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ABSTRACT 

This dissertation examines the behavioral traits of business executives that lead to 

financial misconduct. The first essay investigates whether executives act more honestly when 

ethical considerations are made to stand out in an obvious way. In behavioral experiments, 

individuals are less likely to cheat when the saliency of dishonesty is increased (Mazar et al. 

2008; Gino et al. 2009). We test this hypothesis in a real world setting by treating news about 

high-profile political scandals as shocks to the salience of unethical/illegal behavior. Analyzing 

corporate insiders’ stock trading activity, we find evidence of a reduction in inappropriate 

behavior during these periods. Insiders’ stock sales are less profitable and they are less likely to 

sell stock ahead of large price declines, suggesting less illegal insider trading. The results are 

concentrated in months with high levels of local media attention to political scandals, supporting 

an interpretation that the salience of these events affects insiders’ behavior. The relation is also 

stronger when an executives’ firm is aligned politically with the accused politician, suggesting 

that a scandal is more salient to “in-group” executives. However, the behavioral changes appear 

to be largely transitory and evidence of suspect trading resumes in subsequent years.  

The second essay examines the effect of envy on executive misbehavior. We provide 

evidence that envy can lead to executive misbehavior in the form of insider trading. Insiders at 

underperforming firms headquartered where more other firms are performing well demonstrate 

greater evidence of informed insider trading. Their stock trades generate higher abnormal 

returns, and they are more likely to sell stock ahead of a large price decline. We find similar 

evidence of profitable insider sales when CEOs suffer large pay gaps from their local peers. 
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Envy motivated trading is more apparent in locations where household give less to charities, 

which may indicate higher levels of greed on average.  
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INTRODUCTION 

This dissertation focuses on understanding executive behavior. In particular, it examines 

the behavioral traits of business executives that lead to financial misconduct. These acts of 

misconduct are costly to society and pose serious threats to the integrity to our financial market, 

yet law enforcement alone is not sufficient to curb them. Against this backdrop, we tap into 

theories and findings from other social science disciplines, such as psychology and sociology, 

and integrate them into corporate finance research to study how—and why—people actually 

behave when facing ethical dilemmas.   

The first chapter investigates whether executives act more honestly when ethical 

considerations are made to stand out in an obvious way. A pattern supported by behavioral lab 

experiments inspired this study: people are less likely to cheat when the saliency of dishonesty is 

increased. For example, when students participated in a game that could lead to a monetary 

reward, they were less likely to cheat when an actor pretending to be one of the participants 

asked aloud before the game began, “So, is it okay to cheat?” to which the experimenter 

responded, “You can do whatever you want.” (Gino et. al, 2009). By treating public revelations 

of high-profile political scandals as shocks to the salience of unethical/illegal behavior and its 

consequences, we are able to test whether executives demonstrate similar patterns of behavior in 

the real world. We find that local corporate insiders engage in fewer suspect behaviors in the 

year after a political scandal is revealed. That is, they have a lower propensity to engage in 

illegal insider trading. 
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In the second chapter, we examine the effect of envy on executive misbehavior. Envy is 

commonly viewed as a negative emotion and often results in feelings of inferiority and 

resentment (Parrott and Smith, 1993), and senses of injustice (Smith et al., 1994). We test the 

hypothesis that executives will be more likely to engage in unethical conduct when they are 

experiencing feelings of envy. By evaluating their stock trades, we find that insiders at 

underperforming firms headquartered where more other firms are performing well have a higher 

probability of informed insider trading. It is also evident that CEOs who suffer large pay gaps 

from local peers are more likely to trade on private information.  

Overall, this dissertation shows that the individuals in control of our public companies 

can change their behavior, and that they appear to do so in response to certain stimuli. Findings 

from this research could provide guidance on how to develop legal regimes that more effectively 

deter unwanted behaviors in the business community.  
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CHAPTER 1 

DO EXECUTIVES BEHAVE BETTER WHEN DISHONESTY IS MORE SALIENT? 

EVIDENCE FROM CORPORATE INSIDERS’ STOCK TRADES 

 

 

 

1.1 Introduction 

One cannot go long without learning of new instances of business executives engaging 

in unethical and illegal behaviors. Recent examples include the large-scale frauds perpetrated 

by public companies during the stock market run-up of the late 1990s, the alleged 

misbehaviors of bankers who securitized and sold mortgage-backed securities, and corporate 

insiders who either traded on private information or passed it along to their outside associates. 

Previous literature has shown that executives’ wrongdoings are costly to both shareholders and 

society. Karpoff et al. (2009) estimate a loss of $4.08 in reputational penalty for every dollar a 

company misleadingly inflates its market value. Kedia and Philippon (2009) show how 

earnings manipulations can amplify business cycles and cause the misallocation of resources. 

The ubiquity and costliness of illegal corporate activity has motivated a great deal of effort to 

understand and, hopefully, minimize these behaviors.   

In this paper, we attempt to further our understanding of the factors that impact executive 

behavior. We are interested in whether executives behave “better” – from a legal, moral, and 

ethical perspective – when the dishonest behavior of others is brought to their attention.1

                                                 
1 In the Merriam-Webster dictionary, “moral” behavior is defined as actions conforming to a standard of right 

behavior, and “ethical” conduct is defined as behavior that is “conforming to accepted standards of conduct.” 

Accordingly, in this context, it is reasonable to classify conduct by corporate executives that either violates 

corporate laws against fraud or that is specifically aimed at deceiving shareholders as immoral and unethical. 
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Experimental studies in psychology show that people modify their actions when the ethical 

content of behaviors is more salient to them; i.e., when ethical considerations are made to stand 

out in an obvious way. For example, Mazar et al. (2008) showed that individuals are less likely 

to cheat when they were first asked to write down the Ten Commandments. Similarly, Gino et al. 

(2009) find that when a person’s attention is merely drawn to ethical considerations before 

playing a game they cheat less. In that case, an actor pretending to be one of the participants 

asked aloud before the game began, “So, is it okay to cheat?” to which the experimenter 

responded “You can do whatever you want.”  However, works like these are routinely confined 

to contrived settings with small rewards at stake, and it is unclear the extent to which the results 

can help explain the actions of corporate executives in the business world.   

We take this question out of the experimental lab to test whether executives in real world 

settings also appear to act more ethically/legally when their attention is drawn to examples of 

bad behavior. To identify a quasi-experimental setting where this question can be evaluated, we 

focus on executives located in areas where major political scandals are revealed publicly. We 

hand collect information on 66 scandals involving either governors or members of the U.S. 

congress during the period 1990 to 2014. Scandals in our sample include recognizable cases such 

as former House Majority Leader Tom Delay’s relationship with corrupt lobbyist Jack Abramoff, 

and former Alabama Governor Don Siegelman’s conviction for bribery and mail fraud in relation 

to alleged kickbacks from former HealthSouth CEO Richard Scrushy.  

Political scandals receive a great deal of attention in the news and it is our expectation 

that the amount of exposure to a scandal is increasing in geographic proximity. These high 

profile missteps are therefore more salient to local executives. According to the reasoning and 

evidence of Mazar et al. (2008) and Gino et al. (2009) that individuals behave more ethically 
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when the ethical considerations are made more salient, we hypothesize that this will cause local 

executives to modify their behavior – for the better – to a greater extent than those living further 

away, whose attention is not grabbed as tightly by public discussion of the inappropriate acts of 

others.  

The fact that actions are being brought against a politician for illegal acts associated with 

public office should not impact the amount of attention paid by authorities to white collar crimes. 

New cases against politicians may therefore represent an exogenous shock to the saliency of 

illegal behaviors, but arguably do not impact the probability of corporate insiders being 

prosecuted. It is thus plausible to interpret any change in corporate executives’ behavior as 

having resulting from shocks to their level of attention to the illegal acts of others.  

The behavior we examine is corporate insiders’ stock trading activities. Insiders 

accumulate private information about their firms as they oversee its day-to-day operations, and, 

at the same time, they own significant amounts of their companies’ stock. Thus, they have both 

the ability and incentive to trade on private information. Previous research provides evidence that 

insiders sometimes trade on private information and their trades often predict future abnormal 

return.2 However, under U.S. securities laws, it is clearly illegal for a corporate “insider” (an 

officer, director or 10 percent shareholder) to trade stock based on private information that is 

material to its value.3 Because corporate insiders trade often and there are reasonably 

                                                 
2 Previous research includes Lorie and Niederhoffer (1968); Jaffe (1974); Finnerty (1976); Seyhun (1986, 1992, 1998); 

Chowdhury, Howe, and Lin (1993); Bettis, Vickrey, and Vickery (1997); Lakonishok and Lee (2001); Jeng, Metrick, 

and Zeckhauser (2003); Agrawal and Cooper (2008); Agrawal and Nasser (2012); Cohen, Malloy, and Pomorski 

(2012); Alldredge and Cicero (2014), and Biggerstaff, Cicero and Wintoki (2015), among others. 
3 Modern U.S. insider trading law is largely grounded in the anti-fraud provisions of the Securities Exchange Act of 

1934, but the specific contours of the law develop over time through adjudication of specific cases. Although there 

are scenarios where the law is unsettled or unclear regarding the culpability of investors trading on private 

information, it is clearly illegal for an officer, director or large shareholder to do so. Executives and investors in 

public companies are expected to understand these restrictions.  
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straightforward methods for evaluating whether their trades are informed, we can test whether 

their behavior appears to change when negative behaviors of others are made more salient.   

We contrast insider trading in the twelve-month periods beginning when a local political 

scandal is revealed publicly to trades executed at other times. We start by evaluating the profits 

generated by insiders’ trades, which can be viewed as a proxy for informed trading. In this 

difference-in-differences setting, we find that the profitability of insiders’ stock sales declines 

after the revelation of a local political scandal, suggesting that they are less likely to be motivated 

by private information. Local insiders’ sales are followed by average monthly abnormal returns 

that are approximately 0.24% more positive in the year following revelation of a political 

scandal. Controlling for month and firm fixed effects, we find that in scandal years the abnormal 

returns are 0.29% more positive following trades made by the full sample of insiders, and 0.48% 

more positive following the trades of top executives. Further tests indicate that although insiders 

appear reluctant to sell their stock based on an informational advantage when unethical acts are 

more salient, the effect is largely temporary. This is demonstrated by regressions indicating that 

the evidence of restrained trading is apparent in the year that follows the initial revelation of local 

political scandals, but they are not evident in the second year following these events.  

We also evaluate the likelihood that insiders trade when a profitable opportunity is 

presented. Given a large stock price decline, the odds that an insider sells stock ahead of the drop 

is lower during the year following revelation of a local scandal. On average, the probability an 

insider sells in a month followed with a large decrease in price is 0.5% lower during the scandal 

periods. 

Interestingly, we don’t find similar results when evaluating insiders’ stock purchases. 

This may reflect the general sentiment that it isn’t as egregious for an insider to purchase their 
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stock when they have information suggesting it is undervalued as it is for them to sell it when it 

is overvalued. Other researchers argue that there is greater litigation risk is associated with 

selling stock than with purchasing it on private information (Skinner, 1994; Brochet, 2010; and 

Chen et al., 2012). It is possible that insiders’ increased awareness of the ethical and legal 

content of their actions has less of an impact on their informed stock purchasing activity. The 

remainder of our discussion of insider trading is therefore focused on insiders’ stock sales.  

A number of robustness tests offer additional insights. We evaluate the relationship 

between public scandals and the returns to insider stock sales across subsamples sorted along 

dimensions that one would expect to be correlated with changes in insider behavior. We first sort 

firms by whether they are headquartered in higher or lower corruption states (based on the 

corruption conviction rates). As shown by Parsons, Sulaeman, and Titman (2016), bad behaviors 

across different settings are concentrated geographically. We find both greater evidence of illegal 

insider trading in states with more corruption and also that the chilling effect of the revelation of 

high profile public scandals is concentrated in these states. We also find that the relation is most 

pronounced for corporate insiders that appear to be “opportunistic” traders, and that there is no 

effect on “routine” traders.   

Another set of tests sorts insiders by whether their firms have a corporate political culture 

aligned with the party of the public official implicated in the scandal (based on political 

donations). We hypothesize that a scandal is more salient to executives that can be classified as 

“in-group” members with a disgraced politician.  We find the strongest evidence of a chilling 

effect of the revelation of a scandal on trading in this circumstance.  

We also compare results from the period before passage of the Sarbanes-Oxley Act to 

those that obtain following its passage. Because many of the frauds of the late 1990s were 
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motivated by opportunities to sell overvalued stock, the Sarbanes-Oxley Act included provisions 

designed to curb illegal insider trading. For example, whereas before the Act corporate insiders 

could often wait up to 40 days or longer to report their transactions, this window was reduced to 

two business days. In addition, executives are prohibited from selling company stock during 

pension blackout periods, and the possible penalties that could be assessed for illegal trading 

were increased.4 We first show that overall evidence of informed insider trading is diminished 

following implementation of the Sarbanes-Oxley Act in 2002. We also find that the evidence of a 

relation between the revelation of local political scandals and the returns to insider trading is 

concentrated in the pre-Sarbanes-Oxley period, suggesting that the heightened scrutiny in the 

latter period has curbed illegal trading to an extent that public “reminders” are less impactful.   

Unfortunately, it is difficult to identify perfect real-world settings to test hypotheses such 

as ours, so we must evaluate the extent to which our results are robust to alternative explanations. 

It is possible that corporate insiders may change their behavior in these settings in response to 

either a real or perceived increase in the probability of being caught engaging in illegal acts 

themselves. However, given that the authorities who investigate political corruption do not 

generally also investigate corporate white collar crimes, we would not expect for there to be an 

actual change in the likelihood of an insider trading or accounting fraud investigation.5 

Alternatively, it could be that the revelation of a political scandal and the attendant negative 

consequences causes corporate executives to become more acutely aware of the costs associated 

                                                 
4 Section 306 of the act imposed blackout periods and stricter reporting requirements. In addition, if there is an 

accounting restatement as a result of misconduct, executives must reimburse any profits from stock sales in the 12 

months after the misreporting (Section 304). 
5 Political corruption is normally investigated by the Department of Justice or congressional ethics committees, 

whereas financial fraud and insider trading cases are normally brought by the S.E.C. and/or private parties. To the 

extent that the Department of Justice also investigates financial frauds or insider trading these investigations are 

conducted by different divisions than those prosecuting political corruption. 
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with wrongdoing. To the extent that this is the mechanism causing changes in observed 

behaviors, we would still classify it as a response to the increased salience of consequences. 

To evaluate whether changes in insiders’ trading behavior reflect changes in the 

probability of being caught, for a subsample of our data we evaluate whether trading patterns 

during scandal years vary with the level of local media attention given to the scandal. In months 

with more local news articles about the scandals, insiders are both less likely to sell their stock 

and their trades are less profitable that sales in other months during the scandal year. During 

scandal revelation years, insiders are approximately 16% less likely to sell stock during months 

when local newspapers run an above median number of articles referencing the scandal. And 

when they do sell stock in these months, their trades are followed by abnormal returns that on 

average are approximately 1.30% more positive than sales in other months during the scandal 

year, indicating they are unlikely to be motivated by negative private information. These results 

suggest that the changes in insider behavior are not in response to changes in the odds of being 

caught for wrongdoing since the level of law enforcement activities is unlikely to vary across 

such short time periods. 

