese Sources 11 .36 .924     

Russian Sources 24 -.54 .779     

Saudi Sources 16 .31 .793     

Total: 51 -.08 .913     

     Between Groups        9.745 2   4.872         7.322** 

     Within Groups      31.941 48     .665  

     Total:      41.686 50   
 

National Impact – Trump/Republican Party 
Nation N Mean SD Sum of Squares df Mean Square F 

Chinese Sources 17 -.12 .857     

Russian Sources 29 .28 .841     

Saudi Sources 17 -.41 .712     

Total: 63 -.02 .852     

     Between Groups        5.309 2   2.654        4.014* 

     Within Groups      39.675 60     .661  

     Total:      44.984 62   
 

National Impact – Clinton/Democratic Party 
Nation N Mean SD Sum of Squares df Mean Square F 

Chinese Sources 13 .38 .650     

Russian Sources 23 -.35 .832     

Saudi Sources 13 .23 .927     

Total: 49 .00 .866     

     Between Groups        5.398 2   2.699         4.057* 

     Within Groups      30.602 46     .665  

     Total:      36.000 48   

*p<0.05, **p<0.01, ***p<0.001 
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Election Day Qualitative Results  

The top-five frequencies for the first two qualitative coding categories from the Election 

Day data pull are shown in Table 4.26. Overall, the most mentioned political figure was former 

U.S. President Barack Obama (n = 41), followed by: Russian President Vladimir Putin (n = 36), 

former FBI Director James Comey (n = 22), U.S. Vice President Mike Pence (n = 14), and 

German Chancellor Angela Merkel (n = 8). CNN (n = 28) was the most cited news outlet overall, 

followed by: Reuters (n = 27), RIA Novosti (n = 15), Agence France-Presse (n = 14), and the 

Associated Press (n = 13). Overall, non-U.S. news outlets (53%) were cited more frequently than 

U.S. news outlets (47%). Both the Chinese and Russian sources cited non-U.S. news more 

frequently than U.S. news (Chinese = 63% to 37% and Russian = 59% to 41%). In contrast, the 

Saudi sources cited U.S. news (67%) much more frequently than non-U.S. news (33%). 
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Table 4.26: Election Day Political Figures & Cited News Outlets 

Overall Sources: 
Other Political Figures (n) Cited News Media Outlets (n) 

  1. Barack Obama (41)   1. CNN (28) 

  2. Vladimir Putin (36)   2. Reuters (27) 

  3. James Comey (22)   3. RIA Novosti (15) 

  4. Mike Pence (14)   4. Agence France-Presse (AFP) (14) 

  5. Angela Merkel   (8)   5. Associated Press (AP) (13) 
 

Chinese Sources: 
Other Political Figures (n) Cited News Media Outlets (n) 

  1. Barack Obama (14)   1. Xinhua News Agency (11) 

  2. Vladimir Putin   (8)   2. CNN (10) 

  3. James Comey   (7)   3. Associated Press (AP)   (9) 

  4. Paul Manafort   (7)   4. Agence France-Presse (AFP)   (8) 

  5. Mike Pence   (6)   5. China Times   (8) 
 

Russian Sources: 
Other Political Figures (n) Cited News Media Outlets (n) 

  1. Vladimir Putin (19)   1. RIA Novosti (15) 

  2. Barack Obama (16)   2. TASS News Agency (13) 

  3. James Comey (10)   3. CNN (11) 

  4. Sergey Lavrov   (7)   4. Reuters (11) 

  5. Joe Biden   (6)   5. BBC   (8) 
 

Saudi Sources: 

Other Political Figures (n) Cited News Media Outlets (n) 

  1. Barack Obama (11)   1. Reuters (10) 

  2. Vladimir Putin   (9)   2. CBS News   (8) 

  3. Bernie Sanders   (8)   3. CNN   (7) 

  4. Mike Pence   (8)   4. ABC News   (6) 

  5. Steve Bannon   (7)   5. Agence France-Presse (AFP)   (6) 

 

The remaining top-five frequencies for the qualitative codes from the Election Day data 

pull are shown in Table 4.27. Overall, the U.S. Economy (n = 57) was the most frequently 

discussed domestic policy, followed by policies on: Immigration (n = 48), Trump’s Muslim Ban 

(n = 32), Health Care (n = 21), and U.S. Race Relations (n = 17). For the overall foreign policies 

category, U.S./Russia Relations (n = 64) was the most frequently discussed policy, followed by 

policies on: the Global Economy (n = 38), the Trans-Pacific Partnership (n = 32), the U.S. 

Sanctions on Russia (n = 29), and the U.S. intervention in Syria (n = 24). Lastly, the overall most 

common issue/theme was Trump’s Election Victory (n = 69), followed by: the GOP’s 2016 

Congressional Victories (n = 29), the Transition between Presidential Administrations (n = 29), 
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Anti-Trump Protests (n = 26), and the Global Markets’ Reactions to the 2016 U.S. Election 

Results (n = 20). 

Table 4.27: Election Day Domestic/Foreign Policies & Issues/Themes 

Overall Sources: 
Domestic Policies (n) Foreign Policies (n) Issues/Themes (n) 

1. U.S. Economy (57) 1. U.S./Russia Relations (64) 1. Trump’s Election Victory (69) 

2. Immigration (48) 2. Global Economy (38) 2. GOP’s Congress Victory (29) 

3. Trump’s Muslim Ban (32) 3. TPP (32) 3. POTUS Admin. Transition (29) 

4. Health Care (21) 4. U.S. Sanctions on Russia (29) 4. Anti-Trump Protests (26) 

5. U.S. Race Relations (17) 5. Syria (24) 5. Global Markets React (20) 
 

Chinese Sources: 
Domestic Policies (n) Foreign Policies (n) Issues/Themes (n) 

1. U.S. Economy (18) 1. U.S./China Relations (23) 1. Trump’s Election Victory (20) 

2. Health Care (12) 2. Global Economy (19) 2. Anti-Trump Protests (11) 

3. Immigration (12) 3. TPP (14) 3. Global Markets React (8) 

4. Trump’s Muslim Ban (9) 4. U.S./Russia Relations (11) 4. GOP’s Congress Victory (7) 

5. Climate Change (5) 5. U.S./Taiwan Relations (7) 5. POTUS Admin. Transition (7) 
 

Russian Sources: 
Domestic Policies (n) Foreign Policies (n) Issues/Themes (n) 

1. U.S. Economy (28) 1. U.S./Russia Relations (41) 1. Trump’s Election Victory (31) 

2. Immigration (21) 2. U.S. Sanctions on Russia (29) 2. Clinton/FBI Investigation (19) 

3. U.S. National Debt (16) 3. Terrorism (19) 3. GOP’s Congress Victory (16) 

4. U.S. Election Corruption (13) 4. Syria (16) 4. POTUS Admin. Transition (13) 

5. Domestic Terrorism (8) 5. TPP (10) 5. Corrupt U.S. Democracy (8) 
 

Saudi Sources: 
Domestic Policies (n) Foreign Policies (n) Issues/Themes (n) 

1. Trump’s Muslim Ban (23) 1. Global Economy (19) 1. Trump’s Election Victory (18) 

2. U.S. Race Relations (17) 2. U.S./Saudi Relations (16) 2. Anti-Trump Protests (15) 

3. Immigration (15) 3. U.S./Russia Relations (12) 3. Global Markets React (12) 

4. U.S. Economy (11) 4. Syria (8) 4. POTUS Admin. Transition (9) 

5. Health Care (9) 5. TPP (8) 5. GOP’s Congress Victory (6) 

 

Election Day Sample News Content 

U.S. Media Biases & Corrupt U.S. Democracy. Regarding the qualitative findings from 

the Election Day data pull, Donald Trump’s election victory was unquestionably the most 

frequently discussed theme among the news stories. However, prior to the Election Day, many 

Russian news outlets continued discussing the U.S. media biases toward Hillary Clinton. On 

November 2, 2016, Russian news outlet Izvestia asserted, “Hillary Clinton has worked with 

virtually all American media without a hint of objectivity in efforts to maintain her candidacy 

and to ensure she is the next president of the United States.” Furthermore, on November 5, 2016, 
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Russian news outlet Arguments and Facts claimed, “The American media have long written off 

Trump… In Russia, on the contrary, many are wondering why everyone in the United States is 

so up in arms about Trump. Even the current president is campaigning against him.” Feeding off 

this narrative, many Russian news outlets reiterated claims of corruption throughout the U.S. 

democracy and the U.S. political system. On November 1, 2016, Arguments and Facts 

proclaimed, “The evidence of America’s fraudulent system continues to surface as sources 

inform us that Clinton secretly received debate questions from CNN broadcaster Donna Brazile 

prior to the primary debates. ‘Lying crooked Hillary,’ as Donald Trump calls her, is just a part of 

the ‘lying crooked’ American system.” 

Coverage of 2016 U.S. Election Results. In regard to news coverage of the election 

aftermath, the results continue to show distinct differences in coverage between the Chinese and 

Saudi Arabian news outlets and the Russian news outlets. The day of the election, Chinese news 

outlet Enlightenment Daily questioned how Clinton’s FBI email investigation might have 

influenced the voters, “Less than two weeks ago, the US Federal Bureau of Investigation (FBI) 

re-opened its e-mail investigation of Democratic presidential candidate Hillary Clinton. If the 

final election results do not favor Clinton, James Comey (a registered member of the Republican 

Party) and the FBI should be held responsible.” The day after the election, on November 9, 2016, 

Chinese news outlet Remin Ribao stated, “The 2016 election is an election of chaos, and it 

highlights many diseases in the US: economic disease, social disease, and political disease. The 

United States has an electoral history of more than 200 years, but this election has shown the 

world that American politics are a dirty mess.” The article continued by claiming, “So many 

Americans cannot bear to look at the so-called American democracy because of all of the dirty 

politics in this election.” 
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The Saudi Arabian news coverage of the election outcome closely resembled the Chinese 

news coverage. However, much of the narratives among the Saudi news coverage referenced 

Russia. The day after the election, Saudi Arabian news outlet Al Arabiya asserted, “Hillary 

Clinton acknowledges defeat to president-elect Donald Trump. And world leaders have begun 

congratulating Trump on his election win… While the United States and the world remain 

shocked at Trump’s victory, it seems that Russia is the most enthusiastic Trump’s win. Russia 

hopes to get Trump to cooperate with them for the so-called ‘benefit’ of the two countries.” 

Another prominent narrative among the Saudi news outlets following the election was Trump’s 

controversial statements regarding Islam. On November 11, 2016, Saudi news outlet Al-Hayat 

stated, “Despite the discriminatory anti-Muslim rhetoric throughout Trump’s campaign, the 

American people elected Trump to be the 45th US president. It appears the progressive policies 

set forth by President Obama were not enough to fight racism in America.” Furthermore, on 

November 14, 2016, Saudi news outlet Al Riyadh criticized Trump’s use of Twitter, “Trump 

promised his use of Twitter during his presidency will be ‘very limited.’ Does anyone actually 

believe that? It’s fair to assume that this will be the first president to use Twitter as his primary 

means of communication, and that cannot be encouraging to the American people.” 

Unlike the Chinese and Saudi Arabian news outlets’ coverage of the election results, the 

Russian news outlets covered the election results much more favorably toward Trump and with 

great optimism. On November 14, 2016, Russian news outlet Moskovskij Komsomolets reported, 

“On Twitter, Trump explained the reason for his election victory. ‘The debates, especially the 

second and third, plus speeches and intensity of the large rallies, plus OUR GREAT 

SUPPORTERS [sic], gave us the win!’ Clearly the new president values the people who voted 

for him.” Additionally, on November 12, 2016, Russian news outlet Rossiya24 stated, “Donald 
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Trump said that he was ready to get to work. He intends to build the border wall with Mexico, 

and he intends to deal with the terrorist group known as ISIS.” Moreover, on November 11, 

2016, Izvestia claimed:  

The US election results were unexpected to Moscow. Dmitry Peskov, the press secretary 

of the Russian president, said, ‘The results have been quite surprising to us. I want to 

remind you, President Putin tried to do everything possible to remain neutral in this 

story.’ Regardless of this neutrality, Trump’s victory is promising for future US-Russian 

relations and will be a chance to solve the problem of the anti-Russian sanctions.  

 

As evident from the above quote, the Russian coverage of Trump’s election victory repeatedly 

emphasized the future opportunities of a “restored” diplomatic relationship between the United 

States and Russia. 

 Global Markets React to Election Results. Additionally, there were also clear 

differences in how these nations’ news media outlets discussed the global financial markets’ 

reactions to Trump’s election victory. Once again, the Chinese and Saudi Arabian news coverage 

most often focused on the negative economic effects of Trump’s election victory. Four days prior 

to the Election Day, Al Riyadh reported, “The US dollar is heading towards its worst 

performance in 12 weeks as a result of fears that Donald Trump might win the US presidential 

election next week.” The day after the election, Al Riyadh stated, “Because of the potential US-

Mexican relations under the newly elected US president Donald Trump, the Mexican peso is 

falling apart against the dollar. It is unclear when the deteriorated Mexican currency will bounce 

back.” Furthermore, on November 10, 2016, Chinese news outlet Global Times reported, “On 

November 8th, the global market experienced a ‘black day’ as a result of Trump’s election impact 

on the global currency chaos.” The article continued by stating, “Trump’s election win has 

caused the global market to panic. The dollar plunged, safe-haven currency and gold prices rose 
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sharply, and Europe, the United States, and Asia-Pacific stock market turbulence, risk, and crisis 

filled the market… it seems that this uncertainty will continue to rise.” 

Unlike the Chinese and Saudi Arabian news coverage, the Russian news coverage mainly 

focused on the positive effects of Trump’s election victory on Russia’s financial markets. On 

November 10, 2016, Moskovskij Komsomolets affirmed, “Trump is not a hindrance on the ruble. 

It is unlikely that Trump will be able to quickly influence the balance of the world economy, so 

the fate of the Russian currency and oil prices remains in the hands of previously existing 

factors.” The article continued by stating, “In early November 2008, when it became clear that 

Barack Obama would be the 44th US president, oil prices dropped from $66 to $46. In 2012, the 

oil market almost did not notice the news about Obama’s re-election for a second term - as the 

prices remained at $105-$110.” The article concluded by reiterating, “Tensions between 

Washington and Moscow have been ‘white hot.’ Disputes in Ukraine and Syria have not found a 

compromise. The White House and the EU constantly pump the sanctions war with our country. 

However, the market has not shown major changes after Trump won.” 

Anti-Trump Protests. The nation-wide, anti-Trump protests that followed the Election 

Day were another major topic of interest among the news outlets. Two days after the election, on 

November 10, 2016, Al Riyadh reported, “Throughout the United States, thousands protested the 

presidential election of Republican Donald Trump. The non-violent protesters criticized many 

remarks Trump made during his campaign on immigrants, Muslims, and other minority groups. 

The protesters’ chants of ‘Not My President’ were loud and clear all across America.” Also, on 

November 14, 2016, the Chinese news outlet CCTV stated, “The United States is witnessing 

more protests calling for president-elect Trump to be ‘fired.’ Over 150,000 across Los Angeles, 

Chicago, Miami, Portland, and other major US cities took to the streets to express their 
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dissatisfaction with the general election results. Many of the protesters chanted Trump’s famous 

reality TV catchphrase ‘You’re Fired!’ throughout the demonstrations.” 

The Russian news outlets presented the anti-Trump protests much differently than the 

Chinese and Saudi news outlets. On November 12, 2016, Rossiya24 stated, “From Oakland to 

Portland and from Seattle to Berkeley the hysterical liberal protesters continued to riot, with 

chants cursing Donald Trump. There were even signs claiming Trump is a member of the Ku 

Klux Klan and that Trump is a Nazi, and even calls to abolish the Electoral College.” The news 

coverage continued by asserting, “The fact that Trump was elected fairly and became the new 

head of state in accordance with the US Constitution is clearly not acceptable to these spoiled 

protesters.” Furthermore, on November 14, 2016, Russian news outlet Komsomolskaya Pravda 

claimed, “As a result of these shameful protests, Donald Trump Jr., the son of Donald Trump, 

voiced his concerns about a possible assassination attempt on his father's life.” 

Presidential Administrative Transition. Another common theme from the Election Day 

data pull was the transition between the Obama and Trump presidential administrations. On 

November 13, 2016, Enlightenment Daily reported, “US President-elect Donald Trump 

appointed his two sons, his daughter, and his son-in-law to his presidential administration’s 

‘transition team,’ which will be responsible for hiring about 4,000 jobs in the new government 

administration.” The article continued by stating, “Among the transition team’s key members are 

newly-elected Vice President Pence, New Jersey Governor Chris Christie, former New York 

City mayor, Rudy Giuliani, retired US military general Michael Flynn, retired neurologist Ben 

Carson, Alabama Senator Jeff Sessions, and former House Speaker Newt Gingrich.” The article 

concluded by asserting: 

It is worth mentioning that Trump’s three children and son-in-law Jared Kushner, will 

also take care of Trump’s company and business matters. According to Trump, this does 
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not violate any US laws and regulations. However, some Republican Party insiders said 

Trump’s transition team seems a bit rushed in comparison to former Republican 

presidential candidates. An unnamed member of the Republican Party said, ‘I worked 

with the Romney transition team, which started working like a precise machine just a few 

months before the campaign, but this situation looks a bit messy.’ 

 

Overall, this article (like many other articles) appeared to be rather skeptical about Trump’s 

children and his son-in-law simultaneously working for both his presidential administration and 

for the Trump Organization. 

 Despite the common distrust and cynicism toward Trump, on November 12, 2016, 

Enlightenment Daily claimed, “US President Barack Obama and President-elect Donald Trump 

meet in the White House. First-hand accounts of the meeting noted smiling, embracing, and a 

commitment to properly pass the torch.” The article continued by emphasizing, “Despite their 

past disagreements, the two men agreed to change their attitudes moving forward. Trump 

described Obama as a ‘very good man’ and he looked forward to Obama’s ‘advice.’ Obama said 

that he is committed to support Trump, and his administration will do everything to help Trump 

and the United States succeed.” While the Chinese news coverage primarily focused on the 

transition between the two presidential administrations, the Saudi Arabian news coverage was 

heavily focused on Trump’s political policies. 

 On November 10, 2016, Al Arabiya stated, “Many in the Gulf States anticipate a lot of 

changes in US policy when Donald Trump becomes the US president. Trump will undoubtedly 

bring a different way of dealing with the countries in the Middle East region, but it is unknown 

to what extent.” The news coverage continued by asserting, “The world is waiting to see if 

Trump’s foreign policy is disastrous once he begins negotiations with Russian president 

Vladimir Putin, and once he begins interacting in Iran and the other Gulf States.” Also, on 

November 12, 2016, Al Riyadh claimed, “The US policy changes under US president-elect, 
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Donald Trump, will be drastic if implemented. Trump has already announced his intention to 

expel three million illegal immigrants who are present in the US without valid documents. 

Recall, Trump characterized these immigrants as criminals, drug dealers, gang members, and 

rapists.” The article also discussed other U.S. domestic policies, “After several months of calling 

for the complete abolition of the Obamacare law, Trump recently said that there are ‘some good 

aspects’ of the legislation. But it is clear that Trump plans on fully reforming the Obamacare 

program, which could be a catastrophe for the American people.” 

Once again, the Russian news coverage of the presidential administrative transition 

differed significantly from the Chinese and Saudi Arabian news coverage. The day before the 

Election Day, on November 7, 2016, Arguments and Facts asserted, “US President Barack 

Obama said the presidential candidate Donald Trump cannot be trusted with US nuclear 

weapons’ control codes. If anyone has demonstrated that they cannot be trusted, it is Barack 

Obama. For many people in Russia, Trump would be a much greater alternative than the current 

US president.” On November 13, 2016, Izvestia stated, “Trump will not only build a border wall 

between the US and Mexico, but he also plans to deport over 3 million illegal immigrants. The 

president-elect’s determination is encouraging, especially if you consider the possibility of 

relations between Russia and the US improving after Trump takes office.” Additionally, on 

November 11, 2016, Moskovskij Komsomolets claimed, “WikiLeaks urges US President Barack 

Obama to pardon the former employee of the US intelligence Edward Snowden and the former 

US Army soldier Chelsea Manning. The organization stressed that if Obama does not do it, then 

he ‘will give President Trump the opportunity to receive this award,’ and Trump has repeatedly 

discussed this throughout his presidential campaign.” 
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U.S. Foreign Relations. Lastly, both prior to and after the Election Day, much of the 

news coverage focused on U.S. foreign relations with various Asia-Pacific nations (e.g., North 

Korea, South Korea, the Philippines, and Taiwan). However, the Chinese news outlets were 

primarily concerned with U.S. foreign policies and relations with China, Japan, and Russia. On 

November 3, 2016, CCTV stated, “Regardless of the US presidential election outcome, a 

multilateral trading system could lead to many mutual economic benefits in the near future 

between China, the United States, and other major players in the European Union.” Also, on 

November 10, 2016, Chinese news outlet Ministry Foreign Affairs noted, “Chinese President Xi 

Jinping delivered a congratulatory message to US President-elect Donald Trump. In his message, 

Jinping pointed out that as the largest developing country, the largest developed country, and the 

world’s two largest economies, China and the US must maintain mutually beneficial Sino-US 

relations, and must promote world peace, stability, global development, and global prosperity.” 

According to Chinese news outlet China Mil on November 15, 2016, “Japanese Prime Minister 

Shinzō Abe rejected Trump’s views on the US military spending in Japan, saying that the 

spending should be appropriately shared by Japan and the United States.” Moreover, on 

November 11, 2016, Remin Ribao noted, “Dmitry Peskov, Russian presidential press secretary, 

said in a recent interview with reporters that Russia and the United States have become the 

victims of the US presidential election propaganda. He said, this is not going to help the 

situation, and the only thing that can change the world is the beginning of dialogue and 

cooperation.” 