Overall, our analyses provide evidence that the results found in the labs of Mazar et al. 

(2008) and Gino et al. (2009) carry over to the actions of corporate executives. This suggests that 

the individuals in control of our public companies can change their behavior, and that they 

appear to do so in response to certain stimuli. Even the suggestion that certain self-serving 

actions are unethical and illegal appears to cause some executives to choose more appropriate 

courses of action on behalf of themselves and the firms they run. 

This work helps extend the literature on managerial misconduct. Much research aims to 

understand why executives misbehave. Seminal work by Becker (1968) proposed a theoretical 
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model of rational crime where individuals are expected to commit illegal acts if the personal 

benefits of doing so outweigh the expected costs. Kedia et al. (2010) empirically examined 

contagion in corporate misconduct and argue that manager’s assessment of the benefits and cost 

of cheating change when they observe others cheating. Parsons et al. (2014) find that financial 

misconduct by firms is clustered geographically.  

Our work is also related to research that examines the deterrent effects of law 

enforcement activities. Several authors provide evidence that insider trading declines when 

countries begin enforcing their insider trading laws (Bhattacharya and Daouk, 2002; Bushman et 

al., 2005; DeFond et al., 2007; Fernandes and Ferreira, 2009). Recent work provides indirect 

evidence that informed insider trading declines when U.S. legal authorities allocate more 

resources to investigating insider trading (Del Guercio et al., 2015). There is also evidence of 

spillover effects such that cases dealing with financial fraud or insider trading have a deterrent 

effect on the same type of behavior at other firms (Kedia and Rajgopal, 2011; Jennings et al. 

2011; Cheng et al. 2013). Kedia and Rajgopal (2011) also show that firms located closer to the 

SEC are less likely to restate earnings. In contrast to these other works, this paper considers how 

litigation for inappropriate acts in one context can have spillover effects in other contexts. The 

results suggest that when more attention is paid to politicians’ inappropriate acts, the salience of 

dishonesty is increased and this has a positive effect on corporate executives.  

1.2 Methodology  

Our main hypothesis predicts that insiders will engage in less bad behavior after being 

exposed to news of a local political scandal. To test this prediction, we employ a difference-in-

difference methodology, comparing corporate insiders’ actions in the years after a political 

scandal is revealed to their behavior in other years. We focus on the year following the first 
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announcement of a scandal since the salience of illegal actions should be most acute during 

this period, although we also test whether any change in behavior is more permanent. Insiders 

at firms located in a scandal state during the years the scandal is revealed represent the 

treatment group while firms in the other states during the same time-periods serve as a control 

group of observations, allowing for a well-specified difference-in-differences approach. 

We focus on activity where corporate executives may misbehave: insider trading.  To 

identify suspicious trading activities, we evaluate the overall profitability of insiders’ trades and 

the likelihood that insiders trade ahead of stock price swings. Similar to Daniel et al. (1997), we 

calculate abnormal returns (DGTW excess returns) as the excess of a firm’s one-month total 

return relative to the return on a portfolio of firms formed similar in size, market-to-book, and 

recent return momentum. Each month all U.S. firms in CRSP are categorized into 125 portfolios 

based on size and book-market quintiles using the Daniel et al. (1997) annual breakpoints, and 

quintiles of the rolling past 12-month returns.  If the increased salience of dishonesty deters 

executives from trading on private information, we expect to find that their trades are less 

profitable during this period.  

We also implement tests designed to identify whether insiders take advantage of 

profitable trading opportunities when they arise. In particular, we evaluate whether insider 

trading is associated with large subsequent price movements, and whether this relation changes 

in the year following the revelation of a political scandal. To implement this analysis, we conduct 

linear probability and conditional logit regressions. 

1.3 Data  

We hand collect a list of high-profile political scandals from 1990 to 2014 involving U.S. 

senators, congressmen, and governors. We begin in 1990 because we want to focus on the 
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modern era, and we end in 2014 so that we can analyze a couple of years of data following the 

last scandals. Following the methodology of Puglisi and Snyder (2008), we conduct text searches 

of news articles covering political scandals through Factiva. An article is initially identified if it 

has one of the following keywords indicating the position: Governor, US Senator, US House 

Representative, or US Congressman/women; plus, one or more of the following words indicating 

that it is about a scandal: investigat*, indict*, convict*, guilty, resign*, brib*, ethic*, corrupt*, 

conspir*, prison, scandal*. After manually reviewing the articles returned using above filters, we 

identify 66 scandals during this period. These scandals involve various types of wrongful 

behaviors including bribery, money laundering and bank fraud. Each scandal was investigated by 

either federal or state law enforcement agencies.  

Table 1 provides a summary of the scandals in our sample. They involve politicians from 

30 different states. There were 20 governors, 39 U.S. Senators, and 7 members of the U.S. House 

of representatives that were implicated in a scandal. Among the politicians are 36 Republicans 

and 30 Democrats. Scandals involving highly-ranked officials such as these receive a great deal 

of media attention and these wrongdoings can stand out to corporate executives.  

Our difference-in-difference methodology requires a clearly identified treatment period. 

We define the start date of a scandal as the first day of the month when it was revealed that an 

investigation was being conducted by a federal agency, a congressional ethics committee, or a 

state attorney general. A “Scandal Year” refers then to the 12-month period beginning with the 

start date of a scandal, and the other years are considered “Non-Scandal Years”. Some states 

have multiple scandals within 12-month periods. In those cases, we extend the “Scandal Year” 

classification to include all months in the window ending 12-months after the starting date of the 

last scandal. To measure changes in insiders’ trading behavior we include observations 
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beginning two years prior to when the scandals are revealed and ending two years after the 

scandal starting dates. The overall sample period is from 1988 to 2016.  

Insider trading data comes from Thomson Reuters. Corporate insiders are required to 

report their transactions to the Securities and Exchange Commission (SEC) and their trading 

records are available to the public. These insiders include top executives who oversee day-to-day 

operations of the firm, directors, and beneficial owners of 10% or more of a company’s stock. 

Since we are interested in identifying evidence of illegal trading on private information, we only 

evaluate their open market stock purchases and sales.  To ensure that news about a political 

scandal will be salient, we only include insiders in the sample if they also live in the state where 

their firms are headquartered. Trades are aggregated at the firm-month, and trade months are 

classified as either sale or purchase months based on the aggregate change in insiders’ positions.  

We obtain financial statement information and the addresses for firms’ headquarters from 

Compustat, and stock return data from CRSP. For the analyses involving state and firm level 

political measures, we use the aggregated number of federal public corruption convictions as a 

proxy for state-level corruptions. This data comes from the “Report to Congress on the Activities 

and Operations of Public Integrity Section” prepared by the Department of Justice. For other 

tests, we sort firms according to their political culture using the political culture index (PCI) of 

Hutton, Jiang, and Kumar (2015). Hutton et al. (2015) construct a PCI for each firm based on a 

composite measure of the political donations of a firm’s top executives, the political action 

committees supported by the firm, and the donations of local residents. Using this data, each firm 

is ranked along a continuum indicating how strongly they support either political party. 

1.4 Results 

a. Profitability of Insider Trades 
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We have hypothesized that corporate insiders will be less willing to trade on private 

information during the year a local political scandal comes to light. In this section, we compare 

the abnormal returns following insiders’ trades during the scandal years to those that are apparent 

in non-scandal years. Table 2 reports a univariate analysis of the one-month ahead abnormal 

returns following insiders’ trading months.  

 We begin in Panel A of Table 2 by just showing the average abnormal returns earned by 

insiders’ trades. Across the full sample period (1988 to 2016), insiders’ sales are followed by 

significant average abnormal returns of about -0.26%, and their purchases by returns of 0.91%. 

As expected, insiders’ trades are more profitable before passage of the Sarbanes-Oxley Act. The 

returns following sales and purchases, respectively, in the pre-Sarbanes-Oxley period are -0.46% 

and 1.29%, and they fall to -0.11% and 0.43% after Sarbanes-Oxley. This pattern is expected 

given that Sarbanes-Oxley includes provisions enhancing the legal scrutiny of insider trading. 

 We present a univariate analysis of the impact of the revelation of local political scandals 

on insiders’ trading profits in Panel B of Table 3. On average, insider sales are followed by a -

0.26% abnormal return in non-scandal years. In contrast, in the year following the 

announcements of local political scandals, insiders’ sales are only followed by a -0.024% 

abnormal return (the difference is significant at the 1% level). We also contrast the returns 

following insiders’ trades during scandal years to those at the same firms in the year after the 

scandal. In year t+1 following scandals, insiders’ sales are followed by abnormal returns of -

0.48% which are significantly more negative than those following trades in year t at the 1 percent 

level. These results indicate that insiders earn smaller abnormal returns in the year following the 

revelation of local political scandals, but that any effect is short lived. 
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A comparison of the abnormal returns following insiders’ purchases is also provided. 

Purchases are followed by similar abnormal returns in scandal years as in other years (both are 

about 1%).  As such, there is no evidence that the revelation of a scandal has an impact on 

insiders’ stock purchases. 

Our analysis continues with multivariate OLS regressions evaluating the returns 

following insiders’ trade months in Table 3. To distinguish the treatment group for each scandal, 

we include the indicator variable Scandal Year, which equals one if the firm is headquartered in 

a scandal state (and the individual also resides in that state), and the transaction is in the year 

following the date the scandal is revealed.  Since the sample period spans from 1988 to 2016 and 

includes various types of firms, either a time trend or unobserved firm characteristics could 

impact the results.  We therefore also include both firm and year fixed effects.  

The multivariate regression results for insiders’ sales are reported in Panel A. The 

regressions in Column 1 and 2 confirm the univariate results for the returns following all 

insiders’ sales. The coefficients on Scandal Year are about 0.24% to 0.29% basis points.  The 

regression in Columns 2 also includes an additional dummy, Scandal Year + 1, that indicates 

trades executed in the same state as a scandal but in the second year following it’s revelation. 

The coefficient on Scandal Year + 1 is negative and significant at 5% level, again suggesting 

that any impact on executive behavior is limited to the year following the revelation of the local 

political scandal. In Columns 3 and 4 we report regressions using just the sample of trades by top 

executives (CEO, CFO, COO, GC, President or Chairman of the Board), and find a stronger 

result. The coefficient on Scandal Year is around 0.46% to 0.48% basis in these regressions and 

each is significant at the 1% level. The larger magnitude of these results suggests that the 

saliency of dishonesty has the greatest impact on firms’ top executives. The samples for the 
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regressions in Columns 5 and 6 are limited to the trades of directors and officers other than the 

top executives, and the results are similar to those for the full sample.  

Panel B presents a similar analysis of insiders’ purchases. Consistent with the univariate 

analysis, the coefficients on Scandal Year are insignificant across all specifications. Why might 

this be the case? It is possible that the salience of dishonesty doesn’t have an impact on this 

behavior because insiders just do not view purchasing shares when they think they are 

undervalued as a negative behavior in the first place. Other researchers have argued both that 

greater litigation risk is associated with selling stock and it is easier to identify the harm when 

insiders withhold bad news. If an insider withholds negative information and trades, other 

investors will have identifiable losses when they purchase at an inflated price and the stock 

subsequently declines in value. However, if an insider purchases stock on private information, 

the only harm is to the investors who sold their shares and therefore weren’t able to enjoy the 

extra gains the would have realized if the stock had already reflected the positive information. 

Insider stock sales can also be used as evidence in a suit claiming fraudulent financial reporting. 

However, it is less likely that shareholders will bring a successful derivative lawsuit claiming 

insiders fraudulently withheld positive information because their losses are best described merely 

as opportunity costs (Skinner, 1994; Brochet, 2010; and Chen et al., 2012). Indeed, most insider 

trading litigation involves the sale of shares. 

b. Probability of Trading Ahead of Large Price Movements 

It is possible that the results from the prior section reflect differences in the monthly 

return distributions across years as opposed to changes in insiders’ willingness to trade on private 

information. In this section, we present a supporting analysis that evaluates more directly 

whether insiders are less likely to trade when it would be profitable to do so.  
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Under the assumption that insiders have private information about the expected return 

distribution in the following month, we should find a greater likelihood of trading when the 

return in the following month is favorable to the trading strategy. Thus, after the outbreak of a 

local political scandal, we expect insiders to execute fewer trades ahead of months with those 

returns.  

To investigate whether insiders trade before prices move in a favorable direction, we 

estimate multivariate linear probability models, predicting the likelihood of trading when a 

profitable opportunity is presented. Again, we implement difference-in-difference framework to 

focus on the effects on trading behavior that is imposed by the revelation of a political scandal. 

In particular, we categorize firm-months by whether the abnormal returns in the next month are: 

(1) less than -10%; (2) between +10% and -10%; or (3) greater than 10%. All calendar firm-

months are included as observations in these regressions. We run separate regressions where we 

define the dependent variable as a dummy variable which equals 1 if a month is in one of the 

above categories, 0 otherwise. Under this setting, we are able to estimate the likelihood of 

trading ahead of different return outcomes. We include the dummy variable Trade, which equals 

one if it is a trading month, and 0 other.  By interacting Trade with the dummy variable 

indicating that the month was during a scandal year, we can determine whether insiders had a 

different propensity to trade ahead of different outcomes when dishonesty was more salient.   

Panel A of Table 4 reports the estimates of the linear probability models predicting 

returns following insiders’ sales. The regressions in columns (1), (2), and (3) predict returns that 

are less than -10%, greater than 10%, and between -10% and 10%, respectively. The coefficient 

on Scandal Year*Trade in column 1 shows that insider selling is less likely to predict a large 

negative return during scandal years. And in column (2), the positive coefficient on Scandal 
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Year*Trade indicates that an insider sale is more likely to precede a large positive return in 

scandal years.  The regressions in Panel B for purchases are consistent with the analysis 

discussed above; we find no change in return distributions predicted by insiders purchases in 

scandal years relative to other years. 

Given that the linear probability model may suffer estimation problems such as non-

normality of the error terms or heteroscedasticity, we also estimate similar regressions using 

conditional logit models. The results of these unreported tests are largely consistent with the ones 

estimated in the linear probability models. 

1.5 Robustness Tests 

In this section, we analyze the returns following insider trades after sorting the data along 

a variety of dimensions. To the extent that the results are stronger in subsamples where one 

would expect more inappropriate insider trading or greater relevance of salient bad behavior, 

these results provide additional insights and strengthen our economic interpretation of the results. 

a. Sorting by Local Corruption 

We begin by sorting by the level of corruption in the states where firms are 

headquartered. In particular, we calculate a corruption measure for each state by dividing the 

number of corruption convictions over the full sample period (at all levels) by the population. 

We then sort insiders by whether they are located in a state with an above or below median level 

of corruption. An analysis of the returns to insiders’ trades across these subsamples is provided 

in Table 5. We first show that, consistent with the analysis of Parsons, Sulaeman, and Titman 

(2016), there appears to be more inappropriate insider stock selling in high corruption states. 

This is demonstrated by the negative and significant coefficient on the dummy High Corruption 

in column 1. However, insiders’ purchases are followed by similar returns in both groups; again, 
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this is consistent with the fact that purchasing stock when it is expected to rise in value isn’t 

viewed as a negative behavior. 