The Saudi Arabian news outlets were primarily concerned with U.S. foreign policies and 

relations in the Middle East. On November 5, 2016, Al Arabiya noted, “With all the comments 

and leaks about the scandals, Hillary Clinton’s integrity and credibility have been called into 
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question, but this seems to be overlooked when considering all of the mistakes made by 

Republican candidate Donald Trump.” The news coverage also stated, “One thing that is very 

concerning is American voters have a major a lack of interest on issues of foreign policy. For 

most Americans, US foreign policy in the Middle East is only the fight against terrorism.” 

Additionally, on November 14, 2016, Al-Hayat reported, “Israeli Prime Minister Benjamin 

Netanyahu called on foreign ministers to refrain from commenting on Trump’s election win, and 

he described critics of Donald Trump as ‘childish and irresponsible.’ Netanyahu said that he 

supported the president-elect and trusts the US and Israel can move forward in Israel’s ongoing 

conflicts with Palestine.” Furthermore, on November 11, 2016, Al Riyadh noted: 

What is Trump’s policy in Iraq? The US President-elect has pledged to officially 

withdraw from Iraq. But after the occupation of large areas in Anbar and Nineveh by 

extremist groups, the US pledged to accelerate private armament operations of the Iraqi 

security forces. It also pledged to increase the number of trainers and consultants, and the 

forces of direct ground support. 

 

The article concluded by stating, “The goal is not related to political ideology, but to 

international security, and the Middle East and the US are at the forefront of it. For President 

Trump, this issue cannot be separated from his pledge to strengthen US national security.” 

Lastly, the Russian news outlets were primarily concerned with U.S. foreign policies and 

relations in Russia (especially regarding the U.S. economic sanctions on Russia), Crimea, and 

Ukraine. Prior to the election, on November 2, 2016, Izvestia reported:  

US Vice President Joseph Biden, speaking at a rally in support of Democratic presidential 

candidate Hillary Clinton, criticized her rival Donald Trump for his admiration of 

Vladimir Putin. Biden also told the Clinton supporters that Trump is ‘not worthy to be 

president. This man (Trump) states that (Russian President Vladimir) Putin is a strong 

leader. He (Trump) has even admired Saddam Hussein,’ - said Biden. [sic] 

 

The article went on to claim, “Recall, from the start of his campaign, Donald Trump said that he 

considers Putin as a strong president, and he believes it is right to establish relations with Russia. 
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Trump has also noted that Putin is a stronger leader than Barack Obama’s administration.” Also, 

the day before the Election Day, Arguments and Facts stated, “Former NATO Secretary General 

Anders Fogh Rasmussen once again urged the US to become the ‘world’s policeman.’ 

Rasmussen said that the US has enough military power to ‘lead the free world’ and to resist 

Russia… In Moscow, the Kremlin hopes this will not be the case if the US elects Donald Trump 

as the next US president.” 

 Following the election, on November 10, 2016, Rossiya24 asserted, “Following the 

failure of American politics, Ukrainian president Petro Poroshenko met with the US Ambassador 

Marie Yovanovitch in Kiev, and Poroshenko also congratulated president-elect Donald Trump 

on his victory. Former US Ambassador McFaul called Ukraine the main loser of the day.” The 

news coverage continued by claiming: 

So the result of the US presidential election dropped large circles of the world to their 

knees. Poroshenko is now like a wet hen, and he has suffered longer than most foreign 

leaders, but he still congratulated Trump. Some Eastern European politicians like 

Chechen Republic’s Vakha Arsanov and Ukraine’s Oleh Lyashko have called Donald 

Trump dangerous and shameless, and have also questioned his intelligence.  

 

Despite this rather sporadic negative Russian news coverage of Trump, on November 13, 2016, 

Moskovskij Komsomolets reported, “According to Former New York Mayor Rudolph Giuliani, 

Trump will talk with Putin about future relations with the Russian leadership. Giuliani said that 

Trump really wants to cooperate with Russia in areas where it was not possible for Moscow and 

Washington to work together under Barack Obama and Hillary Clinton.” 
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Inauguration Day Results 

Inauguration Day Quantitative Results  

 The frequencies for the Inauguration Day quantitative codes are shown in Table 4.28. 

The overall Inauguration Day results show that the “Donald Trump” (μ = -.14) and “Democratic 

Party” (μ = -.02) terms were presented negatively, while the “Hillary Clinton” (μ = .17) and 

“Republican Party” (μ = .15) terms were presented positively. The Chinese sources presented 

Trump (μ = -.55) and the Republican Party (μ = -.06) negatively, and Clinton (μ = .45) and the 

Democratic Party (μ = .33) positively. The Saudi sources also presented Trump (μ = -.69) and the 

Republican Party (μ = -.25) negatively, and Clinton (μ = .50) and the Democratic Party (μ = .50) 

positively. Lastly, the Russian sources presented Trump (μ = .41) and the Republican Party (μ = 

.41) positively, and Clinton (μ = -.57) and the Democratic Party (μ = -.53) negatively.  

The overall Inauguration Day results for the global and national impact coding categories 

show “Trump/Republican Party” (μ = -.26) being negatively covered compared to the positive 

coverage of “Clinton/Democratic Party” (μ = .26) for global impact, but “Trump/Republican 

Party” (μ = .04) being positively covered compared to the negative coverage of 

“Clinton/Democratic Party” (μ = -.05) for national impact. The Chinese sources presented 

“Trump/Rep.” with negative global (μ = -.53) and national (μ = -.36) impacts, and 

“Clinton/Dem.” with positive global (μ = .44) and national (μ = .43) impacts. The Saudi sources 

also presented “Trump/Rep.” with negative global (μ = -.45) and national (μ = -.43) impacts, and 

“Clinton/Dem.” with positive global (μ = 1.00) and national (μ = .40) impacts. Lastly, the 

Russian sources presented “Trump/Rep.” with neutral global (μ = .00) impacts, positive national 

(μ = .40) impacts, and “Clinton/Dem.” with negative global (μ = -.33) and national (μ = -.75) 

impacts.  
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Table 4.28: Inauguration Day Quantitative Coding Frequencies 
 Key Search Terms 
 

Overall Sources 

“Donald Trump” 
(μ = -.14) (n = 64) 

“Hillary Clinton” 
(μ = .17) (n = 24) 

“Rep. Party” 
(μ = .15) (n = 52)  

“Dem. Party” 
(μ = -.02) (n = 42) 

Negative Pres. 45.3% 25.0% 17.3% 28.6% 

Neutral Pres. 23.4% 33.3% 50.0% 45.2% 

Positive Pres. 31.3% 41.7% 32.7% 26.2% 
 

 

Chinese Sources 

“Donald Trump” 
(μ = -.55) (n = 22) 

“Hillary Clinton” 
(μ = .45) (n = 11) 

“Rep. Party” 
(μ = -.06) (n = 17)  

“Dem. Party” 
(μ = .33) (n = 15) 

Negative Pres. 63.6%   9.1% 23.5% 13.3% 

Neutral Pres. 27.3% 36.4% 58.8% 40.0% 

Positive Pres.   9.1% 54.5% 17.6% 46.7% 
 

 

Russian Sources 

“Donald Trump” 
(μ = .41) (n = 29) 

“Hillary Clinton” 
(μ = -.57) (n = 7) 

“Rep. Party” 
(μ = .41) (n = 27)  

“Dem. Party” 
(μ = -.53) (n = 19) 

Negative Pres. 20.7% 59.1% 11.1% 55.6% 

Neutral Pres. 17.2% 38.9% 37.0% 41.4% 

Positive Pres. 62.1%   2.0% 51.9%   3.0% 
 

 

Saudi Sources 

“Donald Trump” 
(μ = -.69) (n = 13) 

“Hillary Clinton” 
(μ = .50) (n = 6) 

“Rep. Party” 
(μ = -.25) (n = 8)  

“Dem. Party” 
(μ = .50) (n = 8) 

Negative Pres. 71.2% 16.7% 29.0%   0.0% 

Neutral Pres. 26.8% 16.7% 67.0% 50.0% 

Positive Pres.   2.0% 66.7%   4.0% 50.0% 
 

 Global Impact National Impact 
 

Overall Sources 

“Trump/Rep.” 
(μ = -.26) (n = 50) 

“Clinton/Dem.” 
(μ = .26) (n = 23) 

“Trump/Rep.” 
(μ = .04) (n = 46)  

“Clinton/Dem.” 
(μ = -.05) (n = 20) 

Negative Impact 54.0% 30.4% 32.6% 45.0% 

Neutral/No Impact 18.0% 13.0% 30.4% 15.0% 

Positive Impact 28.0% 56.5% 37.0% 40.0% 
 

 

Chinese Sources 

“Trump/Rep.” 
(μ = -.53) (n = 15) 

“Clinton/Dem.” 
(μ = .44) (n = 9) 

“Trump/Rep.” 
(μ = -.36) (n = 14)  

“Clinton/Dem.” 
(μ = .43) (n = 7) 

Negative Impact 66.7% 22.2%           50.0% 14.3% 

Neutral/No Impact 20.0% 11.1% 35.7% 28.6% 

Positive Impact 13.3% 66.7% 14.3% 57.1% 
 

 

Russian Sources 

“Trump/Rep.” 
(μ = .00) (n = 24) 

“Clinton/Dem.” 
(μ = -.33) (n = 9) 

“Trump/Rep.” 
(μ = .40) (n = 25)  

“Clinton/Dem.” 
(μ = -.75) (n = 8) 

Negative Impact 41.7% 55.6% 16.0% 87.5% 

Neutral/No Impact 16.7% 22.2% 28.0%   0.0% 

Positive Impact 41.7% 22.2% 56.0% 12.5% 
 

 

Saudi Sources 

“Trump/Rep.” 
(μ = -.45) (n = 11) 

“Clinton/Dem.” 
(μ = 1.00) (n = 5) 

“Trump/Rep.” 
(μ = -.43) (n = 7)  

“Clinton/Dem.” 
(μ = .40) (n = 5) 

Negative Impact 63.6%   0.0% 57.1% 20.0% 

Neutral/No Impact 18.2%   0.0% 28.6% 20.0% 

Positive Impact 18.2%         100.0% 14.3% 60.0% 
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The Inauguration Day independent samples t-test results for the presentation of key 

search terms coding categories are shown below in Table 4.29. Once again, all four search terms 

were statistically significant between the Russian and Chinese sources, as well as the Russian 

and Saudi sources. Specifically, two of the means comparisons were significant at the .05 level, 

two were significant at the .01 level, and four were significant at the .001 level. 

Table 4.29: Inauguration Day T-Test Results for Key Terms 

Donald Trump 

Nation   N Mean  SD           t 

Chinese Sources   22  -.55 .671  -4.450*** 

Russian Sources   29   .41 .825  
 

Chinese Sources   22  -.55 .671       .690 

Saudi Sources   13  -.69 .480  
 

Russian Sources   29   .41 .825    5.450*** 

Saudi Sources   13  -.69 .480  
 

Hillary Clinton 

Nation   N Mean  SD           t 

Chinese Sources   11   .45 .688   3.344** 

Russian Sources     7  -.57 .535  
 

Chinese Sources   11   .45 .688       -.121 

Saudi Sources     6   .50 .837  
 

Russian Sources     7  -.57 .535     -2.797* 

Saudi Sources     6   .50 .837  
 

Republican Party 

Nation   N Mean  SD           t 

Chinese Sources   17  -.06 .659     -2.212* 

Russian Sources   27   .41 .694  
 

Chinese Sources   17  -.06 .659 .736 

Saudi Sources     8  -.25 .463  
 

Russian Sources   27   .41 .694    3.112** 

Saudi Sources     8  -.25 .463  
 

Democratic Party 

Nation   N Mean  SD           t 

Chinese Sources   15   .33 .724    4.052*** 

Russian Sources   19  -.53 .513  
 

Chinese Sources   15   .33 .724       -.571 

Saudi Sources     8   .50 .535  
 

Russian Sources   19  -.53 .513    -4.691*** 

Saudi Sources     8   .50 .535  

*p<0.05, **p<0.01, ***p<0.001 
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The Inauguration Day independent samples t-test results for the global and national 

impact coding categories are shown below in Table 4.30. Three of the four coding categories 

were statistically significant between the Russian and Saudi sources, and two of the categories 

were significant between the Russian and Chinese sources. Two of the means comparisons were 

significant at the .05 level, and three were significant at the .01 level. 

Table 4.30: Inauguration Day T-Test Results for Global & National Impact 

Global Impact – Trump/Republican Party 

Nation   N Mean  SD           t 

Chinese Sources   15  -.53 .743     -1.872    

Russian Sources   24   .00 .933  
 

Chinese Sources   15  -.53 .743       -.256 

Saudi Sources   11  -.45 .820  
 

Russian Sources   24   .00 .933      1.387 

Saudi Sources   11  -.45 .820  
 

Global Impact – Clinton/Democratic Party 

Nation   N Mean  SD           t 

Chinese Sources     9   .44 .882       1.888 

Russian Sources     9  -.33 .866  
 

Chinese Sources     9   .44 .882      -1.890 

Saudi Sources     5 1.00 .000  
 

Russian Sources     9  -.33 .866      -4.619** 

Saudi Sources     5 1.00 .000  
 

National Impact – Trump/Republican Party 

Nation   N Mean  SD           t 

Chinese Sources   14  -.36 .745     -2.995** 

Russian Sources   25   .40 .764  
 

Chinese Sources   14  -.36 .745    .203 

Saudi Sources     7  -.43 .787  
 

Russian Sources   25   .40 .764     2.522* 

Saudi Sources     7  -.43 .787  
 

National Impact – Clinton/Democratic Party 

Nation   N Mean  SD           t 

Chinese Sources     7   .43 .787        3.057** 

Russian Sources     8  -.75 .707  
 

Chinese Sources     7   .43 .787       .059 

Saudi Sources     5   .40 .894  
 

Russian Sources     8  -.75 .707       -2.585* 

Saudi Sources     5   .40 .894  

*p<0.05, **p<0.01, ***p<0.001 
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The Inauguration Day chi-square results for the presentation of key search terms are 

shown in Table 4.31 on the following page. The chi-square results were statistically significant 

for three of the four search terms: “Donald Trump” (X2 = 24.397, p = .000), “Republican Party” 

(X2 = 10.249, p = .036), and “Democratic Party” (X2 = 16.614, p = .002). The Russian sources 

held the most positive presentations of “Donald Trump” and the “Republican Party,” while the 

Chinese sources held the most negative presentations. For the “Hillary Clinton” and “Democratic 

Party” presentations, the Russian sources comprise the most negative presentations, while the 

Chinese sources comprise the most positive presentations.  

When comparing the expected and observed frequencies for the Inauguration Day 

presentation of key search terms, the Chinese and Saudi sources had higher negative frequencies 

and lower positive frequencies for both the “Donald Trump” and “Republican Party” 

presentations. The Chinese and Saudi sources also had lower negative frequencies and higher 

positive frequencies for both the “Hillary Clinton” and “Democratic Party” presentations. 

Alternatively, the Russian sources had lower negative frequencies and higher positive 

frequencies for the “Donald Trump” and “Republican Party” presentations. The Russian sources 

also had higher negative frequencies and lower positive frequencies for the “Hillary Clinton” and 

“Democratic Party” presentations. 
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Table 4.31: Inauguration Day Chi-Square Results for Key Terms 

Donald Trump 
 

Presentation 

Chinese Sources Russian Sources Saudi Sources  

X2 Exp. n Obs. n (%) Exp. n Obs. n (%) Exp. n Obs. n (%) 

Negative Pres. 10.0 14 (63.6%) 13.1   6 (20.7%) 5.9   9 (69.2%) 24.397*** 

Neutral Pres. 5.2   6 (27.3%) 6.8   5 (17.2%) 3.0   4 (30.8%)  

Positive Pres. 6.9   2 (9.1%) 9.1 18 (62.1%) 4.1   0 (0.0%)  

Total: 22.0 22 29.0 29 13.0 13  
 

Hillary Clinton 
 

Presentation 

Chinese Sources Russian Sources Saudi Sources  

X2 Exp. n Obs. n (%) Exp. n Obs. n (%) Exp. n Obs. n (%) 

Negative Pres. 2.8   1 (9.1%) 1.8   4 (57.1%) 1.5   1 (16.7%)   9.148 

Neutral Pres. 3.7   4 (36.4%) 2.3   3 (42.9%) 2.0   1 (16.7%)  

Positive Pres. 4.6   6 (54.5%) 2.9   0 (0.0%) 2.5   4 (66.7%)  

Total: 11.0 11 7.0   7 6.0   6  
 

Republican Party 
 

Presentation 

Chinese Sources Russian Sources Saudi Sources  

X2 Exp. n Obs. n (%) Exp. n Obs. n (%) Exp. n Obs. n (%) 

Negative Pres. 2.9   4 (23.5%) 4.7   3 (11.1%) 1.4   2 (25.0%) 10.249* 

Neutral Pres. 8.5 10 (58.8%) 13.5 10 (37.0%) 4.0   6 (75.0%)  

Positive Pres. 5.6   3 (17.6%) 8.8 14 (51.9%) 2.6   0 (0.0%)  

Total: 17.0 17 27.0 27 8.0   8  
 

Democratic Party 
 

Presentation 

Chinese Sources Russian Sources Saudi Sources  

X2 Exp. n Obs. n (%) Exp. n Obs. n (%) Exp. n Obs. n (%) 

Negative Pres. 4.3   2 (13.3%) 5.4 10 (52.6%) 2.3   0 (0.0%) 16.614** 

Neutral Pres. 6.8   6 (40.0%) 8.6   9 (47.4%) 3.6   4 (50.0%)  

Positive Pres. 3.9   7 (46.7%) 5.0   0 (0.0%) 2.1   4 (50.0%)  

Total: 15.0 15 19.0 19 8.0   8  

*p<0.05, **p<0.01, ***p<0.001 
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As seen on the following page in Table 4.32, the Inauguration Day chi-square results 

show that only the national impact coding categories were statistically significant: “National 

Impact – Trump/Republican Party” (X2 = 10.264, p = .036), and “National Impact – 

Clinton/Democratic Party” (X2 = 10.043, p = .040). For both the “Trump/Republican Party” 

global and national impact, the Russian sources comprise the most positive and neutral/no impact 

stories, while the Chinese (and also Russian) sources comprise the most negative impact stories. 

Furthermore, for both the “Clinton/Democratic Party” global and national impact, the Russian 

sources held the most negative impact stories, while the Chinese sources held the most positive 

impact stories.  

When comparing the expected and observed frequencies for the Inauguration Day global 

impact and national impact codes, the Chinese and Saudi sources had higher negative impact 

frequencies and lower positive impact frequencies in both global and national impact for the 

“Trump/Republican Party” coding category. The Chinese and Saudi sources also had lower 

negative impact frequencies and higher positive impact frequencies in both global and national 

impact for the “Clinton/Democratic Party” coding category. Alternatively, the Russian sources 

had lower negative impact frequencies and higher positive impact frequencies in both global and 

national impact for the “Trump/Republican Party” coding category. The Russian sources also 

had higher negative impact frequencies and lower positive impact frequencies in both global and 

national impact for the “Clinton/Democratic Party” coding category. 
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Table 4.32: Inauguration Day Chi-Square Results for Global & National Impact 

Global Impact – Trump/Republican Party 
 

Presentation 

Chinese Sources Russian Sources Saudi Sources  

X2 Exp. n Obs. n (%) Exp. n Obs. n (%) Exp. n Obs. n (%) 

Negative Impact 8.1 10 (66.7%) 13.0 10 (41.7%) 5.9   7 (63.6%)   4.500 

Neutral/No Impact 2.7   3 (20.0%) 4.3   4 (16.7%) 2.0   2 (18.2%)  

Positive Impact 4.2   2 (13.3%) 6.7 10 (41.7%) 3.1   2 (18.2%)  

Total: 15.0 15 24.0 24 11.0 11  
 

Global Impact – Clinton/Democratic Party 
 

Presentation 

Chinese Sources Russian Sources Saudi Sources  

X2 Exp. n Obs. n (%) Exp. n Obs. n (%) Exp. n Obs. n (%) 

Negative Impact 2.7   2 (22.2%) 2.7   5 (55.6%) 1.5   0 (0.0%)   8.556 

Neutral/No Impact 1.2   1 (11.1%) 1.2   2 (22.2%) 0.7   0 (0.0%)  

Positive Impact 5.1   6 (66.7%) 5.1   2 (22.2%) 2.8   5 (100.0%)  

Total: 9.0   9 9.0   9 5.0   5  
 

National Impact – Trump/Republican Party 
 

Presentation 

Chinese Sources Russian Sources Saudi Sources  

X2 Exp. n Obs. n (%) Exp. n Obs. n (%) Exp. n Obs. n (%) 

Negative Impact 4.6   7 (50.0%) 8.2   4 (16.0%) 2.3   4 (57.1%) 10.264* 

Neutral/No Impact 4.3   5 (35.7%) 7.6   7 (28.0%) 2.1   2 (28.6%)  

Positive Impact 5.2   2 (14.3%) 9.2 14 (56.0%) 2.6   1 (14.3%)  

Total: 14.0 14 25.0 25 7.0   7  
 

National Impact – Clinton/Democratic Party 
 

Presentation 

Chinese Sources Russian Sources Saudi Sources  

X2 Exp. n Obs. n (%) Exp. n Obs. n (%) Exp. n Obs. n (%) 

Negative Impact 3.2   1 (14.3%) 3.6   7 (87.5%) 2.3   1 (20.0%) 10.043* 

Neutral/No Impact 1.1   2 (28.6%) 1.2   0 (0.0%) 0.8   1 (20.0%)  

Positive Impact 2.8   4 (57.1%) 3.2   1 (12.5%) 2.0   3 (60.0%)  

Total: 7.0   7 8.0   8 5.0   5  

*p<0.05, **p<0.01, ***p<0.001 
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The Inauguration Day ANOVA results for the key search terms presentations are shown 

in Table 4.33. The differences for all four of the key search term presentations were statistically 

significant among the three nations’ news sources: “Donald Trump” (F = 16.076, p = .000), 

“Hillary Clinton” (F = 5.695, p = .011), “Republican Party” (F = 4.453, p = .017), and 

“Democratic Party” (F = 12.343, p = .000). In testing for the homogeneity of variances, only the 

“Donald Trump” search term shows unequal variance. The explained variance among the data 

are as follows: “Donald Trump” (34.52%), “Hillary Clinton” (35.17%), “Republican Party” 

(15.38%), and “Democratic Party” (38.76%). 

As seen in Table 4.34, three of the four global and national impact coding categories 

varied significantly among the three nations’ news sources: “Global Impact – 

Clinton/Democratic Party” (F = 5.083, p = .016), “National Impact – Trump/Republican Party” 

(F = 6.024, p = .005), and “National Impact – Clinton/Democratic Party” (F = 5.334, p = .016). 

For the homogeneity of variances, only the “Global Impact – Clinton/Democratic Party” shows 

unequal variance. The explained variance for the data are as follows: “Global Impact – 

Trump/Republican Party” (8.39%), “Global Impact – Clinton/Democratic Party” (33.70%), 

“National Impact – Trump/Republican Party” (21.88%), and “National Impact – 

Clinton/Democratic Party” (38.56%).  
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Table 4.33: Inauguration Day ANOVA Results for Key Terms 

Donald Trump 
Nation N Mean SD Sum of Squares df Mean Square F 

Chinese Sources 22 -.55 .671     

Russian Sources 29 .41 .825     

Saudi Sources 13 -.69 .480     

Total: 64 -.14 .870     

     Between Groups      16.476 2   8.238 16.076*** 

     Within Groups      31.258 61     .512  

     Total:      47.734 63   
 

Hillary Clinton 
Nation N Mean SD Sum of Squares df Mean Square F 

Chinese Sources 11 .45 .688     

Russian Sources 7 -.57 .535     

Saudi Sources 6 .50 .837     

Total: 24 .17 .816     

     Between Groups        5.392 2   2.696     5.695* 

     Within Groups        9.942 21     .473  

     Total:      15.333 23   
 

Republican Party 
Nation N Mean SD Sum of Squares df Mean Square F 

Chinese Sources 17 -.06 .659     

Russian Sources 27 .41 .694     

Saudi Sources 8 -.25 .463     

Total: 52 .15 .697     

     Between Groups        3.810 2   1.905     4.453* 

     Within Groups      20.960 49     .428  

     Total:      24.769 51   
 

Democratic Party 
Nation N Mean SD Sum of Squares df Mean Square F 

Chinese Sources 15 .33 .724     

Russian Sources 19 -.53 .513     

Saudi Sources 8 .50 .535     

Total: 42 -.02 .749     

     Between Groups        8.906 2   4.453 12.343*** 

     Within Groups      14.070 39     .361  

     Total:      22.976 41   

*p<0.05, **p<0.01, ***p<0.001 
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Table 4.34: Inauguration Day ANOVA Results for Global & National Impact 

Global Impact – Trump/Republican Party 
Nation N Mean SD Sum of Squares df Mean Square F 

Chinese Sources 15  -.53 .743     

Russian Sources 24   .00 .933     

Saudi Sources 11  -.45 .820     

Total: 50  -.26 .876     

     Between Groups        3.159 2   1.580         2.155 

     Within Groups      34.461 47     .733  

     Total:      37.620 49   
 

Global Impact – Clinton/Democratic Party 
Nation N Mean SD Sum of Squares df Mean Square F 

Chinese Sources 9 .44 .882     

Russian Sources 9 -.33 .866     

Saudi Sources 5 1.00 .000     

Total: 23 .26 .915     

     Between Groups        6.213 2   3.106         5.083* 

     Within Groups      12.222 20     .611  

     Total:      18.435 22   
 

National Impact – Trump/Republican Party 
Nation N Mean SD Sum of Squares df Mean Square F 

Chinese Sources 14 -.36 .745     

Russian Sources 25 .40 .764     

Saudi Sources 7 -.43 .787     

Total: 46 .04 .842     

     Between Groups        6.984 2   3.492          6.024** 

     Within Groups      24.929 43     .580  

     Total:      31.913 45   
 

National Impact – Clinton/Democratic Party 
Nation N Mean SD Sum of Squares df Mean Square F 

Chinese Sources 7 .43 .787     

Russian Sources 8 -.75 .707     

Saudi Sources 5 .40 .894     

Total: 20 -.05 .945     

     Between Groups        6.536 2   3.268           5.334* 

     Within Groups      10.414 17     .613  

     Total:      16.950 19   

*p<0.05, **p<0.01, ***p<0.001 
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Inauguration Day Qualitative Results  

The top-five frequencies for the first two qualitative categories from the Inauguration 

Day data pull are shown in Table 4.35. Former U.S. President Barack Obama (n = 37) was the 

most mentioned political figure overall, followed by: Russian President Vladimir Putin (n = 28), 

U.S. First Lady Melania Trump (n = 27), former White House Communications Director, Sean 

Spicer (n = 23), and U.S. Vice President Mike Pence (n = 22). For the overall cited news media, 

Reuters (n = 22) was the most cited, followed by: CNN (n = 20), the New York Times (n = 20), 

Fox News (n = 15), and the Wall Street Journal (n = 12). Overall, U.S. news media outlets (63%) 

were cited much more frequently than non-U.S. news media outlets (37%). The Chinese sources 

cited non-U.S. news (60%) more often than they did U.S. news (40%). However, both the 

Russian and Saudi sources cited U.S. news much more frequently than non-U.S. news (Russian 

= 62% to 38% and Saudi = 79% to 21%). 
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Table 4.35: Inauguration Day Political Figures & Cited News Outlets 

Overall Sources: 
Other Political Figures (n) Cited News Media Outlets (n) 

  1. Barack Obama (37)   1. Reuters (22) 

  2. Vladimir Putin (28)   2. CNN (20) 

  3. Melania Trump (27)   3. New York Times (20) 

  4. Sean Spicer (23)   4. Fox News (15) 

  5. Mike Pence (22)   5. Wall Street Journal (12) 
 

Chinese Sources: 
Other Political Figures (n) Cited News Media Outlets (n) 

  1. Barack Obama (16)   1. New York Times   (9) 

  2. Sean Spicer (11)   2. Reuters   (9) 

  3. Melania Trump (10)   3. BBC   (8) 

  4. Mike Pence   (9)   4. CNN   (7) 

  5. George W. Bush   (7)   5. People’s Daily   (6) 
 

Russian Sources: 
Other Political Figures (n) Cited News Media Outlets (n) 

  1. Vladimir Putin (13)   1. RIA Novosti (11) 

  2. Barack Obama (10)   2. Fox News (10) 

  3. Melania Trump (10)   3. Reuters   (9) 

  4. Mike Pence   (9)   4. New York Times   (7) 

  5. George W. Bush   (6)   5. Politico   (6) 
 

Saudi Sources: 

Other Political Figures (n) Cited News Media Outlets (n) 

  1. Barack Obama (11)   1. CNN   (8) 

  2. Sean Spicer   (9)   2. ABC News   (6) 

  3. Vladimir Putin   (8)   3. Fox News   (5) 

  4. Melania Trump   (7)   4. Wall Street Journal   (5) 

  5. Michelle Obama   (7)   5. New York Times   (4) 

 

The remaining top-five qualitative coding frequencies from the Inauguration Day data 

pull are shown in Table 4.36. For the overall domestic policies, the U.S. Economy (n = 39) was 

the most frequently cited policy, followed by policies on: Immigration (n = 30), National 

Security (n = 21), Trump’s Muslim Ban (n = 17), and U.S. Race Relations (n = 11). For the 

overall foreign policies, the Global Economy (n = 39) was the most frequently discussed policy, 

followed by policies on: U.S./Russia Relations (n = 38), U.S./China Relations (n = 20), the 

Trans-Pacific Partnership (n = 17), and the U.S. Sanctions on Russia (n = 17). Lastly, the overall 

most common issue/theme was Trump’s Inauguration (n = 53), followed by: the U.S. Senate’s 

Presidential Cabinet Hearings (n = 26), Sean Spicer’s First Press Conference as the White House 
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Press Secretary (n = 25), the Women’s March on Washington Protests (n = 25), and the 

Inauguration Crowd Size (n = 13). 

Table 4.36: Inauguration Day Domestic/Foreign Policies & Issues/Themes 

Overall Sources: 
Domestic Policies (n) Foreign Policies (n) Issues/Themes (n) 

1. U.S. Economy (39) 1. Global Economy (39) 1. Trump’s Inauguration (53) 

2. Immigration (30) 2. U.S./Russia Relations (38) 2. Senate Cabinet Hearings (26) 

3. National Security (21) 3. U.S./China Relations (20) 3. Spicer’s 1st Presser (25) 

4. Trump’s Muslim Ban (17) 4. TPP (17) 4. Women’s March Protests (25) 

5. U.S. Race Relations (11) 5. U.S. Sanctions on Russia (17) 5. Inauguration Crowd Size (13) 
 

Chinese Sources: 
Domestic Policies (n) Foreign Policies (n) Issues/Themes (n) 

1. U.S. Economy (16) 1. U.S./China Relations (20) 1. Trump’s Inauguration (17) 

2. Immigration (10) 2. U.S./Taiwan Relations (14) 2. Women’s March Protests (13) 

3. Trump’s Muslim Ban (7) 3. Global Economy (11) 3. Spicer’s 1st Presser (11) 

4. Climate Change (4) 4. TPP (10) 4. Inauguration Crowd Size (8) 

5. Health Care (4) 5. U.S./Russia Relations (7) 5. Senate Cabinet Hearings (5) 
 

Russian Sources: 
Domestic Policies (n) Foreign Policies (n) Issues/Themes (n) 

1. National Security (21) 1. U.S./Russia Relations (24) 1. Trump’s Inauguration (25) 

2. U.S. Economy (18) 2. Global Economy (20) 2. Senate Cabinet Hearings (14) 

3. Immigration (12) 3. U.S. Sanctions on Russia (17) 3. Spicer’s 1st Presser (7) 

4. U.S. Race Relations (5) 4. Syria (11) 4. U.S. Media Biases (6) 

5. Press Freedom (4) 5. Terrorism (8) 5. Women’s March Protests (4) 
 

Saudi Sources: 
Domestic Policies (n) Foreign Policies (n) Issues/Themes (n) 

1. Trump’s Muslim Ban (10) 1. U.S./Saudi Relations (9) 1. Trump’s Inauguration (11) 

2. Immigration (8) 2. Global Economy (8) 2. Women’s March Protests (8) 

3. U.S. Race Relations (6) 3. TPP (7) 3. Senate Cabinet Hearings (7) 

4. U.S. Economy (5) 4. U.S./Russia Relations (7) 4. Spicer’s 1st Presser (7) 

5. Defense Spending (4) 5. Syria (5) 5. Inauguration Crowd Size (5) 

 

Inauguration Day Sample News Content 

Trump’s Inauguration. In regard to the qualitative findings from the Inauguration Day 

data pull, the most common issue/topic discussed was, as one might expect, Trump’s presidential 

inauguration. Following previous trends in the data results, the Chinese and Saudi Arabian news 

coverage of Trump’s inauguration was mostly negative and pessimistic, while the Russian news 

coverage was mostly positive and optimistic. On January 20, 2017, the day of the presidential 

inauguration, Chinese news outlet Remin Ribao reported, “At noon on the 20th, Trump officially 

fulfilled the US presidency. The US Department of Homeland Security expects that hundreds of 
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thousands of people will rally tomorrow in Washington, DC. The crowds will have both Trump’s 

supporters and those who stand against Trump. To ensure safety, about 28,000 police officers 

will be assigned to maintain order.” The day after the inauguration, Chinese news outlet Global 

Times claimed, “The ‘first fire’ under the Trump administration is the executive order to halt the 

Obamacare program. Trump worked for the first time at the White House Oval Office and signed 

a first executive order asking the federal government to ‘reduce the burden of the Obamacare 

health insurance.’ However, Trump did not respond to questions, or disclose details.” 

The day of the inauguration, Saudi Arabian news outlet Al-Hayat reported, “After 

swearing in, Trump said in his speech that he was committed to his campaign promise to ‘restore 

America’s greatness’ and that he would work to end divisions in the country. ‘From now on, 

only America will be first,’ he said, stressing that he would give priority to buying American 

products and hiring Americans.” The article continued by noting, “While thousands of 

Americans expressed the hope of a ‘new era,’ thousands of Americans have also joined anti-

Tramp demonstrations.” The following day, Al-Hayat stated, “Trump appeared tense and his 

inauguration speech seemed scripted and inauthentic. But on the first day in office, Trump has 

begun his commitment to repeal Obamacare and all decrees under his predecessor, Barack 

Obama, and has reaffirmed his intention to renegotiate the NAFTA agreement, including the 

cancellation of privileges granted to Mexico.” 

On January 20, 2017, the day of the inauguration, Russian news outlet Rossiya24 

claimed, “Historically, it turns out that the weather during the inauguration is more supportive of 

Republicans than Democrats. Today, newspapers, the internet, and television and radio stations, 

all around the world watched as Donald Trump became the 45th president of the United States. 

Much of the world’s nation are still trying to learn how Trump actually achieved this success.” 



159 
 

The following day, Rossiya24 reported, “The vice-president Mike Pence is the former governor 

of the Indiana, and his conservative policies came from his basic necessities, a bible and a gun, 

and a crucifix. His conservatism really criticized same-sex marriages, advocated traditional 

family values, overcame unemployment, and revived failing industries. These conservative 

policies are also widely regarded in Russia today.” 

 Trump’s Policy Agendas. The next most frequently discussed theme from the 

Inauguration Day data pull pertained to Trump’s public policy agendas and the transition into the 

new presidential administration. Parallel to the previous data results, the Chinese and Saudi 

Arabian news coverage discussed Trump’s policy agendas far more negatively than the Russian 

news coverage. The day of Trump’s inauguration, Chinese news outlet CCTV reported, “Despite 

their disputes, both parties showed respect toward the other during today’s inauguration. 

However, this respect is not expected to last long due to Trump’s extremely polarizing and 

divisive political campaign promises.” On January 23, 2017, Chinese news outlet Enlightenment 

Daily stated, “You’re fired!’ [sic] Trump dismissed all foreign US ambassadors, leaving as many 

as 80 ambassador vacancies. Many of the Trump’s political ambassador appointments were 

donors to his election campaign, and will be appointed because of their close relationship with 

the president.” The article continued by noting, “Former US ambassador to Turkey Robert 

Pearson believes that so many ambassador vacancies will endanger the interests of the US, ‘this 

change will make allies and the new US government relations more tense,’ much of the world is 

deeply worried about the Trump government’s approach.” Additionally, on January 26, 2017, 

Enlightenment Daily asserted, “US Science has officially entered the ‘Trump era.’ In Donald 

Trump’s inauguration speech, he did not mention the word ‘science.’ The scientific community 

is paying close attention to Trump’s attitudes and policies toward science.” 
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 For the Saudi Arabian coverage on Trump’s policy agendas, the recurring narratives 

surrounded Trump’s proposed policies that could potentially have negative effects on racial 

minorities both within and outside the United States. On January 25, 2017, Saudi Arabian news 

outlet Al Arabiya stated: 

This global millionaire is the choice of the so-called liberal democratic process, and he 

still fights the US media, women’s and Black Lives Matter lobby groups, and others. It is 

not strange that Donald Trump chose to attack Arabs and Muslims. Thousands have cried 

tears for Obama and Hillary, after the new president took office. Trump’s administration 

could be a bad sign for Saudi Arabia, but we will have to wait and see. 

 

On January 27, 2017, Saudi Arabian news outlet Al Riyadh addressed Trump’s proposed policies 

on immigration, deportation, and the U.S./Mexico border wall by noting, “US President Donald 

Trump said the Mexican president cancelled his scheduled visit to Washington. ‘If Mexico does 

not treat the United States fairly and respectfully, this meeting will be fruitless, and I will take a 

different path. We have no other choice,’ Trump said.” The article concluded by stating, 

“Mexican President Enrique Peña Nieto, after a series of provocations by Trump, strongly 

criticized Trump’s deportation policy and his promise to build a wall along the border between 

the US and Mexico.” 

 As mentioned above, the Russian news coverage was far more favorable and optimistic 

toward Trump’s proposed policies than the Chinese and Saudi Arabian news coverage. On 

January 21, 2017, Russian news outlet Izvestia reported, “President Trump, among the first 

decrees signed after his inauguration, ordered the suspension of Obamacare act. This decree is 

the first step toward the abolition of Obamacare, and corresponds to Trump’s pre-election 

promise of eliminating the health care program, which Barack Obama created.” Furthermore, on 

January 24, 2017, Russian news outlet Moskovskij Komsomolets claimed, “Trump reiterated his 

dissatisfaction with NATO’s work, saying the current NATO structure’s returns do not fulfill 
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what is invested into it. US Defense Secretary James Mattis and other government members have 

ideas about how the reforms will make organizations like NATO and the UN more effective.” 

On January 26, 2017, Russian news outlet Arguments and Facts stated, “President Donald 

Trump promised not to deport the migrants who came to the US as children. Recently, the 

American leader signed tougher immigration laws that will conduct a massive expulsion of 

illegal immigrants with a criminal past, as well as stop the financing of cities that refuse to 

extradite illegal immigrants to federal authorities.” 

Trump vs. the U.S. Media. Another major theme from the Inauguration Day data pull 

pertained to Sean Spicer’s first press briefing as the new White House Press Secretary, and, 

subsequently, the crowd size of the presidential inauguration and alleged biases among the U.S. 

news media. Once again, the Chinese and Saudi Arabian news coverage criticized Trump, while 

the Russian coverage spoke more favorably of him. Two days after Trump’s inauguration, on 

January 22, 2017, Global Times reported:  

In the first official press briefing, Sean Spicer, the new White House spokesman, insisted 

on holding the media accountable for its false reports about the number of people who 

attended the US presidential inauguration ceremony. Spicer contradicted himself by 

claiming that ‘no one had numbers’ and then saying, ‘This was the largest audience to 

ever witness an inauguration, period!’ [sic] 

 

That same day, Al-Hayat reported, “As Donald Trump became the president of the United States, 

protests erupted all across the US and the world. The White House responded by accusing the 

media of lying about the size of the crowd at the inauguration.” The article continued by stating, 

“This attack comes as part of a long-running battle between the new president and some news 

organizations, especially the New York Times, CNN and The Washington Post, during his 

campaign. Trump said yesterday about his ‘war’ against the media that journalists are among 

‘the least honest people in the world.’ Welcome to Trump’s America.” 
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 On January 22, 2017, Arguments and Facts claimed, “US authorities will hold the media 

accountable for deliberately incorrect reports. The White House said the media are especially 

responsible for the outrageous and erroneous reports saying the White House bust of Martin 

Luther King was removed from the Oval Office. Yesterday’s events show how dishonest and 

partisan the ‘lying media,’ as Donald Trump says, really are.” That same day, Izvestia asserted, 

“The American media are obsessed with trying to deprive Trump of legitimacy as the new US 

president. As Fox News reported, the US media have unfairly attacked Donald Trump 

throughout his campaign and now after becoming president by intentionally disseminating false 

information about him, thus trying to diminish his presidency.” 

Women’s March on Washington Protests. The next major issue (or theme) from the 

Inauguration Day data pull pertained to the Women’s “March on Washington” protests that 

occurred the day after Trump’s presidential inauguration. Unsurprisingly, the Chinese and Saudi 

Arabian news coverage were heavily focused on these protests, while the Russian coverage 

rarely mentioned them. On January 22, 2017, CCTV asserted: 

An outbreak of protests, known as the women’s march of 2017, have erupted across 

hundreds of cities and in all 50 states in the United States. Like the Occupy Wall Street 

movement, many of the protesters represent the American job seekers fighting against the 

wealthy one percent to rewrite the history of the American society. But the wealth gap 

between the wealthy and 99 percent of other people grows more and more. It is the 

consensus of the United States that Trump wants his policies to help the wealthiest 

people. In this way, the policies of Obama are far from Trump. 

 

Furthermore, on January 21, 2017, Al-Hayat reported, “As part of the protests against the 

inauguration of Trump, thousands of women around the world took to the streets to join the 

‘marches of sisters’ rally in America. The participants in the rallies wore pink hats and waved 

banners bearing words critical of Trump’s views of women, referring to Trump’s sexual phrases 

from a 2005 tape recording back in 2005.” The article concluded by stating, “Some 670 marches 
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are planned around the world today, and more than 2 million people are expected to protest 

against Trump, who was sworn in as the 45th president of the United States.”  

On January 21, 2017, Russian news outlet Komsomolskaya Pravda claimed, “In 

Washington, Hillary Clinton supporters mocked President Donald Trump by waving Russian 

flags. Now more than ever, whining liberal Americans continue to blame Russia for their 

‘crooked’ candidate’s presidential election defeat to Trump.” Additionally, on January 22, 2017, 

Izvestia stated, “Despite the mass protests of the US spoiled youth, Trump’s presidency marks an 

important day in the progress of US and Russian relations. Donald Trump exposed the corruption 

of the United States and was rewarded by the people. It is time for Russia and the US to work 

together to establish mutually beneficial diplomacy.” 