 We go on to find that that the revelation of a local scandal has a greater impact on 

insiders’ sales in the high corruption areas. This is shown by the positive and significant 

coefficients on the interaction term Scandal Year*High Corruption in columns (2) and (3). 

Again, it is interesting that the results subsides in the second year following the revelation of a 

scandal, as indicated by the negative coefficient on Scandal Year + 1*High Corruption in 

column (3).  

 These results suggest that the revelation of high profile corruption affects the behavior of 

corporate insiders in areas where overall corruption and inappropriate insider trading was more 

commonplace in the community. They are not consistent with an expectation that exposure of a 

high profile scandal would fail to impact behavior in areas where corruption is more the norm. 

b. Routine vs. Opportunistic Insiders 

For the next set of tests we sort individual insiders by whether they were more likely to 

trade on private information in the first place. Following the method of Cohen, Malloy, and 

Pomorski (2012), we classify insiders as either “opportunistic” or “routine” traders based on 

whether they trade in routine, repetitive patterns over the years (following Cohen et al., we use 

repetitive trading in the same calendar month in three consecutive years to indicate a routine 

trader; a possibly opportunistic trader, then, is one whose trades appear to follow a random 

pattern, which may reflect the unexpected arrival of private information that motivates trading).   

The results, reported in Table 6, show that the revelation of a local political scandal 

affects the returns following stock sales by traders that may be opportunistic, but not the trades 

of the routine traders. This is as we would predict if the salience of the scandal causes those who 
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are trading illegally to curb their behavior. Again, there is not a significant pattern for either 

group’s stock purchases.   

c. Similarity of Political Views 

A large body of literature shows that people are impacted more by the activities of “in-

group” members, meaning those with whom they share common traits or interests. It is our 

expectation that when corporate insiders see an in-group member of their political party 

experience negative repercussions, this will be more salient to them, and will thus have a greater 

impact on their own behavior. We identify firms’ Political Culture Index as in Hutton et al. 

(2015) using pubic data about the amount of political donations made by firms’ executives, the 

PACs they contribute to, and the political leanings of the local population. Firms that can be 

identified as having either Republican or Democratic leanings are then classified by whether 

their political culture is the same as that of the accused politician.  

In Table 7, we conduct regressions that also include the indicator variables In Group and 

Out of Group that indicate whether or not an executives’ firm and politician share the same 

political perspective, as well as the indicator variable Neutral, for firms that cannot be classified. 

Each of these variables is interacted with the indicator Scandal Year, and the coefficient should 

show whether the revelation of the scandal has a differential impact on the trading of executives 

in these different groups. Evaluating insiders’ stock sales, we find the largest impact is associated 

with the In Group indicator, followed by the Neutral firms. We find no impact among executives 

at firms labelled Out of Group. As with the previous analyses, there is no discernable pattern 

when analyzing the profitability of insiders’ stock purchases. 
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d. Before and After SOX 

As discussed above, we find a marked decline in the returns to trading by corporate 

insiders after the Sarbanes-Oxley Act was implemented. As such, we expect a decline in the 

relevance of the salience of bad behavior as a factor impacting insiders’ trading behavior. We 

find strong evidence consistent with this expectation.  

 In table 8, we present the returns analysis using data in the pre- and post-Sarbanes Oxley 

periods separately. When analyzing stock sales in Panel A, we see a strong relation between the 

revelation of a scandal and the returns following insiders’ sales in before Sarbanes-Oxley, where 

the coefficient indicates that monthly returns are approximately 1.0% higher during the scandal 

period (1 percent sig.). We actually find no significant effect after Sarbanes-Oxley was passed. 

Here again, the evidence is all in respect to insiders’ sales, and the revelation of a scandal is not 

significantly associated with the returns following their purchases in either period. 

 This result is affirmed in an analysis of the association between trading and large monthly 

returns in table 9. Linear probability models predicting the association between insiders’ sales 

and returns in the different ranges are presented in Panel A, first using data from the pre-

Sarbanes-Oxley period and then with post-Sarbanes-Oxley data. In the pre-Sarbanes-Oxley 

period, scandal year trading predicts a decline in the odds of a return more negative than -10%, 

and an increase in the odds of a return in the following month of 10% or greater. After Sarbanes-

Oxley, scandal year trading still predicts an increase in the odds of a large positive return, but not 

a decline in the odds of a large negative return.    

e.  Media Coverage of Scandals and Insider Trading 

The evidence thus far suggests that corporate insiders are less likely to sell stock based 

on private information when dishonest behavior is more salient, and provides additional 
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insights into the circumstances under which this relation is more or less evident.  In this 

section, we evaluate whether insiders’ trading patterns vary as a function of the level of media 

coverage of the political scandals. This analysis can possibly help rule out the alternative 

explanation that local insiders are merely responding to an increase (either actual or perceived) 

in the odds of being caught for white collar crime during these time periods because of higher 

levels of attention by law enforcement.  

We begin by counting the number of local newspaper articles referencing a subset of 

scandals in our data. Our focus for this analysis is on the 10 scandals identified by Puglisi and 

Snyder (2008) from 2001 to 2006 that were the only major political scandal in the particular 

state during that period. We are currently expanding our collection of news articles so that we 

can include all of the scandals from our main sample in this analysis.  

During each scandal year, there are certain months when the scandal receives greater 

media attention. For example, Figure 1 plots the number of articles in Texas newspapers that 

reference the scandal involving Tom Delay in each of the twelve months beginning in April, 

2005. As would be expected, a large number of articles reference the scandal when Delay’s 

ties to lobbyist Jack Abramoff is first reported in April (about 400 articles), but the coverage in 

other months ranges from around 150 to over 500 articles on the topic.  The highest volumes 

of articles came when he was indicted in October, 2005, and when he plead guilty in January, 

2006.  

Table 10 presents regressions evaluating whether local insiders behave differently 

when there is more news coverage of a political scandal. Panel A reports Logit regressions 

explaining the likelihood that insiders trade in months during scandal years as a function of the 

level of media coverage, and Panel B reports OLS regressions of the relationship between 
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media coverage and the returns to insiders’ trades. The logit regressions include as 

observations each firm month (12) for each local company in the sample in the scandal year, 

and the dummy variable High Coverage indicates if insiders at that firm traded in that month. 

The Panel A regressions indicate that insiders are less likely to sell shares in months with 

above median media coverage of the local scandal. For example, the coefficient on High 

Coverage in column (1) indicates that insiders are 18% less likely to sell shares in a scandal 

year month with above median media coverage of the scandal. However, the result is 

insignificant with respect to stock purchases. 

The return regressions in Panel B also include as observations each local firm month in 

the scandal years.6 Abnormal returns are regressed onto a dummy Trade that indicates that 

insiders traded in that month, High Coverage, and the interaction term Trade*High Coverage. 

The regressions indicate that when insiders do trade in high media coverage months, the trades 

are not as profitable. This can be determined by the significant coefficients on the interaction 

term Trade*High Coverage, which is positive and significant in the regressions explaining the 

returns to insiders’ sales, and negative and significant in the regressions for purchases. The 

returns following sales (purchases) are about 120 bps higher (200 bps lower) when media 

coverage is high. The negative and significant coefficient on High Coverage in the regressions 

analyzing insiders’ sales also confirms that these months are generally bad for local firms, and 

confirm the importance of controlling for this condition separately. 

The results discussed in this section indicate that corporate insiders at local firms are 

less likely to sell their stock in months when media coverage of scandal-related events is 

                                                 
6 For the regressions explaining the returns following sales (purchases), firms are only included in the regressions if 

at least one of the months could be classified as a sale (purchase) month. This explains the different number of 

observations in these regressions. 
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elevated. The evidence that earn smaller abnormal returns when they do trade their stock in 

months with high media coverage suggests that they are less likely to be trading on private 

information. These results help to rule out alternative explanations for the main results above 

based on expectations of elevated law enforcement because this type of activity would not 

likely vary from month to month within the scandal years. These results provide stronger 

evidence in favor of the salience of dishonesty hypothesis.    

1.6 Conclusion 

We present evidence that corporate insiders react to the public revelation of the unethical 

behaviors of others by acting more honestly themselves. We show that the saliency effect 

proposed and supported by Mazar et al. (2008) and Gino et al. (2009) in their experimental 

work appears to hold in the real world as well. In particular, corporate insiders appear to 

execute fewer informed stock sales after the revelation of a local political scandal. The results 

are stronger among executives that are likely to support the accused politician’s political views, 

and in months with more local media coverage of a scandal. However, the salience of 

dishonesty appears to have only a temporary effect on insiders, as the evidence of informed 

stock sales returns in the second year after a political scandal has been revealed.  

This paper furthers our understanding of the reasons why individuals engage in illegal or 

antisocial behaviors. It sheds light on whether and how the actions taken by business 

professionals reflect the extent to which their attention is drawn to societal rules about the 

appropriateness of behavior and the consequences to engaging in illegal actions. It may also 

provide guidance on how to develop regulatory or legal regimes that more effectively deter 

unwanted behaviors in the business community.  For example, it suggests that it be reasonable 

to use taxpayer funds to advertise public service announcements in city centers and around 
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corporate headquarters that remind the public about acts that are illegal or inappropriate.  This 

tactic -- or other similar alternatives -- may in fact serve as low-cost means of deterring 

unwanted and costly behaviors, and, in turn, reduce the cost of investigating and prosecuting 

such actions after they occur.
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1.8 Figures and Tables for Chapter 1 

Figure 1.1 Local Media Coverage around Tom Delay Scandal 
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Table 1.1: Summary Statistics of Political Scandal Sample  

This table reports the summary statistics of the political scandals used in the paper. Scandal State refers to the states that had at least one political scandal 

during the sample period from 1990 to 2014. Number of Republican (Democratic) is the total number of Republic (Democratic) politicians who are 

involved in scandals during the sample period. Number of Governor (U.S. Senator or House Representatives) is the total number of Governor (U.S. 

Senator or House Representatives) who are involved in scandals during the sample period. Serial Scandal refers to a series of scandals in the same state 

and the starting dates of these scandals overlaps with each other within a 12-month period. Number of state has unique scandal refers states which have 

only one scandal during the sample period. Number of state has multiple scandals refers states which have more than one scandal during the sample 

period.  

Number of Scandals  66  Number of Governor  20 

Number of Scandal States  30  Number of U.S. Senator  39 

Number of Republican  36  Number of U.S. House Representatives  7 

Number of Democratic 30  Number of State has Unique Scandal 12 

Number of Serial Scandals  3   Number of State has Multiple Scandals  18 
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Table 1.2: Univariate Analysis of the Returns Following Insider Trading   

This table reports average abnormal returns following insider trading. Panel A presents the average abnormal 

return during the overall sample period, as well as during the Pre-and Post-SOX periods. Pre-SOX period is from 

January 1988 to June, 2002. Post-SOX period is from July, 2002 to March, 2016.  Following Daniel, Grinblatt, 

Titman, and Wermers (1997), the abnormal returns (DGTW Excess Ret, expressed in percentage) are calculated 

as the excess of a firm’s one-month total return relative to the return on a portfolio of firms formed similar in 

size, market-to-book, and recent return momentum. Panel B reports the average abnormal return in scandal years 

versus other years in our sample.  Scandal Year is defined as the twelve-calendar month period beginning with 

the month an investigation is first announced. Scandal Year +1 is the second year after the starting date of a 

scandal. P-values are presented in parentheses, and ***, **, and * represent significance at the 1%, 5% and 10% 

levels, respectively. 
 

Panel A:  Abnormal Returns following Insider Trading  

  Sales   Purchases   #Obs 

 

DGTW Excess 

Ret (%) 
  

DGTW 

Excess Ret 

(%) 

  Sales   Purchases  

Overall Sample -0.258***  0.910***  151,323  96,059 

 (0.000)  (0.000)  
 

 
 

Pre-SOX -0.460***  1.293***  65,239  53,578 
 (0.000)  (0.000)  

 
 

 

Post-SOX -0.105***  0.427***  86,084  42,481 
 (0.001)  (0.000)  

 
 

 

Differences   
 

 
    

Pre-SOX - Post-SOX -0.355***  0.866***  
 

 
 

 (0.000)   (0.000)         

Panel B: Abnormal Returns During Scandal and Non-Scandal Periods 

  Sales   Purchases   #Obs 

 

DGTW 

Excess Ret 

(%) 

  

DGTW 

Excess Ret 

(%) 

  Sales   Purchases  

Scandal Year -0.024  0.993***  15416  7057 
 (0.760)  (0.000)  

 
 

 

Scandal Year +1 -0.485***  0.574***  12033  6951 
 (0.000)  (0.000)  

 
 

 

All Other Years  -0.264***   0.931***  124,627  82,396 
 (0.000)  (0.000)  

 
 

 

Differences   
 

 
    

Scandal Year+1 - Scandal Year -0.487***  -0.003  
 

 
 

 (0.000)  (0.110)  
 

 
 

All Other Years - Scandal Year -0.243***  -0.062  
 

 
 

  (0.010)   (0.710)         
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Table 1.3. Regression Analysis of Insider Trading Profits 

This table reports OLS regressions of monthly abnormal returns following insider trading months in scandal and non-scandal years. The dependent variable 

is the DGTW excess return (in %). Following Daniel, Grinblatt, Titman, and Wermers (1997), the abnormal returns (DGTW Excess Ret, expressed in 

percentage) are calculated as the excess of a firm’s one-month total return relative to the return on a portfolio of firms formed similar in size, market-to-

book, and recent return momentum. The key explanatory variable is a dummy variable Scandal Year that takes one if (i) the firm is headquartered in one 

of the scandal state, and (2) the transaction date of the trade is within one-year from the start date of a scandal. Scandal Year+1 is a dummy variable equals 

one if the transaction is made within the second year of a scandal. Standard errors are clustered at the state level. Robust standard errors are presented in 

parentheses. ***, **, and * represent significance at the 1%, 5% and 10% levels, respectively. 
 

Panel A: Sell           

 
All Insiders  Top Executives  Directors & Officers 

 (1)  (2)  (3) (4)  (5) (6) 

Scandal Year 0.289*** 0.235***  0.481*** 0.459*** 
 

0.326*** 0.271*** 
 (0.0792) (0.0821)  (0.165) (0.166)  (0.0785) (0.0806) 

Scandal Year + 1 
 -0.315**   -0.125 

 
 -0.368*** 

 
 (0.126)   (0.236) 

 
 (0.101) 

Observations      
 

  
R-squared 151,323 151,323  58,184 58,184  140,851 140,851 

Month FE Yes Yes  Yes Yes  Yes Yes 

Firm FE Yes Yes  Yes Yes  Yes Yes 

Panel B:  Purchase       

 All Insiders  Top Executives  Directors & Officers 

 (1) (2)  (3) (4)  (5) (6) 

Scandal Year  0.0148 -0.00798  0.273 0.288  0.0192 -0.00978 

 (0.144) (0.153)  (0.285) (0.297)  (0.154) (0.164) 

Scandal Year + 1  -0.138   0.0879   -0.194 

  (0.157)   (0.281)   (0.155) 

Observations         

R-squared 96,059 96,059  38,180 38,180  89,412 89,412 

Month FE Yes Yes  Yes Yes  Yes Yes 

Firm FE Yes Yes  Yes Yes  Yes Yes 
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Table 1.4: Predicting Trading Activity, Full Sample  

This table presents the linear probability model predicting the likelihood of insider trading ahead of 

different return outcomes. All calendar months in our sample period are included for each firm. 