U.S. Foreign Relations. The final major theme from the Inauguration Day data pull, 

once again, focused on U.S. foreign relations with various nations. For the Chinese news 

coverage on U.S. foreign policy and foreign relations, the general focus was on the U.S. and 

Chinese relations under the Trump administration, as well as frequent discussions of 

U.S./Russian relations. On January 24, 2017, Chinese news outlet Ministry Foreign Affairs 

inquired, “The new US President Trump’s inaugural speech repeatedly referred to the ‘priority of 

the United States’ as the ruling purpose, but what about Sino-US relations?” The article 

continued by claiming, “On the evils and crises of the capitalist system, it is fitting that President 

Trump won the election, and other Western crises underscore the superiority of China’s system. 

But for the Chinese side, we advocate the global partnerships to work together and help each 

other in order to solve the problems facing the world.” 

Regarding Chinese news outlets’ discussions of the U.S. and Russia, on January 13, 

2017, Remin Ribao stated, “US President-elect Trump admitted for the first time that Russia is 
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‘carrying out cyber-attacks’ against the United States. Analysts pointed out that there is a great 

resistance to improve US-Russian relations, and Trump has already felt great pressure to change 

his attitude about Russia. So the roads will be difficult and long to repair the relationship 

between the two countries.” Furthermore, the day of the inauguration, Global Times reported, 

“According to Russian presidential press secretary Dmitry Peskov, there is no connection 

between the abolition of sanctions against Russia and the reduction of nuclear weapons. US 

President-elect Trump recently hinted that if Russia accepts the deal to cut its nuclear weapons, 

the US may consider withdrawing the imposed economic sanctions against Russia.” 

The Saudi Arabian news coverage on U.S. foreign policy and foreign relations mainly 

focused on the uncertainties of Trump’s military intervention policies in the Middle East, but 

also on the U.S./Russian and Trump/Putin relations under the new presidential administration. 

On January 20, 2017, Al Arabiya stated, “US President Donald Trump says he will unite the 

civilized world against radical Islam, rather than the radical Islamic Jihad. Trump’s words 

suggest there is no civilization in the Muslim world. This means that his words are not reassuring 

words do not reassure the Europeans should not be not reassure Arabs and Muslims.” The news 

coverage went on to claim: 

We know now that he has admiration for President Putin and his policies. Many wonder 

to what impact a Putin and Trump alliance could have on the Arab World. This alliance 

could create problems with the Europeans and with China for the Iran nuclear weapons 

deal. It could also create problems in Syria… The higher political elites of Turkey, 

believe Donald Trump is very dangerous, and will put Arab nations at risk of liquidation. 

 

The news coverage concluded by claiming, “For the Arab World, there are many unknowns, but 

we must pay close attention to President Trump’s decisions during his US presidency.” 

The day after the inauguration, on January 21, 2017, Al-Hayat reported, “The wave of 

resentment toward Trump spread around the world, with mixed reactions at the official level in 
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several countries, especially Moscow, where the Kremlin announced that President Vladimir 

Putin will contact his American counterpart to congratulate him.” The article continued by 

stating, “The White House published a document that set out the framework for Trump’s defense 

policy. The document also reflected Trump’s desire to increase US missile defense capabilities in 

the face of North Korean and Iranian ballistic missiles. The new president has also pledged to be 

‘tough’ on operations with US allies against ISIL and other radical Islamic terrorist groups.” On 

January 24, 2017, Al Riyadh asserted, “America is still in shock over Donald Trump’s victory. It 

seems the Democratic Party is questioning if the Trump win shook legitimacy of its decisions, 

and if the party has the ability to challenge Trump’s political and strategic vision, and work on 

retaliating the Russian intervention in the US election process.” The article concluded by 

claiming, “Donald Trump has received continuous support from the Russian state. However, it is 

not clear if this support will lead to the cooperation between Trump and the Russians in the 

Middle East and Ukraine.”  

For the Russian news coverage on U.S. foreign policy and foreign relations, once again, 

the primary narrative surrounded the potential opportunities to improve relations between the 

U.S. and Russia under the Trump administration. On January 14, 2017, Rossiya24 reported, “As 

the new presidential administration transitions into the White House, president-elect Donald 

Trump did not rule out canceling the restrictive measures on the anti-Russian sanctions. Trump 

also said he does not see any reason to continue the sanctions pressure on Russia if the two 

countries find mutual understanding on combating terrorism and other problems.” The news 

coverage continued by claiming, “According to US President Barack Obama, the sanctions 

should be extended for another year because Moscow allegedly continues to threaten the national 

security of the United States. Russian leadership said Obama’s statement is foolish.” 
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On January 24, 2017, Moskovskij Komsomolets asserted, “The White House explained 

how the new administration will adjust and restore normal Russian-American relations… Trump 

does not frighten from his opponents’ criticisms for not adhering to anti-Russian sentiments.” 

The article concluded by stating: 

For his part, the 45th US president has repeatedly expressed his willingness to participate 

in bilateral negotiations with Russian President Vladimir Putin to overcome the crisis 

caused by the ill-considered foreign policy of his predecessor Barack Obama. However, 

Trump promises only to ‘try’ without giving any guarantees that the US policy towards 

Russia will be soft, and that relations between the countries will definitely improve. 

 

The following day, on January 25, 2017, Arguments and Facts noted, “US President Donald 

Trump is very confident that Russia and America can establish relations because he ‘knows how 

to make deals.’ America, it’s time to change course! [sic] Earlier, the White House confirmed 

that Washington is ready to cooperate with Moscow in the fight against ISIL.” 
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Overall Results 

Overall Quantitative Results  

 The overall frequencies for the quantitative coding categories are shown in Table 4.37. 

The overall sources’ results show that only the “Hillary Clinton” (μ = .02) search term averaged 

positive news coverage, with “Donald Trump” (μ = -.17) as the most negative followed by the 

“Democratic Party” (μ = -.03) and “Republican Party” (μ = -.02). The overall Chinese sources 

presented Trump (μ = -.59) and the Republican Party (μ = -.25) negatively, and Clinton (μ = .43) 

and the Democratic Party (μ = .31) positively. Similarly, the overall Saudi sources also presented 

Trump (μ = -.65) and the Republican Party (μ = -.37) negatively, and Clinton (μ = .41) and the 

Democratic Party (μ = .35) positively. By comparison, the overall Russian sources presented 

Trump (μ = .32) and the Republican Party (μ = .30) in a positive manner, and Clinton (μ = -.47) 

and the Democratic Party (μ = -.45) in a negative manner. 

For the global and national impact coding categories, the overall sources’ results show all 

negative presentations, with “Trump/Republican Party” (μ = -.27) and “Clinton/Democratic 

Party” (μ = -.03) for the global impact category, and “Trump/Republican Party” (μ = -.05) and 

“Clinton/Democratic Party” (μ = -.11) for the national impact category. The overall Chinese 

sources presented “Trump/Rep.” with negative global (μ = -.75) and national (μ = -.36) impacts, 

and “Clinton/Dem.” with positive global (μ = .38) and national (μ = .43) impacts. Similarly, the 

overall Saudi sources also presented “Trump/Rep.” with negative global (μ = -.62) and national 

(μ = -.49) impacts, and “Clinton/Dem.” with positive global (μ = .43) and national (μ = .28) 

impacts. Alternatively, the overall Russian sources presented “Trump/Rep.” with positive global 

(μ = .16) and national (μ = .30) impacts, and “Clinton/Dem.” with negative global (μ = -.48) and 

national (μ = -.62) impacts. 



168 
 

Table 4.37: Overall Quantitative Coding Frequencies 
 Key Search Terms 
 

Overall Sources 

“Donald Trump” 
(μ = -.17) (n = 324) 

“Hillary Clinton” 
(μ = .02) (n = 235) 

“Rep. Party” 
(μ = -.02) (n = 272)  

“Dem. Party” 
(μ = -.03) (n = 247) 

Negative Pres. 47.2% 37.4% 29.0% 33.6% 

Neutral Pres. 22.5% 23.4% 44.1% 36.0% 

Positive Pres. 30.2% 39.1% 26.8% 30.4% 
 

 

Chinese Sources 

“Donald Trump” 
(μ = -.59) (n = 76) 

“Hillary Clinton” 
(μ = .43) (n = 60) 

“Rep. Party” 
(μ = -.25) (n = 65)  

“Dem. Party” 
(μ = .31) (n = 58) 

Negative Pres. 67.1% 16.7% 36.9% 15.5% 

Neutral Pres. 25.0% 23.3% 50.8% 37.9% 

Positive Pres.   7.9% 60.0% 12.3% 46.6% 
 

 

Russian Sources 

“Donald Trump” 
(μ = .32) (n = 156) 

“Hillary Clinton” 
(μ = -.47) (n = 107) 

“Rep. Party” 
(μ = .30) (n = 128)  

“Dem. Party” 
(μ = -.45) (n = 115) 

Negative Pres. 23.1% 60.7% 14.1% 53.9% 

Neutral Pres. 21.8% 25.2% 41.4% 37.4% 

Positive Pres. 55.1% 14.0% 44.5%   8.7% 
 

 

Saudi Sources 

“Donald Trump” 
(μ = -.65) (n = 92) 

“Hillary Clinton” 
(μ = .41) (n = 68) 

“Rep. Party” 
(μ = -.37) (n = 79)  

“Dem. Party” 
(μ = .35) (n = 74) 

Negative Pres. 71.7% 19.1% 46.8% 16.2% 

Neutral Pres. 21.7% 20.6% 43.0% 32.4% 

Positive Pres.   6.5% 60.3% 10.1% 51.4% 
 

 Global Impact National Impact 
 

Overall Sources 

“Trump/Rep.” 
(μ = -.27) (n = 233) 

“Clinton/Dem.” 
(μ = -.03) (n = 172) 

“Trump/Rep.” 
(μ = -.05) (n = 182)  

“Clinton/Dem.” 
(μ = -.11) (n = 142) 

Negative Impact 55.4% 42.4% 38.5% 44.4% 

Neutral/No Impact 16.3% 18.6% 28.6% 22.5% 

Positive Impact 28.3% 39.0% 33.0% 33.1% 
 

 

Chinese Sources 

“Trump/Rep.” 
(μ = -.75) (n = 52) 

“Clinton/Dem.” 
(μ = .38) (n = 39) 

“Trump/Rep.” 
(μ = -.36) (n = 44)  

“Clinton/Dem.” 
(μ = .43) (n = 35) 

Negative Impact 80.8% 23.1%           52.3%   8.6% 

Neutral/No Impact 13.5% 15.4% 31.8% 40.0% 

Positive Impact   5.8% 61.5% 15.9% 51.4% 
 

 

Russian Sources 

“Trump/Rep.” 
(μ = .16) (n = 113) 

“Clinton/Dem.” 
(μ = -.48) (n = 86) 

“Trump/Rep.” 
(μ = .30) (n = 93)  

“Clinton/Dem.” 
(μ = -.62) (n = 68) 

Negative Impact 33.6% 62.8% 19.4% 72.1% 

Neutral/No Impact 16.8% 22.1% 31.2% 17.6% 

Positive Impact 49.6% 15.1% 49.5% 10.3% 
 

 

Saudi Sources 

“Trump/Rep.” 
(μ = -.62) (n = 68) 

“Clinton/Dem.” 
(μ = .43) (n = 47) 

“Trump/Rep.” 
(μ = -.49) (n = 45)  

“Clinton/Dem.” 
(μ = .28) (n = 39) 

Negative Impact 72.1% 21.3% 64.4% 28.2% 

Neutral/No Impact 17.6% 14.9% 20.0% 15.4% 

Positive Impact 10.3% 63.8% 15.6% 56.4% 
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The overall independent samples t-test results for the presentation of key search terms 

coding categories are shown below in Table 4.38. All four search terms were statistically 

significant between the Russian and Chinese sources, as well as the Russian and Saudi sources. 

Also, all of these statistically significant means comparisons were significant at the .001 level. 

Table 4.38: Overall T-Test Results for Key Terms 

Donald Trump 

Nation   N Mean  SD           t 

Chinese Sources   76  -.59 .636 -9.262*** 

Russian Sources 156   .32 .827  
 

Chinese Sources   76  -.59 .636   .628 

Saudi Sources   92  -.65 .601  
 

Russian Sources 156   .32 .827  10.671*** 

Saudi Sources   92  -.65 .601  
 

Hillary Clinton 

Nation   N Mean  SD           t 

Chinese Sources   60   .43 .767      7.504*** 

Russian Sources 107  -.47 .731  
 

Chinese Sources   60   .43 .767  .156 

Saudi Sources   68   .41 .796  
 

Russian Sources 107  -.47 .731    -7.489*** 

Saudi Sources   68   .41 .796  
 

Republican Party 

Nation   N Mean  SD           t 

Chinese Sources   65  -.25 .662    -5.235*** 

Russian Sources 128   .30 .705  
 

Chinese Sources   65  -.25 .662 1.089 

Saudi Sources   79  -.37 .664  
 

Russian Sources 128   .30 .705      6.809*** 

Saudi Sources   79  -.37 .664  
 

Democratic Party 

Nation   N Mean  SD           t 

Chinese Sources   58   .31 .730    6.970*** 

Russian Sources 115  -.45 .652  
 

Chinese Sources   58   .31 .730       -.316 

Saudi Sources   74   .35 .748  
 

Russian Sources 115  -.45 .652    -7.800*** 

Saudi Sources   74   .35 .748  

*p<0.05, **p<0.01, ***p<0.001 



170 
 

The overall independent samples t-test results for the global and national impact coding 

categories are shown below in Table 4.39. Akin to the above results, all four coding categories 

were statistically significant between the Russian and Chinese sources, as well as the Russian 

and Saudi sources. Also akin to the above results, all of these statistically significant means 

comparisons were significant at the .001 level. 

Table 4.39: Overall T-Test Results for Global & National Impact 
Global Impact – Trump/Republican Party 

Nation   N Mean  SD           t 

Chinese Sources   52  -.75 .556  -7.933*** 

Russian Sources 113   .16 .902  
 

Chinese Sources   52  -.75 .556     -1.182    

Saudi Sources   68  -.62 .670  
 

Russian Sources 113   .16 .902  6.614*** 

Saudi Sources   68  -.62 .670  
 

Global Impact – Clinton/Democratic Party 

Nation   N Mean  SD           t 

Chinese Sources   39   .38 .847    5.726*** 

Russian Sources   86  -.48 .747  
 

Chinese Sources   39   .38 .847  -.226 

Saudi Sources   47   .43 .827  
 

Russian Sources   86  -.48 .747    -6.408*** 

Saudi Sources   47   .43 .827  
 

National Impact – Trump/Republican Party 

Nation   N Mean  SD           t 

Chinese Sources   44  -.36 .750    -4.726*** 

Russian Sources   93   .30 .777  
 

Chinese Sources   44  -.36 .750   .784 

Saudi Sources   45  -.49 .757  
 

Russian Sources   93   .30 .777      5.643*** 

Saudi Sources   45  -.49 .757  
 

National Impact – Clinton/Democratic Party 

Nation   N Mean  SD           t 

Chinese Sources   35    .43 .655      7.566*** 

Russian Sources   68  -.62 .670  
 

Chinese Sources   35    .43 .655   .814 

Saudi Sources   39   .28 .887  
 

Russian Sources   68   -.62 .670   -5.499*** 

Saudi Sources   39   .28 .887  

*p<0.05, **p<0.01, ***p<0.001 
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The overall chi-square results for the presentation of key search terms are shown in Table 

4.40 on the following page. The chi-square results among the three nations were statistically 

significant for all four search terms: “Donald Trump” (X2 = 99.205, p = .000), “Hillary Clinton” 

(X2 = 60.607, p = .000), “Republican Party” (X2 = 49.041, p = .000), and “Democratic Party” (X2 

= 60.325, p = .000). For the “Donald Trump” and “Republican Party” presentations, the Russian 

sources comprise the most positive and neutral presentations, while the Saudi sources comprise 

the most negative presentations. For the “Hillary Clinton” and “Democratic Party” presentations, 

the Russian sources comprise the most negative and neutral presentations, while the Saudi 

sources comprise the most positive presentations.  

When comparing the expected and observed frequencies for the overall presentation of 

key search terms, the Chinese and Saudi sources had higher negative frequencies and lower 

positive frequencies for both the “Donald Trump” and “Republican Party” presentations. The 

Chinese and Saudi sources also had lower negative frequencies and higher positive frequencies 

for both the “Hillary Clinton” and “Democratic Party” presentations. Alternatively, the Russian 

sources had lower negative frequencies and higher positive frequencies for the “Donald Trump” 

and “Republican Party” presentations. The Russian sources also had higher negative frequencies 

and lower positive frequencies for the “Hillary Clinton” and “Democratic Party” presentations. 
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Table 4.40: Overall Chi-Square Results for Key Terms 

Donald Trump 
 

Presentation 

Chinese Sources Russian Sources Saudi Sources  

X2 Exp. n Obs. n (%) Exp. n Obs. n (%) Exp. n Obs. n (%) 

Negative Pres. 35.9 51 (67.1%) 73.7   36 (23.1%) 43.4 66 (71.7%) 99.205*** 

Neutral Pres. 17.1 19 (25.0%) 35.1   34 (21.8%) 20.7 20 (21.7%)  

Positive Pres. 23.0   6 (7.9%) 47.2   86 (55.1%) 27.8   6 (6.5%)  

Total: 76.0 76 156.0 156 92.0 92  
 

Hillary Clinton 
 

Presentation 

Chinese Sources Russian Sources Saudi Sources  

X2 Exp. n Obs. n (%) Exp. n Obs. n (%) Exp. n Obs. n (%) 

Negative Pres. 22.5 10 (16.7%) 40.1   65 (60.7%) 25.5 13 (19.1%) 60.607*** 

Neutral Pres. 14.0 14 (23.3%) 25.0   27 (25.2%) 15.9 14 (20.6%)  

Positive Pres. 23.5 36 (60.0%) 41.9   15 (14.0%) 26.6 41 (60.3%)  

Total: 60.0 60 107.0 107 68.0 68  
 

Republican Party 
 

Presentation 

Chinese Sources Russian Sources Saudi Sources  

X2 Exp. n Obs. n (%) Exp. n Obs. n (%) Exp. n Obs. n (%) 

Negative Pres. 18.9 24 (36.9%) 37.2   18 (14.1%) 22.9 37 (46.8%) 49.041*** 

Neutral Pres. 28.7 33 (50.8%) 56.5   53 (41.4%) 34.9 34 (43.0%)  

Positive Pres. 17.4   8 (12.3%) 34.4   57 (44.5%) 21.2   8 (10.1%)  

Total: 65.0 65 128.0 128 79.0 79  
 

Democratic Party 
 

Presentation 

Chinese Sources Russian Sources Saudi Sources  

X2 Exp. n Obs. n (%) Exp. n Obs. n (%) Exp. n Obs. n (%) 

Negative Pres. 19.5   9 (15.5%) 38.6   62 (53.9%) 24.9 12 (16.2%) 60.325*** 

Neutral Pres. 20.9 22 (37.9%) 41.4   43 (37.4%) 26.7 24 (32.4%)  

Positive Pres. 17.6 27 (46.6%) 34.9   10 (8.7%) 22.5 38 (51.4%)  

Total: 58.0 58 115.0 115 74.0 74  

*p<0.05, **p<0.01, ***p<0.001 
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As shown on the following page in Table 4.41, the overall chi-square results were 

statistically significant across all four of the global impact and national impact coding categories: 

“Global Impact – Trump/Republican Party” (X2 = 54.607, p = .000), “Global Impact – 

Clinton/Democratic Party” (X2 = 43.043, p = .000), “National Impact – Trump/Republican 

Party” (X2 = 36.147, p = .000), and “National Impact – Clinton/Democratic Party” (X2 = 51.141, 

p = .000). For both the “Trump/Republican Party” global and national impact codes, the Russian 

sources held the most positive and neutral/no impact stories, while the Saudi sources held the 

most negative impact stories. For both the “Clinton/Democratic Party” global and national 

impact codes, the Russian sources held the most negative impact stories, while the Saudi sources 

held the most positive impact stories. 

When comparing the expected and observed frequencies for the overall global impact and 

national impact codes, the Chinese and Saudi sources had higher negative impact frequencies 

and lower positive impact frequencies in both global and national impact for the 

“Trump/Republican Party” coding category. The Chinese and Saudi sources also had lower 

negative impact frequencies and higher positive impact frequencies in both global and national 

impact for the “Clinton/Democratic Party” coding category. Alternatively, the Russian sources 

had lower negative impact frequencies and higher positive impact frequencies in both global and 

national impact for the “Trump/Republican Party” coding category. The Russian sources also 

had higher negative impact frequencies and lower positive impact frequencies in both global and 

national impact for the “Clinton/Democratic Party” coding category. 
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Table 4.41: Overall Chi-Square Results for Global & National Impact 

Global Impact – Trump/Republican Party 
 

Presentation 

Chinese Sources Russian Sources Saudi Sources  

X2 Exp. n Obs. n (%) Exp. n Obs. n (%) Exp. n Obs. n (%) 

Negative Impact 28.8 42 (80.8%) 62.6   38 (33.6%) 37.6 49 (72.1%) 54.607*** 

Neutral/No Impact 8.5   7 (13.5%) 18.4   19 (16.8%) 11.1 12 (17.6%)  

Positive Impact 14.7   3 (5.8%) 32.0   56 (49.6%) 19.3   7 (10.3%)  

Total: 52.0 52 113.0 113 68.0 68  
 

Global Impact – Clinton/Democratic Party 
 

Presentation 

Chinese Sources Russian Sources Saudi Sources  

X2 Exp. n Obs. n (%) Exp. n Obs. n (%) Exp. n Obs. n (%) 

Negative Impact 16.6   9 (23.1%) 36.5   54 (62.8%) 19.9 10 (21.3%) 43.043*** 

Neutral/No Impact 7.3   6 (15.4%) 16.0   19 (22.1%) 8.7   7 (14.9%)  

Positive Impact 15.2 24 (61.5%) 33.5   13 (15.1%) 18.3 30 (63.8%)  

Total: 39.0 39 86.0   86 47.0 47  
 

National Impact – Trump/Republican Party 
 

Presentation 

Chinese Sources Russian Sources Saudi Sources  

X2 Exp. n Obs. n (%) Exp. n Obs. n (%) Exp. n Obs. n (%) 

Negative Impact 16.9 23 (52.3%) 35.8   18 (19.4%) 17.3 29 (64.4%) 36.147*** 

Neutral/No Impact 12.6 14 (31.8%) 26.6   29 (31.2%) 12.9   9 (20.0%)  

Positive Impact 14.5   7 (15.9%) 30.7   46 (49.5%) 14.8   7 (15.6%)  

Total: 44.0 44 93.0   93 45.0 45  
 

National Impact – Clinton/Democratic Party 
 

Presentation 

Chinese Sources Russian Sources Saudi Sources  

X2 Exp. n Obs. n (%) Exp. n Obs. n (%) Exp. n Obs. n (%) 

Negative Impact 15.5   3 (8.6%) 30.2   49 (72.1%) 17.3 11 (28.2%) 51.141*** 

Neutral/No Impact 7.9 14 (40.0%) 15.3   12 (17.6%) 8.8   6 (15.4%)  

Positive Impact 11.6 18 (51.4%) 22.5     7 (10.3%) 12.9 22 (56.4%)  

Total: 35.0 35 68.0   68 39.0 39  

*p<0.05, **p<0.01, ***p<0.001 
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The overall ANOVA results for the key search terms presentations are shown in Table 

4.42. The differences for all four of the key search term presentations were statistically 

significant at the .001 level among the three nations’ news sources: “Donald Trump” (F = 

68.739, p = .000), “Hillary Clinton” (F = 39.949, p = .000), “Republican Party” (F = 28.216, p = 

.000), and “Democratic Party” (F = 38.684, p = .000). In testing for the homogeneity of 

variances, only the “Donald Trump” presentations show unequal variance. Additionally, the 

explained variance among the data are as follows: “Donald Trump” (29.99%), “Hillary Clinton” 

(25.62%), “Republican Party” (17.34%), and “Democratic Party” (24.07%). 

As seen in Table 4.43, all four of the global and national impact coding categories also 

varied significantly among the three nations’ news sources: “Global Impact – Trump/Republican 

Party” (F = 34.451, p = .000), “Global Impact – Clinton/Democratic Party” (F = 26.755, p = 

.000), “National Impact – Trump/Republican Party” (F = 20.845, p = .000), and “National 

Impact – Clinton/Democratic Party” (F = 31.398, p = .000). For the homogeneity of variances, 

the “Global Impact – Clinton/Democratic Party” and “National Impact – Trump/Republican 

Party” categories show equal variance, while the “Global Impact – Trump/Republican Party” and 

“National Impact – Clinton/Democratic Party” categories show unequal variance. The explained 

variance for the data are as follows: “Global Impact – Trump/Republican Party” (23.05%), 

“Global Impact – Clinton/Democratic Party” (24.05%), “National Impact – Trump/Republican 

Party” (18.89%), and “National Impact – Clinton/Democratic Party” (31.12%).  
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Table 4.42: Overall ANOVA Results for Key Terms 

Donald Trump 
Nation N Mean SD Sum of Squares df Mean Square F 

Chinese Sources 76 -.59 .636     

Russian Sources 156 .32 .827     

Saudi Sources 92 -.65 .601     

Total: 324 -.17 .865     

     Between Groups      72.464 2 36.232 68.739*** 

     Within Groups    169.199 321     .527  

     Total:    241.664 323   
 

Hillary Clinton 
Nation N Mean SD Sum of Squares df Mean Square F 

Chinese Sources 60 .43 .767     

Russian Sources 107 -.47 .731     

Saudi Sources 68 .41 .796     

Total: 235 .02 .877     

     Between Groups      46.092 2 23.046 39.949*** 

     Within Groups    133.839 232     .577  

     Total:    179.932 234   
 

Republican Party 
Nation N Mean SD Sum of Squares df Mean Square F 

Chinese Sources 65 -.25 .662     

Russian Sources 128 .30 .705     

Saudi Sources 79 -.37 .664     

Total: 272 -.02 .749     

     Between Groups      26.334 2 13.167 28.216*** 

     Within Groups    125.533 269     .467  

     Total:    151.868 271   
 

Democratic Party 
Nation N Mean SD Sum of Squares df Mean Square F 

Chinese Sources 58 .31 .730     

Russian Sources 115 -.45 .652     

Saudi Sources 74 .35 .748     

Total: 247 -.03 .801     

     Between Groups      37.975 2 18.988 38.684*** 

     Within Groups    119.766 244     .491  

     Total:    157.741 246   

*p<0.05, **p<0.01, ***p<0.001 
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Table 4.43: Overall ANOVA Results for Global & National Impact 

Global Impact – Trump/Republican Party 
Nation N Mean SD Sum of Squares df Mean Square F 

Chinese Sources 52 -.75 .556     

Russian Sources 113 .16 .902     

Saudi Sources 68 -.62 .670     

Total: 233 -.27 .876     

     Between Groups      41.024 2 20.512 34.451*** 

     Within Groups    136.942 230     .595  

     Total:    177.966 232   
 

Global Impact – Clinton/Democratic Party 
Nation N Mean SD Sum of Squares df Mean Square F 

Chinese Sources 39 .38 .847     

Russian Sources 86 -.48 .747     

Saudi Sources 47 .43 .827     

Total: 172 -.03 .904     

     Between Groups      33.617 2 16.809 26.755*** 

     Within Groups    106.174 169     .628  

     Total:    139.791 171   
 

National Impact – Trump/Republican Party 
Nation N Mean SD Sum of Squares df Mean Square F 

Chinese Sources 44 -.36 .750     

Russian Sources 93 .30 .777     

Saudi Sources 45 -.49 .757     

Total: 182 -.05 .846     

     Between Groups      24.454 2 12.227 20.845*** 

     Within Groups    104.996 179     .587  

     Total:    129.451 181   
 

National Impact – Clinton/Democratic Party 
Nation N Mean SD Sum of Squares df Mean Square F 

Chinese Sources 35 .43 .655     

Russian Sources 68 -.62 .670     

Saudi Sources 39 .28 .887     

Total: 142 -.11 .876     

     Between Groups      33.669 2 16.835 31.398*** 

     Within Groups      74.528 139     .536  

     Total:    108.197 141   

*p<0.05, **p<0.01, ***p<0.001 
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Overall Qualitative Results 

To better comprehend the overall, longitudinal results for the qualitative coding 

categories, the top-10 frequencies across all four data pulls are shown in Table 4.44 and Table 

4.45. From Table 4.44, the overall sources’ results for the political figures category show that 

former U.S. President Barack Obama (n = 150) was the most mentioned, followed by: Russian 

President Vladimir Putin (n = 93), U.S. Vice President Mike Pence (n = 59), 2016 U.S. 

Democratic presidential candidate Bernie Sanders (n = 52), and former DNC Chairperson 

Debbie Wasserman Schultz (n = 44). For the Chinese sources, Barack Obama (n = 55) was the 

most mentioned, followed by: Mike Pence (n = 27), Vladimir Putin (n = 24), former U.S. 

President Bill Clinton (n = 16), and former U.S. First Lady Michelle Obama (n = 16). For the 

Russian sources, Barack Obama (n = 50) was the most mentioned, followed by: Vladimir Putin 

(n = 43), Bernie Sanders (n = 25), Debbie Wasserman Schultz (n = 23), and Mike Pence (n = 20). 

For the Saudi sources, Barack Obama (n = 45) was the most mentioned, followed by: Vladimir 

Putin (n = 30), Michelle Obama (n = 23), Bernie Sanders (n = 19), and Bill Clinton (n = 14). 

Overall, the most cited news outlet was CNN (n = 85), followed by: Reuters (n = 71), 

RIA Novosti (n = 53), Fox News (n = 40), the New York Times (n = 40). For the Chinese 

sources, CNN (n = 32) was the most cited, followed by: Xinhua News Agency, the official press 

agency of the People's Republic of China4 (n = 18), Agence France-Presse (n = 15), China 

Times, a daily Chinese newspaper headquartered in Taipei City, Taiwan5 (n = 15), and Reuters 

(n = 15). For the Russian sources, RIA Novosti (n = 47) was the most cited, followed by: Fox 

News (n = 29), Reuters (n = 29), CNN (n = 28), and TASS News Agency, the largest news 

                                                           
4 (See Hong, 2011; W3N, 2016a). 
5 (See Hsu, 2014; W3N, 2016d). 
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agency in Russia6 (n = 18). For the Saudi sources, Reuters (n = 27) was the most cited, followed 

by: CNN (n = 25), Agence France-Presse (n = 20), the New York Times (n = 20), and ABC 

News (n = 18). Overall, U.S. news media outlets (53%) were cited more often than non-U.S. 

news media outlets (47%). Both the Chinese and Russian sources cited non-U.S. news more 

frequently than U.S. news (Chinese = 57% to 43% and Russian = 54% to 46%). However, the 

Saudi sources cited U.S. news (71%) much more frequently than non-U.S. news (29%). 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

                                                           
6 (See Krasnoboka, 2010; W3N, 2016b). 
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Table 4.44: Overall Political Figures & Cited News Outlets 

Overall Sources: 
Other Political Figures (n) Cited News Media Outlets (n) 

  1. Barack Obama (150)   1. CNN (85) 

  2. Vladimir Putin   (93)   2. Reuters (71) 

  3. Mike Pence   (59)   3. RIA Novosti (53) 

  4. Bernie Sanders   (52)   4. Fox News (40) 

  5. Debbie Wasserman Schultz   (44)   5. New York Times (40) 

  6. Bill Clinton   (43)   6. Agence France-Presse (AFP) (35) 

  7. Michelle Obama   (43)   7. ABC News (28) 

  8. James Comey   (38)   8. NBC News (25) 

  9. Melania Trump   (27)   9. BBC (23) 

10. Khizr Khan   (23) 10. TASS News Agency (22) 
 

Chinese Sources: 
Other Political Figures (n) Cited News Media Outlets (n) 

  1. Barack Obama   (55)   1. CNN (32) 

  2. Mike Pence   (27)   2. Xinhua News Agency (18) 

  3. Vladimir Putin   (24)   3. Agence France-Presse (AFP) (15) 

  4. Bill Clinton   (16)   4. China Times (15) 

  5. Michelle Obama   (16)   5. Reuters (15) 

  6. Melania Trump   (15)   6. Guangming Daily (14) 

  7. James Comey   (14)   7. New York Times (13) 

  8. Ted Cruz   (14)   8. Global Times (10) 

  9. Bernie Sanders   (12)   9. NBC News (10) 

10. Debbie Wasserman Schultz   (11) 10. Wall Street Journal (10) 
 

Russian Sources: 
Other Political Figures (n) Cited News Media Outlets (n) 

  1. Barack Obama   (50)   1. RIA Novosti (47) 

  2. Vladimir Putin   (43)   2. Fox News (29) 

  3. Bernie Sanders   (25)   3. Reuters (29) 

  4. Debbie Wasserman Schultz   (23)   4. CNN (28) 

  5. Mike Pence   (20)   5. TASS News Agency (22) 

  6. James Comey   (19)   6. New York Times (16) 

  7. Bill Clinton   (17)   7. BBC (14) 

  8. Julian Assange   (13)   8. Politico (14) 

  9. Melania Trump   (10)   9. ABC News (12) 

10. Monica Lewinsky     (8) 10. Russia Today (RT)   (8) 
 

Saudi Sources: 
Other Political Figures (n) Cited News Media Outlets (n) 

  1. Barack Obama   (45)   1. Reuters (27) 

  2. Vladimir Putin   (30)   2. CNN (25) 

  3. Michelle Obama   (23)   3. Agence France-Presse (AFP) (20) 

  4. Bernie Sanders   (19)   4. New York Times (20) 

  5. Bill Clinton   (14)   5. ABC News (18) 

  6. Melania Trump   (14)   6. NBC News (14) 

  7. Benjamin Netanyahu   (13)   7. Fox News (11) 

  8. Khizr Khan   (13)   8. Washington Post (10) 

  9. Mike Pence   (12)   9. Wall Street Journal   (9) 

10. Humayun Khan   (11) 10. CBS News   (8) 
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As shown in Table 4.45, the overall domestic policy results show that the U.S. Economy 

(n = 144) was the most cited policy, followed by policies on: Immigration (n = 108), Trump’s 

Muslim Ban (n = 77), U.S. Race Relations (n = 76), and Health Care (n = 36). For the Chinese 

sources, the U.S. Economy (n = 50) was the most cited policy, followed by policies on: 

Immigration (n = 34), Health Care (n = 20), Trump’s Muslim Ban (n = 19), and Climate Change 

(n = 9). For the Russian sources, the U.S. Economy (n = 63) was the most cited policy, followed 

by policies on: Immigration (n = 33), National Security (n = 25), U.S. Race Relations (n = 25), 

and the U.S. National Debt (n = 19). For the Saudi sources, Trump’s Muslim Ban (n = 49) was 

the most cited policy, followed by: U.S. Race Relations (n = 42), Immigration (n = 41), U.S. 

Economy (n = 31), and Health Care (n = 13). 

The overall foreign policy results show that U.S./Russia Relations (n = 162) was the most 

cited policy, followed by policies on: the Global Economy (n = 117), the Trans-Pacific 

Partnership (n = 74), U.S. intervention in Syria (n = 73), and U.S./China Relations (n = 59). For 

the Chinese sources, U.S./China Relations (n = 59) was the most mentioned policy, followed by 

policies on: the Global Economy (n = 48), the Trans-Pacific Partnership (n = 37), U.S./Russia 

Relations (n = 33), and U.S./Taiwan Relations (n = 26). For the Russian sources, U.S./Russia 

Relations (n = 92) was the most cited policy, followed by policies on: the U.S. Sanctions on 

Russia (n = 53), Terrorism (n = 47), U.S. intervention in Syria (n = 43), and the Global Economy 

(n = 24). Lastly, for the Saudi sources, the Global Economy (n = 45) was the most cited policy, 

followed by policies on: U.S./Russia Relations (n = 37), U.S. intervention in Syria (n = 30), the 

Trans-Pacific Partnership (n = 27), and U.S./Saudi Relations (n = 25). 

The overall results for the most common issues/themes show that Trump’s Election 

Victory (n = 69) was the most discussed issue, followed by: the Democratic National Convention 
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(n = 55), Trump’s Inauguration (n = 53), the Republican National Convention (n = 48), and the 

DNC Email Hack/Scandal (n = 37). For the Chinese sources, Trump’s Election Victory (n = 20) 

was the most discussed issue, followed by: Trump’s Inauguration (n = 17), claims that Clinton 

won the First Debate (n = 14), the Dem. National Convention (n = 14), and the Women’s March 

on Washington protests (n = 13). For the Russian sources, Trump’s Election Victory (n = 31) 

was the most discussed issue, followed by: the DNC Email Hack/Scandal (n = 27), Trump’s 

Inauguration (n = 25), Schultz’s resignation as the DNC Chair (n = 22), and the Dem. National 

Convention (n = 20). Lastly, for the Saudi sources, the Dem. National Convention (n = 21) was 

the most discussed issue, followed by: the Rep. National Convention (n = 19), Trump’s Election 

Victory (n = 18), Anti-Trump Protests (n = 15), and Ted Cruz’s speech at the RNC (n = 13).  

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 



183 
 

Table 4.45: Overall Domestic/Foreign Policies & Issues/Themes 

Overall Sources: 
 Domestic Policies (n) Foreign Policies (n) Issues/Themes (n) 

  1. U.S. Economy (144)   1. U.S./Russia Relations (162)   1. Trump’s Election Victory (69) 

  2. Immigration (108)   2. Global Economy (117)   2. Dem. Convention (55) 

  3. Trump’s Muslim Ban (77)   3. TPP (74)   3. Trump’s Inauguration (53) 

  4. U.S. Race Relations (76)   4. Syria (73)   4. Rep. Convention (48) 

  5. Health Care (36)   5. U.S./China Relations (59)   5. DNC Email Hack (37) 

  6. National Security (28)   6. U.S. Sanctions on Russia (53)   6. Cruz’s RNC Speech (29) 

  7. Trump’s Border Wall (25)   7. Terrorism (47)   7. GOP’s Congress Victory (29) 

  8. U.S. National Debt (19)   8. Cyber-Security (31)   8. POTUS Admin. Transition (29) 

  9. U.S. Election Corruption (13)   9. U.S./Taiwan Relations (26)   9. Anti-Trump Protests (26) 

10. Climate Change (9) 10. U.S./Saudi Relations (25) 10. Senate Cabinet Hearings (26) 
 

Chinese Sources: 
Domestic Policies (n) Foreign Policies (n) Issues/Themes (n) 

  1. U.S. Economy (50)   1. U.S./China Relations (59)   1. Trump’s Election Victory (20) 

  2. Immigration (34)   2. Global Economy (48)   2. Trump’s Inauguration (17) 

  3. Health Care (20)   3. TPP (37)   3. Clinton Wins Debate (14) 

  4. Trump’s Muslim Ban (19)   4. U.S./Russia Relations (33)   4. Dem. Convention (14) 

  5. Climate Change (9)   5. U.S./Taiwan Relations (26)   5. Women’s March Protests (13) 

  6. U.S. Race Relations (9)   6. Cyber-Security (5)   6. Rep. Convention (12) 

  7. Trump’s Borders Wall (8)   7. NATO (5)   7. Anti-Trump Protests (11) 

  8. Gender Pay Gap (3)   8. Foreign Aid (4)   8. Spicer’s 1st Presser (11) 

  9. Gun Control (3)   9. North Korea (4)   9. Trump’s Tax Returns (10) 

10. National Security (3) 10. NAFTA (3) 10. Cruz’s RNC Speech (9) 
 

Russian Sources: 
Domestic Policies (n) Foreign Policies (n) Issues/Themes (n) 

  1. U.S. Economy (63)   1. U.S./Russia Relations (92)   1. Trump’s Election Victory (31) 

  2. Immigration (33)   2. U.S. Sanctions on Russia (53)   2. DNC Email Hack (27) 

  3. National Security (25)   3. Terrorism (47)   3. Trump’s Inauguration (25) 

  4. U.S. Race Relations (25)   4. Syria (43)   4. DNC Chair Resigns (22) 

  5. U.S. National Debt (19)   5. Global Economy (24)   5. Dem. Convention. (20) 

  6. U.S. Election Corruption (13)   6. Cyber-Security (14)   6. Clinton/FBI Investigation (19) 

  7. Trump’s Muslim Ban (9)   7. TPP (10)   7. Rep. Convention (17) 

  8. Domestic Terrorism (8)   8. NATO (9)   8. GOP’s Congress Victory (16) 

  9. Trump’s Border Wall (8)   9. Israel/Palestine (7)   9. Senate Cabinet Hearings (14) 

10. Drugs (5) 10. Foreign Aid (6) 10. U.S. Failing Democracy (14) 
 

Saudi Sources: 
Domestic Policies (n) Foreign Policies (n) Issues/Themes (n) 

  1. Trump’s Muslim Ban (49)   1. Global Economy (45)   1. Dem. Convention (21) 

  2. U.S. Race Relations (42)   2. U.S./Russia Relations (37)   2. Rep. Convention (19) 

  3. Immigration (41)   3. Syria (30)   3. Trump’s Election Victory (18) 

  4. U.S. Economy (31)   4. TPP (27)   4. Anti-Trump Protests (15) 

  5. Health Care (13)   5. U.S./Saudi Relations (25)   5. Cruz’s RNC Speech (13) 

  6. Trump’s Border Wall (9)   6. Cyber-Security (12)   6. Global Markets React (12) 

  7. Press Freedom (5)   7. Israel/Palestine (8)   7. Clinton Wins Debate (11) 

  8. Defense Spending (4)   8. Syrian Refugees (6)   8. Khan Family (11) 

  9. Drugs (3)   9. Foreign Aid (5)   9. Trump’s Inauguration (11) 

10. Gun Control (3) 10. NSA Surveillance (4) 10. Trump’s Debate Flaws (9) 
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 Lastly, Table 4.46 includes the Spearman correlation coefficient (or Spearman’s rho) 

results for the overall qualitative coding categories. Due to frequency limitations in the previous 

data pulls, this statistical test was only conducted for the overall qualitative coding results. The 

following p values (as shown below in Table 4.46) indicate the Spearman correlation coefficient 

between the three nations’ news sources as well as the overall news sources. These values are 

evaluated on a standard correlation measurement scale (i.e., -1 ≤ rs ≤ 1), and the strength of the rs 

correlations are as follows: 1) Very Strong (.80-1.00), 2) Strong (.60-.79), 3) Moderate (.40-.59), 

4) Weak (.20-.39), and 5) Very Weak (.00-.19). 