Following Daniel, Grinblatt, Titman, and Wermers (1997), the abnormal returns (DGTW Excess Ret, 
expressed in percentage) are calculated as the excess of a firm’s one-month total return relative to the 

return on a portfolio of firms formed similar in size, market-to-book, and recent return momentum. 

Column (1) presents regressions in which the dependent variable equals 1 if the DGTW excess return 

in the following month is less than -10%. Column (2) presents regressions in which the dependent 

variable equals 1 if the DGTW excess return in the following month is more than 10%. Column (3) 

presents regressions in which the dependent variable equals 1 if the DGTW excess return in the 

following month is in between -10% and 10%. Trade is a dummy which equals 1 if at least one insider 

in a firm traded in that month, 0 otherwise.  Months in which no trades in a firm were made are recorded 

as zero shares traded. Other variables are defined in Table 3. Robust standard errors are presented in 

parentheses, and ***, **, and * represent significance at the 1%, 5% and 10% levels, respectively. 

Standard errors are clustered at the state level. Month and firm fixed effects are included in all 

regressions. 
 

Panel A: Sell   

Return was: <-10% >10% (-10%, 10%) 

 (1)  (2) (3) 

Trade -0.000771 -0.00111 0.00189 

 (0.00173) (0.00153) (0.00208) 

Scandal Year 0.00242* -0.0238*** 0.0213*** 

 (0.00129) (0.00110) (0.00155) 

Scandal Year* Trade -0.00543* 0.00586* -0.000426 

 (0.00282) (0.00299) (0.00306) 

Observations 1,240,132 1,240,132 1,240,132 

R-squared 0.01757 0.01096 0.03404 

Month FE Yes Yes Yes 

Firm FE Yes Yes Yes 

Panel B: Purchase   

Return was: <-10% >10% (-10%,10%) 

       

Trade -0.00154 -0.000165 0.00170 

 (0.00181) (0.00147) (0.00217) 

Scandal Year -0.0238*** 0.0269*** -0.00310 

 (0.00184) (0.00212) (0.00207) 

Scandal Year* Trade -0.00160 -0.00566 0.00726 

 (0.00450) (0.00451) (0.00494) 

Observations 1,240,132 1,240,132 1,240,132 

R-squared 0.01785 0.01092 0.03383 

Month FE Yes Yes Yes 

Firm FE Yes Yes Yes 
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Table 1.5: Regression Analysis of Insider Trading Profits, High vs. Low Corruption Areas 

This table reports OLS regressions of monthly abnormal returns following insider trading months during scandal versus non-scandal years and in states 

with high or low corruption level. Trades made by insiders who are classified as opportunistic are included only. The dependent variable is the DGTW 

excess return (in %). Following Daniel, Grinblatt, Titman, and Wermers (1997), the abnormal returns (DGTW Excess Ret, expressed in percentage) are 

calculated as the excess of a firm’s one-month total return relative to the return on a portfolio of firms formed similar in size, market-to-book, and recent 

return momentum.  High Corruption is a dummy equal to one if the overall conviction rate per 1,000,000 population in a state is above the median among 

all states in the US. Low Corruption is a dummy equal to one if the overall conviction rate per 1,000,000 population in the state is below the median among 

all states in the US.  The conviction rate is the total number of federal public corruption convictions in a state from 1998 to 2007 over the total population 

in that state based on 2000 census. The number of federal public corruption convictions is obtained from “Report to Congress on the Activities and 

Operations of Public Integrity Section” prepared by the Department of Justice. All other independent variables are defined same as Table 3. Standard errors 

are clustered at the state level. Robust standard errors are presented in parentheses. ***, **, and * represent significance at the 1%, 5% and 10% levels, 

respectively.  
 

  Sell  Purchase 

High Corruption -0.160***    -0.0898   

 
(0.0476)   

 (0.168)   

Scandal Year*High Corruption  0.435*** 0.377***    -0.0686 -0.0930 

  (0.138) (0.135)    (0.239) (0.253) 

Scandal Year*Low Corruption  0.130 0.0898    0.268 0.268 

  (0.139) (0.146)    (0.262) (0.306) 

Scandal Year+1*High Corruption   -0.324*     -0.155 

   (0.191)     (0.225) 

Scandal Year+1*Low Corruption   -0.222     0.0325 

   (0.169)     (0.407) 

Constant -0.183***   
 0.957***   

 (0.0277)   
 (0.143)   

Observations 151,323 119,546 119,546  96,059 77,123 77,123 

R-squared 0.00006 0.00518 0.00522  0.00001 0.01100 0.01100 

Firm FE  Yes Yes   Yes Yes 

Month FE   Yes Yes    Yes Yes 
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Table 1.6: Regression Analysis of Insider Trading Profits, Opportunistic vs. Routine Traders 

This table reports OLS regressions of monthly abnormal returns following insider trading months in scandal and 

non-scandal years, comparing trading behaviors between different trader types. The dependent variable is the 

DGTW excess return (in %). Following Daniel, Grinblatt, Titman, and Wermers (1997), the abnormal returns 

(DGTW Excess Ret, expressed in percentage) are calculated as the excess of a firm’s one-month total return 

relative to the return on a portfolio of firms formed similar in size, market-to-book, and recent return momentum. 

Column (1) and (2) include trades solely made by insiders who are classified as opportunistic traders. Column 

(3) and (4) include only trades made by insiders who are classified as routine traders. All independent variables 

are defined same as Table 3. Standard errors are clustered at the state level. Robust standard errors are presented 

in parentheses. ***, **, and * represent significance at the 1%, 5% and 10% levels, respectively. 

 

 
Sales  Purchases 

        Trader Type: Opportunistic  Routine  Opportunistic  Routine 

 (1)  (2)  (3)  (4) 

Scandal Year 0.317***  0.192  0.0472  0.115 

 (0.107)  (0.224)  (0.177)  (0.451) 

Observations 119,546  13,545  77,123  8,744 

R-squared 0.00517  0.03567  0.01099  0.06917 

Firm FE Yes  Yes  Yes  Yes 

Month FE Yes  Yes  Yes  Yes 
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Table 1.7: The Effect of Political Distances between Firms and Scandal Parties on Trading Profitability 

This table reports OLS regressions of monthly abnormal returns following insider trading months in scandal and 

non-scandal years with the measure of Political Distances between Firms and Scandal Parties. The dependent 

variable is the DGTW excess return (in %). Following Daniel, Grinblatt, Titman, and Wermers (1997), the 

abnormal returns (DGTW Excess Ret, expressed in percentage) are calculated as the excess of a firm’s one-month 

total return relative to the return on a portfolio of firms formed similar in size, market-to-book, and recent return 

momentum. Firm political culture is measured using Political Culture Index (PCI), obtained from Hutton et al. 

(2015). PCI is the sum of the annual tercile rankings (0, 1, 2) of the Republican indexes at the top managers, 

political action committees (PACs), and the state residents’ levels. PCI can range from 0 to 6, with the greater 

value indicating a stronger Republican firm culture and a smaller value indicating a stronger Democratic firm 

culture. The political distance between firm and scandal politician is calculated as the absolute value of 0, 

Democratic (or 6, Republican) minus the PCI of each firm.  Thus, In-group is a dummy which equals one if the 

distance is in (0,1,2). Out-of-Group is a dummy which equals one if the distance is in (4,5,6). Neutral is a dummy 

if the distance is 3. All other independent variables are defined same as Table 3. Standard errors are clustered at 

the state level. Robust standard errors are presented in parentheses. ***, **, and * represent significance at the 

1%, 5% and 10% levels, respectively.  

  Sell  Purchase 

Scandal Year*In Group 0.738***  0.646 

 (0.191)  (0.781) 

Scandal Year*Out-of-Group -0.00168  -0.129 

 (0.25)  (1.11) 

Scandal Year*Neutral  0.392**  -0.157 

 (0.172)  (0.506) 

Constant 3.574**  0.629 

 (1.55)  (1.407) 

  
 

 
Observations 34,699  12,142 

R-squared 0.01209  0.02206 

Firm FE Yes  Yes 

Month FE Yes  Yes 
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Table 8. Trading Profitability, Pre- vs. Post-SOX Periods  

This table reports OLS regressions of monthly abnormal returns following insider trading months in scandal and 

non-scandal years, comparing trading behaviors between pre-and post-sox periods. Only trades made by insiders 

who are classified as opportunistic are included. The dependent variable is the DGTW excess return (in %). 

Following Daniel, Grinblatt, Titman, and Wermers (1997), the abnormal returns (DGTW Excess Ret, expressed 

in percentage) are calculated as the excess of a firm’s one-month total return relative to the return on a portfolio 

of firms formed similar in size, market-to-book, and recent return momentum. The overall sample is separated 

into two subsamples: Pre-SOX and Post-SOX based on the month a trade is executed. That is, if a trade is made 

before July, 2002, it is classified as Pre-SOX and if a trade is made after the month of July in 2002, it is classified 

as Post-SOX. Column (1) and (2) include only trades made in the Pre-SOX period. Column (3) and (4) include 

only trades made in the Post-SOX. All independent variables are defined same as Table 3. Standard errors are 

clustered at the state level. Robust standard errors are presented in parentheses. ***, **, and * represent 

significance at the 1%, 5% and 10% levels, respectively.  

 

 

 

Panel A: Sell  

  
Pre-SOX  Post-SOX 

  (1) (2)  (3) (4) 

Scandal Year   0.980*** 0.927***  0.0794 0.0236 

 
 (0.289) (0.320)  (0.188) (0.203) 

Scandal Year+1  
 -0.274   -0.297 

 
 

 (0.289)   (0.201) 

 
 

     
Observations  53,945 53,945  65,601 65,601 

R-squared  0.00619 0.00621  0.00507 0.00513 

Firm FE  Yes Yes  Yes Yes 

Month FE   Yes Yes   Yes Yes 

Panel B: Purchase 

  Pre-SOX  Post-SOX 

  (1) (2)  (3) (4) 

Scandal Year   0.172 0.181  0.147 0.144 

  (0.356) (0.368)  (0.211) (0.240) 

Scandal Year+1   0.0521   -0.0157 

   (0.285)   (0.260) 

       
Observations  43,562 43,562  33,561 33,561 

R-squared  0.00830 0.00830  0.01486 0.01486 

Firm FE  Yes Yes  Yes Yes 

Month FE   Yes Yes   Yes Yes 
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Table 1.9: Predicting Trading Activity, Pre- vs. Post-SOX Periods 

This table presents linear probability model predicting the likelihood of insider sales ahead of different return 

outcomes. All calendar months in our sample period are included for each firm. All calendar months in our 

sample period are included for each firm. Following Daniel, Grinblatt, Titman, and Wermers (1997), the 

abnormal returns (DGTW Excess Ret, expressed in percentage) are calculated as the excess of a firm’s one-month 

total return relative to the return on a portfolio of firms formed similar in size, market-to-book, and recent return 

momentum. The overall sample is separated into two subsamples: Pre-SOX and Post-SOX based on the month 

a trade is executed. That is, if a trade is made before July, 2002, it is classified as Pre-SOX and if a trade is made 

after the month of July in 2002, it is classified as Post-SOX. Panel A reports results from sale trades and Panel 

B reports results from purchase trades. Column (1) and (4) present regressions in which the dependent variable 

equals 1 if the DGTW excess return in the following month is less than -10%. Column (2) and (5) present 

regressions in which the dependent variable equals 1 if the DGTW excess return in the following month is more 

than 10%. Column (3) and (6) presents regressions in which the dependent variable equals 1 if the DGTW excess 

return in the following month is in between -10% and 10%. Trade is a dummy which equals 1 if at least one 

insider in a firm traded in that month, 0 otherwise.  Months in which no trades in a firm were made are recorded 

as zero shares traded. Other variables are defined in Table 3. Robust standard errors are presented in parentheses, 

and ***, **, and * represent significance at the 1%, 5% and 10% levels, respectively. Standard errors are 

clustered at the state level. Month and firm fixed effects are included in all regressions. 

Panel A: Sell Pre-Sox   Post-Sox 

Return was: <-10% >10% (-10%,10%)  <-10% >10% (-10%,10%) 

   (1) (2) (3)  (4) (5) (6) 

Trade -0.00250 0.00331 -0.000815  0.00182 -0.00260 0.000778 

 (0.00276) (0.00509) (0.00440)  (0.00140) (0.00198) (0.00270) 

Scandal Year 0.0137*** -0.0254*** 0.0117***  -0.00364*** -0.0245*** 0.0282*** 

 (0.00177) (0.00142) (0.00188)  (0.00134) (0.00138) (0.00172) 

Scandal Year* Trade -0.0202** 0.00936** 0.0108  0.00449 0.00668** -0.0112*** 

 (0.00879) (0.00391) (0.00841)  (0.00588) (0.00324) (0.00379) 

        

Observations 683,222 683,222 683,222  556,910 556,910 556,910 

R-squared 0.01289 0.00594 0.02209   0.01933 0.01262 0.03656 

Firm FE Yes Yes Yes  Yes Yes Yes 

Month FE Yes Yes Yes  Yes Yes Yes 

Panel B: Purchase Pre-Sox   Post-Sox 

Return was:  <-10% >10% (-10%,10%)  <-10% >10% (-10%,10%) 

Trade -0.00486 0.00412 0.000740  0.00309** -0.00133 -0.00176 

 (0.00360) (0.00511) (0.00355)  (0.00136) (0.00219) (0.00237) 

Scandal Year -0.0308*** 0.0333*** -0.00251  -0.0169*** 0.0195*** -0.00258 

 (0.00231) (0.00275) (0.00305)  (0.00198) (0.00271) (0.00250) 

Scandal Year* Trade -0.00153 -0.00246 0.00399  -0.00728 -0.00481 0.0121*** 

 (0.00582) (0.00659) (0.00911)  (0.00499) (0.00513) (0.00406) 

        

Observations 683,222 683,222 683,222  556,910 556,910 556,910 

R-squared 0.01322 0.00611 0.02203   0.01949 0.01228 0.03613 

Firm FE Yes Yes Yes  Yes Yes Yes 

Month FE Yes Yes Yes  Yes Yes Yes 
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Table 1.10. Local Newspaper Coverage and Insider Trades 

This table reports regressions which predict the insider trading activity as a function of local newspaper coverage 

of political scandals. The observations come from the scandal years only. Panel A presents logit models where 

the dependent variable is an indicator that insiders traded in each month.  The dependent variable in Panel B is 

the one-month DGTW excess return. Following Daniel, Grinblatt, Titman, and Wermers (1997), the abnormal 

returns (DGTW Excess Ret, expressed in percentage) are calculated as the excess of a firm’s one-month total 

return relative to the return on a portfolio of firms formed similar in size, market-to-book, and recent return 

momentum. High Coverage is a dummy that equals one if the number of article in that month is above the 

median. Trade*High Coverage is an interaction term between Trade and High Coverage Dummies. Standard 

errors are clustered at the firm level. Robust standard errors are presented in parentheses. ***, **, and * represent 

significance at the 1%, 5% and 10% levels, respectively. 