Table 4.46: Overall Spearman’s Rho Results for Qualitative Coding Categories 
 Political 

Figures 

Cited News 

Outlets 

Domestic 

Policies 

Foreign 

Policies 

Issues/ 

Themes 

Chinese Sources rs rs rs rs rs 

Overall Sources .551 -.515 .303 -.169 -.394 

Russian Sources  .236 -.333 .006 .072 -.030 

Saudi Sources .321 .236 .296 .042 .012 
 

 Political 

Figures 

Cited News 

Outlets 

Domestic 

Policies 

Foreign 

Policies 

Issues/ 

Themes 

Russian Sources rs rs rs rs rs 

Overall Sources .630 .387 .442 .018 .424 

Chinese Sources .236 -.333 .006 .072 -.030 

Saudi Sources .127 -.484 .109 .339 -.224 
 

 Political 

Figures 

Cited News 

Outlets 

Domestic 

Policies 

Foreign 

Policies 

Issues/ 

Themes 

Saudi Sources rs rs rs rs rs 

Overall Sources .115 .193 .339 .036 -.315 

Chinese Sources .321 .236 .296 .042 .012 

Russian Sources .127 -.484 .109 .339 -.224 

 

 From Table 4.46, the majority of the results (i.e., approximately 84.4%) show weak and 

very weak correlations, followed by moderate (13.3%) and strong (2.2%) correlations. When 

compared to the overall sources’ frequencies, the Chinese and Russian sources had the highest 

positive correlations for the “Other Political Figures” coding category, and the highest positive 

correlation for the Saudi sources fell under the “Domestic Policies” coding category. However, 

the correlations among the three nations’ news sources were much lower (and often negatively 
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correlated) than the correlations with the overall sources. Although these Spearman’s rho 

findings do not provide sufficient evidence of monotonic relationships across the five qualitative 

coding categories, there are some moderate and strong correlations that are evident from this 

statistical analysis.   
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CHAPTER FIVE: DISCUSSION 

 

 To recap, the four primary purposes for this study were to examine: 1) how the Chinese, 

Russian, and Saudi news stories presented the 2016 U.S. presidential election, 2) how the 

Chinese, Russian, and Saudi news stories presented the U.S. nation-brand, 3) which news media 

outlets were most cited in the Chinese, Russian, and Saudi news stories, and 4) whether the 

Chinese, Russian, and Saudi news stories indicated a perceived gray zone between the U.S. and 

other nations. This chapter addresses this study’s summaries of the results (both by the study 

purposes and by the research questions), theoretical and practical implications, limitations (both 

theoretical and methodological) and directions for future research, and conclusion. 

Summary of Results 

Before discussing the specific results of this study, it is important to broadly summarize 

the results according to the four study purposes. First, regarding the presentation of the 2016 

U.S. presidential election, distinct lines emerged between the Chinese and Saudi news coverage 

and the Russian news coverage. Simply put, the Chinese and Saudi sources were primarily 

biased toward (or favorable to) Hillary Clinton and the Democratic Party, and were biased 

against (or unfavorable to) Donald Trump and the Republican Party. Alternatively, the Russian 

sources were primarily biased toward (or favorable to) Donald Trump and the Republican Party, 

and were biased against (or unfavorable to) Hillary Clinton and the Democratic Party.  

Second, regarding the presentation of the U.S. nation-brand, the sample news content 

results suggest that all three nations’ news sources present the U.S. nation-brand negatively. 
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However, the quantitative results suggest that the Chinese and Saudi sources present the U.S. 

nation-brand rather positively when discussing Hillary Clinton and the Democratic Party, but 

negatively when discussing Donald Trump and the Republican Party. By comparison, the 

quantitative results suggest that the Russian sources present the U.S. nation-brand rather 

positively when discussing Donald Trump and the Republican Party, but negatively when 

discussing Hillary Clinton and the Democratic Party. 

Third, regarding the most frequently cited news media outlets among the three nations’ 

news sources, U.S. news outlets were cited more often than non-U.S. news outlets among the 

overall sources and Saudi sources, but less often than non-U.S. news outlets among the Chinese 

and Russian sources. Lastly, regarding the presence (or absence) of perceived gray zones and/or 

media gray zones, the results suggest that all three nations’ news coverage indicate both the 

presence of perceived gray zones between the U.S. and other nations, as well as the apparent 

presence of media gray zones among the three nations. In addition to these general summaries, 

the following paragraphs provide more precise summaries of the results according to each of the 

corresponding research questions used to direct this study. 

RQ1: How is Donald Trump presented in the Chinese, Russian, and Saudi news coverage 

 of the 2016 U.S. presidential election? 

 

 Overall, Donald Trump was negatively presented across all four data pulls and the 

combined results. The recurring trends in the results show that the Russian sources mainly 

presented Trump in a positive manner, while the Chinese and Saudi sources overwhelmingly 

presented Trump in a negative manner. Furthermore, the overall news coverage of Trump’s 

global and national impact were almost all negatively presented. Especially following the 

election and the inauguration, the Chinese and Saudi sources appeared concerned and 

apprehensive about the future geopolitical relations under Trump’s presidency. However, the 
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Russian sources appeared much more optimistic about Trump’s presidency by focusing on the 

potential benefits and the potential positive impact that Trump could have on Russia. 

RQ2: How is Hillary Clinton presented in the Chinese, Russian, and Saudi news coverage 

 of the 2016 U.S. presidential election? 

 

 The overall presentations of Hillary Clinton were positive across three of the four data 

pulls and the combined results. Clinton was only presented negatively overall in the RNC/DNC 

data pull. The recurring trends in the results show that the Russian sources overwhelmingly 

presented Clinton in a negative manner, while the Chinese and Saudi sources primarily presented 

Clinton in a positive manner. Although the overall news coverage of Clinton’s global and 

national impact were almost all negatively presented, the Chinese and Saudi sources appeared 

rather optimistic about the future geopolitical relations under a Clinton presidency. However, 

nearly all of the Russian sources were very pessimistic about the possibility of a Clinton 

presidency, which they claim would be an extension of the Obama administration’s policies 

(e.g., the U.S. economic sanctions on Russia) that would continue to negatively affect Russia. 

RQ3: How is the Republican Party presented in the Chinese, Russian, and Saudi news 

 coverage of the 2016 U.S. presidential election? 

 

 Overall, the Republican Party was negatively presented across three of the four data pulls 

and the combined results. Only the Inauguration Day data pull had an overall positive 

presentation for the Republican Party. The recurring trends in the results show that the Russian 

sources mainly presented the Republican Party in a positive manner, while the Chinese and 

Saudi sources overwhelmingly presented it in a negative manner. Furthermore, the overall news 

coverage of the Republican Party’s global and national impact was almost all negative. As 

previously mentioned, the Chinese and Saudi sources were apprehensive about the future 

geopolitical relations under Trump and a Republican-controlled U.S. government. Conversely, 



189 
 

the Russian sources were highly optimistic about the possibility of Trump and the Republican 

Party restoring relations between the U.S. and Russia. 

RQ4: How is the Democratic Party presented in the Chinese, Russian, and Saudi news 

 coverage of the 2016 U.S. presidential election? 

 

 The overall presentations of the Democratic Party were positive in the 1st debate and 

Election Day data pulls, but negative across the RNC/DNC and Inauguration Day data pulls and 

the combined results. The recurring trends in the results show that the Russian sources 

overwhelmingly presented the Democratic Party in a negative manner, while the Chinese and 

Saudi sources primarily presented it in a positive manner. Although the overall news coverage of 

the Republican Party’s global and national impact was almost all negative, the Chinese and 

Saudi sources seemed rather optimistic about the future geopolitical relations under a 

Democratic-controlled U.S. government. However, nearly all the Russian sources were very 

pessimistic about Clinton and the Democratic Party, warning of an extension of the Obama 

administration’s negative policies toward Russia. 

RQ5: What are the most salient issues mentioned among the Chinese, Russian, and Saudi 

 news coverage of the 2016 U.S. presidential election? 

 

The domestic policies, foreign policies, and issues/themes coding categories were used to 

answer RQ5 regarding the most salient issues among the three nations’ news stories. First, the 

most commonly discussed domestic policies overall were the U.S. economy, immigration, 

Trump’s Muslim ban, race relations in the United States, and the U.S. health care system. Next, 

the most commonly discussed foreign policies overall were relations between the U.S. and 

Russia, the global economy, the Trans-Pacific Partnership, the United States’ intervention in 

Syria, and relations between the U.S. and China. Lastly, the most frequently mentioned 

issues/themes overall were Trump’s election, the Democratic National Convention, Trump’s 
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Inauguration, the Republican National Convention, and the DNC email hack/scandal. Also, the 

Chinese and Saudi sources discussed anti-Trump protests far more than the Russian sources, who 

were mainly focused on the scandals surrounding the DNC. 

For the overall Chinese sources, the U.S. Economy (n = 50) was the most cited domestic 

policy, followed by policies on: Immigration (n = 34), Health Care (n = 20), Trump’s Muslim 

Ban (n = 19), and Climate Change (n = 9). The most cited foreign policy was U.S./China 

Relations (n = 59), followed by policies on: the Global Economy (n = 48), the Trans-Pacific 

Partnership (n = 37), U.S./Russia Relations (n = 33), and U.S./Taiwan Relations (n = 26). The 

most frequently discussed issue/theme was Trump’s Election Victory (n = 20), followed by: 

Trump’s Inauguration (n = 17), claims that Clinton won the First Debate (n = 14), the 

Democratic National Convention (n = 14), and the 2017 Women’s March on Washington 

protests (n = 13).  

For the overall Russian sources, the U.S. Economy (n = 63) was the most cited domestic 

policy, followed by policies on: Immigration (n = 33), National Security (n = 25), U.S. Race 

Relations (n = 25), and the U.S. National Debt (n = 19). The most cited foreign policy was 

U.S./Russia Relations (n = 92), followed by: the U.S. Sanctions on Russia (n = 53), Islamic 

Terrorism (n = 47), U.S. intervention in Syria (n = 43), and the Global Economy (n = 24). The 

most frequently discussed issue/theme was Trump’s Election Victory (n = 31), followed by: the 

DNC Email Hack/Scandal (n = 27), Trump’s Inauguration (n = 25), Schultz’s resignation as the 

DNC Chair (n = 22), and the Democratic National Convention (n = 20).  

For the overall Saudi sources, Trump’s Muslim Ban (n = 49) was the most cited domestic 

policy, followed by policies on: U.S. Race Relations (n = 42), Immigration (n = 41), the U.S. 

Economy (n = 31), and Health Care (n = 13). The most cited foreign policy was the Global 



191 
 

Economy (n = 45), followed by policies on: U.S./Russia Relations (n = 37), U.S. intervention in 

Syria (n = 30), the Trans-Pacific Partnership (n = 27), and U.S./Saudi Relations (n = 25). The 

most frequently discussed issue/theme was the Democratic National Convention (n = 21), 

followed by: the Republican National Convention (n = 19), Trump’s Election Victory (n = 18), 

Anti-Trump Protests (n = 15), and Ted Cruz’s speech at the RNC (n = 13). 

RQ6: Which political leaders (both U.S. and global) are most frequently mentioned among 

 the Chinese, Russian, and Saudi news coverage of the 2016 U.S. presidential 

 election? 

 

 The other political figures coding category was used to answer RQ6 regarding the most 

frequently mentioned political leaders among the three nations’ news stories. Although not 

surprising given the fact that this study is focused on U.S. politics, political figures from the 

United States were more frequently mentioned than were non-U.S. political figures. Following 

former U.S. President Barack Obama, the most frequently mentioned U.S. political figures 

included: Vice-President Mike Pence, Senator Bernie Sanders, Representative Debbie 

Wasserman Schultz, and former U.S. President Bill Clinton. Following Russian President 

Vladimir Putin, the most frequently mentioned non-U.S. political figures included: Chinese 

President Xi Jinping, Israeli Prime Minister Benjamin Netanyahu, Syrian President Bashar al-

Assad, and Ukrainian President Petro Poroshenko. 

For the overall Chinese sources, Barack Obama (n = 55) was the most frequently 

mentioned political figure, followed by: Mike Pence (n = 27), Vladimir Putin (n = 24), Bill 

Clinton (n = 16), and former U.S. First Lady Michelle Obama (n = 16). For the overall Russian 

sources, Barack Obama (n = 50) was again the most frequently mentioned political figure, 

followed by: Vladimir Putin (n = 43), Bernie Sanders (n = 25), Debbie Wasserman Schultz (n = 

23), and Mike Pence (n = 20). For the overall Saudi sources, Barack Obama (n = 45) was once 
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again the most frequently mentioned political figure, followed by: Vladimir Putin (n = 30), 

Michelle Obama (n = 23), Bernie Sanders (n = 19), and Bill Clinton (n = 14). 

RQ7: Which news media outlets are most frequently cited among the Chinese, Russian, 

 and Saudi news coverage of the 2016 U.S. presidential election? 

 

 The cited news media outlets coding category was used to answer RQ7 regarding the 

most frequently cited news sources among the three nations’ news stories. The U.S. news media 

outlets were cited more often than non-U.S. news media outlets, overall. While the Saudi sources 

followed this overall trend, the Chinese and Russian sources cited non-U.S. news media outlets 

more often than U.S. news media outlets. CNN, the most frequently cited U.S. news outlet, was 

followed by: the New York Times, Fox News, ABC News, NBC News, and the Wall Street 

Journal. Reuters, the most frequently cited non-U.S. news outlet, was followed by: RIA Novosti, 

Agence France-Presse (AFP), the British Broadcasting Corporation (BBC), TASS News Agency, 

and Xinhua News Agency. 

For the overall Chinese sources, CNN (n = 32) was the most cited news outlet, followed 

by: Xinhua News Agency (n = 18), Agence France-Presse (n = 15), China Times (n = 15), and 

Reuters (n = 15). For the overall Russian sources, RIA Novosti (n = 47) was the most cited news 

outlet, followed by: Fox News (n = 29), Reuters (n = 29), CNN (n = 28), and TASS News 

Agency (n = 18). For the overall Saudi sources, Reuters (n = 27) was the most cited news outlet, 

followed by: CNN (n = 25), Agence France-Presse (n = 20), the New York Times (n = 20), and 

ABC News (n = 18). 

Theoretical Implications 

 This study contains five major features that most contribute to scholarly research: 1) the 

analyses of state-owned and pro-government news sources from China, Russia, and Saudi 

Arabia, 2) the assessment of cited news media outlets, 3) the examination of global news media 
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presentations of the U.S. nation-brand, 4) the connection of the theoretical and conceptual 

frameworks, and 5) the application of cross-national media studies to the 2016 U.S. presidential 

election. First, cross-national news media research of China, Russia, and Saudi Arabia is rather 

scant, and the analyses of news stories from these nations’ state-owned and pro-government 

news outlets adds another dynamic that makes this study unique. Second, while much of the 

global news flow studies focus on media dependency for story content (i.e., events and issues to 

cover), this study contributes to global news flow by assessing which news media outlets are 

cited or referenced among the Chinese, Russian, and Saudi the news stories. Third, this study 

adds to the scholarly literature that examines global perceptions of the U.S. nation-brand. Fourth, 

this study showed the connections among global news flow theory, nation branding theory, and 

the gray zone (and media gray zone) concepts, and how these theories and concepts overlap 

within the field of mass communication research. Lastly, this study further adds to its uniqueness 

by specifically examining cross-national news media presentations of the 2016 U.S. election. 

This study contributes to the scholarly literature on global news flow theory, nation 

branding theory, and the gray zone and media gray zone concepts by providing a new context for 

investigating the theories and concepts collectively. Thus, this study shows the various ways in 

which these theoretical and conceptual frameworks overlap and are connected to each other. 

Additionally, this study’s use of the content analysis method to study the aforementioned 

theories and concepts in a cross-national news media context provides several theoretical and 

practical implications. Therefore, the following subsections address the theoretical implications 

of this study for global news flow theory, nation branding theory, and the gray zone and media 

gray zone concepts.  
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Implications for Global News Flow. The results pertaining to global news flow raise a 

significant question: Why were U.S. news outlets cited more frequently than non-U.S. news 

outlets among the overall and Saudi sources, but less frequently among the Chinese and Russian 

sources? One reason that could be a major predictor of these results is the prominent 

characteristics of the Chinese, Russian, and Saudi Arabian news media systems (Golan & 

Himelboim, 2016; Hallin & Mancini, 2012; Segev, 2015; Wallerstein, 2004). There are four 

major factors that most likely explain why the Chinese and Russian sources cited non-U.S. news 

more frequently than U.S. news: 1) cultural/geographic proximity and regionalism, 2) global 

prominence of national and international news media outlets, 3) power and influence in 

geopolitical relations, and 4) Western v. non-Western political dynamics (Hallin & Mancini, 

2012; Sparks, 2008; Wu, 1998, 2000, 2003, 2007).  

For cultural/geographic proximity and regionalism, both the Chinese and Russian news 

media systems could be viewed as parts of “media system clusters” in their geographic region 

(Hadland, 2012, p. 113). In other words, the Chinese and Russian sources likely cited news 

outlets from nations that are more closely located near them and that more closely resemble their 

cultural values and norms (Haynes, 1984; Segev, 2015; Wu, 1998, 2000, 2003, 2007). For global 

prominence of national and international news media outlets, both the Chinese and Russian 

sources cited prominent news outlets from non-U.S. nations that are competitive to U.S. news 

outlets in the global news media context (IFABC, 2010; WAN-IFRA, 2016; Wu, 1998, 2000, 

2003, 2007). For power and influence in geopolitical relations, akin to aforementioned “national 

traits” variable, the significant size and power of China and Russia in the geopolitical context 

could also explain these results (Segev, 2015; Sheafer et al., 2013; Wu, 1998, 2000, 2007). 

Lastly, the Western v. non-Western political dynamics factor is perhaps rooted in the rather 
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contentious geopolitical relations between the U.S. and these two nations, and could likely 

explain why the Chinese and Russian sources cited non-U.S. news more frequently than U.S. 

news (Segev, 2015; Wu, 1998, 2000, 2003). 

By comparison, there are three factors that likely explain why Saudi sources cited U.S. 

news more frequently than non-U.S. news: 1) geopolitical relations with the U.S., 2) increase of 

English as a second-language in Arab nations, and 3) semi-periphery and periphery nations’ 

high media dependency from core nations (Al-Jarf, 2008; Kim & Barnett, 1996; Sreberny, 2006; 

Wanta et al., 2004; Wu, 2007). For geopolitical relations with the U.S., the relationship between 

the U.S. and Saudi Arabia can often be ambiguous and contentious, but various reasons (e.g., the 

U.S. dependence for Saudi oil) may explain the prevalence of U.S. news citations among the 

Saudi sources (Segev, 2015; Wanta et al., 2004; Wu, 2007). For increase of English as a second-

language in Arab nations, both the spread of globalization and the rising popularity of the 

English language throughout the Middle East could likely explain why the Saudi sources cited 

U.S. news more frequently than non-U.S. news (Al-Jarf, 2008; Kim & Barnett, 1996; Sreberny, 

2006). Lastly, for semi-periphery and periphery nations’ high media dependency from core 

nations, Saudi Arabia’s status as between a semi-periphery and periphery nation aligns with 

previous studies’ findings (see Chang et al., 2000; Ekeanyanwu et al., 2012; Golan, 2008; Golan 

& Himelboim, 2016) regarding these nations’ dependence on core nations for news stories. 

Despite the above differences, the overall results for these three nations align with many global 

news flow studies (e.g., Garcia & Golan, 2008; O’Reilly, 2016; ROI Agency, 2015, 2016; Wu, 

1998, 2000, 2003, 2007), showing the continued prominence of the U.S. and U.S. news media 

among global news media coverage in periphery and semi-periphery nations (Barnett, 2012; 

Golan & Himelboim, 2016; Wallerstein, 2004, 2011). 
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A final important note regarding this study’s implications for global news flow 

particularly pertains to the Chinese, Russian, and Saudi news sources’ citations of U.S. news 

media outlets and its relation to partisan news coverage. Drawing from Mitchell, Gottfried, 

Kiley, & Matsa’s (2014) study on U.S. news media partisanship and from various studies’ (see 

Chideya, 2016; Childress, 2016; Patterson, 2016a, 2016b, 2016c, 2016d) findings regarding 

partisan U.S. news coverage of the 2016 election, the valence results from these nations’ news 

sources could be (at least partially) explained by partisan biases among U.S. news media outlets. 

According to Mitchell and colleagues’ (2014) measurements (see figure in Appendix E regarding 

audience partisan biases according to U.S. news consumption), liberal-leaning U.S. news outlets 

most frequently cited in this study include: CNN (n = 85), New York Times (n = 40), ABC News 

(n = 28), and NBC News (n = 25), while Fox News (n = 40) was the only major conservative-

leaning U.S. news outlet frequently cited among these nations’ news stories.  

The Chinese and Saudi sources cited CNN most frequently, and the Russian sources cited 

Fox News more frequently than any other U.S. news outlet. The Chinese, Russian, and Saudi 

news outlets’ decisions to cite these partisan U.S. news sources are likely due to the fact that the 

partisan news coverage aligns with these nations’ pre-existing biases toward (or against) the 

presidential candidates and/or their political parties. Furthermore, Patterson (2016a, 2016b, 

2016c, 2016d) found that virtually all of the major U.S. news media outlets overwhelmingly 

covered both Trump and Clinton in a negative manner throughout the 2016 election campaign. 

The prominence of negative U.S. news coverage could also explain (as least in part) the 

prominence of negative news coverage among the Chinese, Russian, and Saudi sources.  

Implications for Nation Branding. As previously mentioned, the Chinese, Russian, and 

Saudi Arabian news sources were selected for this study because of the contentious relationships 
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between these nations and the United States. Furthermore, by analyzing these nations’ state-

owned/pro-government news media outlets, this study can better assess these nations’ 

perceptions (and presentations) of the 2016 election and the U.S. nation-brand. In other words, 

the results from these state-owned/pro-government news media outlets are more likely to reflect 

the Chinese, Russian, and Saudi governments’ perceptions of the United States, and how they 

present the U.S. to their citizens. 

The results pertaining to nation branding raise a significant question: Why was the U.S. 

nation-brand presented negatively among most of the Chinese, Russian, and Saudi sources? For 

both the Chinese and Saudi news coverage, the negative perceptions of the U.S. nation-brand 

were evident in their continual presentations of: the presidential candidates’ low approval 

ratings, corruption and division among both U.S. political parties, racial and social injustices in 

the U.S., and the election’s potentially negative global effects (e.g., economic, military, and 

political). Nonetheless, the negative perceptions of the U.S. nation-brand were most prominent in 

the Russian news coverage, which consistently portrayed the U.S. as: a geopolitical bully, a 

relentless supporter of globalism, a nation marred by inequalities, and a nation notoriously 

characterized by systemic corruption (e.g., economic and political). These negative perceptions 

of the U.S. nation-brand align with previous studies’ findings (see Anholt, 2005; DeFleur & 

DeFleur, 2003; Fullerton, 2005; Fullerton et al., 2007; Hew & Cheung, 2014; Rawson, 2007), 

suggesting these studies were fairly predictive of this study’s results. 

Another important implication to note is the application of Fullerton’s (2014) Model of 

Country Concept in this study’s qualitative content analysis. Specifically, six components of 

Fullerton’s model were most evident in these nations’ news stories: 1) cultural/historical 

relationships, 2) economic conditions, 3) governance–foreign/domestic policy, 4) international 
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politics, 5) investment and immigration, and 6) public diplomacy. First, the cultural/historical 

relationships component was evident in stories that discussed topics such as: anti-Islamic 

sentiments in the U.S., past U.S. presidencies, past U.S. elections, and U.S. race relations. 

Second, the economic conditions component was evident in stories that discussed economic 

topics including: the global economy, global economic markets’ reactions to the 2016 election, 

trade unions (e.g., the EU, NAFTA, and TPP), and U.S. unemployment. Third, the governance–

foreign/domestic policy component was evident in stories that discussed topics including: the 

U.S. congress, the U.S. Senate’s presidential cabinet hearings, U.S. domestic policies (e.g., 

climate change, health care reform, and immigration), and U.S. foreign policies (e.g., combatting 

terrorism, U.S. geopolitical relations, and the U.S. intervention in Syria). 

The fourth, fifth, and sixth components stem from and, subsequently, are similar to the 

first three components (Fullerton, 2014; Fullerton et al., 2017). Fourth, the international politics 

component was evident in stories that discussed topics including: the global rise of political 

populism, the Middle East (e.g., Syria and Turkey), trade unions (e.g., the EU, NAFTA, and 

TPP), and U.S. relations with other nations (e.g., China, Russia, and Saudi Arabia). Fifth, the 

investment and immigration component was evident in stories that discussed topics such as: 

economic imports/exports, global economic trade, and U.S. immigration policies (e.g., Trump’s 

border wall with Mexico and Trump’s Muslim ban). Lastly, the public diplomacy component 

was evident in stories that discussed political dialogues between government officials in the U.S. 

and other nations. Having addressed the presence of these MCC components in the results, this 

study gives further support to the applicability of Fullerton’s (2014) model. 

As previously mentioned, this study’s findings regarding the prominence of negative 

news coverage on the 2016 U.S. election (and negative presentations of the U.S. nation-brand) 
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among these nations’ news stories align with Patterson’s (2016a, 2016b, 2016c, 2016d) findings 

concerning the of negative coverage among U.S. news media outlets. This suggests that news 

media presentations of a country’s nation-brand could likely be correlated with the global news 

flow from that particular country. In other words, global news outlets may rely on partisan news 

outlets from a given nation in order to craft news media narratives of that nation (and its nation-

brand) and present it to their audiences. Furthermore, one can reasonably expect this form of 

media dependency to transcend across virtually all types of global news media outlets (i.e., state-

owned, pro-government, neutral, and oppositional news sources). 

Implications for the Gray Zone & Media Gray Zone. As discussed in the literature 

review, a gray zone is “characterized by intense political, economic, informational, and military 

competition more fervent in nature than normal steady-state diplomacy, yet short of conventional 

war” (Votel, Cleveland, Connett, & Irwin, 2016, p. 102). A media gray zone involves state-

controlled news media’s construction of its media presentations with the primary purpose of 

shaping long-term public opinion, perceptions, and attitudes about another nation (Hinck et al., 

2017; SMA, 2016). The results pertaining to the gray zone (and media gray zone) raise two 

significant questions: 1) Why were perceptions of gray zones between U.S. and other nations 

prevalent among the Chinese, Russian, and Saudi sources? And 2) What evidence indicated the 

presence of media gray zones among the Chinese, Russian, and Saudi sources? In answering the 

first question, all three nations’ news media presentations of U.S. geopolitical relations, global 

economic relations, and military interventions indicate the presence of a perceived gray zone 

between the United States and other nations (Barno & Benashel, 2015; Echevarria, 2016; 

Maxwell, 2015; Mazarr, 2015). For example, when the Russian media talked about U.S. 

geopolitical relations, they focused on the U.S. economic sanctions placed on Russia. 
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Furthermore, these perceptions were especially noticeable among all three nations’ news media 

discussions regarding the past, present, and future geopolitical relations between the United 

States and Russia.  

In answering the second question, the results also suggest potential media gray zones 

among these three nations news coverage of the 2016 election due to various stories (especially 

among the Russian sources) attempting to promote nationalism within their own countries and 

shape their publics’ opinions, perceptions, and attitudes about the United States (Cheng, 2012; 

Halper, 2013; Hinck et al., 2017; SMA, 2016). As previously mentioned, this study is proof of 

the applicability of the gray zone and media gray zone concepts in mass communication 

research. 

Practical Implications 

This study provides three practical contributions to various professional fields (e.g., 

public diplomacy, political public relations, and government/military intelligence) in the U.S. 

government and politics: 1) the practical insight into how Chinese, Russian, and Saudi state-

owned and pro-government news sources presented the 2016 U.S. presidential election, 2) the 

practical application of the theoretical and conceptual frameworks, and 3) the practical value of 

mass communication research. First, this study could provide insight about the motives and 

perceptions held by the Chinese, Russian, and Saudi Arabian governments toward the United 

States. Thus, this area of research could have a major impact on how geopolitical diplomats, 

government officials, and public policy-makers approach potential conflicts within international 

negotiations and deliberations in the future. Knowing how the U.S. is being perceived by one of 

these countries can help these individuals strategize messages and policy. For example, if China 

and Saudi Arabia are concerned about their relationships with the US under a Trump 
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administration, diplomats can work to ease tensions or take advantage of the perception 

depending on the situation. 

Second, this study also shows how global news flow theory can be used to the advantage 

of government officials. If CNN is the main domestic source for U.S. news, for example, State 

Department officials can develop relationships with CNN reporters and frame stories favorable 

to their message. With respect to nation branding, the results suggest that the U.S. has some work 

to do to “sell” its nation brand to the rest of the world. That might suggest to the State 

Department that greater emphasis needs to be placed on public diplomacy, for example. With 

respect to the gray zone and media gray zone concepts, the results suggest that these concepts are 

evident in U.S. relations with China, Russia, and Saudi Arabia. Lastly, this study shows how 

U.S. government and military intelligence agencies can gain geopolitical insight from mass 

communication research and that such research can help in the areas of public diplomacy and 

political public relations. 

This study’s findings are important especially when considering the recent incidents 

regarding the U.S. government’s investigations into the Russian collusion of interfering with the 

2016 U.S. presidential election (See Comey, 2017; ICA, 2017; Nakashima, 2016). Therefore, the 

following subsections address this study’s practical implications primarily pertaining to the 

application of mass communication research to the professions of public diplomacy, political 

public relations, and government and military intelligence in the United States. 

Implications for U.S. Public Diplomacy. Regarding the practical implications for U.S. 

public diplomacy (and international relations), there are three major implications from this study: 

1) the overwhelmingly negative presentations of the U.S. among the Chinese, Russian, and Saudi 

state-owned/pro-government news sources, 2) the partisan biases among the Chinese and Saudi 
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sources, and 3) the partisan biases among the Russian sources. First, U.S. diplomats could 

benefit from this study’s results by better understanding global views of the U.S. and why these 

views exist. Second, U.S. diplomats could benefit from this study’s results regarding the Chinese 

and Saudi sources biases toward Clinton and the Democratic Party, and biases against Trump 

and the Republican Party. Lastly, U.S. diplomats could benefit from this study’s results 

regarding the Russian sources biases toward Trump and the Republican Party, and biases against 

Clinton and the Democratic Party. From there, U.S. diplomats could develop strategies for 

approaching and improving future geopolitical relations. 

Implications for U.S. Political Public Relations. Regarding the practical implications 

for U.S. political public relations, there are two major implications from this study: 1) the 

overwhelmingly negative presentations of the U.S. nation-brand among the Chinese, Russian, 

and Saudi state-owned/pro-government news sources, and 2) insight into how these nations’ 

news sources covered the 2016 election. First, this study enables political public relations 

practitioners to better understand nation branding in order to develop future strategies both for 

managing the U.S. nation-brand and measuring global perceptions of the U.S. nation-brand in the 

geopolitical realm. Second, this study provides political public relations practitioners with insight 

into how these nations’ news media outlets presented the 2016 U.S. presidential election to their 

audiences by detailing which events, issues, and cited news sources were most salient among 

their news coverage. Thus, in future political elections, political public relations practitioners 

could benefit from this study’s results by developing strategies based on these salient events, 

issues, and news outlets in the global news media context.  

Implications for U.S. Intelligence. Regarding the practical implications for U.S. 

government and military intelligence, there are four major implications from this study: 1) the 
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value of mass communication research to the U.S. intelligence communities, 2) insight into state-

owned news media presentations of the U.S., 3) the potential evidence of Russian influence in 

the 2016 election, and 4) the application of the gray zone and media gray zone concepts in 

academic research. First, this study is an example of how U.S. intelligence agencies could gain 

geopolitical insight from mass communication research. By examining state-owned and pro-

government news outlets among non-U.S. nation states, the U.S. intelligence community could 

likely gain a better understanding of how the governments from other nations perceive the 

United States. Such insight could significantly benefit how U.S. government and military 

officials approach various geopolitical matters (e.g., diplomatic relations, economic partnerships, 

and military conflicts). 

Second, this study provides insight into how the state-controlled news media outlets in 

Chinese, Russian, and Saudi Arabia attempt to shape public opinion through their presentations 

of the U.S. to their audiences (or publics). From this study’s results, it appears that China and 

Saudi Arabia got along well with (or, at least, were not threatened by) the Obama administration. 

Furthermore, their negative presentations of Donald Trump suggests that the Chinese and Saudi 

governments are priming their publics to defend any potentially difficult geopolitical relations 

with the Trump administration in the future. However, this study’s results have clearly shown 

that the Russian government was highly dissatisfied with the Obama administration, and is rather 

optimistic about the potentially positive impact that a Trump presidency could have on Russian 

prosperity in the future.  

Third, it is possible that these findings could further indicate the Russian interference in 

the 2016 U.S. presidential election because of the biases toward Trump and the Republican 

Party, and biases against Clinton and the Democratic Party among the state-controlled/pro-



204 
 

government Russian news sources. Lastly, by applying the gray zone and media gray zone 

concepts to mass communication research, scholars of mass communication and other academic 

research fields could benefit from this study by considering the use of these concepts and/or 

other concepts from the U.S. intelligence community in future research. 

Limitations & Future Research 

 Despite the aforementioned findings, theoretical implications, and practical implications, 

there are several limitations within this study. Thus, the following two subsections address the 

major theoretical and methodological limitations of this study, and also discuss potential avenues 

for future research.  

Theoretical Limitations. Regarding the major theoretical limitations, the researcher 

applies global news flow theory, nation branding theory, and the gray zone and media gray zone 

theoretical concepts to Shoemaker, Tankard, and Lasorsa’s (2004) criteria for testing theories 

(see Appendix C). First, for the limitations relating to global news flow theory, the validity of the 

findings is questionable because it is difficult to determine the exact origins of the news story 

topics solely from the cited news sources. Also, the explanatory power and scope of this theory 

based on the results is not high due to various external factors (e.g., media system characteristics) 

that could potentially provide better explanations of the results. 

Second, for the limitations relating to nation branding theory, the validity of the findings 

is questionable because it is difficult to determine the perceptions of the U.S. nation-brand solely 

from analyzing these nations’ news media presentations. Furthermore, the testability of the 

concepts in nation branding theory are relatively low. Lastly, for the limitations relating to the 

theoretical concepts of the gray zone and media gray zone, the validity of the findings is 

somewhat low because it is difficult to determine whether these concepts are present based solely 
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on analyzing these nations’ news stories. Future studies can improve upon these limitations by 

analyzing public opinion in addition to the news media presentations among the three nations. 

Methodological Limitations. Following the above theoretical limitations, there are four 

major methodological limitations in this study, including: 1) software restrictions, 2) scope of the 

study, 3) data collection restrictions, and 4) coding procedures. First, for the limitations relating 

to the software (or database) restrictions, it is first important to note that the data were sampled 

from the population of the M3S software, and, thus, are not generalizable to the actual population 

of news stories from the three nations’ news sources. Furthermore, because many of the 

translation accuracies from the Chinese, Russian, and Saudi news stories were not perfect, some 

of the translated news story content was difficult to fully understand.  

Second, for the limitations relating to the scope of the study, the use of news media 

sources from additional nations and languages would result in a more holistic analysis. Another 

factor that could also make this study a more holistic analysis is to expand the focus beyond the 

presidential race to the U.S. congressional elections. This could increase the validity in assessing 

these nations’ perceptions, and presentations, of the U.S. nation-brand. Furthermore, this study 

could gain a more accurate depiction of public opinion in these nations by examining social 

media posts from Chinese, Russian, and Saudi Arabian citizens that discuss the 2016 U.S. 

presidential election (both during the campaign and the election aftermath).  

Third, for the limitations relating to the data collection restrictions, the timeframe of the 

analyses from the M3S data collection is somewhat limited due to political events that occurred 

between the four data pulls (see Appendix D for the complete timeline of events from the 2016 

U.S. presidential election). Another restriction pertaining to the data collection is the key search 

terms. Perhaps broader search terms or phrases (e.g., “2016 election,” “U.S. election,” “first 
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presidential debate,” and “Inauguration Day”) could result in a more complete collection of news 

stories. Additionally, it is unclear if op-eds were included in the M3S data collection of online 

newspapers. If so, the op-eds could explain some of the more subjective claims in the sample 

news content findings. Lastly, the data results are potentially skewed due to the use of different 

mediums (i.e., broadcast and online news sources), and also due to the unequal frequencies of 

stories from the selected news sources. In other words, news sources containing high frequencies 

of stories could skew or misinform the results when combined with news sources containing low 

frequencies of stories (see Appendix F for the means and frequencies of the quantitative coding 

categories from all 14 news media outlets). This would affect the validity of the results. 

Fourth, for the limitations relating to the coding procedures, the codebook (or coding 

scheme) could be improved upon by considering different response choices, additional categories 

or subcategories, and different types of variables. The study could benefit by using response 

choices that code for more than valence for the news stories, and by using additional categories 

and/or subcategories could further validate interpreting the results. Furthermore, the statistical 

analyses in study could benefit by using continuous variables (rather than just categorical 

variables). The use of continuous variables would enable the researcher to employ more 

advanced statistical tests to better assess the differences among these nations’ news stories. 

Therefore, future studies should consider using: 1) supplementary theoretical and 

conceptual frameworks, 2) a more comprehensive sampling procedure, 3) improved translation 

technologies, 4) additional news sources and additional languages, 5) additional key search 

terms, 6) a broader scope of the study to include events between the four data pulls, and 7) 

additional coding procedures and statistical tests. 
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Conclusion 

In conclusion, this study analyzed how various state-owned and pro-government news 

media sources from China, Russia, and Saudi Arabia covered the 2016 U.S. presidential election. 

Specifically, this study analyzed a total of 14 state-owned and pro-government news media 

sources (i.e., 3 broadcast TV news sources and 11 online news sources) from China (6 sources), 

Russia (5 sources), and Saudi Arabia (3 sources). The purposes for this study were to examine: 

1) how the Chinese, Russian, and Saudi news stories presented the 2016 U.S. presidential 

election, 2) how the Chinese, Russian, and Saudi news stories presented the U.S. nation-brand, 3) 

which news media outlets were most cited in the Chinese, Russian, and Saudi news stories, and 

4) whether the Chinese, Russian, and Saudi news stories indicated a perceived gray zone 

between the U.S. and other nations. 

As this study’s results show, there were statistically-significant differences between the 

Chinese and Saudi sources and the Russian sources in their news coverage of the 2016 U.S. 

presidential election. As noted above, the Chinese and Saudi sources were primarily favorable in 

covering Hillary Clinton and the Democratic Party, and unfavorable in covering Donald Trump 

and the Republican Party. Alternatively, the Russian sources were primarily favorable in 

covering Donald Trump and the Republican Party, and unfavorable in covering Hillary Clinton 

and the Democratic Party. Similar to various studies’ findings regarding media partisanship (see 

Chideya, 2016, Childress, 2016; Gates, 2016; McCaskill, 2016; Patterson, 2017; Sides, 2016) 

and political divisiveness (see Allcott & Gentzkow, 2017; Hudak, 2016; Kennedy, 2016; 

Patterson, 2016a, 2016b, 2016c, 2016d; Schwarz, 2017; Westervelt & Mayur, 2016) among U.S. 

news media outlets’ 2016 election news coverage, this study’s results signify rather overt 

partisan biases among these three nations’ state-owned/pro-government news outlets’ coverage 
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of the 2016 U.S. election. The results also suggest that all three nations’ news sources 

(especially, the Russian news sources) presented the U.S. nation-brand in a negative manner. 

Furthermore, this study’s results show that the U.S. news media outlets were cited more often 

than the non-U.S. news media outlets among the overall Chinese, Russian, and Saudi news 

sources. Lastly, this study’s results also suggest that all three nations’ news coverage of the 2016 

U.S. presidential election indicate the presence of a perceived gray zone between the United 

States and other nations (particularly with Russia). 

As previously discussed, the findings from this study are important and could potentially 

have many theoretical and practical implications. The results from this study have: 1) shown how 

these nations presented the 2016 U.S. presidential election to their publics, 2) added to the bodies 

of scholarly literature on various theories (e.g., global news flow, nation branding, and the gray 

zone and media gray zone), and 3) demonstrated the importance of mass communication 

research on various professional fields (e.g., public diplomacy, international relations, political 

public relations, and government/military intelligence). At the very least, this study has shown 

the significance (and potential) of this area of research for future studies. 
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APPENDIX A: DATA SAMPLING 

As alluded to in the “Data Pulls & Sampling” subsection (see pp. 64-66), this study used 

the proportionate stratified sampling procedure to reduce the news story frequencies from the 

initial data collection. The proportionate stratified sampling procedure involves selecting strata 

(or unit samples) based on their proportions to the population in order to maintain proportional 

sample sizes (Babbie, 2013; Hayes, 2005; Wimmer & Dominick, 2013). 

Following the initial round of data sampling, the researcher used the proportionate 

stratified sampling procedure to sample the four search terms according to their percent 

distributions in the original frequencies from each nation and data pull. For example, as shown in 

the figures below, the researcher calculated the percentage of the total Chinese frequencies 

among the total frequencies. Next, the researcher calculated the percentage of the total Chinese 

RNC/DNC frequencies among the total Chinese frequencies to determine the proportionate 

stratified sampled frequency for the Chinese RNC/DNC data pull. Lastly, the researcher repeated 

the same steps for each search term frequency based on the percentage of the proportionate 

stratified sampled frequency for the Chinese RNC/DNC data pull. 

Example:  (1,949 / 6,984 = 0.27906 or 28%            0.27906 x 365 = 101.85925 or 102) 

(288 / 1,949 = 0.14777 or 15%     0.14777 x 102 = 15.07234 or 15) 

 

RNC/DNC Data Sampling  

The initial and proportionate stratified sampled news story frequencies for each search 

term by each nation from the RNC/DNC data pulls are shown on the following page in Table 1A. 

From Table 1A, the most initial news stories come from the Russian news sources (n = 1,010), 

followed by the Saudi news sources (n = 705) and the Chinese news sources (n = 288). After 
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applying the proportionate stratified sampling technique, the total sample sizes for each nation 

are: Chinese (n = 15), Russian (n = 52), and Saudi Arabian (n = 37). The “Donald Trump” (n = 

543) search term was the most popular search term followed by: “Republican Party” (n = 496), 

“Democratic Party” (n = 489), and “Hillary Clinton” (n = 475). After applying the proportionate 

stratified sampling technique, the total sample sizes for each of the four search terms are: 

“Donald Trump” (n = 27), “Hillary Clinton” (n = 25), “Republican Party” (n = 26), and 

“Democratic Party” (n = 26). 

Table 1A: RNC/DNC Pulls by Search Term (July 11, 2016 – Aug. 4, 2016)* 
Nation “Trump” “Clinton” “Rep. Party” “Dem. Party” Total (N): 

China  16 (1)     45 (2)      129 (7)        98 (5)    288 (15) 

Russia   343 (17)   265 (14)      215 (11)      187 (10) 1,010 (52) 

Saudi Arabia      184 (9)   165 (9)      152 (8)      204 (11)    705 (37) 

Total (N):   543 (27)   475 (25)      496 (26)      489 (26) 2,003 (104) 

*Parentheses indicate sampled news story frequencies. 

 

1st Presidential Debate Data Sampling  

The initial and proportionate stratified sampled news story frequencies for each search 

term by each nation from the first presidential debate data pulls are on the following page in 

Table 2A. From Table 2A, one can see that the most news stories come from the Chinese news 

sources (n = 537), followed closely by the Russian news sources (n = 471) and the Saudi news 

sources (n = 363). After applying the proportionate stratified sampling technique, the total 

sample sizes for each nation are: Chinese (n = 28), Russian (n = 25), and Saudi Arabian (n = 19). 