 

Panel A: Logit regs predicting trading Sell   Purchase 

High Coverage -0.188*** -0.179***  0.0629 0.0520 

 (0.0572) (0.0597)  (0.0712) (0.0756) 

Return 0.399 0.293  1.095*** 1.247*** 

 (0.252) (0.266)  (0.313) (0.379) 

Constant -1.788***   -2.597***  

 (0.0668)   (0.0850)  

      

Observations 8,970 8,970  8,869 8,869 

Year FE  Yes   Yes 

Industry FE   Yes     Yes 

Panel B: OLS regs predicting returns  Sell   Purchase 

Trade -0.0114** -0.0130***  0.0282*** 0.0250*** 

 (0.00441) (0.00451)  (0.00699) (0.00687) 

High Coverage -0.00998*** -0.00990***  -0.00175 -0.00276 

 (0.00345) (0.00354)  (0.00431) (0.00430) 

Trade*High Coverage  0.0117* 0.0129**  -0.0207* -0.0198* 

 (0.00642) (0.00656)  (0.0106) (0.0102) 

Constant 0.00451*   -0.0123***  

 (0.00245)   (0.00325)  

      

Observations 4,579 4,579  2,951 2,951 

R-squared 0.00275 0.02433  0.00625 0.05887 

Year FE  Yes   Yes 

Industry FE   Yes     Yes 
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CHAPTER 2 

DOES ENVY INDUCE MISBEHAVIOR IN BUSINESS? 

EVIDENCE FROM INSIDER STOCK TRADES 

 

 

2.1 Introduction 

During recent decades, waves of corporate scandals and its costly consequences have 

driven the government to put more efforts in eliminating corporate misconducts.  Legislators 

have passed new laws to better oversee the financial industry, while the enforcement authorities 

have increased the scrutiny on illegal business practices. For example, the SOX not only 

enhanced the level of corporate disclosure by requiring more transparent and timely reporting but 

also increased the criminal penalties related to white-collar crimes. However, there is no direct 

evidence indicating that these efforts have reduced the incidence of corporate fraud (Coates and 

Srinivasan, 2014). Instead, existing research shows that harsher sanctions do not appear to deter 

financial frauds (Frijns et al., 2013). Another study also finds that enforcement authority is not a 

major actor in detecting corporate misconduct (Dyck et al., 2010). Given the fact that it is 

difficult to prevent corporate frauds, it becomes essential to further our understanding of the 

factors that impact executive behavior.  

 In this paper, we attempt to explore whether human emotions would affect executive’s 

decision on corporate misconducts. In particular, we examine the role of envy in motivating 

executives to misbehave. Envy is an emotion occurs when one compares her own well-being to 

the better well-being of others (Smith et al., 1988). Like other emotions, experiencing the 
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feelings of envy can influence human behavior. The dominant view among social scientists has 

been that envy is largely associated with negative attitudes and behaviors (Smith and Kim, 

2007).  Along with envy, individuals would experience feelings of inferiority and resentment 

(Parrott and Smith, 1993), and senses of injustice (Smith et al.,1994). Thus, envious individuals 

may express greater hostility, unwilling to share information and distant themselves from envied 

parties (Salovey and Rodin, 1984; Dunn and Schweitzer, 2004). Since envy is a common 

emotion that everyone can experience (Gino and Pierce, 2009) and it associates with a strong 

tendency in negative action (TAI et al., 2012), we propose to test a hypothesis that executives are 

more likely to make unethical decisions when they are experiencing the feelings of envy.  

Our hypothesis is motivated by findings from both theoretical and experimental studies. 

Gilbert et al. (1995) suggest that envy is a result of social comparison. Prior studies in economics 

have considered this social nature into the determinations of individual’s preference. Abel (1990) 

and Gali (1994) developed the “Keeping up with Joneses (KUJ)” preference, which suggests that 

an individual’s preference is derived from the person’s own consumption as well as the average 

consumption per capita in the economy. According to the utility function derived by Gali (1994), 

when an individual exhibits the KUJ preference, an increase in the average consumption will 

increase the marginal utility of the individual’s own consumption. That is, any given addition to 

his current level of consumption becomes more valuable. Thus, an increase in the average 

consumption will create an incentive to increase an individual’s consumption to achieve higher 

utility. However, when this desire to reach a higher level of utility cannot be achieved properly, 

one may choose to engage in unethical or illegal behavior. This is because a person would 

choose to do so when the benefit overweighs the expected cost (Becker, 1968). If we assume that 
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the expected cost of the punishment is not going to change shortly, the envy-induced desire of a 

higher utility will elicit the unethical behavior.  

Consistent with the prediction derived from economics theories, laboratory experiments 

in psychology also suggest that envy can play an important role in inducing unethical behavior 

(Schweitzer and Gibson, 2008). Using three experiments, Gino and Pierce (2009) demonstrate 

that individuals who operate in the wealthy environment but are ineligible to benefit from its 

largess will develop perceptions of inequity. In turn, these perceptions of negative inequity 

motivate unethical behavior through feelings of envy. In particular, Gino and Pierce (2009) 

suggests that the experience of envy increases the likelihood of engaging in unethical behavior 

for personal gain. Since the developments of neither economic theory nor laboratory experiment 

involves real-world settings, we seek to fill this gap by empirically examining whether a similar 

behavior pattern exists among executives in the real business environment. 

Our main hypothesis predicts that envy can lead to executive misbehavior. Since envy 

arises from social comparison (Gilbert et al., 1995), we focus on the comparison among 

executives within a geographical area. Spatial proximity can lead to strong ties between 

cooperate executives through mechanisms such as local interlocks and social interactions (Kono 

1998), which in turn facilitate information flow. For example, occasions to interact with each 

other include community charity events, golf clubs and business conferences etc. Executives in 

the same area are also more likely to be in social networks with high transitivity, meaning that 

having mutual friends who can tell stories about other executives. In this way, we are able to 

observe whether executives would keep up with their local peers through wrongful actions.  

We access two approaches to capture the scenarios under which executives might 

experience the feelings of envy: the disparity among firm performances and the pay gaps among 
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local CEOs.  Firm performances can trigger individuals to envy from two aspects: managerial 

reputation and perceived wealth level. Firm’s stock performance directly reflects the quality of 

executive’ work. Failure to keep up with peer firms will damage an executive’s managerial 

reputation. Fernandes and Guedes (2010) find that poorly-performed firms are prone to 

fraudulently inflate earnings due to concern of their reputation in the managerial labor market. In 

addition, stock price fluctuations will also influence executives’ overall levels of wealth, given 

that executives usually hold large and undiversified positions in their firms. Thus, when firms 

perform poorly, executives may experience envy due to the inferiority they encounter from 

reputation and perceived wealth level comparing to their peers.  

We further examine the effects of envy on executive misconduct by evaluating the pay 

inequity among CEOs in a geographic area. Previous evidences show that envy influence CEOs’ 

managerial decision through concerns of relative compensation. Goel and Thakor (2010) 

investigated the role of envy in causing corporate merger waves. They suggest that the reason to 

sequential mergers in an industry is because CEOs care about relative compensation. When one 

CEO gets paid more because of an increased firm size due to a merger, other CEOs will tend to 

follow. Although the above study focuses on envy induced by peers within industries, another 

work suggests that there is a positive relation between CEO compensation and the overall level 

of CEO compensation in a certain area and it is mainly driven by envy among geographically-

close CEOs. Together, it is evident that the pay inequity among local CEOs would induce envy 

and thus, it may further motivate executive misconducts.  

We choose corporate insiders’ stock trading activities as a possible channel for executives 

to pursue unethical personal interests.  Unlike outside investors, corporate insiders usually 

possess significant amount of the firms’ stock, and at the same time, obtain non-public 
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information about the firms’ value. These unique advantages allow insiders to trade on private 

information, so that they can either increase their wealth or avoid significant losses. According to 

prior findings in psychology, envy arises when individuals have the perception of negative 

inequity in wealthy environment (Gino and Pierce, 2009). Being eligible to trade on private 

information will minimize the inequity, thus mitigate insiders’ feelings of envy. However, 

trading on non-public information is commonly perceived as an illegal or wrongful behavior. 

Under U.S. securities laws, it is illegal for anyone to trade a stock based on private information 

that is relevant to its value. 

We start our analyses of insider trading by evaluating the profits generated from insiders’ 

trades, which can be viewed as a proxy for informed trading. We find that the average abnormal 

returns yield from trades made by envious insiders are higher than those generated from other 

insiders’ trades. Specifically, if insiders are from poorly-performed firms while most of their 

local peers are performing well, these insiders’ sales (purchase) are approximately 0.64% 

(1.08%) more negative (positive) in abnormal returns. The results remain consistent when we 

only consider CEOs’ trades and define envious CEO based on their compensation. We show that 

the abnormal returns follow envious CEOs’ sales are 0.75% to 2.25% more negative than other 

CEOs’ trades.  

Next, we evaluate whether envious insiders are more likely to trade when a profitable 

opportunity is presented. We estimate the likelihood to trade ahead of a large price change. If 

envious insiders possess private information and trade on it, we expect that they are more likely 

to sell (purchase) ahead of a big price decline (increase). Results from both approaches confirm 

our prediction. On average, the probability an envious insider sells in a month followed with a 
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large decrease in price is about 2% to 5 % higher than other insiders. However, we do not find 

similar evidence in insiders’ purchase trades.  

To lend more support to our research framework, we consider the counter effect of 

generosity to envy. Since social comparison leads individual to envy, more generous individual 

should care less about their relative wealth level to others. Using state-level charitable giving as a 

proxy, we find that generosity has a moderate effect on envy-induced misbehavior. For states 

with high charitable contribution, perceived relationships between envious insiders and more 

profitable trades are weaker. In contrast, in states with low level charitable contribution, the 

relationship is stronger. For example, in the full sample, returns following sales made by 

‘envious’ insiders are 62 bps more negative than other sales, while the difference reaches 97 bps 

if we only look at insiders located in states with low charitable contributions.  

This work makes several contributions. First, our analyses provide evidence that the 

conclusion drawn from both theoretical and experimental studies carry over to the actions of 

corporate executives. Consistent with prior theoretical predictions (e.g. Abel,1990 and Gali, 

1994), our findings show that real-world executives exhibit preferences that depend on relative 

consumptions and social comparison is a determinant of these individuals’ overall utilities. It 

further validates the findings derived in the behavioral labs (Gino and Pierce, 2009), which is 

under contrived settings with small rewards at stake.  

Second, our work extends the literature on managerial misconduct. In finance, much 

research aims to understand why executives misbehave, but has typically overlooked the 

psychological factors which might influence their decision making processes. Existing factors 

that have been examined include firm performance (Harris and Bromiley, 2007), compensation 

(Erickson et al., 2006; Burns and Kedia, 2006), outsider monitoring and regulation (Kedia and 
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Rajgopal, 2011) and geographical or cultural effects (e.g. Parsons et.al, 2015, Dyreng et al.2012). 

Our study suggests that emotions, like envy, can be a stimulus which justifies business leader’s 

behavior.  

Third, we contribute empirically to literature on envy from the perspective of corporate 

finance. Envy has been studied to a great extent in psychology, sociology and management. In 

the recent decade, economists have started to pay attention to envy (Goel and Thakor, 2005). 

“Equity”, “social preference” and “relative wealth” have been taken into considerations of 

individual preferences (e.g. Abel, 1990; Gali, 1994; Fehr and Schmidt 1999; and Charness and 

Rabin 2002). Studies in assets pricing also examine the relative wealth concerns. For example, 

Bakshi and Chen (1996) show that when investors care about relative social status prices can be 

more volatile. However, few studies in corporate finance have examined this matter. Goel and 

Thakor (2005) show that envy affects investment allocation in firms. By modeling envious 

agents, they find that centralized capital budgeting would result in corporate socialism whereas 

the decentralized capital budgeting would lead to overinvestment.  Furthermore, Goel and 

Thakor (2010) investigated the role of envy in causing corporate merger waves. Our study takes 

a step forward by showing that envy not only intervenes companies’ decisions on investment 

allocations and mergers and acquisitions, but also influences managers’ decisions on whether to 

compromise their own ethical standards.  

2.2 Hypothesis Development 

In this section, we formally discuss both the economic and experimental framework that 

motivate our main hypothesis. That is, envy induces executive misbehavior.  
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a. Economic Framework 

Studies in economics recognize that individuals care about the comparison in economic welfares 

between themselves and the people surrounding them, such as neighbors, peers and other social 

reference groups (Lauterbach and Reisman, 2004). That is, individuals have preferences not only 

defined over absolute consumption but also relative consumption. Goel and Thakor (2009) view 

the relative-consumption preferences is characterized by envy. Abel (1990) and Gali (1994) 

developed the “Keeping up with Joneses (KUJ)” preference, which suggests that an individual’s 

preference is derived from the person’s own consumption as well as the average consumption per 

capita in the economy. The utility function of the KUJ preference (Gali ,1994) is presented 

below:  

U(c, C) = (1 − α)−1 c(1−α)Cγα        α > 0,  γ < 1              (1) 

Where the C is the average consumption level in economy, c denotes the household's own 

consumption level at the end of the period, and γ is the "risky share". That is, the fraction of 

wealth allocated to equity. The second-order derivative of the marginal utility is:  

                                   
𝜕2𝑈

 𝜕𝑐𝜕𝐶
=  γαC(γα−1)c −α                              (2)   

Gali (1994) argues that when the sign of  γ determines the effects of consumption externalities. 

When γ > 0, an increase in average consumption will increase the marginal utility of the 

individual’s own consumption, which means that any given addition to his current level of 

consumption becomes more valuable. This property makes the individual wants to “keep up with 

the Joneses”.  

We assume that executives exhibit the KUJ preference.  Thus, when the level of average 

consumption increases due to an increased consumption level among most of their peers, 

executives who are behind would now have the incentive to increase consumption in order to 
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achieve higher utility. However, if this desire to increase his consumption cannot be achieved 

properly, it might induce unethical/illegal behavior. According to Becker (1968)’s cost-benefit 

model for rational crime, would-be criminals will break the rule when the benefits of doing so 

exceeds the expected punishment. Therefore, having the eager to “keep up” might induce 

individuals to engage in inappropriate behaviors.  

b. Experimental Framework 

 Gino and Pierce (2009) provide direct evidence that envy provoke by the presence of abundant 

wealth will lead to unethical behavior through controlled laboratory experiments. They give 

participant a task and allow them to cheat by overstating their performance during the task. They 

first investigated that whether the presence of abundant wealth induce cheating. In the wealthy 

condition, by a large pile of cash on the tables in the room where the experiment took place, they 

found that more people cheated on their task. They later find that the potential mechanisms 

behind this effect is envy. This is because that individuals who are not able to benefit from the 

largess form the wealthy environment will develop perceptions of inequity. In turn, the negative 

inequity will induce envy which would motivate unethical behavior.  

 Together, we think it is reasonable to predict that corporate executives will be more likely 

to make unethical decisions when they are experiencing feelings of envy. 

2.3 Methodology and Data  

a. Hypothesis Testing  

Our hypothesis requires us to identify a specific group of insiders who are most likely to 

experience the feelings of envy. According to previous findings, individuals care about their 

social status and social comparison induces envy, especially under a wealthy environment and 

relevant to one’s financial condition (Gino and Pierce, 2009).  Therefore, we obtain the 
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designated groups of envious insiders based on evaluations of firm performance and executive 

compensation.  

We start with examining all insiders’ trades from the dataset and identify envious insiders 

by evaluating the disparity of firms’ performances in different geographic areas.  To obtain such 

group, we follow four steps. First, we label firms whose market capitalization increased more 

than 50% over the past 12-month period as “Well-Performed Firms”.   Second, we calculate the 

density of the well-performed firms in each geographic area. We use metropolitan areas as our 

geographic unit.  More specifically, we calculate the ratio of the total market capitalization of 

star firms to the total market capitalization of all firms headquartered in the same area. Third, we 

rank all the areas into quintiles based on the density of star firms in each month. This ranking 

measures the proportion of local firms that are performing well. The higher the rank indicates 

proportionally more firms in an area are experiencing increases in their market values. Fourth 

and lastly, we focus on firms located in the Best Performed Areas, but had negative changes in 

market values during the same time period. For a firm that is located in a top-ranked area, it 

means that the majority of its local peers is performing well. However, since the firm is 

experiencing a falling market value, we believe that the insiders in this firm are more likely to 

envy.   

Next, we focus on trades made by envious CEOs, who suffer substantial pay gaps from 

their local peers. To obtain these traders, we first calculate the residual pay, which is defined as 

the observed total compensation (TDC1) less the estimated value derived from a standard set of 

firm characteristics.7 Therefore, the residual pay measures whether CEOs are paid as expected. 

Then, for each fiscal year, we calculate the standard deviation of the residual pay in each area, 

                                                 
7 These variables include: total assets, ROA, leverage, book to market, stock volatility, and CEO tenure. All 

variables are lagged by one fiscal year. Year and firm fixed effects are also controlled.  
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indicating the inequality among local CEO compensations. Similar to the above approach, we 

rank all the metropolitan areas in quintiles by its pay inequality. We focus on CEOs who are 

underpaid based on their residual pay and located in the top-ranked inequality areas. This is 

because that misbehavior pattern induced by envy might not be strictly monotonic.  We only 

expect to capture these behavior in individuals who are most likely to envy. 

We examine corporate insiders’ trading behavior in two ways. First, we evaluate the 

profitability of insider trades.  Similar to Daniel et al. (1997), we evaluate abnormal returns as 

the excess of a firm’s one-month total return relative to the return on a portfolio of firms formed 

similar in size, market-to-book, and recent return momentum. Various studies have shown that 

insider trades generate abnormal returns when they trade their stocks opportunistically by 

possessing private information. 8  According to our hypothesis, insiders who envy are more 

likely to trade on private information. Therefore, we expect to find that trades made by those 

insiders who are classified as envious from our approaches are more profitable compare to trades 

executed by other traders.  

Second, we examine the likelihood that insiders trade when a profitable opportunity is 

presented. We expect that envious insiders will have a higher probability to exploit profitable 

opportunities. That is, we explore whether the odds of trading prior to large price changes are 

higher for envious insiders. To test this behavior, we apply linear probability models to predict 

the likelihood that insiders to sell (or purchase) in a month prior to a larger decline (or increase) 

in their own firms’ stock prices.  

                                                 
8  Previous researchers including Lorie and Niederhoffer (1968); Jaffe (1974); Finnerty (1976); Seyhun (1986, 1992, 

1998); Chowdhury, Howe, and Lin (1993); Bettis, Vickrey, and Vickery (1997); Lakonishok and Lee (2001); Jeng, 

Metrick, and Zeckhauser (2003); Agrawal and Cooper (2008); Agrawal and Nasser (2012); Cohen, Malloy, and  

Pomorski (2012); Alldredge and Cicero (2014), and Biggerstaff, Cicero and Wintoki (2015), among others. 
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b. Data   

Our research design requires information on metropolitan areas where firms’ 

headquarters are located. We first obtain zip codes of metropolitan areas defined under the Core 

Based Statistical Areas (CBSA) from the Census Bureau. A CBSA is a U.S geographic area that 

containing one substantial population nucleus, together with adjacent communities that have a 

high degree of economic and social integration with the core (US Census Bureau)9. We then use 

the variable ADDZIP from COMPUSTAT to identify the current zip code of each firm’s 

headquarter. Upon merging these datasets, we are able to match each firm’s headquarter with its 

corresponding metropolitan area. 10 

We obtain data on insider trading from Thomson Reuters. The Securities and Exchange 

Commission (SEC) requires corporate insiders to disclose their transactions. According to the 

SEC, corporate insiders are a company’s officers, directors, and any beneficial owners of more 

than 10% of a class of the company’s equity securities. Since our analyses mainly focus on 

insider’s stock trading behavior, we only include open market transactions. For each insider, 

every trade month is classified as sale or purchase month based on the changes in his/her net 

position. We use the entire time span available from the insider trading data from 1986 to 2016. 

We calculate abnormal returns yield from insider trades using stock return data from CRSP and 

financial statement information is obtained from COMPUSTAT. Lastly, measures of CEO 

compensation come from Execucomp. Since the compensation data starts from 1992, our 

analyses related to CEO compensation have a sample period from 1992 to 2016.  

                                                 
9 The Core Based Statistical Area (CBSA) is a new standard defined by the Office of Management and Budget in 

2003 to replace the previous definitions of metropolitan areas in 1990.  Formal definitions of CBSA can be found at 

Census Bureau’s website (https://www.census.gov/geo/reference/gtc/gtc_cbsa.html)  
10 To mitigate the concerns of corporate relocation, we ran robustness tests that only include observations from the 

most recent five years. Within five years, it is very rare that a company would changes its headquarter locations. The 

results are robust to our main analyses.  
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Table 1 exhibits the descriptive statistics of the constructed sample. On average, there are 

approximately 100 firms from 18 industries headquartered in each area. All firm characteristics 

are measured at the end of each fiscal year. Firms in the overall sample has an average market 

capitalization of 2.5 billion dollars, and an average book to market ratio of 0.8. The mean of 

CEO total compensation is 5 million per year. Panel B of Table 1 presents the distribution of the 

variables defined in our analyses. The median of the Changes in Market Capitalization of a 

rolling 12-month window is 3% for all trade months. Density of Well-Performed Firms measures 

the fraction of well-performed (changes in market cap exceed 50%) to all firms headquartered in 

area, measured in market capitalization. Its median is 8.1%.  The median of calculated CEO 

residual pay is -0.07, slightly below zero.  

-Table 1- 

2.4 Empirical Results  

a. Profitability of Insider Trades 

We hypothesized that envious insiders are more likely to trade on private information. In 

this section, we focus on the profitability of insider trades made by the designated group of 

insiders who are most likely to envy. We compare the abnormal returns following their trades to 

other insiders in our sample. We start with the analysis which examines trades in the entire 

dataset and identify envious insiders as those whose firm performed poorly in the previous 12-

month while most of their local peer firms are doing well.  

Table 2 reports OLS regressions evaluating the returns following insider’ trade months. 

The key independent variable is the interaction term between the Best Performed Area and 

Poorly-Performed Firm. Best Performed Area is a dummy variable which equals one if the area 

in which a firm headquartered is ranked in the top quintile based on the density of star firms. 
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Poorly-Performed Firm is also a dummy variable which equals one if the changing in market 

capitalization over the previous 12-month period is negative. The interaction term captures firms 

that are experiencing a decrease in firm value but located in an area in which the majority of the 

firms are having a positive change in their values. We expect that under our setting, insiders 

affiliated with those firms are the ones who are mostly like to envy.  

-Table 2- 

The regression in Column 1 includes all variables mentioned above. The coefficient of 

Poorly-Performed Firm is -0.94% and significant at 1% level. It shows that sales made by 

insiders located in non-best performed areas and experienced declines in firm market value 

generate 93 bps more in abnormal returns than firms with positive performances. This 

relationship becomes stronger when insiders are located in the top-quintile areas: the coefficient 

of the interaction term is -0.65% and significant at the 5% level.  Since the sample period spans 

from 1986 to 2013 and includes firms in various industries and headquartered in different areas, 

either a time trend or unobserved industry/area characteristics could impact the results. To 

control for these factors, the regression in Column 2 includes industry, month and area fixed 

effects. After controlling for these fixed effects, the coefficient on the interaction term drops 

slightly to 62 bps but remains significant at 5% level.  

Results from similar regressions evaluating insiders’ purchases are largely consistent with 

insiders’ sales. In Column 4, the coefficient of Poorly-Performed Firm is -0.70%. This means 

that when insiders are located in other (non-top quintile) areas, returns following purchases made 

by insiders from Poorly-Performed Firms are 70 bps less profitable than traders from positive-

performed firms. The coefficient of the interaction term is 1.08% and significant at 5% level. It 

indicates that when insiders are from top-quintile areas, purchases made by traders from Poorly-
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Performed Firms are 38 bps (1.08%-0.69%) more profitable than purchases made by insiders 

from positive-performed firms. In other words, being in the top-quintile areas leads insiders from 

Poorly-Performed Firms more likely to trade on private information.  

  We then turn to the analyses examining pay gaps among local Chief Executive Officers. 

In these analyses, we focus solely on CEOs. CEOs are usually the highest paid employee in a 

company. In addition, CEOs at publics firms from the same area would have many social ties 

with each other. Therefore, if envy indeed leads to a higher propensity of misbehaviors, CEOs 

should be more sensitive to the performance of their firm relative to the local peers. Thus, we 

expect to see a larger marginal effect of envy on CEOs’ trading behavior.  

 Table 3 presents the multivariate analyses examining abnormal returns following CEOs’ 

trades. The dependent variable is the one-month DGTW excess return.  We use the residual pay 

as our measure of CEO compensation. The pay disparity is then calculated as the standard 

deviation of local CEOs’ residual pay in the previous fiscal year. Thus, Underpaid CEO is a 

dummy which equals one if a CEO’s lagged residual compensation is below a certain threshold 

among local peers. Top Pay-disparity Area is also a dummy which equals one if an area ranks at 

the top quintile based on the pay disparity measure. The key independent variable is the 

interaction term between Underpaid CEO and Top Pay-disparity Area. We also include CEO 

specific variables to control for the heterogeneity among CEOs. In addition, for all 

specifications, month, area and industry fixed effects are included. Our hypothesis predicts that 

CEOs are more likely to envy when they suffer big pay gaps among their local peers. Thus, we 

expect to observe that trades executed by underpaid CEOs who are in areas with large pay 

disparity are more profitable.  

-Table3- 
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The results from sell trades in Table 3 are consistent with our prediction. When we define 

Underpaid CEO as their compensations are below local median (Column 1), the coefficient of 

the interaction term is -0.949 and significant at 1% level, suggesting that return yield from 

envious CEOs’ sales are 0.95% more negative than trades made by other CEOs.  The results 

remain robust to different ways to classify underpaid CEO. However, unlike the results from the 

approach examining firm performance, we do not find similar evidence that purchase trades 

made by envious CEOs generate more positive abnormal returns. 

b. Likelihood of Trading  

Our analyses on the profitability of insider trades show that insiders who are more likely 

to experience the feeling of envy generate higher abnormal returns from their trades. It implies 

that, with the presence of envy, an individual is more likely to engage unethical or illegal 

behavior. However, it is not clear that our results are mainly driven by the changes in the 

willingness to trade stock on private information. An alternative explanation could be that the 

results reflect the differences in the return distribution across months. In this section, we propose 

an analysis to test whether insiders are more likely to seize the profitable opportunities when 

they are most likely to envy.  

Again, we attempt to use both approaches to investigate whether insiders trade before 

prices move in a favorable direction. Table 4 presents the approach where envious insiders are 

defined over firm performance. We estimate linear probability models to predict the likelihood of 

trading when a profitable opportunity is presented. In particular, we categorize firm-months by 

whether the abnormal returns in the next month are: (1) less than -10%; (2) between -10% and 0; 

(3) between 0 and +10%; or (4) greater than 10%. All calendar trader-months are included as 

observations in these regressions. We run separate regressions where we define the dependent 
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variable as a dummy variable which equals 1 if a month is in one of the above categories, 0 

otherwise. We include a dummy variable Trade which equals one if at least one trade is made 

during a month. Next, the Trade dummy is interacted with the dummy variable Poorly-

Performed Firm.  

Panel A of Table 4 displays the results from insiders’ sell trades. Column 1 through 

Column 4 include observation of insiders who are in areas which has the highest density of well-

performed firms. The coefficient on Poorly-Performed Firm *Trade in column 1 shows that 

insiders from poorly-performed firms are more likely to sell their shares prior to the stock price 

drops for more than 10%. The coefficient of the interacted term is 1.77% and is significant at the 

10% level. However, we did not observe a similar pattern from insiders in lower ranked areas 

(Column 5 to 8). The coefficient of the interaction term in column 5 is insignificant. Together, 

this set of results show that envious insiders are more likely to sell ahead of a big decline in stock 

prices. Panel B presents the results from purchase trades. We expect to see that envious CEOs 

are more likely to purchase before an increase in stock price. Thus, we expect to have a positive 

and significant coefficient of the interaction term in column 3 or 4. However, the coefficient in 

column 3 is positive but it is not statistically significant.  

-Table 4- 

We apply a similar framework to the analyses for envious CEOs.  Instead, we are 

interacting the Trade dummy with the Underpaid CEO dummy. Again, we separate the sample 

into two subsamples. One with observations from areas whose pay disparity among CEOs are 

ranked at the top 20 percentile in a fiscal year. The other subsample includes the rest 

observations. Consistent with prior results, CEOs who are underpaid and located in areas with 

the highest pay disparity are more likely to trade prior to a big decline in stock price. The 
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coefficient of the interaction term in column 1 is 0.05 and significant at the 5% level. For 

purchase trades, it shows that envious CEOs are more likely to purchase prior to a price change 

in the range between -10% and 0. However, there is no direct evidence showing that they are 

more likely to purchase prior to an increase in price.  

-Table 5- 

c. Moderation Effect of Charitable Contributions 

The evidence thus far supports the hypothesis that the insiders who are most likely to experience 

envy have a greater propensity to trade stock based on private information.  To further confirm 

this relationship, we consider a possible moderate effect of charitable contribution on envy. 

Charitable giving can be viewed as a proxy for generosity. Social comparison is the building 

block of envy (Gilbert et al., 1995). The more generous individual should care less about the 

relative comparison -- Aristotle regards generosity as the virtue by which someone is not 

“bound” by concerns about his possessions (Pakaluk, 2005). If someone cares less about his own 

possession, it is reasonable to believe that he would care less about the fact that someone else is 

doing better as well. Thus, we predict that a high level of generosity will indicate less negative 

impacts of envy on inducing unethical behavior.  

We use state-level individual charitable contributions as a measure of local generosity. 

We adopt such measure from the Urban Institute, who obtained the raw taxes filing data from the 

Statistics of Income Bulletin published by the IRS. For each year from 1995 to 2013, we use the 

quartile of the state's "Average charitable contribution per return as a percentage of adjusted 

gross income per return”. The "Average charitable contribution per return” is calculated as the 

total amount of charitable deductions itemized in a state divided by the total number of filers. For 
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our tests, we define a state as a high (low) charitable contribution state if the measure of the state 

is above (below) median in a given year.  