The “Democratic Party” (n = 497) search term was the most popular search term across the three 

nations followed by: “Donald Trump” (n = 342), “Hillary Clinton” (n = 308), and “Republican 

Party” (n = 224). After applying the proportionate stratified sampling technique, the total sample 

sizes for each search term are as follows: “Donald Trump” (n = 18), “Hillary Clinton” (n = 16), 

“Republican Party” (n = 13), and “Democratic Party” (n = 26). 
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Table 2A: First Presidential Debate Pulls by Search Term (Sep. 19, 2016 – Oct. 3, 2016)* 
Nation “Trump” “Clinton” “Rep. Party” “Dem. Party” Total (N): 

China       97 (5)    47 (3)      117 (6)     276 (14)    537 (28) 

Russia     154 (8)  119 (6)        58 (4)     140 (8)    471 (26) 

Saudi Arabia       91 (5)  142 (7)        49 (3)       81 (4)    363 (19) 

Total (N):     342 (18)  308 (16)      224 (13)     497 (26) 1,371 (73) 

*Parentheses indicate sampled news story frequencies. 

 

Election Day Data Sampling  

The initial and proportionate stratified sampled news story frequencies for each search 

term by each nation from the Election Day data pulls are shown below in Table 3A. From the 

below table, one can see that, akin to the first debate pulls, the most news stories come from the 

Russian news sources (n = 1,058), followed by the Chinese news sources (n = 608) and the Saudi 

news sources (n = 548). After applying the proportionate stratified sampling technique, the total 

sample sizes for each nation are: Chinese (n = 32), Russian (n = 55), and Saudi Arabian (n = 28). 

The “Donald Trump” (n = 807) search term was the most popular search term across the three 

nations followed by: “Hillary Clinton” (n = 575), “Democratic Party” (n = 454), and 

“Republican Party” (n = 378). After applying the proportionate stratified sampling technique, the 

total sample sizes for each search term are: “Donald Trump” (n = 42), “Hillary Clinton” (n = 30), 

“Republican Party” (n = 20), and “Democratic Party” (n = 23). 

Table 3A: Election Day Pulls by Search Term (Nov. 1, 2016 – Nov. 15, 2016)* 
Nation “Trump” “Clinton” “Rep. Party” “Dem. Party” Total (N): 

China     250 (13)     94 (5)      108 (6)     156 (8)    608 (32) 

Russia     364 (19)   328 (17)      174 (9)     192 (10) 1,058 (55) 

Saudi Arabia     193 (10)   153 (8)        96 (5)     106 (5)    548 (28) 

Total (N):     807 (42)   575 (30)      378 (20)     454 (23) 2,214 (115) 

*Parentheses indicate sampled news story frequencies. 

 

Inauguration Day Data Sampling  

The initial and proportionate stratified sampled news story frequencies for each search 

term by each nation from the Inauguration Day data pulls are shown on the following page in 

Table 4A. From Table 4A, the most news stories come from the Russian news sources (n = 642), 



249 
 

followed by the Chinese news sources (n = 516) and the Saudi news sources (n = 238). After 

applying the proportionate stratified sampling technique, the total sample sizes for each nation 

are: Chinese (n = 27), Russian (n = 34), and Saudi Arabian (n = 13). Once again, the “Donald 

Trump” (n = 686) search term was the most popular search term across the three nations 

followed by: “Democratic Party” (n = 298), “Republican Party” (n = 251), and “Hillary Clinton” 

(n = 161). Lastly, the total sample sizes for each of the four search terms include: “Donald 

Trump” (n = 36), “Hillary Clinton” (n = 9), “Republican Party” (n = 13), and “Democratic Party” 

(n = 16). 

Table 4A: Inauguration Day Pulls by Search Term (Jan. 13, 2017 – Jan. 27, 2017)* 
Nation “Trump” “Clinton” “Rep. Party” “Dem. Party” Total (N): 

China     207 (11)     17 (1)      139 (7)      153 (8)    516 (27) 

Russia     348 (18)   106 (6)        77 (4)      111 (5)    642 (33) 

Saudi Arabia     131 (7)     38 (2)        35 (2)        34 (2)    238 (13) 

Total (N):     686 (36)   161 (9)      251 (13)      298 (15) 1,396 (73) 

*Parentheses indicate sampled news story frequencies. 
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APPENDIX B: CODEBOOK 

QUANTITATIVE CODING CATEGORIES: 

Circle one of the response choices for each of the following quantitative codes.  
 

Presentation of Key Search Terms: 

How does the news story present Donald Trump? 

• Negative Presentation (-1); Neutral Presentation (0); Positive Presentation (1); N/A (9) 
 

How does the news story present Hillary Clinton? 

• Negative Presentation (-1); Neutral Presentation (0); Positive Presentation (1); N/A (9) 
 

How does the news story present the Republican Party? 

• Negative Presentation (-1); Neutral Presentation (0); Positive Presentation (1); N/A (9) 
 

How does the news story present the Democratic Party? 

• Negative Presentation (-1); Neutral Presentation (0); Positive Presentation (1); N/A (9) 
 

Example Content: 

• Negative Presentation: Stories portraying Trump as dishonest, ignorant, incompetent, and untrustworthy. 

• Neutral Presentation: Stories objectively reporting on Trump without an apparent slant or bias. 

• Positive Presentation: Stories portraying Trump as competent, honest, knowledgeable, and trustworthy. 
 

Global Impact: 

How does the national news story discuss Trump/Republican Party’s impact on global politics? 

• Negative Impact (-1); Neutral/No Impact (0); Positive Impact (1); N/A (9) 
 

How does the national news story discuss Clinton/Democratic Party’s impact on global politics? 

• Negative Impact (-1); Neutral/No Impact (0); Positive Impact (1); N/A (9) 
 

Example Content: 
• Negative Impact: Stories claiming Trump’s presidency will weaken the global economy. 

• Neutral/No Impact: Stories claiming Trump’s presidency will not weaken or strengthen the global economy. 

• Positive Impact: Stories claiming Trump’s presidency will strengthen the global economy. 
 

National Impact: 

How does the national news story discuss Trump/Republican Party’s impact on its nation? 

• Negative Impact (-1); Neutral/No Impact (0); Positive Impact (1); N/A (9) 
 

How does the national news story discuss Clinton/Democratic Party's impact on its nation? 

• Negative Impact (-1); Neutral/No Impact (0); Positive Impact (1); N/A (9) 
 

Example Content: 
• Negative Impact: Chinese news stories claiming Trump will negatively affect China. 

• Neutral/No Impact: Chinese news stories claiming Trump will not have an effect on China. 

• Positive Impact: Chinese news stories claiming Trump will positively affect China. 
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QUALITATIVE CODING CATEGORIES: 

Fill-in the corresponding items for each of the following qualitative categories. 
 

Other Political Figures:  

Does the news story mention political figures (U.S. and/or globally) other than Donald Trump 

and Hillary Clinton? If so, please indicate the mentioned political leaders below: 

 

 
Example Content: 

• “Bernie Sanders,” “Ted Cruz,” “Tim Kaine,” “Mike Pence,” “Vladimir Putin,” etc. 

 

Cited News Media Outlets:  

Does the news story cite other news media outlets (U.S. and/or globally)? If so, please indicate 

the cited news media outlet(s) below:  

 

 
Example Content: 

• “BBC,” “CNN,” “Fox News,” “New York Times,” “Sputnik International,” etc. 

 

U.S. Domestic Policies:  

Does the news story mention specific U.S. domestic policy matters? If so, please indicate the 

mentioned domestic policy (or policies) below:  

 

 
Example Content: 

• “Civil Rights,” “Economic,” “Gun Laws,” “Health Care,” “Public Education,” etc. 

 

U.S. Foreign Policies:  

Does the news story mention specific U.S. foreign policy matters? If so, please indicate the 

mentioned foreign policy (or policies) below: 

 

 
Example Content: 

• “Cyber-Security,” “Drones,” “Military Conflicts,” “NSA Surveillance,” “Terrorism,” etc. 

 

Specific Issues/Themes Mentioned: 

Does the news story mention any other specific issues or themes? If so, please indicate the 

mentioned issues/themes below: 

 

 
Example Content: 

• “Clinton’s Emails,” “Russian Hack of DNC,” “Trump’s Wall,” “Voter Demographics,” etc. 
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APPENDIX C: TEN CRITERIA FOR EVALUATING THEORIES 

Criterion Rating 
  1. Testability 

      Assesses the clarity and measurability of the theory’s concepts and variables. 

High 

Moderate 

Low 

 

  2. Falsifiability 

      Determines whether the theory can be falsified or disproved. 

High 

Moderate 

Low 

 

  3. Parsimony 

      Evaluates the degrees of simplicity and complexity of the theory. 

High 

Moderate 

Low 

 

  4. Explanatory Power 

      Measures the degree to which the theory can explain social phenomena. 

High 

Moderate 

Low 

 

  5. Predictive Power 

      Measures the degree to which the theory can make accurate predictions. 

High 

Moderate 

Low 

 

  6. Scope 

      Evaluates the range in which the theory is applicable. 

High 

Moderate 

Low 

 

  7. Cumulative Nature of Research and Theory 

      Determines the extent to which the theory can be built upon and progress. 

High 

Moderate 

Low 

 

  8. Degree of Formal Development 

      Assesses the extent to which the theory’s concepts, theoretical and operational 

      definitions and linkages, limits, and assumptions are developed. 

 

High 

Moderate 

Low 

  9. Heuristic Value 

      Measures whether the theory can generate ideas and hypotheses for new research. 

High 

Moderate 

Low 

 

10. Aesthetics 

      Determines the visual appeal of the theory. 

High 

Moderate 

Low 

Source: (Shoemaker, Tankard, & Lasorsa, 2004) 
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APPENDIX D: 2016 ELECTION CAMPAIGN TIMELINE 

Date(s) Political Event(s) 

3/23/2015 - 7/13/2015 Six major candidates announced 2016 presidential bids for Democratic Party: 1) Sec. Hillary Clinton, 2) Sen. Bernie 

Sanders, 3) Gov. Martin O'Malley, 4) Gov. Lincoln Chafee, 5) Sen. Jim Webb, and 6) Prof. Lawrence Lessig.  
 

Seventeen major candidates announced 2016 presidential bids for Republican Party: 1) Sen. Ted Cruz, 2) Gov. Jeb 

Bush, 3) Dr. Ben Carson, 4) Gov. Chris Christie, 5) Carly Fiorina, 6) Gov. Jim Gilmore, 7) Sen. Lindsey Graham,  

8) Gov. Mike Huckabee, 9) Gov. Bobby Jindal, 10) Gov. John Kasich, 11) Gov. George Pataki, 12) Sen. Rand 

Paul, 13) Gov. Rick Perry, 14) Sen. Marco Rubio, 15) Sen. Rick Santorum, 16) Donald Trump, and 17) Gov. Scott 

Walker.  

8/6/2015 - 3/10/2016 Twelve Republican Party Primary Debates. 

10/13/2015 - 4/14/2016 Ten Democratic Party Primary Debates. 

2/1/2016 - 6/14/2016 Republican Party and Democratic Party Primaries and Caucuses. 

5/3/2016 - 5/4/2016 Sen. Ted Cruz & Gov. John Kasich end their presidential campaigns, leaving Donald Trump as the only remaining 

presidential candidate in the Republican Party. 

5/28/2016 Gov. Gary Johnson wins Libertarian Party Presidential Nomination. 

6/2/2016 Sen. Paul Ryan says he will vote for Donald Trump. 

6/14/2016 Hillary Clinton clinches Democratic nomination hours before final primaries. 

6/27/2016 Bill Clinton and Loretta Lynch meet privately before release of final Benghazi report. 

7/5/2016 FBI Director James Comey to recommend no charges in Clinton email probe. 

7/12/2016 Sen. Bernie Sanders endorses Hillary Clinton. 

7/18/2016 - 7/21/2016 Republican National Convention (RNC) – Cleveland, OH. 

7/21/2016 Sen. Ted Cruz refuses to endorse Donald Trump at RNC. Donald Trump accepts the Republican Party’s Presidential 

Nomination. 

7/22/2016 WikiLeaks published Democratic Party emails conspiring against Sen. Bernie Sanders’ presidential campaign. 

7/24/2016 DNC Chair Debbie Wasserman Schultz resigns after email leak. 

7/25/2016 - 7/28/2016 Democratic National Convention (DNC) – Philadelphia, PA. 

7/28/2016 Hillary Clinton accepts the Democratic Party’s Presidential Nomination. 
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8/6/2016 Jill Stein accepts the Green Party’s Presidential Nomination. 

8/10/2016 Newly released emails show State Department ties with Clinton Foundation: Conservative watchdog group Judicial 

Watch released 296 pages of emails, and according to the group, 44 of those pages were previously not handed over 

to the State Department during Clinton's tenure. 

8/17/2016 Trump campaign announces major shake-up: Donald Trump hands Kellyanne Conway and Stephen Bannon new 

roles in the campaign. 

9/9/2016 In her speech, Hillary Clinton categorizes “half” of Trump's supporters into the “basket of deplorables.” 

9/11/2016 Hillary Clinton leaves 9/11 memorial event early after appearing to collapse from feeling “overheated.” 

9/26/2016 1st Presidential Debate: Hofstra University – Hempstead, NY. 

10/2/2016 The New York Times reports that Trump’s 1995 tax records suggest he has not paid federal taxes for years. 

10/4/2016 Vice-Presidential Debate: Longwood University – Farmville, VA. 

10/7/2016 2005 tape leaks showing Trumping talking about groping women. WikiLeaks released Clinton emails showing 

Clinton professing different messages to Wall Street and the public on trade. 

10/9/2016 2nd Presidential Debate: Washington University – St. Louis, MO. 

10/12/2016 WikilLeaks released emails showing CNN’s Donna Brazile provided debate questions to Clinton campaign prior to 

the debates. Four women accuse Trump of making unwanted sexual advances on them from previous years. 

10/14/2016 Donna Brazile resigns from CNN after leaked email scandal. 

10/16/2016 The Republican Party headquarters in Orange County, North Carolina is firebombed. 

10/17/2016 FBI documents: US State Dept official “pressured” FBI to declassify Clinton emails. 

10/19/2016 3rd Presidential Debate: University of Nevada, Las Vegas – Las Vegas, NV. 

10/28/2016 The FBI announces it will re-open the investigation into Hillary Clinton’s email server. 

10/31/2016 CNN parts ways with Donna Brazile after debate questions were provided to Clinton. 

11/6/2016 FBI Director James Comey: Review of new Clinton emails warrant no new actions against Clinton. 

11/8/2016 Election Day. 

11/9/2016 Donald Trump wins the 2016 U.S. presidential election and the GOP regains control of the House and Senate. 

11/9/2016 - 1/20/2017 Clinton concedes 2016 election to Trump. Trump’s administration begins presidential administrative transition. 

1/10/2017 Senate begins confirmation hearings of Trump’s Cabinet member nominees. 

1/20/2017 Inauguration Day – Presidential Inauguration of Donald Trump. 

1/21/2017 “Women's March on Washington” protests take place across the U.S. and worldwide. 

1/21/2017 Press Secretary Sean Spicer holds first White House press briefing, where he accuses the media of falsely reporting 

the crowd sizes from Trump's Inauguration. 

 Sources: (Dovere & Schor, 2017; Gambino & Pankhania, 2016; Kurtzleben, 2016; Memoli, 2017; USPEN, 2016)
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APPENDIX E: PARTISAN BIASES IN U.S. NEWS CONSUMPTION 

 

 
Sources: (Mitchell, Gottfried, Kiley, & Matsa, 2014) 
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APPENDIX F: OVERALL QUANTITATIVE RESULTS BY NEWS SOURCE 

 Key Search Terms 
 

Chinese Sources 

“Donald Trump” 
(μ = -.59) (N = 76) 

“Hillary Clinton” 
(μ = .43) (N = 60) 

“Rep. Party” 
(μ = -.25) (N = 65)  

“Dem. Party” 
(μ = .31) (N = 58) 

CCTV   (μ = -.58) (n = 24) (μ = .63) (n = 24) (μ = -.19) (n = 32) (μ = .46) (n = 28) 

China Mil  (μ = -.33) (n = 3) ------------ ------------ (μ = .00) (n = 2) 

Enlightenment Daily   (μ = -.47) (n = 17) (μ = -.17) (n = 12) (μ = -.21) (n = 14) (μ = .18) (n = 11) 

Global Times   (μ = -.82) (n = 17) (μ = .64) (n = 14) (μ = -.50) (n = 12) (μ = .10) (n = 10) 

Ministry Foreign Affairs   (μ = -.40) (n = 5) (μ = 1.00) (n = 1) (μ = .50) (n = 2) (μ = 1.00) (n = 1) 

Remin Ribao   (μ = -.60) (n = 10) (μ = .33) (n = 9) (μ = -.40) (n = 5) (μ = .17) (n = 6) 
 

 

Russian Sources 

“Donald Trump” 
(μ = .32) (N = 156) 

“Hillary Clinton” 
(μ = -.47) (N = 107) 

“Rep. Party” 
(μ = .30) (N = 128)  

“Dem. Party” 
(μ = -.45) (N = 115) 

Arguments & Facts   (μ = .38) (n = 26) (μ = -.47) (n = 19) (μ = .29) (n = 24) (μ = -.75) (n = 20) 

Izvestia   (μ = .41) (n = 32) (μ = -.57) (n = 23) (μ = .57) (n = 28) (μ = -.48) (n = 23) 

Komsomolskaya Pravda   (μ = .22) (n = 9) ------------ (μ = .00) (n = 1) ------------ 

Moskovskij Komsomolets   (μ = .25) (n = 36) (μ = -.68) (n = 25) (μ = .31) (n = 26) (μ = -.52) (n = 27) 

Rossiya24   (μ = .30) (n = 53) (μ = -.28) (n = 40) (μ = .16) (n = 49) (μ = -.27) (n = 45) 
 

 

Saudi Sources 

“Donald Trump” 
(μ = -.65) (N = 92) 

“Hillary Clinton” 
(μ = .41) (N = 68) 

“Rep. Party” 
(μ = -.37) (N = 79)  

“Dem. Party” 
(μ = .35) (N = 74) 

Al Arabiya   (μ = -.71) (n = 41) (μ = .31) (n = 32) (μ = -.49) (n = 35) (μ = .26) (n = 35) 

Al-Hayat   (μ = -.52) (n = 25) (μ = .50) (n = 18) (μ = -.15) (n = 20) (μ = .40) (n = 20) 

Al Riyadh   (μ = -.69) (n = 26) (μ = .50) (n = 18) (μ = -.38) (n = 24) (μ = .47) (n = 19) 
 

 Global Impact National Impact 

 

Chinese Sources 

“Trump/Rep.” 
(μ = -.75) (N = 52) 

“Clinton/Dem.” 
(μ = .38) (N = 39) 

“Trump/Rep.” 
(μ = -.36) (N = 44)  

“Clinton/Dem.” 
(μ = .43) (N = 35) 

CCTV (μ = -.82) (n = 17) (μ = .50) (n = 14) (μ = -.40) (n = 15) (μ = .62) (n = 13) 

China Mil (μ = .00) (n = 2) ------------ (μ = .00) (n = 1) ------------ 

Enlightenment Daily (μ = -.60) (n = 10) (μ = .10) (n = 10) (μ = -.25) (n = 8) (μ = .11) (n = 9) 

Global Times (μ = -.83) (n = 12) (μ = .50) (n = 8) (μ = -.30) (n = 10) (μ = .33) (n = 6) 

Ministry Foreign Affairs (μ = -.75) (n = 4) (μ = 1.00) (n = 2) (μ = -.67) (n = 3) (μ = 1.00) (n = 2) 

Remin Ribao (μ = -.86) (n = 7) (μ = .20) (n = 5) (μ = -.43) (n = 7) (μ = .40) (n = 5) 
 

 

Russian Sources 

“Trump/Rep.” 
(μ = .16) (N = 113) 

“Clinton/Dem.” 
(μ = -.48) (N = 86) 

“Trump/Rep.” 
(μ = .30) (N = 93)  

“Clinton/Dem.” 
(μ = -.62) (N = 68) 

Arguments & Facts (μ = .53) (n = 15) (μ = -.50) (n = 16) (μ = .32) (n = 19) (μ = -.92) (n = 12) 

Izvestia (μ = .04) (n = 24) (μ = -.71) (n = 17) (μ = .50) (n = 20) (μ = -.53) (n = 15) 

Komsomolskaya Pravda (μ = -.13) (n = 8) (μ = -1.00) (n = 1) (μ = .50) (n = 2) (μ = .00) (n = 2) 

Moskovskij Komsomolets (μ = .10) (n = 31) (μ = -.53) (n = 19) (μ = .35) (n = 17) (μ = -.67) (n = 15) 

Rossiya24 (μ = .20) (n = 35) (μ = -.30) (n = 33) (μ = .14) (n = 35) (μ = -.54) (n = 24) 
 

 

Saudi Sources 

“Trump/Rep.” 
(μ = -.62) (N = 68) 

“Clinton/Dem.” 
(μ = .43) (N = 47) 

“Trump/Rep.” 
(μ = -.49) (N = 45)  

“Clinton/Dem.” 
(μ = .28) (N = 39) 

Al Arabiya (μ = -.62) (n = 29) (μ = .38) (n = 24) (μ = -.57) (n = 21) (μ = .22) (n = 18) 

Al-Hayat (μ = -.58) (n = 19) (μ = .55) (n = 11) (μ = -.56) (n = 9) (μ = .40) (n = 10) 

Al Riyadh (μ = -.65) (n = 20) (μ = .42) (n = 12) (μ = -.33) (n = 15) (μ = .27) (n = 11) 

 