We impose the profitability tests on sub-samples based on high and low charitable giving 

states. Table 6 and Table 7 show the results from both the firm performance and CEO 

compensation approach, respectively. In Table 6, for sale trades, the coefficient of the interaction 

term for insiders in high charitable contribution states is statistically insignificant. This indicates 

that insiders who reside in the states with high-level charitable giving are less likely to have 

preferences exhibiting envy. On the other hand, we observe a stronger relationship between the 

envious insider and the returns following their sales when they are located in states with low-

level charitable contribution. Abnormal returns following their trades are 97 bps more negative, 

whereas, in the full sample, it is only 62 bps. For purchase trades, the relationship is stronger 

when envious insiders are from states with low-level charitable giving. The abnormal return 

following is 1.11% more positive in those states while the coefficient is insignificant in the sub-

sample for states with high-level of charitable contribution. Results are largely consistent in 

Table 7. Abnormal returns following envious CEOs’ sell trades are more negative if the CEO 

resides in states with lower level of charitable contribution.  

2.5 Conclusion  

We provide evidence that envy can be a determinant of suspect corporate behavior. We 

present two possible channels that might induce executives to envy and thus promote corporate 

misbehavior: (1) Failed to keep up in firm performance with local peers while the majority of the 

firms in an area is well-preformed; (2) Corners of relative compensations among local peers, 

especially when the pay-disparity in an area is high.  Our results are consistent with the 

prediction derived from economic theories and the conclusion drawn from laboratory 
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experiments. We show that envy-induced insider trades generate higher abnormal returns. 

Envious insiders are also more likely to sell their stocks when they possess non-public negative 

information. Moreover, we show that the negative impact of envy faded with the presence of 

generosity. Collectively, corporate insiders appear to engage in more misbehavior when they are 

experiencing the feeling of envy.  

This study extends our understanding of the causes of unethical behavior. Perceived 

inequity and the ensuing emotion of envy can occur under plentiful of situations in the business 

world. It is important to recognize whether, and to what extend envy triggers unethical conducts. 

Our study complements the literature on the considerations of envy in corporate finance and 

constitutes an important step towards the complex effects of similar social-relational factors 

toward human economic understanding behavior. 
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2.7 Tables for Chapter 2 

 

Table 2.1: Descriptive Statistics 

This table reports descriptive statistics of constructed sample. Area is defined as Core-Based Statistical Area 

(CBSA) Metropolitan area. The industry classifications used are Fama-French 48. Size is measured as the 

market capitalization. Book to Market is the natural log of Book to Market ratio. ROA is the return on assets. 

Leverage is calculated as total liabilities scaled by total assets. Changes in Market Cap is the change in market 

capitalization in the previous 12-month. Local Star firms are defined as firms with the rate of change in MC 

between t-13 month and t-1 month greater than 50% in an area-month. Density of Well-Performed Firms is the 

fractions of star firms’ total market cap to the total market cap in an area-month. Residual Pay is the observed 

CEO total compensation (TDC1) less the estimated value derived from a standard set of firm characteristics 

Penal A: Firm Characteristics and Area Characteristics  

Variable Mean  Std.  Min  Max  

Size (in $1M) 2458 13561 0.13 626550 

Net Income (in $1M) 122 1050 -99289 45220 

Total Assets (in $1M) 5013 42729 0.22 2573126 

Book to Market  0.8 1.8 0.0 294 

ROA -0.02 0.3 -32.9 4.8 

Leverage 0.5 0.3 0.0 8.6 

CEO Total Compensation (in $1M) 5 11 0.0 655 

CEO Tenure (in month) 105 90 0 740 

CEO Age  55 7 31 96 

Number of Firm per Area  100 197 10 1532 

Number of Insiders per Area  922 1665 51 12384 

Number of Industry (ff48) per Area 18 11 2 45 

Number of Firm per Industry per Area 6 15 1 343 

Panel B: Distribution of Constructed Variables  

Variable 10% 25% 50% 75% 90% 

Change in Market Cap, Trade Month 
-43.9% -19.2% 3.0% 22.2% 36.7% 

Change in Market Cap, All Month  
-46.9% -20.7% 7.0% 41.1% 96.6% 

Density of Well-Performed Firms 
0.0% 1.3% 8.1% 23.1% 45.8% 

Standard Deviation of Residual Pay 
0.675 0.817 0.977 1.080 1.184 

Residual Pay, full sample  
-1.313 -0.749 -0.070 0.583 1.160 

Residual Pay, by Area-fiscal year, median  
-0.931 -0.467 -0.069 0.232 0.553 

Residual Pay, by Area- fiscal year, mean  
-0.922 -0.463 -0.086 0.199 0.481 

Residual Pay, by Area- fiscal year, p25 
-1.386 -0.982 -0.604 -0.267 0.132 

Residual Pay, by Area- fiscal year, p10 
-1.770 -1.381 -0.991 -0.489 0.003 
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Table 2.2: Regression Analysis of Insider Trading Profits, All Insiders 

This table reports OLS regressions of insider trades' profitability on Best Performed Area dummy and Poorly-Performed Firm dummy. Local Star firms 

are defined as firms with the rate of change in MC between t-13 month and t-1 month greater than 50% in an area each month. Best Performed Area is a 

dummy which equals one if a firm is located in the Best Performed Areas in which the MC fractions of star firm are the largest in each month.  Poorly-

Performed Firm is a dummy variable which equals 1 if a firm's change in Market cap is negative from previous-12 month. Returns yield from trades 

made by insiders are measure as the DGTW excess return in the month following the trading. Star firms are excluded from the sample. Month FE, 

Industry (ff48), and Area FE are included.  Standard errors are clustered at the area level. Robust standard errors in parentheses. ***, **, and * represent 

significance at the 1%, 5% and 10% levels, respectively.   

Dependent Variable: DGTW Excess Return (1,1) Sell    Purchase 

  (1) (2)  (4) (5) 

Best Performed Areas -0.124 0.175  -0.250 -0.113 

 (0.171) (0.165)  (0.280) (0.301) 

Poorly-Performed Firm -0.939*** -0.540***  -0.696*** -0.224 

 (0.0792) (0.0958)  (0.163) (0.145) 

Poorly-Performed Firm* Best Performed Areas -0.647** -0.621**  1.081** 0.941** 

 (0.279) (0.288)  (0.413) (0.401) 

Constant -1.392*** 7.582  -0.369*** 2.129 

 (0.0660) (7.166)  (0.0940) (9.425) 

      
Observations 159,694 159,694  79,242 79,242 

R-squared 0.00276 0.02441  0.00059 0.02167 

Month FE  Yes   Yes 

Industry FE   Yes   Yes 

Area F    Yes     Yes 
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Table 2.3: Regression Analysis of Insider Trading Profits, CEOs 
This table compares the average abnormal return yield from trades by underpaid CEOs and other CEOs in the top areas based on the compensation disparity.   

Following Daniel, Grinblatt, Titman, and Wermers (1997), the abnormal returns (DGTW Excess Ret, expressed in percentage) are calculated as the excess of a 

firm’s one-month total return relative to the return on a portfolio of firms formed similar in size, market-to-book, and recent return momentum.  For each fiscal 

year, CBSA areas are ranked based on the standard deviation of local CEOs' residual pay, based on their total compensation.  Top Pay-disparity Area is a dummy 

variable equals one if the area ranks at the top quintile of the residual pay standard deviation.  Underpaid CEO dummy equals one if a CEO's total compensation 

is below the mean or median of local CEOs' residual pay in the previous fiscal year.  Age is the age of CEO. Tenure is the number of month of he/she holds the 

position. Stock holding is logged number of shares held by CEO. Total cash compensation is the dollar amount of salary and bonus. All explanatory variables are 

lagged by one fiscal year. Month FE, Industry (ff48), and Area FE are included. Standard errors are clustered at the area level. Robust standard errors in 

parentheses. ***, **, and * represent significance at the 1%, 5% and 10% levels, respectively. 

  Sell   Purchase 

          Underpaid CEO defined as below:  Median Mean  25% 10%  Median Mean  25% 10% 

  (1) (2) (3) (4)  (5) (6) (7) (8) 

Underpaid CEO  -0.272 -0.308 0.397 0.131  0.342 0.512 0.227 1.250 

 (0.203) (0.196) (0.244) (0.497)  (0.477) (0.492) (0.653) (0.850) 

Top Pay-disparity Area  0.198 0.0931 0.243 -0.0844  1.022 1.140 1.051 0.972 

 (0.316) (0.325) (0.280) (0.275)  (0.781) (0.833) (0.683) (0.619) 

Underpaid CEO *Top Pay-disparity Area  -0.949*** -0.749** -2.250*** -1.946*  -0.670 -0.968 -1.496 -2.993 

 (0.329) (0.334) (0.553) (1.026)  (1.057) (1.186) (1.356) (2.642) 

Age  -0.0133 -0.0132 -0.0123 -0.0113  -0.0425 -0.0430 -0.0419 -0.0436 

 (0.0167) (0.0166) (0.0168) (0.0168)  (0.0351) (0.0353) (0.0353) (0.0351) 

Tenure  0.00188* 0.00183* 0.00138 0.00129  0.00144 0.00119 0.00191 0.00153 

 (0.000968) (0.000970) (0.000955) (0.00102)  (0.00223) (0.00227) (0.00237) (0.00219) 

Share Holding  0.00194 0.00444 0.0232 0.0238  0.228 0.231 0.224 0.233 

 (0.0651) (0.0647) (0.0617) (0.0603)  (0.142) (0.142) (0.144) (0.148) 

Number of CEO  0.00932 0.00881 0.0110 0.00961  -0.0400* -0.0402* -0.0405* -0.0407* 

 (0.00716) (0.00716) (0.00730) (0.00714)  (0.0219) (0.0222) (0.0221) (0.0221) 

Total Cash Compensation  0.0924 0.0996 0.121 0.131  0.253 0.270 0.200 0.262 

 (0.110) (0.110) (0.115) (0.113)  (0.258) (0.263) (0.281) (0.277) 

Constant 7.528** 7.501** 7.527*** 7.241**  0.626 0.527 0.802 0.528 

 (2.940) (2.939) (2.784) (2.825)  (3.251) (3.290) (3.254) (3.264) 

Observations 12,433 12,433 12,433 12,433  4,632 4,632 4,632 4,632 

R-squared 0.0482 0.0481 0.0489 0.0479  0.0938 0.0940 0.0940 0.0943 

Month FE Yes Yes Yes Yes  Yes Yes Yes Yes 

Area FE Yes Yes Yes Yes  Yes Yes Yes Yes 

Industry FE  Yes Yes Yes Yes   Yes Yes Yes Yes 
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Table 2.4: Likelihood of Trading, All Insiders  

This table presents the linear probability model predicting the likelihood of insider trading ahead of different return outcomes. All calendar months in our 

sample period are included for each firm. Following Daniel, Grinblatt, Titman, and Wermers (1997), the abnormal returns (DGTW Excess Ret, expressed 

in percentage) are calculated as the excess of a firm’s one-month total return relative to the return on a portfolio of firms formed similar in size, market-

to-book, and recent return momentum. Column (1) and (5) presents regressions in which the dependent variable equals 1 if the DGTW excess return in 

the following month is less than -10%. Column (2) and (6) presents regressions in which the dependent variable equals 1 if the DGTW excess return in 

the following month is between -10% and 0. Column (3) and (7) presents regressions in which the dependent variable equals 1 if the DGTW excess return 

in the following month is in between 0 and 10%. Column (4) and (8) presents regressions in which the dependent variable equals 1 if the DGTW excess 

return in the following month is more than 10%. Trade is a dummy which equals 1 if at least one insider in a firm traded in that month, 0 otherwise.  

Months in which no trades in a firm were made are recorded as zero shares traded. Other variables are defined in Table 2. Month FE, Industry (ff48), and 

Area FE are included. Standard errors are clustered at the area level. Robust standard errors in parentheses. ***, **, and * represent significance at the 

1%, 5% and 10% levels, respectively. 

Panel A: Sell 

 Best Performed Areas   Other Areas 

                 Return was: <-10% (-10%,0) (0, 10%) >10%  <-10% (-10%,0) (0, 10%) >10% 

 (1) (2) (3) (4)  (5) (6) (7) (8) 

Trade 0.0202*** 0.0170** -0.00943 -0.0281***  0.0165*** 0.0218*** -0.0173*** -0.0210*** 
 (0.00564) (0.00677) (0.00669) (0.00358)  (0.00299) (0.00332) (0.00209) (0.00146) 

Poorly-Performed Firm 0.0398*** -0.0314*** -0.0327*** 0.0254***  0.0458*** -0.0359*** -0.0339*** 0.0251*** 
 (0.00443) (0.00607) (0.00588) (0.00372)  (0.00216) (0.00219) (0.00237) (0.00132) 

Trade*Poorly-Performed Firm 0.0177* 0.00358 -0.0160 -0.00528  0.00385 0.00271 0.000504 
-

0.00754*** 
 (0.00967) (0.0108) (0.0130) (0.00740)  (0.00325) (0.00461) (0.00467) (0.00238) 

Constant -0.0323 0.0471 -0.00824 0.994***  -0.0468* 0.311 0.171 0.564** 

 (0.0480) (0.0832) (0.0562) (0.0502)  (0.0267) (0.251) (0.153) (0.271) 

Observations 221,039 221,039 221,039 221,039  2,142,638 2,142,638 2,142,638 2,142,638 

R-squared 0.0725 0.0477 0.0401 0.0530   0.0585 0.0245 0.0222 0.0320 

Month FE Yes Yes Yes Yes  Yes Yes Yes Yes 

Area FE Yes Yes Yes Yes  Yes Yes Yes Yes 

Industry FE  Yes Yes Yes Yes  Yes Yes Yes Yes 
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Panel B: Purchase                   

  Best Performed Areas   Other Areas 

                 Return was: <-10% (-10%,0) (0, 10%) >10%  <-10% (-10%,0) (0, 10%) >10% 

 (1) (2) (3) (4)  (5) (6) (7) (8) 

Trade 0.00152 -0.0155 -0.000555 0.0106  0.0248*** -0.0221*** -0.00204 -0.00464 

 (0.00939) (0.0140) (0.00411) (0.0146)  (0.00336) (0.00405) (0.00452) (0.0112) 

Poorly-Performed Firm 0.0482*** -0.0364*** 0.0590*** -0.0355***  0.0237*** -0.0422*** -0.0400*** -0.0724*** 

 (0.00697) (0.00729) (0.00267) (0.00666)  (0.00157) (0.00225) (0.00257) (0.00835) 

Trade*Poorly-Performed Firm -0.0126 -0.0121 0.00411 -0.00980  0.0173*** -0.00964** -0.0117** -0.0218* 

 (0.00964) (0.0212) (0.00530) (0.0196)  (0.00439) (0.00413) (0.00539) (0.0130) 

Constant 0.000507 0.0162 0.150 0.816***  0.572* 0.266 0.0115 0.833*** 

 (0.0302) (0.0845) (0.187) (0.141)  (0.310) (0.211) (0.0460) (0.0822) 

          
Observations 135,178 135,178 1,282,349 135,178  1,282,349 1,282,349 1,282,349 135,178 

R-squared 0.0838 0.0545 0.0712 0.0482   0.0301 0.0322 0.0289 0.1305 

Month FE Yes Yes Yes Yes  Yes Yes Yes Yes 

Area FE Yes Yes Yes Yes  Yes Yes Yes Yes 

Industry FE  Yes Yes Yes Yes  Yes Yes Yes Yes 
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Table 2.5: Likelihood of Trading, CEOs 
This table presents the linear probability model predicting the likelihood of insider trading ahead of different return outcomes. All calendar months in our sample 

period are included for each firm. Following Daniel, Grinblatt, Titman, and Wermers (1997), the abnormal returns (DGTW Excess Ret, expressed in percentage) 

are calculated as the excess of a firm’s one-month total return relative to the return on a portfolio of firms formed similar in size, market-to-book, and recent 

return momentum. Column (1) and (5) presents regressions in which the dependent variable equals 1 if the DGTW excess return in the following month is less 

than -10%. Column (2) and (6) presents regressions in which the dependent variable equals 1 if the DGTW excess return in the following month is between -10% 

and 0. Column (3) and (7) presents regressions in which the dependent variable equals 1 if the DGTW excess return in the following month is in between 0 and 

10%. Column (4) and (8) presents regressions in which the dependent variable equals 1 if the DGTW excess return in the following month is more than 10%. 

Trade is a dummy which equals 1 if at least one insider in a firm traded in that month, 0 otherwise.  Months in which no trades in a firm were made are recorded 

as zero shares traded. Other variables are defined in Table 3. Underpaid CEO here is defined as CEOs’ compensation is below the 25 percentiles in an area. 

Month FE, Industry (ff48), and Area FE are included. Standard errors are clustered at the area level. Robust standard errors in parentheses. ***, **, and * 

represent significance at the 1%, 5% and 10% levels, respectively. 

Panel A: Sell                    

  Top Pay-disparity Area    Other Areas 

 <-10% (-10%,0) (0, 10%) >10%  <-10% (-10%,0) (0, 10%) >10% 

 (1) (2) (3) (4)  (5) (6) (7) (8) 

Trade 0.000945 0.00734 0.0295*** -0.0384***  0.0130*** 0.0123** 0.0147*** -0.0400*** 

 (0.00552) (0.00867) (0.0103) (0.00744)  (0.00387) (0.00593) (0.00546) (0.00512) 

Underpaid CEO  0.00555 0.00710 0.00588 -0.0186**  0.00456 0.0105*** 0.00681* -0.0222*** 

 (0.00727) (0.00618) (0.00758) (0.00786)  (0.00301) (0.00401) (0.00402) (0.00446) 

Trade*Underpaid CEO  0.0502** -0.00305 -0.0503** 0.00363  -0.00499 -0.0113 -0.00781 0.0248*** 

 (0.0196) (0.0181) (0.0247) (0.0206)  (0.00844) (0.00921) (0.0111) (0.00735) 

Age  -0.00122*** 0.00212*** 0.00217*** -0.00308***  -0.000733*** 0.00141*** 0.00114*** -0.00180*** 

 (0.000398) (0.000377) (0.000512) (0.000403)  (0.000263) (0.000261) (0.000263) (0.000265) 

Tenure  6.77e-05 -5.88e-06 -5.40e-05 -9.99e-06  7.23e-05*** -1.26e-05 -3.56e-05* -2.37e-05 

 (4.52e-05) (3.76e-05) (7.03e-05) (4.85e-05)  (1.80e-05) (2.62e-05) (2.12e-05) (2.57e-05) 

Share Holding  0.000220 -0.000265 -0.000102 0.000131  0.000119 5.00e-05 -0.000454** 0.000290 

 (0.000335) (0.000345) (0.000364) (0.000442)  (0.000196) (0.000228) (0.000219) (0.000210) 

Number of CEO  0.00178 -0.00360* -0.00437** 0.00620***  -0.000637 -0.00150 -0.000378 0.00257* 

 (0.00113) (0.00204) (0.00169) (0.00185)  (0.00114) (0.00116) (0.00118) (0.00135) 

Total Cash Compensation  -0.0311*** 0.0235*** 0.0351*** -0.0271***  -0.0328*** 0.0257*** 0.0467*** -0.0390*** 

 (0.00389) (0.00330) (0.00495) (0.00630)  (0.00333) (0.00293) (0.00423) (0.00484) 

Constant 0.253*** -0.332*** -0.0845 1.160***  0.248*** 0.356*** 0.0866 0.303*** 

 (0.0423) (0.0364) (0.0857) (0.0674)  (0.0315) (0.123) (0.145) (0.0485) 
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Observations 46,139 46,139 46,139 46,139  152,393 152,393 152,393 152,393 

R-squared 0.0614 0.0329 0.0377 0.0652   0.0399 0.0225 0.0241 0.0489 

Month FE Yes Yes Yes Yes  Yes Yes Yes Yes 

Area FE Yes Yes Yes Yes  Yes Yes Yes Yes 

Industry FE  Yes Yes Yes Yes  Yes Yes Yes Yes 

 Panel B: Purchase 

  Top Pay-disparity Area    Other Areas 

 <-10% (-10%,0) (0, 10%) >10%  <-10% (-10%,0) (0, 10%) >10% 

 (1) (2) (3) (4)  (5) (6) (7) (8) 

Trade -0.0218 -0.00509 0.00343 0.0458***  -0.0214*** -0.00384 0.00810 0.0394*** 

 (0.0156) (0.0207) (0.0177) (0.0157)  (0.00703) (0.0106) (0.00799) (0.00746) 

Underpaid CEO  -0.00923 0.0136* 0.00158 0.0135*  -0.00689* 0.0105** 0.00655 0.0119*** 

 (0.00877) (0.00724) (0.0119) (0.00715)  (0.00352) (0.00440) (0.00409) (0.00349) 

Trade*Underpaid CEO  -0.0432* 0.0644* 0.0133 -0.0593*  0.0242 -0.0254* -0.00969 -0.0115 

 (0.0220) (0.0369) (0.0408) (0.0343)  (0.0170) (0.0146) (0.0178) (0.0157) 

Age  -0.00109** 0.00184*** 0.000556 -0.00132**  -0.000654* 0.00133*** 0.000803** -0.00116*** 

 (0.000476) (0.000589) (0.000669) (0.000520)  (0.000332) (0.000434) (0.000381) (0.000246) 

Tenure  1.99e-05 -6.21e-06 4.43e-05 -2.93e-05  -5.22e-05* 3.92e-05 8.75e-05*** -3.84e-06 

 (3.70e-05) (4.50e-05) (7.61e-05) (4.81e-05)  (2.93e-05) (3.80e-05) (3.10e-05) (2.38e-05) 

Share Holding  0.000561 -0.000746 -0.000844 0.000949*  -0.000115 0.000221 3.79e-05 -0.000315** 

 (0.000446) (0.000619) (0.000531) (0.000519)  (0.000252) (0.000210) (0.000213) (0.000151) 

Number of CEO  0.00396** -0.00331* -0.00359* 0.00457***  0.00193* -0.000952 -0.00218 0.00174 

 (0.00178) (0.00199) (0.00195) (0.00142)  (0.00105) (0.00142) (0.00134) (0.00116) 

Total Cash Compensation  -0.0450*** 0.0197*** 0.0495*** -0.0223***  -0.0471*** 0.0179*** 0.0527*** -0.0176*** 

 (0.00592) (0.00534) (0.00686) (0.00548)  (0.00355) (0.00445) (0.00334) (0.00354) 

Constant 1.274*** -0.283*** -0.186*** 0.175***  0.413*** 0.777*** -0.400*** 0.162*** 

 (0.0423) (0.0537) (0.0550) (0.0505)  (0.0336) (0.0374) (0.0384) (0.0290) 

Observations 26,007 26,707 26,707 26,007  100,620 103,194 103,194 100,620 

R-squared 0.0778 0.0390 0.0422 0.0552   0.0512 0.0261 0.0283 0.0416 

Month FE Yes Yes Yes Yes  Yes Yes Yes Yes 

Area FE Yes Yes Yes Yes  Yes Yes Yes Yes 

Industry FE  Yes Yes Yes Yes  Yes Yes Yes Yes 
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Table 2.6. Regression Analysis of Insider Trading Profits, High vs. Low State-level Individual Charitable Contributions, All Insiders 

This table reports OLS regressions of insider trades' profitability on Best Performed Area dummy and Poorly-Performed Firm dummy from 1995 to 2013. 

Local Star firms are defined as firms with the rate of change in MC between t-13 month and t-1 month greater than 50% in an area each month. Best 

Performed Area is a dummy which equals one if a firm is located in the Best Performed Areas in which the MC fractions are the largest in each month.  

Poorly-Performed Firm is a dummy variable which equals 1 if a firm's change in Market cap is negative from previous-12 month.   Returns yield from 

trades made by insiders are measure as the DGTW excess return in the month following the trading. Star firms are excluded from the sample. State level 

charitable giving is measured as the quartile of the state's "average charitable contribution per return as a percentage of adjusted gross income per return 

". This measure is obtained from Urban Institute. Month FE, Industry (ff48), and Area FE are included. Standard errors are clustered at the area level. 

Robust standard errors in parentheses. ***, **, and * represent significance at the 1%, 5% and 10% levels, respectively. 

  Sell   Purchase 

  

Full Sample   

Low 

Charitable 

Contribution 

States  

 

High 

Charitable 

Contribution 

States   

Full 

Sample  
 

Low Charitable 

Contribution 

States  

 
High Charitable 

Contribution 

States  

Best Performed Area 0.175  0.163  0.282  -0.113  0.252  -0.316 

 (0.165)  (0.267)  (0.225)  (0.301)  (0.430)  (0.449) 

Poorly-Performed Firm -0.540***  -0.453***  -0.560***  -0.224  0.0710  -0.671** 

 (0.0958)  (0.121)  (0.150)  (0.145)  (0.232)  (0.262) 

Poorly-Performed Firm*Best 

Performed Areas -0.621**  -0.970**  -0.247  0.941**  1.108*  0.589 

 (0.288)  (0.429)  (0.411)  (0.401)  (0.618)  (0.491) 

Constant 7.582  -1.726*  2.334  2.129  4.462  -2.094 

 (7.166)  (0.901)  (2.066)  (9.425)  (2.890)  (3.434) 

            
Observations 159,694  73,316  71,178  79,242  33,954  33,652 

R-squared 0.02441   0.03046   0.03570   0.02167   0.03490   0.02856 

Month FE Yes  Yes  Yes  Yes  Yes  Yes 

Area FE Yes  Yes  Yes  Yes  Yes  Yes 

Industry FE  Yes  Yes  Yes  Yes  Yes  Yes 
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Table 2.7. Regression Analysis of Insider Trading Profits, High vs. Low State-level Individual Charitable   

Contributions, CEOs 
This table reports OLS regressions of insider trades' profitability on Best Performed Area dummy and Poorly-

Performed Firm dummy from 1995 to 2013 Following Daniel, Grinblatt, Titman, and Wermers (1997), the abnormal 

returns (DGTW Excess Ret, expressed in percentage) are calculated as the excess of a firm’s one-month total return 

relative to the return on a portfolio of firms formed similar in size, market-to-book, and recent return momentum.  

For each fiscal year, CBSA areas are ranked based on the standard deviation of local CEOs' residual pay, based on 

their total compensation.  Top Pay-disparity Area is a dummy variable equals one if the area ranks at the top quintile 

of the residual pay standard deviation.  Underpaid CEO dummy equals one if a CEO's total compensation is below 

the mean or median of local CEOs' residual pay in the previous fiscal year.  Age is the age of CEO. Tenure is the 

number of month of he/she holds the position. Stock holding is logged number of shares held by CEO. Total cash 

compensation is the dollar amount of salary and bonus. All explanatory variables are lagged by one fiscal year. State 

level charitable giving is measured as the quartile of the state's "average charitable contribution per return as a 

percentage of adjusted gross income per return ". This measure is obtained from Urban Institute. Month FE, Industry 

(ff48), and Area FE are included. Standard errors are clustered at the area level. Robust standard errors in 

parentheses. ***, **, and * represent significance at the 1%, 5% and 10% levels, respectively. 
 

  Sell   Purchase 

  

Low 

Charitable 

Contribution 

States  

High Charitable 

Contribution 

States  
  

Low Charitable 

Contribution 

States  

High Charitable 

Contribution 

States  

Underpaid CEO  0.339 0.756*  -1.007 1.042 

 (0.439) (0.392)  (1.001) (0.957) 

Top Pay-disparity Area  0.170 -0.00666  0.741 0.663 

 (0.553) (0.483)  (1.022) (0.903) 

Underpaid CEO *Top Pay-

disparity Area  -3.252*** -2.522***  0.178 -5.712** 

 (1.084) (0.709)  (1.707) (2.581) 

Age  -0.0236 0.00355  -0.0149 -0.106* 

 (0.0291) (0.0246)  (0.0642) (0.0625) 

Tenure  -0.000881 0.00333**  0.00134 0.00231 

 (0.00174) (0.00129)  (0.00496) (0.00475) 

Share Holding  0.123 -0.0496  0.227 0.337 

 (0.0844) (0.0900)  (0.192) (0.256) 

Number of CEO  -0.0411** 0.0427***  -0.0420 -0.0776** 

 (0.0169) (0.0156)  (0.0660) (0.0360) 

Total Cash Compensation  -0.332 0.278*  0.209 -0.306 

 (0.235) (0.163)  (0.442) (0.706) 

Constant 1.568 12.81***  -7.029 24.46*** 

 (2.285) (1.764)  (7.450) (7.458) 

      
Observations 4,905 5,014  2,085 1,817 

R-squared 0.0985 0.0898  0.1721 0.1993 

Month FE Yes Yes  Yes Yes 

Area FE Yes Yes  Yes Yes 

Industry FE  Yes Yes   Yes Yes 
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CONCLUSION 

 

 This dissertation provides evidence that behavioral traits impact corporate executives’ 

moral decisions. Literature in behavioral ethics suggests that if we can understand the factors that 

affect whether individuals behave ethically, we can possibly nudge people toward better 

behavior. In chapter 1 we show that corporate insiders response to social wrong-doings of others 

by acting more honestly in their own behalves. Specifically, we show that executives are less 

likely to sell their stock based on their information advantage after the revelations of local 

political scandals. Our finding confirms the conclusions drawn from the experimental work by 

Mazar et al. (2008) and Gino et al. (2009), who propose that individuals are less likely to cheat 

when dishonesty is more salient. Further, we show that the saliency effect is stronger if the 

insider has similar political view as the accused politician. In addition, we find the results varies 

with the local media coverage of a scandal, suggesting that larger exposure of dishonesty would 

help to curb future wrongful actions.   

 In chapter 2 we suggest that human emotion matters for the decisions made by business 

executives that lead to financial misconduct. In particular, we show that corporate insiders would 

have a higher propensity to engage in unethical behavioral when they are experiencing envy. We 

present that social comparisons among local peers would direct executives to envy and thus 

promote corporate misbehavior. We find that executives who either underperformed or 

underpaid appear to execute more informed stock sales. Additionally, this effect is stronger in
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locations where household give less to charities, which suggests higher level of greed on 

average. 
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